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Abstract

The impact of individual motivation profile on job crafting behaviours over time:

A four wave, withinperson study among legkilled workers

Sarah Farrell

The present studyroposes that motives for working, and more specificie simultaneous
experience of multiplevork motives within an individuahave the potential to prediptoactive
behaviours at work. EBxamineghis proposition amonkpw-skilled workersidentifying ther
individual motivation profile based on formsotivational regulation within SelDetermination
theory, and thesubsequentroactivebehavioural enactment of this motivatiover time
operationalized asxpansive and restrictiyeb crafting First, it presenta new classification model
for naturaly-occurringmotivation profiles, applyingatent profile analysis to identifyheseprofiles
among 992 lowskilled workers and building on similar reseavathin heterogeneous working
populdions. Four motivation profiles emergdtbm the populationinc | udi ng 6écoredé pr of |
in heterogeneous popul adispedfioprdfiles&aecahd, & madel goip her al 6 o
craftingover timeis presentedntegratingSelf-Determination theory, the Job DemasRRissource
model, Conservation of Reswes theory and Broad@md Build theory of podive emotion.
Hypotheses from the temporal model of job crafangtested using latent growth modelling over 4
waves. As hypothesized, at variable level, trajectories of expansive crafting were contirhileus,
those of restrictive crafting were ngontinuous, ancelels and trajectories of crafting varied
significantly by motivation profile. gecific hypothesesegarding craftindpy motivation profile were
alsolargely supportedrindings revealed thaté lowest levels of expansive crafting occur among
Amotivation Dominant/Balanced Lagwofiles,and thataslevels of expansive job crafting increase
too do levels ohutonomous motivation in a given profile. In addition, continuous trajectories of
exparsive crafting only occur among individuals with a balance of autonomous and controlled
motivation in their profilesBalancedprofiles), while restrictive job crafting is always roantinuous
regardlessf profile. Contributions to theory are discusseang with implications for practice and

future research.
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Chapter 1 Introduction and Overview

CHAPTER 1

Introduction and Overview

1.1. Introduction

1.2. Research Significance

1.3. Research Aims and Contributions
1.4. Research Propositions and Hypotheses

1.5. Thesis Structure and Outline

1.6. Conclusion

1.1.Introduction

Which behaviours at work impact individual and organizational outcomes and what drives these
behaviours? This enquiry speaks to the very heantgznizational psychology research. Examining
motives for action and, indeed, how specific motives predict specific actions, can enhance our
understanding of individual and organizational outcomes of behaviour at work, particularly where
relationships b&teen behaviours and outcomes are not as expected. For example, the proactive work
behaviour of job crafting can lead to positive individual and organizational outcomes but not always
(Rudolph, Katz, Lavigne, & Zacher, 201The current research examinesvmnaturally occurring
motivation profiles in a lovskilled working population predict specific forms and levels of job
crafting. By examining the motives behind this behaviour, this research aims to providesingight
why outcomes may not always be pigs. In addition, this study takes account of the fact that work
does not occur at a single point in time but over time andthassectionakepresentations may not
reveal the full nature of these relationships. Therefore this research goes éuekemine patterns
within types of job crafting (e.g. expansive or riesitve) over time and how thexary as a function of

the motivation profile of an individual.

Thus, thepresent studhas three goals. The first is to examine naturally occurring motk/ation

profiles within a lowskilled blue collar population, adding to a new but developing area of research
on core and peripheral motivation profiles based on[3etérminaion theory. In doing so, this study
proposes and tests the utility of a neassification model for these profiles. The second goal is to
posit and test a theory of the impact of time on job crafting activities, based on the integration of job
crafting theoriegTims & Bakker, 2010; Wrzesniewski & Dutton, 2004ith specific teets of the

2



Chapter 1 Introduction and Overview

Job Demand®&esources adel(Demerouti, Bakker, Nachreiner, & Schaufeli, 2Q(8&If

Determination theoryGagné et al., 2015; Ryan & Deci, 201ByoaderandBuild theory of positive
emotiong(Fredrickson, 2001)and Conservation of Resourchedry(Hobfoll, 2001) The third and

final goal is to extend that new theorizing by proposing and testing a role for motivation profile as a

predictor of the level and trajectory of job crafting activities over time.

This introductory chapter begins byghlighting the importance and relevance of two organizational
research domains which are centratis study work motivation and proactive work behaviours.

The former is preented from the perspective d@lfSDetermination theory, and the latter is
opemtionalised as job crafting. It will emphasize the importance of studying these areas among low
skilled workers, given that these workers currently make up more than 80% of the global workforce.
It highlights existing theory and research that contributautaunderstanding of these topics and a
number of limitations associated with both. It proceeds to explore these limitations, highlighting
specific gaps in our understanding of job crafting and work motivation which the current research
seeks to addresghese contributions include generating new knowledge about propositions which
have been made in |iterature and not yet-tested
skilled workers, the extent to which motivation predicts job crafting, lamgtoposition that job

crafting is dynamic over time. They also include contributions to significant theoretical gaps with new
theorizing about how various forms of job crafting activities might change over time, and the ways in
which motivation might praict patterns of job craftinglong withrelated testing of thitheorizing
amongthe studypopulation The chapter proceeds to present the specific propositions and hypotheses
that this research seeks to test. The final section of the chapter probiiEfsozerview of the

structure of this thesis document, chapter by chapter.

1.2.Research nificance

This section opens by emphasizing the importance of conducting studies amesigjlEdwvorkers

who make up more than 80% of the global workforce buttless 10% of industriabrganization
psychology research sampl@ergman & Jean, 2016; Griggs et al., 201Bhighlights the

importance of the fields of work motivation and proactive work behaviours as central fields within
organizational resear¢Kanfer, Frese, & Johnson, 2017; Tornau & Frese, 201.B)iefly outlines
previous theory and research within these fields including rich insights into the role of work
motivation in individual and organizational outconfegy. Van den Broeck, Ferris, ChadgRosen,
2016)and the importance of proactive work behaviours at all levels of the organization to enhance
organizational outcomes including performafeg. Rudolph et al., 2017; Tornau & Frese, 201t3)
highlights a number of recent developments gopbatunities within and across these research

domains and their suitability for further examination amongstilled workers.
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Recent analyses in the field of industgatjanizational psychology research have revealed that

samples consistently under repent lowskilled workergBergman & Jean, 2016Jhe most recent

figures from the Industrial Labour Organization confirm that-kkiled workers make up 80.7% of

the global workforce, representing a total figure of over 2.6 billion pdboglernationalLabour

Organisation, 2018However, in an examination of research published in five top tier journals over a
two year period, just 7% focussed onskilled or lowskilled workergBergman & Jean, 2016;

Griggs et al., 2016)This underrepresentation riskssrepresenting the experience of work to such an
extent that common findings in the literature may in fact be uncommon among the workforce as a
whole(Bergman & Jean, 201@nd thereby reduce the utility of findings for practitioners. In order to
addresshis issue, it is recommended thdD Ipsychology researchers engage in replication studies
among lowskilled worker groups to ensure we build our knowledge of constructs, and relationships
betwea them for the workforce as a whol®ergman & Jean, 2016n consideration of the focal

areas of th@resent studyit is important to investigate how the internal experience of work

motivation, the reported behaviour of job crafting and the nature of the relationship between these two
constructs occurs for lowkilled workers. For exampléhe unique characteristics of leskilled work

may not always contribute to the satisfaction of basic needs for competence and even autonomy to the
same extent as hiegkilled work, thus these worker groups may experienderdiit levels of

autonomous and controlled motivation, leading to unique motivation profiles and in turn to specific

patterns of job crafting. These focal areas are explored in more detail in the rest of this section.

Work motivation is an internal psycloglical experience that reflects how we socially construct and
perceive work, and therefore how we direct our energy toward behaviour in work settings.
Psychologists have sought to identify and understand this experience for well over a(E@mtcingr,

1990); indeed it is a central objective of the discipline. This effort has yielded a rich field of
motivational theory including needs based thedgeg. Maslow, 1943Xheories of individual
differenceqe.g. Barrick, Mount, & Li, 2012)contextbased theries(e.g. Hackman & Oldham,

1976)and goal setting theories (elgncke & Latham, 1990)Among theseSelf-Determination
theory(SDT; Deci, Connell, & Ryan, 1989; Ryan & Deci, 2013 particularly comprehensive
needsbased theory which, takes the demadic view that all individuals have the same level of basic
needs for competence, autonomy and relatedness to be satisfied across life domains, highlights the
role of the social context in satisfying these needs, and emphasizes individual differeacssiity
orientation and the role of goal contents in influencing motivational experiences. It proposes different
forms of motivation which can be experienced¢astrolledwi t h a senseasof Ohaving
autonomousvith a sense of volition, the expanee of which is predicted by the extent to which basic

needs are satisfied in the domain.
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SDT has been widely applied and validated in the work domain with the satisfaction of basic needs
and the experience of autonomous motivation demonstrating pasititi®nships with positive
individual and organizational outcom@yan & Deci, 2017; Van den Broeck et al., 2016)
Neverthelessa central tenatf SDT, that all forms of motivational regulation can be experienced
simultaneously by an individual withesingle domain, has only recently begun to be tedtettie
identification of naturally occurring motivation profiles which vary in both the quantity and quality of
motivationalregulation(Howard, Gagné, Morin, & Van den Broeck, 201Bhis persorcented

approach is grountdreaking in the field in that it allows for the exploration of this core tenet of SDT
It enablegesearchert gain much needed insigimto how forms of motivational regulationteract

to affect outcomes within specific workinggdations, such as loskilled workersA further
researclopportunity presents itself in the fact that, while the individual and organization outcomes of
motivational regulation have been weftablished, an examination of proximal behavioural
enactmentsesulting from motivation regulation as conceptualised within SDT, and by extension,
motivation profiles, is almost entirely absent from studies in the fizéddCooman, Stynen, Van den
Broeck, Sels, & De Witte, 2013)

Proactive work behaviour is potedty a powerful example of a proximal behavioural enactment of
motivational experiences. Job descriptions would have to be very detailed, and managers omnipresent,
to guide and direct all work behaviours. Therefore it has long been recognized that tioyeniely

on proactive work behaviours to meet goals, to solve problems and to déxgldgatz & Kahn,

1966) This is most intuitively the case in dynamic working environments, cutting edge industries, and
jobs that are heavily dependent on the uggeafonal initiativeYet, it is also the case in stable and

routine working environments, due to the changing nature of working teams, the inevitability of
unforeseen problems, the fast pace of technologicgbrartdictionbased change, and the changing

needs and demands of custom@arker, Bindl, & Strauss, 2010hdeed, proactive work behaviours

in a range of working contexts have been found to be associated with positive performance outcomes
(Fuller & Marler, 2009) Because of the inherent role foetbelf in driving these proactive

behaviours, research in this area holds great promise in revealing how the motivation profile of an
individual can impact their behaviours at work, particularly over time, and responds to recent calls for

studies on motiv#on and proactivitfKanfer et al., 2017)

Job crafting is a specific type of proactive work behaviour where individuals deliberately alter the
design of their jobs to create mean{ifgrzesniewski & Dutton, 2001Job crafting activities that
increase reources, demands, or expand the task, relationalgoitoe boundaries of a job have been
describech s fie x pansi (Wrzegniewski & Dutton,t200¥p.dl85. Converselythosethat
decrease demands or restrict the task, relational or cognitivedhries of a joban be described as

Airestri ct i.vAd craftingacticitiesaotcudmangdifferenttypes and ranks of workers

5
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(Berg, Wrzesniewski, & Dutton, 2010; Nielsen & Abildgaard, 2012; Tims, Bakker, & Derks,.2012)
Job crafting represgs a unique form of proactive work behaviour in that it involves the employee
making proactive changes to the design of their jobs to meet their needs across all domains of their
lives (Wrzesniewski & Dutton, 2001)his stands opposed atternative forrs of proactivevork
behaviour such as organizational citizenship behaviour vaiiealysmeet organizational needs. As
such, job crafting does not consistently demonstrate relationships with positive organizational
outcomegRudolph et al., 2017)

Job créting is particularly interesting to examine in the context of SDT for two reasons. Firstly, job
crafting reflects selfiriven attempts by employees to satisfy their own needs rather than those of the
organisatior(Wrzesniewski & Dutton, 2001) and as swtigns with the SDT view of the satisfaction

of basic needs as primary drivers of behavi@eacondly, job crafting has been conceptualised as how
individuals adjust the resources and demands of the{iTjofis & Bakker, 2010)providing a link to

the coneptualisation of motivation as the internal regulation of behaviour relating to external
demands as outlined in SDT. Finally, both areas lend themselves well to studies amsekitjddw
workers. Within SDT, the need to satidfgsic neeslexists at the sme level for all individuals and

the experience of different forms of motivation regulation has been well demonstrated among all
types of workers, albeit not yet simultaneous$tpward et al., 2016; Ryan & Deci, 201Within job
crafting research, craftinbehaviours have been found to occur all levels of the organiZetmn

Berg et al., 2010; McClelland, Leach, Clegg, & McGowan, 2014; Nielsen & Abildgaard, B0t12)
examinations of lowskilled workers have been minimal and recently called for by leadehe field
(Bakker & Oerlemans, 2018Moreover, both fields place an emphasis on the importance of enabling
a positive worker experience and providing opportunities for individuals to grow and flourish at work
(Ryan & Deci, 2017; Wrzesniewski & DuttpB001; Wrzesniewski, Lobuglio, Dutton, & Berg,

2013) This isparticularly important among this cohort of workers who consistently demonstrate
lower job satisfaction and wellbeing than their hiitilled, professional or management counterparts
(Bergman &Jean, 2016; Griggs et al., 201Blu, Kaplan, & Dalal, 2010; Nielsen & Abildgaard,

2012)

1.3.Research Aims and ©ntribution

The following section draws on the research developments and opportunities highlighted above to
outlinethe specific gaps in our undgtanding of job crafting and work motivation which the current

research seeks to address by listing the five main contributions it aims to make. These contributions
include generating new knowledge about propositions which have been made in literahotyatd
tested including, the e-gollasdngronment, toefexténctowhiend pr of i |
motivation predicts job crafting, and the proposition that job crafting is dynamic over time. They also

include contributions to significant thetiel gaps with new theorizing about how various forms of
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job crafting activities might change over time, the ways in which motivation might predict various

forms of job crafting, and related testing of this theorizing in the study population.

1.3.1A comprehensve classification model for motivation profiles

If researchers are to meaningfully compare and contrast naturally occurring motivation profiles across
study populations, and across different worker cohorts, a consistent method for classifying and
namingprofiles is essential. Research is in its early days, but the number and granularity of
classifications of motivation profiles already varies considerably along with the nomenclature applied
to those profiles making crossudy comparisons challengifg.g Graves, Cullen, Lester, Ruderman,

& Gentry, 2015; Howard, Gagné, Morin, & Van den Broeck, 2016; Valero & Hirschi, 2016;
Vansteenkiste, Sierens, Soenens, Luyckx, & Lens, 200@) current research presents an a posteriori
classification model that aime tectify this situation. It is developed in consideration of the core
characteristics of forms of motivational regulation within SE&yan & Deci, 2017py synthesizing

the defining characteristics of profiles that have emerged to date in motivatida meéarch. It is

then validated via an examination of the antecedents and outcomes of proposed classifications from

the research to date.

1.3.2An examination of motivation profiles among lowskilled workers

Low-skilled workers can perceive themselves as wvadiged and are certainly undersearched in

the field of FO psychologyBergman & Jean, 2016; Quinn, 2018Jthough motivation profiles have

not been examined among this specific worker cohort, research in SDT has found that interventions
can supporthe internalization of motivational regulation within organizational setiiDgsi et al.,

1989; Hardré & Reeve, 2009; Stone, Deci, & Ryan, 2088)such, with knowledge of existing

profiles among lowskilled workers, motivational interventions have tloégmtial to improve their
experiences of work. To this end, the current research asks what motivation profiles arise among these
workers. Are they reflective of previously identifiédc oproélés? Or do they differ? If they differ

how and why might thaie? To answer these questidhg study examines naturally occurring

motivation profiles based on SDT, in a sample of 9924&illed workers based in the UK using

latent profile analysis, replicating studies within heterogeneous samples conduki@ddary,

Gagné, Morin and Van den Broeck (2016) I t i dent i f i-dependemt prafilestbasadn d c on't
on the proposed classification model outline above and explores reasons for why these profiles, and

not others in the proposed classification model, irégise.

1.3.3Presenting and testing a theory of job crafting and time

Job crafting was originally conceptualised as a dynatiiwity thatchanges over time and in

response to individual needs and the environr\&inzesniewski & Dutton, 2001 his dynamisnis

reflective of the underpinning philosophical perspective within job crafting theory that the experience
7
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of a job is subjective and the job itself, a fluid social construct. However, the ways in which job
crafting changes over time have not yet been éxegnIndeed, beyond the initial statement of its
dynamism(Wrzesniewski & Dutton, 2001}here has been no theorizing about exactly how and why
job crafting activities might change over time. The current research presents an integrated temporal
model of pb crafting drawing on the Job DemarRissources modéDemerouti et al., 2001)
Conservation of Resourcdsebry(Hobfoll, 2001) Broaden and Build theory of positive emotions
(Fredrickson, 2001and SekDetermination theoryRyan & Deci, 2017)In doingso, ithypothesize

how and why different forms of job crafting (expansive and restrictive) demonstrate unique patterns
of change over time. It then applies univariate seaddr factor latent growth modelling over four

waves of data to tetiesenypotheses.

1.3.4The role of motivation profiles in levels of job crafting

The role of motivational orientation in job crafting activity was proposed some years ago
(Wrzesniewski & Dutton, 2001)ut has never been directly tested. It is of particular intereswéor t
reasons. Firstly, motivational orientation is proposed to impact not just levels of job crafting activities
but the scope and expansiveness of these activities, and we can infer, their impact on the organization.
By examining expansive and restrictiverhs of job crafting as conceptualised within theRIbased
model of job craftindTims & Bakker, 2010; Tims et al., 2012his study aims to reveal how

motivation impacts not just quantity of job crafting but also the quality or form of job crafting.
Secondly, motivation theory and research has developed far beyond the H&ximgisic distinction

of forms of motivation proposed to impact job crafting in 2QRanfer et al., 2017; Wrzesniewski &
Dutton, 2001) Updating this proposition, by applyind$ (Ryan & Deci, 2017)and more

specifically, the simultaneous experience of multiple forms of motivational regulation captured within
motivation profile§Howard et al., 2016s well as the inclusion of amotivation as a form of
motivational regulatiofiGagné et al., 2015; Howard et al., 2Qi@pvides a much more nuanced
understanding of this proposed antecedent of job craftingpfEsent studynakesand tests specific
hypotheses about the relationships between motivation profile and levels andffgimsrafting by

applying latent profile analysis with auxiliary variables.

1.3.5The role of motivation profiles in job crafting over time

Finally, experienced autonomous motivation has repeatedly been found to positively impact
persistence in a range of iaies over time(Deci & Ryan, 2008a)This finding has never been
examined in the context of job crafting activities. This study draws further upon propositions and
findings of SDT to explain how and why different forms of job crafting might vary oveetas a

function of motivation profiles, predicting specific impacts on the trajectory of job crafting associated
within each conceptually distinct set of motivation profiles outlined in the proposed classification

model described above. The resulting hixgses are tested by an examination of means at each time
8
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point by profile over four waves and the application of latent growth modelling by profile{multi

group and BCH approach).

1.4.Research Popositions andHypotheses

Based on the above, a numlo¢ propaitions and hypothesgsit forth and tested among a population
of 992 lowskilled workers over four waves of data collection in a 9 month period are outlined in this

4 N

Job Crafting by Motivation Profile
' « P1: Core profiles * Expansive Job Crafting levels and trajectories

SRR = H4: Variance by motivation profile
£ L chial roﬁley * H5: Within Amotivation/Balanced Low profiles
= H6: Within Controlled Dominant porifles
= H7: Within Balanced Moderate/High profiles

= H8: Within Autonomous Dominant profiles

section.

Motivation Profiles

—_—
* Restrictive Job Crafting levels and trajectories

) ) * H9: Variance by motivation profile
Job Crafting Trajectories * H10: Within Amotivation/Balanced Low profiles
‘  H1: Expansive job crafting = H11: Within Controlled Dominant porifles

= H2: Restrictive job crafting = H12: Within Balanced Moderate/High profiles
* H3: Person-level variance = H13: Within Autonomous Dominant profiles

\ 4

Figure 1-A Overview of Study Propositionsdhlypotheses

1.4.1Propositions regarding naturally-occurring motivation profiles

The two propositions in this study are presented as alternatives to formal hypotheses given the

exploratory nature of the process of identifyingnaturally-occurring motivatiorprofiles

Based on profiles that consistently arise in studies of naturally occurring motivation, it is proposed
that:

Propositon 1: Two fAcor e pr o fAmbtigasiohh DomindndndBalemeed dligh:

Based on the lowgkilled nature of the work andetlstructured, highly engineered nature of the

working environment in the study sample, it is proposed that:

Proposition 2: One or moreéControlled Dominantnotivation profile will be present.
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1.4.2Hypotheses

Thescope of this research resuttsa significant nmber of formal hypotheses. For claritiiese are
grouped under the following three headings: job crafting, time and variance across individuals;

motivation profiles and expansive job crafting; and motivation profiles and restrictive job crafting.

1.4.2.1. Job crafting, time and variance across individuals

The following hypotheses regarding the levels and trajectories in different forms of job drafting
expansive and restrictivieover time and the variance in levels and trajectories across individuals are

tested

Hypothesisl: The trajectories of all forms of expansive job crafting a) reflect a continuous

positive trend over time and b) are therefore aligned with each other

Hypothesis2: The trajectory of the restrictive job crafting act of decreasing hindeying |
demands a) reflects a neontinuous trajectory over time and b) therefore, differs from

trajectories of expansive job crafting

Hypothesis3: a) Levels and b) trajectories of all forms of job crafting vary significantly

across individuals.

1.4.2.2. Motivation profiles and expansive job crafting

For expansive job crafting, the hypotheses regarding motivation profiles are as follows:

Hypothesis4: Levels (a) and trajectories (b) of expansive forms of job crafting vary by

motivation profile

More specifically, regrding the nature of variation in levels and trajectories in expansive job crafting

within motivation profiles:
Hypothesis5: Amotivation Dominant/Balanced Lqgwofiles will demonstrate
a) Thelowest starting levels of expansive crafting among all matwagtrofiles
b) in a negatie continuoudrajectory over time.

Hypothesis6: Controlled Dominantnotivation profiles will demonstrate

a) higher starting levels of expansive crafting tAamotivation Dominant/Balanced
Low profiles and lower levels thaBalanced Moderate/High or Autonomous

Dominantmotivation profiles
b) in a noAcontinuous trajectory over time.

Hypothesis7: BalancedModerate/High)motivation profiles will demonstrate
10
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a) higher levels of expansive crafting thlamotivation Dominant/8lanced Lowand
Controlled Dominantotivation profiles and lower levels thamtonomous
Dominantmotivation profiles

b) in a flat/positive linear trajctory over time.
Hypothesis8: Autonomous Dominamhotivation profiles will demonstrate
a) the highest levels of expansive crafting among all motivation profiles
b) in a positivecontinuoudrajectory over time.
1.4.2.3. Motivation profiles and restrictive job crafting
For restrictive job crafting, the hypotheses regarding motivation profiles are as follows:

Hypothesis9: Levels (a) and trajectories (b) of restrictive forms of job crafting vary by
motivation profile

Regarding the nature of variation in levels and trajectories in restrictive job crafting within motivation
profiles:

Hypothesis10: Amotivation minant/Balanced Lowroups will demonstrate
a) the highest levels of restrictive crafting among all motivation profiles
b) in a noAcontinuous trajectory over time.

Hypothesis11: Controlled Dominanmotivation profiles will demonstrate

a) lower levelof restrictive crafting thakmotivation Dominant/Balanced Low
profiles and higher levels thddalanced (Moderate/Highor Autonomous Dominant

motivation profiles
b) in a noRcontinuous trajeciry over time.

Hypothesis12: Balanced (Moderate/Higimotivation profiles will demonstrate
a) the lowest levels of restrictive crafting among all motivation profiles
b) in a noAcontinuous trajectory over time.

Hypothesis13: Autonomous Dominambotivation profiles will demonstrate

a) lower levels of restrictiverafting thanAmotivation Dominant/Balanced Laand
Controlled Dominantnotivation profiles and higher levels thBalanced

(Moderate/Highh motivation profiles

11
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b) in a norcontinuous trajectory over time.

1.5.Thesis Structure and Qutline

Thisfinal sectionoutlines the structure of the thesis, providing a brief summary of the contents and

aims of each chapter.

Chapter 2 aims to provide a comprehensive, critical literature revi@glbbetermination theory

(SDT) to justify its selection as a focal theofithis research, with a particular focus on its

application to the work domaiit. aims to provide background information in support of the

integrated temporal model of job crafting presented in @naand related hypotheses regarding
motivation and legls and trajectories of job crafting. Finally, it highlights recent developments in
motivation profile research, and outlinée trelevant theory and reseatotsupport a new

classification model of motivation profiles, the investigation of naturally mecaumotivation profiles
among lowskilled workers, and the specific propositions regarding these profiles which are presented
at the end of the chapter.

Chapter 3 provides detailed review of job crafting theory and -aesional research findings wigh
particular focus on links demonstrated between job crafting and variables linked to work motivation.
Appl yi n@o08rassification of longitudinal research, it critically examines the quality of

longitudinal research in the job crafting literatwand highlights gaps in both theory and research.

Key tenets ofour distinct theories, SD{Ryan & Deci, 2017)JD-R Model(Demerouti et al., 2001)

COR TheoryHobfoll, 2001)and Broaden and build theory of positiviisredrickson, 2001 )are

integratel in Chapter 4 téorm a temporal model of job craftingjith specific hypotheses relating to

how expansive and restrictive job crafting demonstrate different levels and trajectories over time and
vary across individualg.heory isthenpresentedelatingto individual differencedased on

motivation profile groupn levels andrajecbries of job crafting over time\ set of related

hypotheses are specified, with those relating to expansive and restrictive job crafting presented
separately. An explanatiaf the research design within which these hypotheses will tedltistlows

in Chapter 5

Within Chaptels, the research design is presented to explore the propositidhgpothesesf the

study This chapter provides an overview of the philosophicatagh to the current research and its
related methodological implications along with key design considerations including those relating to
longitudinal design. Participants and procedures, measures used and their reliability, response rates
and data prepation and screening stepse described. The data analysis strategy and related

considerations are summarizeeinding a full descripn of steps taken in Chapter 6
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Chapter Gxpands on the data analystrategy outlined in Chapteiby presenting detadt

descriptions of the data analysis tools appliedh@study and practices related to their application.

This study involved an extensive range of analyskes@& are groupéd six overarching phases,

some of which includa series of steps. The firghase involves the application of confirmatory factor
analysis and a presentation and review of the descriptive statistics and correlational analyses of the
variables in this study. The second phase presents latent profile analyses to identify naturally
occurring motivation profiles among the study population and related multintygiatic regression

for demographic variables. The third phase presents a longitudinal analysis utilising univariate latent
growth modelling to test hypotheses relating to éwels and trajectories of job crafting over time,
including measurement invariance testifighe fourth, fifth and sixtphases oénalysis present the
results of three sets of analyses to test hypotheses relating to the impact of motivation profiles on jo
crafting: multi-group firstorder factor latent growth modellifgGM); latent profile analysis with

distal outcomes using 3 step methodMplus anda review of growth parameters frdirst-order
factorLGM (multi-groupandthe BCH approaghThe resus outlined in this chapter and their
implications for theory, research and practicediseussed in detail in Chapter 7

The final chapter, Chapter resents a recap of the theoretical and empirical aims of this research,
the propositions explored atite hypotheses tested. It presents the findings, highlighting the
underpinning theoretical basis where propositions or hypotheses were supported and suggesting
possible explanations for a limited number of unexpected results. It describes implicattbesifpr
and research in the fields of SDT and job craftargl the potential for the practical application of
contributions including the classification model of motivation profiles, the temporal model of job
crafting and related results in organizatiosettings. It highlights the limitations of the research

design and suggests potential avenues for future research to explore.

1.6.Conclusion

This chapter providikan overviewof the current thesis. It openbg highlighting the significance of
theory and remarch in fields of work motivation and proactivity at work, and, more specifically, job
crafting. It emphasizkthe demonstrated importance and utility of findings in these research domains
for both organizational success and indi@twellbeing. It alsdighlightedthe relevance and

potential of knowledge in these areas to improve the working life oklaled workers, who make

up over 80% of the global workfor¢ternational Labour Organisation, 201)t are

underrepresented in industriaiganizatbnal pychology literature. It outlinethe contribution this

study makes by examining motivation profiles among as&ived worker population, replicating
existing research conducted among heterogeneous sgipleard et al., 2016Alongside this
contibution, this study presents a new classification model for motivation profiles which aims to aid

the comparison of motivation profiles across study samples and different worker cohorts. Significant
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contributions of the study include the presentation,tastihg of, a temporal model of job crafting,
addressing a longstanding gap in job crafting theory and research, and an integrative model of
motivation and job crafting which explains and tests how motivation profiles impact both levels and
trajectories brestrictive and expansive job crafting. The specific propositions and hypotheses of the
researchwere listed. Finally, an overview of the structure of the thesis, including titerttoand aims

of each chapter wasesented.

14



CHAPTER 2

SelftDetermination Theory and Motivation Profiles

2.1. Introduction

2.2. SECTION A: An Overview of Self-Determination Theory

Continuum of Relative
Autonomy

Theoretical Background Basic Psychological Needs Motivational Regulation

A 4

2.3. SECTION B: Self-Determination Theory at Work

Covariates of Work . A New Motivation Profile s
Motivation Motivation Profiles Classification Model Study Propositions

2.4. Conclusion

2.1.Introduction

Selfd et er mi nati on theory (SDT) -theamyofhbneee n descr i bec
moti vat i on o(Ddriy Ryah,200&baunm ¢hoars unt establ e fAgrand pe
motivation by othergKanfer et &, 2017) 't focusd4®d om tmoe i dreedDaont
action, thought and developmédbteci & Ryan, 2008b, 2008a; Gagné & Deci, 2005; Ryan &

Deci, 2006) The theory iswell s e d :-d éfitseerlmii nat i on t heoryo is refe
5000 articles on web of science and the top 5 articles have been cited more than 20000ttimes

has been applied in a wide range of domains, including headthWilliams, Grow, Freedman,

Ryan, & Deci, 1996¢ducation(e.g. Deci, Vallerand, Pelletier, & Ryan, 1199sport(e.qg.

White & Sheldon, 2014)parentinge.g. Bernier, Carlson, & Whipple, 201@gaming(e.g.

Lubans et al., 2013)nd of course, the world of work, the focal domain of this s{@hgné et

al., 2015; Van den Broeck et al., 2016)

It includes tle concepts of basic psychological needs, the satisfaction of which, through the
social environment, leads to varying levels and forms of motivational regulation. Forms of
motivational regulation vary in the degree to which they are intrinsic or extribditnsic

forms vary in the degree to which they are autonomous (i.e. where they sit on a continuum of
relative autonomy) and whether they have an internal or external perceived locus of causality.

LIFaSR 2y (1 Seo2RRIEASKANPKIRFY aGEEFNEE oceon@F Gl GA2Yy R
April 2018 (www.webofknowledge.com)
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SDT acts as an overarching theoretical framework fomam-theories: cognitive evaluation

theory explains how the social environment impacts intrinsic motivation; organismic integration
theory explains how motivation becomes internalized; basic psychological needs theory
explains how basic needs impact waing and vitality; causality orientations theory explains
how individual differences in orientations toward the social environment impact motivation;
goal contents theory explains how variation in goal contents relate to basic need satisfaction;
and, finaly, relationship motivation theory explains the role of needs for relatedness and
autonomy in interpersonal relationships and the internalization of motivation. With regard to its
relevance to organizations, SDT argues that its principles support thgodisbf profitability

and weltbeing by focussing on the concurrence of performance and wellbeing out@aces
Olafsen, & Ryan, 2017)

It is beyond to scope of this chapter to explore the full depths of this detailed -#eddaing
perspective on mation and its application to a wide range of domains. Instead the first
section provides a generic overview of the theory by outlining the position of SDT in the wider
landscape of motivational theory along with its key underpinning theoretical pridiple

explains basic psychological needs, forms of motivational regulation and the processes related

to them referring to the SDT mitieories only where relevant to the current research.

The second section explores the evidence supporting these tteda@ticepts and processes in
the work domain. It emphasizes findings relating to job design, effort and proactivity at work as
focal areas for thpresent studyhich examines job crafting as an outcome of motivation.
Specific gaps in SDT research relgtio job design and proactivity which theesent studwvill
address are outlined. Recent studies in the field involving motivation profiles are critically
reviewed. Motivation profiles are highly pertinent to the study of SDT as different forms of
motivation can not only be experienced simultaneously by an individual but also interact with
each other to lead to differing outcomes. Finally, a proposed classification model for motivation
profiles, as well as propositions relating to naturally occurring rabdin profiles in the low

skilled study population are presented.

2.2.SECTION A: An Overview of SeltDetermination Theory

This section provides an overview of s@dtermination theory. It begins by situating the theory
within the wider context of motivatiotiheory, and psychology at large. In particular, it

highlights that while a normative needs theory, SDT reflects the role of the environment and
individual differences; it describes how SDT conceives motivation as having both qualitative
and quantitative dnensions, with forms of motivation sitting along a continuum based on the
degree to which they are experienced as autonomous; and emphasizes the ways in which SDT

draws on a range of disciplines within and beyond psychology including psychoanalysis,
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develpment psychology, biology and evolutionary theory. The section progresses to identify
the principles underlying the theory including its philosophical and theoretical underpinnings of
vitalism, subjectivism and social embeddedness, the agentic natunaafsand a positive
psychology orientation. It describes the key concepts of SDT including basic psychological
needs of autonomy, comeaces and relatedness, formsraftivational regulation and how
cognitive evaluations of the social environment imparcintrinsic motivation. It concludes

with a description of the internalization of experienced motivation as outlined in the SBT mini

theory: organismic integration theory.

2.2.1Theoretical background and philosophical principles of SDT

Motivational psychologgeeks to identify the internal forces which, within social contexts,
move individuals to intentional behaviour. Theories of human motivation date back to the
beginning of the 20century, when the field of psychology was in its earliest stages with
theoiies of biologically based motivations such as instincts and drives developed by William
James and Sigmund Freud among otffeascher, 1990)These gave way to normative needs
based theorie@aslow, 1943; Murray et al., 1938hd theories which incorpoeat individual
differences in levels of nee@dackman & Oldham, 197®&/4cClelland, 1961)personality
differencegBarrick & Mount, 1991) different motivational or goal orientations (e.g.
approach/avoidand&anfer & Heggestad, 1997/jifferent promotion/gevention orientations
(Higgins, 1997)and different approaches to developing or demonstrating compéizneek,
1986; Nicholls, 1984)A number of theories emphasized context based factors in motivation,
often in work settings, such as task and job ataristics(Hackman & Oldham, 197&nd the
wider social context (e.§Vard, Lundberg, Ellis, & Berrett, 2010yet others developed
important theories of goal settilfigocke & Latham, 199Q)goal selectiorfAjzen, 1991; Vroom,
1964) goal striving and sélregulation processéBandura, 1986Bauer & Baumeister, 2011;
Carver & Scheier, 2001; Frese & Zapf, 1994; Kehr, 2004; Scholer & Higgins,.2011)

In this rich field, SekDetermination Theory (SDT) has been categorised as a normative needs
based theor{fKanfer et al., 2017n that it suggests theame basic needs exist &t

individuals to the same levéRyan & Deci, 2017)At the same timehis categorization belies a
more nuanced model of motivation whidescribes thenfluence of the environmeriteontext

on the process of internalizing external demands into autonomous forms of motivational
regulation, and on individual differences in causality orientation and goal contents. In addition,
SDT sits apart from other motivational theories that tafjeaditative perspective about type of
motivation such as promotion or prevention orientation within regulatory focus tt&cgler

& Higgins, 2011)or type of goal orientatiofVandeWalle & Cummings, 1997l is also

distinct from theories that focus time quantity of motivation experienced such as social
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learning theorfBandura, 1986and goaketting theoryLocke & Latham, 1990, 2002yhich

present motivation as unitary, varying only in amount or intensity. Finally, it is distinct from
theories suclas expectancy theofyroom, 1964)which suggest motivation has two

dimensions extrinsic motivation and intrinsic motivation which can be added to get a total level
of motivation. Instead, SDT considers both quar{otyintensity of motivation, and quély of
motivation, represented by various forms of motivational regulation, as important for individual
outcomes in all domain®an den Broeck, Lens, De Witte, & Van Coillie, 2018 assuming

that extrinsic forms of motivation sit on a continuum of tirekaautonomy, SDT draws on
McGregor's (1960fi Theory YO approach t dMasi@vnl@se ment . I nf |
Theory Y applies a hierarchical structure of needs (sustenance, safety, security, esteem, self
actualization) to the work setting. Here satftualization can be equated with autonomous
motivation and each level of the hierarchy can les s increasingly autonomousflecting an

early continuum structure.

SDT draws on a number of concepts and principles from psychology and other scientific
disdplines. From the psychoanalytic tradition, it includes a role for ego energy associated with
the need for competence and intrinsic motivatRnW. White, 1959)the concept of

introjection, and the importance of internalization and integration for irieedtth and

wellbeing (e.g(Freud, 1923) It is important to note that the maditeory focuses on the

internal experiences of the self rather than-seifcepts or identities themselves. It is these
internal experiences that can result in the intezatibn of regulations so that they are

integrated with the se{(Ryan & Deci, 2017)The macretheory adopts the biological principle
that all organisms have an innate drive toward complexity, development and integrated
functioning(Ryan & Deci, 2017)Humans have evolved to be curious, social and active beings
with propensities for intrinsic motivation, internalization and social integration to satisfying
innate needs for competence, autonomy and relatedness. The satisfaction of these needs is
conditional:it can be thwarted or supported by social conditions. This concept can be found in
many fields of psychology (developmental, psychoanalysis) and in wider evolutionary and
biological theoryMayr, 2004; Waller, 1998)

SDT presents a specific philosophipakspective on human nature. It assumes that individuals

are agentic and can act and have power over their environment. It also assumes that internalized
forms of motivation lead to positive outcomes for humans (wellbeing, health, happiness,

fulfilled potential) and to optimal human functioning allowing individuals to flourish. As a
normative needs theory, it posits that all individuals have the same basic needs to the same level
and therefore all have the same potential for thriving. It is humanistiatiit reflects our

potential for seHactualization through our unique human capacity forastirenesdyy being
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aware of our needs, values and the feeling of being autonomous or controlled. It is this capacity
that allows us to regulate our own behavid&SDT reflects emergentism and vitalism in its view
that humans cannot be not reduced to puppets controlled by their environment in the tradition of
behavioural psychology, nor to complex biological computers as in some fields of cognitive
science, nor@ain to a set of physical and chemical processes as viewed by reductionist
neuroscientistéRyan & Deci, 2017)Rather it focusses on the importance of the psychological:
the internal processes that explain our human experience of perception, emotiogration.

SDT situates individuals in their environment in stating that, while we engage in reflective
processes of setkegulation, these are strongly influenced by our social context. Indeed,
environmental conditions can be created that prompt thenalieation of motivational

regulation.Yet it isour perceptions of these social contertst,the contexts themselveshich

are the proximal drivers of behaviour. The theory acknowledges our biological and evolutionary
origins and boundaries in that @aognisesrinate organismic and humdrives from which we
cannot escape, and which prompt us to act in often predictable wayfiaSEerritiqued as

a cultually specific theory rooted iwestern individualist culturéDeci et al., 2017; Markus &
Kitayama, 19915and as such not universally applicable nor reflective of all human nature.
However subsequent research appears to invalidate this critthikkov, Ryan, Kim and

Kaplan (2003)n a study including South Korea, Russia, Turkey and US, founautiomomous
enactment of behaviours were psychologically healthier. Research in Bulgaria, which was still a
socialist economy at the time, with companies primarily under state control, compared state
employees with those of the capitalist US private seManager autonomy support predicted

basic needs being met which predicted engagement and wellbeing for both g8repies al.,

2001)

Finally, SDT is a positive psychology theory in seeking to promote humasbeial) across

multiple life domains inalding parenting, education, sport and exercise, health, working life

and in clinical settings. Its emphasis is on creating environments that support the satisfaction of
needs to promote the process of internalization of motivation required for optimat huma
functioning, weltbeing and performance and not on what is briefly mentioneelgasssive

transitiors; that is the process of becoming amotivated or demotivéis@n & Deci, 2017)

2.2.2The concepts of SDTBasic psychological ereds
SDT postulates thahére are three distinct basic psychological needs which all humans share:
autonomy, competence and relatedness. We act upon our environment to satisfy these needs.
While these needs do not reflect all human needs (e.g. need for justiKanseeet al.2017)
they are described with SDT as the primary drivers of motivational regulation and behavioural

enactmen{Ryan & Deci, 2017)The degree to which they are satisfied by the environment
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leads to varying forms and levels of motivational regulation abdeqjuent individual

outcomes and, in the work domain, organizational outcomes, often via behavioural enactment.
Therefore they are foundational to the experience of motivational regulation and related
proximal behavioural enactments of this motivationnaixed in thepresent studyi.e. job

crafting). This section outlines these basic needs and explains how they can be satisfied.
The three basic psychological needs proposed by SDT are as follows:

Autonomy:Autonomy originates from the Greek words for galito) and regulation

(nomo3 and literally means to be regulated by the @&fan & Deci, 2017; De Charms

1968) It refers to a feeling of choice or vol
behaviour is congruent wntetedts. lisasubjeaivievi dual 6 s
experience and therefore distinct from autonomy as used in job design models which is

a reference to an objective task or job charactefidtickman & Oldham, 1976)t

does not refer to independence, as an individual cacisgezutonomy by actively

choosing to be dependent on another, by, for example, relying on the instructions of an

expert. It is similar tvicClelland's (1961jpotion of power but refers to power over the

self rather than others.

CompetenceCompetencerefr s t o a feeling of capability i
environmeni{Broeck, Vansteenkiste, Witte, Soenens, & Lens, 2018 similar to
self-efficacy(Bandura, 1986and can be related to similar ideas such as outcome
expectancyVroom, 1964) achieverent needs in organizational contefittcClelland,

1961)and effectance in psychoanalyéis W. White, 1959)lt is evident in the

inherent striving that is characteristic of human nature.

RelatednessThe final need is for relatedness to others. Theslrean be linked to

earl ier conceptualisations of basic needs s
(Maslow, 1954)and refers to the need to feel supported by oftBasmeister & Leary,
1995;Howard,Gagné & Burea@017), to belong, to be socially signsént among

close others, to be accepted, and to support others i(Baameister & Leary, 1995)

SDT proposes that these basic needs are innate. They are underpinned by the drive toward

complexity and development that is an innate feature of all organigluding humangRyan

& Deci, 2017) Mor e specifically, SDT assumes that al/l
curiouséand eager to succeedo; this is because

need satisfaction as our basic needs argDesti & Ryan, 2008a, p14)This approach to basic
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needs means that all individuals start on a level playing field and do not, as posited by
alternative theorieHackman & Lawler, 1971; McClelland, 1964ave inherently different

growth need strengths which lealsgeen used in the past to explain variation in perceptions of

job characteristics or performance on the job. Rather variation in such outcomes is linked to
differences in the degree to which needs are satisfied by the environment in the relevant domain,
related motivational experiences and, where relevant, subsequent proximal behaviours
enactment¢Ryan & Deci, 2017) The social environment in which individuals operate can

support our inherent active curiosity or thwart it. The nature of this interdmiareen our

basic needs and the environment as perceived explains different forms of experienced
motivation(Deci & Ryan, 2008a)

Basic need satisfaction is essential for wellbéRgan & Deci, 2017)If basic needs are

thwarted people can react inange of ways, including passivity, psychopathology, greed,
addiction, perfectionism, arsiocial behaviour and aggression. Within SDT, basic needs

provide the basis for making predictions about which characteristics of the social environment
will lead to gotimal human functioning. Specifically, autonomy support{etoice and
encouragement), effectance supportigtructure and positive informational feedback) and
relationally supportiveenvironments (caring involvement) lead to positive performance and
well-being outcomes because they contribute to the satisfaction of basi¢Rgad® Deci,

2017) and thereby support the internalization of experienced motivational regulation and the
prompting of related actions. Thus, the social environment in SDbeaiewed as the arena in
which basic psychological needs are met and the motivational mechanism through which action
or behaviour is prompted depends on the degree to which this environment meets an

i ndividual s basi c psy cdiankxagriectidete motvagiachal . The f ol
mechanisms, or forms of motivational regulation in more detail as key variablegireseat

study.

2.2.3The concepts of SDT: Forms of motivational regulation

SDT defines motivation as (Rablle Ghay,&aleramdys under | yi
Larose, & Senécal, 200@nd posits that these reasons vary in form, guiding both behaviours

which directly meet basic needs and lead to need satisfaction (intrinsic motivation) and

behaviours where the outcome may meet basic negdsebehaviour itself is not inherently

satisfying (extrinsic motivation). As outlined earlier in this chapter, by identifying various

forms of motivation, SDT differs from related theories which argue that motivation varies only

in quantity of motivathn experienced, not in forr®pecifically, drive theorieg.g. Hull, 1943)

state that physiological needs create a drive state (or a single amount of motivation) and

cognitive theoriege.g. Bandura, 1986; Vroom, 196tate that either the perceived \abf the
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outcome, and belief in onebds capacity to attai

motivation. Conversely, SDT is mulimensional; it identifies different sources and forms of
motivation(Gagné et al., 2015This section outlinethe key differences between intrinsic and
extrinsic motivation, explains the various forms of extrinsic motivation and explains how
experienced forms of motivation can change via either internalization or regressive transition.
Central to thepresent stdy are the definitions of each form of motivational regulation (intrinsic,
integrated, identified, introjected, external and amotivation) as key variables in this study and
the supported contention that all forms can be experienced simultaneously a®téect

basis for the analysis of motivation profiles in the study population.

2.2.3.1. Intrinsic versus extrinsic motivation

The first distinction made by SDT in forms of motivation was that between intrinsic and
extrinsic formgDeci, 1975; Ryan & Deci, 1985ntrinsic motivation is a fully autonomous

form of motivation, experienced with a feeling of choice and volition, which drives an activity
because the activity itself is inherently interesting and stimulating and, as such, generates
positive feelings forhe individual. Extrinsic motivation drives an activity because one or more
consequences of the behaviour are of value to the individual. It can vary in the degree to which
it is experienced as autonomous or controlled and there are numerous forms sitextrin

motivation proposed in SDT which will be described in this section.

The intrinsieextrinsic distinction does not originate from S{eci & Ryan, 2008a)Earlier
motivational theories included both forms of motivation and proposed they could be added
together to get a measure of total motivatidtkinson, 1964; Porter & Lawler, 1968)

However, subsequent research found that an extrinsic reward linked to an activity decreased
intrinsic motivation related to that activi(geeDeci et al., 1999 for a ne analysis)These

findings have particular salience for working environments, in which the vast majority of
participants received monetary rewards for the work they complete. To account for why this
might beDeci and Ryan (1985)rote cognitive evaluatiotheory, a mintheory which

describes how social environments influence intrinsic motivation. It suggests that intrinsic
motivation provides a sense of freedom which fulfils the basic need for auto@ontlye other
hand,extrinsic motivation is percedd as an attempt to control behaviour and therefore leads to
a reduction in autonomy. This, in turn reduces the degree to which our basic need for autonomy

is satisfied and thus our intrinsic motivation in the activity is affe(f®s@én & Deci, 200Q)

The impact of external reward and incentives on intrinsic motivation has been hotly debated
within organization psychology for some decafi@srasoli, Nicklin, & Ford, 2014\While a
metaanalysis byDeci et al., (1999ound support for the undermining ingtaf incentives on

intrinsic motivation, another metnalysis in the same ye@isenberger, Pierce, & Cameron,
22
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1999) albeit heavily dependent on laboratory studies, produced contradictory (Kamitsr et

al., 2017) A more recent metanalysis hasdip to clarify the issudinding that intrinsic

motivation has stronger impacts on performance itheentivesin specific situationgCerasoli

et al., 2014)Their findings suggest that individuals who experience higher levels of intrinsic
motivation peform better. Whelincentivesare not performance contingent, intrinsic motivation

is a better predictor of performance. When they are performance contingent, intrinsic motivation
has a weaker |l ink to perfor manctetheimmantveiabl y bec:
Intrinsic motivation explains more performance effects in field versus laboratory studies, in
work versus school settings, and in quality of performance versus quantity of performance.
Intrinsic motivation also predicts quantity of perf@ance, just not as strongly iasentives

However, the authors note that overall, the findings tend to support those of thenalgtis

by Deci et al., (1999): more controlling incentives are associated with lower intrinsic

motivation, less controllingicentives with higher intrinsic motivation. The outcomes of this
debate are highly relevant to the study of work as the vast majority of individuals in working
environments experience extrinsic rewards and many jobs are not wholly intrinsically

interestiry.

A key principle that emerges from the debate on how extrinsic motivation impacts intrinsic
motivation, and one that is central to firesent studyis the conclusion that individuals can
experience different forms of motivation at one time and tlestetiorms of motivation interact
to impact outcomes. This becomes particularly relevant to the study of motivation profiles,
containing multiple forms of motivational regulation, when extrinsic forms of motivation are
added to the mix. Extrinsic forms ofotivation proposed, and generally supported, within SDT

literature are as follows:

2.2.3.2.  External regulation

External regulation is the least sdtermined or autonomous form of extrinsic motivation and

is not internalized. External regulation has an extgyaateived locus of causality in that it is

driven by forces outside the individual. As a controlled form of motivation, it is experienced

with a sense of fAhaving too, rather than fAchoos:s
committing less #ort to an activity and potentially lower quality work than the experience of

intrinsic motivation(Cerasoli et al., 2014; Howard et al., 2018)d taking shortcuts to reach

the reward or avoid the punishmébeci & Ryan, 2008a)This can be attributetd the fact that

when the reason for a behaviour is dominated by external regulation, significant effort can be

required to counter internal resistance based on conflicting values, and the temptation to engage

in more autonomously motivated activities. #\gh, while external rewards can positively

impact performance, they can be difficult to sustain over time as the perceived value of the
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resource received diminishes and the effort of the behaviour becomes exh@simg Deci,
2017) The existence ofato types of external regulation has been evidenced in the construction
of the multidimensional motivation at work sc@MWMS, Gagné et al., 201%liscussed in
Chapter 5which found support for external regulation based on material gains or losses, and

that based on social rewards and punishments.

However, SDT suggests that if basic needs are met by an activity, individuals have a tendency
to internalize the regulation of activitiadich may originally have been externally regulated.

As individuals interalize regulations they can do so in three ways that are increasingly
autonomous but also qualitatively distinct. These existence of these distinct dimensions has
been repeatedly demonstrated using a number of scales which have been developed in this
activefield (e.g. MWMS, Gagné et al., 2015; WEIMS, Tremblay, Blanchard, Villeneuve, &
Taylor, 2009; AMS, Vallerand et al., 1992)

2.2.3.3. Introjected regulation

Introjected regulation is the least internalized form of internal motivation around an activity. In
this siuation an individual only partially internalizes the regulation of an activity. As such the
regulation is experienced as controlled rather than with a feeling of autonomous ownership. The
source of control and pressure, or perceived locus of causalitigrisal via seHesteem and

ego involvement which involves the reward of pride and the threat of guilt or shame. It is
intrapersonal and as such is more enduring than external regulation. It is based gl

or selfaggrandizement often wherestherception of selfvorth is dependent on the behaviours

of others. It is associated with unstable levels ofestifen(Kernis & Paradise, 2002nd
anxiety(Ryan & Deci, 2017)It is often based on projections where individuals project feelings
of appoval or disapproval on to significant others which can reflect the actual conditional
regard of significant others experienced during childhood. It can lead to perfectionism and be
linked to competitive domains where comparisons occur. It requires maogy emel effort than
autonomous forms of motivation and can be draifi®ypn & Deci, 2017)Yet, its correlates

can be distinct from those associated with other controlled forms of motivation such as external
regulation(e.g. Graves, Cullen, Lester, Rudamé& Gentry, 2015)Indeed, issues have been
reported with the common practice of including introjected motivation in composite measures
of controlled motivation due to the fact that it is both positive and negative, internal and yet can
be perceived asxeernal, and sits right in the middle of the continuum of relative autonomy; it
has been suggested that the practice could lead to low reliability and a loss of important
information(Howardet. al.,, 2017) Thus it is an important goal for future SDT rasbao

examine its unigue outcomes as well as its wiglgnson interactions with other forms of

motivational regulation.
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2.2.3.4. Identified regulation

Identified regulation is the second type of internalization of extrinsic motivation. An individual
recognisesra internalizes the value of the activity and accepts responsibility for it as their own.
They experience a greater sense of autonomy with an internal perceived locus of causality,
without experiencing external pressure or control. Because individual$ulignidentified with

the value of a behaviour, they find it less effortful to sustain over time. This acceptance of the
regulation as important and of inherent value, means the behaviour is experienced as volitional.
Behaviours driven by identified reguiion are more stable than introjected regulations because
there is less conflict and resistance to their enact®@s@n & Deci, 2017)It is commonly

included in composite measures of autonomous motivation along with intrinsic motivation.

2.2.3.5. Integrated regulation

Integrated regulation is where an individual identifies with the regulation of an activity but also
integrates it fully with their own sense of self. It becomes part of who they are. As such it is
experienced as autonomous with an internal percéoeers of causality. It requires self

reflection and can involve adapting the behaviour or previously held attitudes. Once a behaviour
is integrated, motivation is without conflict, or effort and experienced as authentic and stable
over time(Ryan & Deci,2017) Neuroscience has found support for decision making activity in
the right medial prefrontal cortical areas which handlelgafvledge processing among those
with higher need satisfaction provide some support for the existing of integation

Domerico, Fournier, Ayaz, & Ruocco, 2013)nfortunately while conceptually and potentially
biologically distinct is has been difficult to differentiate from identified regulation in
measurement tools. A small study (djoran, Diefendorff, Kim, & Liu, 2012}lid find evidence

of a distinct integrated dimension in a measure designed for the study, albeit validation of the
tool was limited by the size of the study= 226). Subsequently, in a metaalysis of 461
samplesif = 205136), it was often highly corredat with intrinsic or identified regulation or

both which suggests that a theoretical revision may be needed to reconceptualise or remove

from the continuum of motivational regulati@iHowardet al.,2017)

2.2.3.6. Amotivation

Finally, amotivation is described@onr e gul at ed and is characterised
An amotivated individual will either not engage in a behaviour or do so without intentionality. It

can originate from a lack of perceived competence to complete the behaviour or a belief that

completing the behaviour cannot secure the desired outcome. Both can be categorised by a lack

of control and both are described in social cognitive thé®apdura, 1986)SDT adds a second

source of amotivation that is autonomous, reflecting a lack akisttén the behaviour or the
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outcome(Ryan & Deci, 2017)Therefore an individual experiencing amotivation may a) not see
the value in the behaviour itself (autonomous), b) not see the behaviour as linked to a valued
outcome (controlled), ¢) see a linkan outcome but not value it (autonomous), or d) see the
valued outcome linked to a behaviour but feel unable or incompetent to complete the behaviour
(controlled) (Deci & Ryan, 2008a)lt may also represent a defiance or resistance to influence
orwhatha been descr i beacatsiRyn &Ded,201¥)at ed non

2.2.4The continuum of relative autonomy

The above forms of motivational regulation are related to each other based on three dimensions:
whether they are intrinsic or extrinsic, the degree to wiielg are autonomous (as opposed to
controlled), and whether they are perceived as being caused internally or externally. The
distinction between intrinsic and extrinsic motivation has been superseded by the more specific
delineation of whether motivatida driven by choice and volition, potentially as an expression

of the self, (i.e. autonomous), or is driven by an internal or external control (i.e. controlled).
This latter distinction can be described as the position of a form of motivational regolagon
continuum of relative autonomintrinsic motivation is the most autonomous form of

motivational regulation, amotivation is the least. Forms of extrinsic motivation are described as
falling in between these two extremes on the continuum in the fiodparder (from

autonomous to controlled): integrated, identified, introjected and external regRyem &

Connell, 1989)Variation in the locus of causality has also been described as existing on a
continuum(Ryan & Connell, 1989)Perceived local afausality differentiates between forms of
motivation which originate internally (intrinsic motivation, integrated regulation, identified
regulation, introjected regulation) and that which originates externally (external regulation).
Following this exampleidentified regulation is selietermined internalized regulation with an
internal perceived locus of causality and external regulation is not internalized, less self
determined and has an external perceived locus of causality. The continuum has bédsrddesc
as providing an underlying structure for the different dimensions or forms of motivational
regulation(Howard, Gagé, Morin, & Forest, 2038Howard et al., 2007 Indeed, quantitative
measures have been developed on the basis of the continuum which distinguish between, or
allow composdies of, autonomous and controlled forms of motivation and have been widely
used in researqe.g. Gagné et al., 2015; Tremblay et al., 20@@nversely, the continuum of

the perceived locus of causality is much less frequently applied or tested inlresearc

There is no indication in the theory that an individual moves through the continuum of relative
autonomy as a form of progressi@hemolli & Gagné, 2014H)nly that they may experience
the forms of motivation on this continuum. However, the motivagsociated with a job or

task may change. Organismic integration theory (BMan & Deci, 2017)a minitheory
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within SDT, explains the means through which extrinsically motivated behaviour changes
position on the continuum to become autonomous. It tddeeproposition from biology and
developmental psychology that natural tendencies to internalize and integrate exist among
organisms. It suggests that human development is a process of internalizing, elaborating,
refining and integrating our view of ourgek and the world around us and that we have
tendency to move towards integration, and the internal autonomous regulation of behaviour,

under the right conditions.

These developmental tendencies toward internalizagibect the satisfaction of basic rise
They are linkedighly linked to the need for competence, to master behaviours obséived.
the same time, iteflects the modelling of behaviour of important others, participation in and
belonging to others and is therefore linked to the need fatedriess. The neéar autonomy is
satisfied adbehaviour is increasingly internalized. Thus bativelopmentainternalization and
integration require information from the social context and can result in the experience of
external, introjected, identifieor integrated motivational regulation which vary in their levels
of associated autonomy and also in their antecedents and outcomes. More specifically, external
regulation requires need for competence to be satisfied to some degree; introjected regulation
requires both competence and relatedness needs to be satisfied to some degree; identified and
integrated regulation also require autonomy needs to be met, thus all three are opthmeal for
internalizationof motivation Therefore need supportive enviroemts can facilitate integration
and internalization and need thwarting environments can limit internali&iy@m & Deci,
2017) This role for need satisfaction as an antecedent of motivational regulation has been well
established in research. In theiet@analysis of 99 studies on the role of basic seed
satisfaction in the workplac®¥an den Broeck, Ferris, Chang and Rosen, (2@ti6)d that need
satisfaction accounted for 42% of the variance in intrinsic motivation and each need accounted
for unique \ariation in amotivation, external regulation, introjected and identified regulation
with the exception of autonomy, which did not account for variance in introjected motivation
beyond competence and relatedness (positive). The results highlight theajopeaxal or
respect from others in external motivati@agné et al., 201%)nd the role of individual
projections of how others view them in introjected regulatiRyan & Deci, 2017)However,
overall variance in external and introjected motivation @&xgld by basic need satisfaction was
low, 1% by all three need¥an den Broeck et al., 2018Ypporting the theory that need
satisfaction leads to autonomous forms of motivation rather than controlled forms. All need
satisfactions were negatively relatedamotivation with autonomy and competence need
satisfaction negatively related to external regulation. Relatedness need satisfaction was
unrelated to external regulation. All need satisfactions were positively related to internal forms
of regulation: intojected, identified and intrinsic motivation.
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Finally, highlighting the fact that SDT tends to focus on the positive, the internalization process
is outlined in significant detail in numerous writings on SDT, most recenRyam & Deci,

(2017) Yet, trere are only brief explicit mentions kdgressive transitionghat is, the process

of externalization of regulation (e.Deci, Schwartz, Sheinman, & Ryan, 198iong

students). Much of the work around the impact of extrinsic rewards on intrinsic tiostiva

outlined earlier reflects this process of regressive transitions. Indeed, a recent study on the
introduction of attendance awards in a laundry plant highlights the process, revealing the
unintended negative motivational consequences caused by redasingneed supports at work
(Gubler, Larkin, & Pierce, 201@&lIso reflected regressive transitions. Further theoretical
elucidation along with related longitudinal research, albeit beyond the scope of this study, is

required to bring clarity to this reggsive process.

To conclude, SDT posits that the satisfaction of basic psychological needs and experienced
forms of motivational regulation, and their composites, mediate between social contexts and
behavioural outcomes. While SDT provides a role for idial differences in these

relationships, specifically, causality orientation and goal contents, it is reasonable to suggest that
these are not focal areas of SDT and as such it is, at least to some degree, a normative theory of
motivation(Kanfer et al.2017) The depth of the theory is driven by its identification of the

internal processes that driven human motivation, and more particularly how tbegwoand

interact internally to predict behavioural outcomes. While basic psychological needsnasid for

of motivational regulation are representations of psychological processes which are not directly
observably, the behavioural outcomes of these processes can be observable, as can the
neurological process€Ryan & Deci, 2017)The next section of thihapter presents an

overview of covariates of motivational processes within the work domain, the focal domain of

the present studywith a particular focus on the role of job design and outcomes of effort and
proactive behaviour as relevant constructs withepresent studyit includes a critical review

of recent research on withperson motivation profiles, proposes a classification model for

these profiles and discusses which naturally occurring profiles which may be expected to

emerge in the lovgkilled worker population in theresent study
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2.3.SECTION B: Sdf-Determination Theory in the Work Domain

The research literature related to SDT is vast, covering the fields of (egltiNg et al., 2012)
exercisge.g. Sebire, Standage, Gillison, & Vanstieste, 2013)sport(e.g.White & Sheldon,

2014) parentinge.g. Bernier et al., 2010¢ducatior(e.g. Ratelle et al., 200@nd clinical
settings(e.g. Zuroff, Koestner, Moskowitz, McBride, & Bagby, 2012yidence of the role of

basic psychological mel satisfaction and different forms of motivational regulation, with the
exception of integrated motivation, has been well established across gender, age, nationality,
domain and various quantitative measurement s¢dmsard et al., 2017 The following

section examines research findings from the application SDT at work, as the focal domain of
this study. It begins by reviewing findings relating to the catas of motivational regulation.
Theimplications of these in the blwellar work setting of theresent studgre highlighted

with a particular focus on findings related to proactivity at work as the longitudinal outcome in
this study, a topic examined further in Chapter 3. The nature of amotivation and its potential
impact on proactive work behavibis also discussed, pending the presentatiaiediled
hypotheses in Chapter Binally, recent research on withirerson motivation profiles is

reviewed in detail and a proposed classification model and related nomenclature for motivation
profiles ispresented along with specific propositions about naturally occurring profiles expected

to emerge in exploratory analysis among the-sbilled worker population in thgresent study

2.3.1Covariates of work motivation

This subsection outlines key individual drsituational covariates and outcomes linked to basic
need satisfaction and forms of motivational regulation. The content reflects the dominance of
variablecentred research designs in the field to date. Findings related to the situational factor of
job design, outcomes of investing effort and proactivity at work are examined individually, and
those based on the use of the recently developed MY{@d§né et al., 2015Yyhich is applied

in the present studgre highlightedlue to theirelevance to thpresenstudy.

SDT argues thanidividual differenceinfluence motivational regulatioft. addresses individual
differences in motivational regulation through two ntimeories. Firstly, causality orientation
theory(Deci & Ryan, 1985proposes that individuslhave a dominant orientation which can
colour their perception of the environment and social context so that those with intrinsic or
autonomy orientations see more choice, interest and values, and those with extrinsic or
controlled orientation see morenard, and social controls. Those with impersonal or
amotivated orientation perceive more lack of control over outcoamesincompetence.

Research suggests that those with more extrinsic than intrinsic orientations were less satisfied
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with their jobs, andives (Vansteenkiste et al., 2007)his effect was moderated by income so
that, among those with extrinsic orientations, those with high salaries were happier but still less
happy than those with intrinsic orientation and high salaries.

Secondly, goal agent theoryKasser & Ryan, 199@&ccounts for individual difference in goal
contents. It suggests that individual can have intrinsic life goals, for personal growth, physical
health, meaningful relationships and community contributions or more extsi@tions for
wealth, beauty or power/fame. Higher levels of extrinsic than rather than intrinsic life goals led
to work family conflict, emotional exhaustion, turnover intentions mediated by basic need
satisfactionVansteenkiste et al., 20Q7htrinsic goal orientation among employees in New
Zealand was linked to organizational citizenship behaviRoshe & Haar, 2013) Van den
Broeck, Vansteenkiste, Lens, and De Witte (2G&0hd that intrinsic goal orientation was also
positively associated wittexibility at work and a subsequent study found that it moderated
(strengthened) the negative relationships between learning opportunities and exhaustion, and
between autonomy and impaired health responéas den Broeck, van Ruysseveldt, Smulders,
& de Witte, 2011) Beyond these mintheories, perseanvironment fit, which represents the
degree to which individuals believe that they have their needs met by, and/or share similar
characteristics with, their working environment has been found to prediict eed satisfaction
(Greguras & Diefendorff, 2009)

From a situational perspective, ttude of the managén supporting the satisfaction of basic
needs at work has been established as a primary driver of need satisfaction and autonomous
forms of motvation. Manager support for basic needs predicts pesitincomes including
creativity (Hon, 2012) acceptance of chang&agné, Koestner, & Zuckerman, 2000)
engagemen_u, Wang, Lu, Du, & Bakker, 2014&mployee retentio(Otis & Pelletier, 2005)
life and work satisfactio(Moreau & Mageau, 2012; Nie, Chua, Yeung, Ryan, & Chan, 2015)
often through autonomous motivation (algjlliams et al., 2014)When managers are not
supportive, lower levels of internalized motivation and higher levels of comtnoitgivation

have been found along with negative indiatland organizational outcom@=ernet, Austin,
Trépanier, & Dussault, 2013; Trépanier, Fernet, & Austin, 2008)comes of interventions
designed to increase manager support for basic needs hialatedhthese findingtDeci et al.,
1989; Hardré & Reeve, 2009; Stone et al., 2009)

With regard to outcomes of motivational regulation at work, it is clear that, as succinctly put by

Chemolliand Gagné (2014) ndi f f erent ( mot i edfteremoudmgs r egul at
and not just different | evels of the same out cc
and need frustration have been widicumented and validate their role in the motivational

process. Satisfaction of these basic needs resudteater enjoyment of work, germance and
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higher wellbeingBaard, Deci, & Ryan, 2004; Van den Broeck et al., 20dWgr exhaustion
(Van Den Broeck, Vansteenkiste, De Witte, & Lens, 2G0®) less organizational deviance
(Lian, Lance Ferris, & Browr2012) Need frustration leads to exhaustion émeer levels of
well-being(Gillet, Fouquereau, Forest, Brunault, & Colombat, 2012; Vander Elst, van den
Broeck, de Witte, & de Cuyper, 201&@thoughit has bea argued that more work is needed
examine he process and impact of need frustra{lRyan & Deci, 2017)Autonomous
motivation has been linked to affective and normative commitntegrie, Chemolli, Forest &
Koestner, 2008knowledge sharin¢Gagné, Tian, Soo, Zhang, & Hosszu, 20163s
emotional exhaustioffFernet, Austin, & Vallerand, 2012nd perceived usefulness of new
learning, future use of new learning, playfulness and enjoyméeafing among highly
educated employees from URyan & Deci, 2017)Converselygontrolled motivation predicts
greater emotinal exhaustioFernet et al., 2012nd knowledge hidingagné et al., 2019)
Cerasoli et al. (2014)n their robust 40 year metmalysis, found that intrinsic motivation
demonstrates consistent relationships with all types of job performance regardless of the use of
incentives, and influences performance quality more strongly th&ormance quantity. They
found thatincentiveshave a stronger relationship with performance quaatity in specific

circumstances

The following threesubsections highlight three specific covariates of motivational regulation

that have particular relemce to theresent studyJob design, effort and proactivity at work.

2.3.1.1. Job design

The design of the job itself is a situational factor which has demonstrated links to motivational
regulation and one that has particular relevance tprésent studgs jobcrafting can be

understood as a form of employlee job design. The job characteristics mgdé€lM,

Hackman & Oldham, 197@roposes that a job can be designed in ways that enhance
motivation. Research has found that job characteristics from this marteds task

significance, job autonomy and feedback led to increased intrinsic motivation via empowerment
measures such as experienced autonomy and competence among technical and teleworkers
(Gagné, Senecal, & Koestner, 19K)ivaas (2008jound that intinsic motivation partially

mediated the relationship between job characteristics (autonomy and interdependence) and work
performance. Similarly, work environments that provide positive job characteristics such as
challenging workVan den Broeck, De Cuypédruyckx, & De Witte, 2012pr choice at work

help to meet basic psychological ne€gtone et al., 2009).

The job demandeesources model (3R; Bakker & Demerouti, 200 Quggests that jobs can be
designed based on the demaaftithe job and the resourctsat are made available. It is a stress

model that suggests the need to balance job demands with job resources, thereby buffering the
31



negative effects of demands with the supportive impact of resotee®t et al. (2013)

examined resources (managesiapport and positive feedback) among school board employees
and found that satisfaction of the three basic needs mediated the link between the-resource
demand ratio within the job and work outcomes (personal accomplishment, exhaustion and
depersonalization Among a heterogeneous sample of 745 Belgian emplpyaa<Den Broeck

et al. 008)found that basic need satisfaction partially mediated the relationships between job
demands and exhaustion, and between job resources and vigour. They also foursttthat ba
need satisfaction fully mediated the relationship between low job resources and exhaustion. In
other words, it appears that job demands and resources impact work outcomes through their

impact on basic needs satisfaction and motivation.

A recent metaanalysis of basic need satisfaction at work examined the role of job demands and
resourcegVan den Broeck et al., 2016)utonomy need satisfaction was not related to

cognitive demands, but was negatively related to job demands, workload and emotional
demams. Competence need satisfaction was positively related to cognitive demands, unrelated
to workload and negatively related to emotional demands and job demands. Relatedness need
satisfaction demonstrated a positive relationship with cognitive demandsvéPedationships

with cognitive demands may be related to its perception as a challenge §tCeaadord,

LePine, & Rich, 2010)With regard to resources, autonomy and relatedness need satisfaction
were positively related to job autonomy, social suppod feedback. Competence need
satisfaction was positively related to job autonomy and social support. Thus it is likely that the
experience of demands and resources at work, and, it can be supposed, any attempt by
employees to change these job demands@source via job crafting, is influenced by basic

need satisfaction and by extension, experienced motivational regulation. Findings support this
supposition: the resource of decisional control over job demands among university professors
was linked to laver levels of burnout but only for autonomous motivated emplojreeset,

Guay, & Senécal, 2004pecisional control over job demands can be itself be perceived as a job
demand, which may be experienced as a challenge for those who are autonomoudigdnotiva
but a stressor for those who are ¢an den Broeck, de Cuyper, De Witte, & Vansteenkiste,
2010) Thepresent studgeeks to explore this finding by examining how motivation profile
impacts the ways in which individuals take on challenging demandsjeed decrease

demands perceived as hindrances. It is expected that individuals with profiles dominated by
autonomous motivation may consistently take on challenging demands over time. Conversely, it
is expected that those whose profiles are dominatedtiyolled motivation engage in higher

levels of decreasing hindrance demands, albeit this may not occur consistently over time as only
demands that arise and are unrelated to external rewards or punishments will be perceived as

hindrances. These expedbais are fully elucidated in théhapter 4
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2.3.1.2. Effort

The role of motivation in predicting how individuals apply effort is relevanptheent studyo

the extent that it examines effortful behavioural outcomes of motivation (i.e. job crafiag).
Cooman, 8§/nen, Van den Broeck, Sels, and De Witte, (204 3heir crosssectional study of

689 heterogeneous Belgian employees proposed that job demands thwart, and job resources
promote, the fulfilment of basic psychological needs. They also proposed thatdmdscand
autonomous motivation mediate the relationship between job design and work effort.
Unexpectedly, they found that work pressure was positively related to need satisfaction, which
partially mediated its relationship with work effort. The primargs@n for this is likely to be
related to work pressure being perceived as a challenging déw@mden Broeck, de Cuyper,

et al., 2010) Thepresent studhelps to explore this finding by examining how individuals
handle both hindering and challenging Wwdemands based on thaiotivation profile It can

be expected that those whose profiles are dominated by autonomous motivation may take on

more challenging demands and exert more effort.

In the study byDe Cooman et al. (2013pw-skilled blue collar werkers reported lower levels

of autonomous motivation and higher levels of effort. Given that the samplegresent study

is made up of lowskilled workers, it is interesting to examine how motivation profiles among
this cohort impact effort exerted faking on job demands or indeed any avoidance of the
exertion of effort via decreasing job demands. Due to evidence of fewer need supports being
avdlable in bluecollar working environment@Bergman & Jear2016; Griggs et al., 2016tu

et al., 2010; Nilsen & Abildgaard, 2012)t may be that external regulation plays a stronger
role in the extent to which demands are taken on among this cohort. Work behaviours among
those who experience high levels of external regulation will feel more effortful thamgam

those who experience higher autonomous forms of motivation, due to potential the internal
conflicts and resistance associated with controlled motivational regu{Byam & Deci, 2017)
which might explain the increased levels of reported effort ilD#w€ooman studyDe

Cooman et al., 2013y he more controlled and external the form of motivational regulation, the
less sustainable it (Baumeister, Bratslavsky, Muraven, & Tice, 1998fleed, variable

centred research has found that while autonorfaruss of motivation predict persistence over
time, controlled forms are weaker predictors over t{img. Pelletier, Fortier, Vallerand, &

Briére, 2001 with competitive swimmerdyurthermore, external regulation can lead

i ndividuals tonatchempleiash tddlos tiul (REppy o wi t h
& Deci, 2017 p. 185. De Cooman et al. (2013ygue that examining effort invested helps to
bridge the gap in research dominated by situational and personal antecedents and
employee/organizanal outcomes which skips over behavioural enactment as a result of the

motivational regulation. Further longitudinal research is certainly needed to explore the nature
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and stability of behavioural outcomes over time when examining motivational regulatio
including on a withirperson basis. The current research by focussing on the proactive work
behaviour of crafting job demands and resources and utilising a longitudinalpétisions

design fillsthese gaps.

Finally, some questions regarding the rielaghip between amotivation and the investment of

effort have been raised in the research literature. Recent sfddiwardet al., 2017 Sheldon,

Osin, Gordeeva, Suchkov, & Sychev, 20h@ye suggested that while sitting next to external
regulation onhie continuum of selfletermination, amotivation may differ significantly from it

based on a second dimension relating to level of effort or exertion. This suggests that those who
experience high levels of external regulation can be characterised as ther¢han those who
experience high levels of amotivation. Conversely, it can also be proposed that amotivated
people may act autonomously and proactively to reject tasks. Despite the fact that recent person
centred studies have found that amotivationdwrinatedhe profiles 0f13-27% of employees
(Howard et al., 2016}t has not consistently been includadnany measures of SDT (e.g.

MAWS, Gagné et al., 201BREQ,Markland & Ingledew, 1997)and therefore related findings

are limited. As describedtkr in this chapter, the current research seeks to explore the existence
of naturally occurringAmotivation Dominanprofiles in lowskilled working populations, to

examine the interaction of amotivation with other forms of motivational regulation and to

identify how amotivated individuals invest effort and engage in proactive behaviour at work,
specifically job crafting. Detailed hypotheses relating to how individualsAwitbtivation

Dominantprofiles craft theijobs are presented in Chapter 4

2.3.1.3. Proactive work behaviours

Parker et al. (201@alled for researchers to integrate the fields of proactive work behaviour and
SDT to determine to how to motivate proactive work behaviour. While still relatively few in
number, studies in this area support a rofebfasic needs satisfaction and autonomous
motivation in proactive work behavioutarker, Williams, & Turner (200&howed that

autonomy, trust and support at work, all aligned with basic needs satisfaction, predicted
proactive work behaviour&rant, Normohamed, Ashfordnd Dekas (201Xpund that high

personal initiative, high autonomous motivation and low controlled motivation led to proactive
work behaviours and thagrticipants in the studiegith higher levels of autonomous
motivationachieved beétr performance outcomes: job applicants got more offers and call centre
employees generated more reverWaite (2015)found that autonomous motives of employees

in the service industry predicted positive emotions and quality of service in an area getyeirin
employees to act proactively (i.e. in customer interactions), and that autonomous motives

predicted subsequent customer satisfaction. In a related area, a diary study among 76 students
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in an innovation boot camp focussed on designing sustainallegisdevioo, Anseel, De
Beuckelaer and Salanova (201&)nd evidence of a mediating role for intrinsic motivation in

the relationship between basic need satisfaction and innovative work behaviour and a reciprocal
relationship between innovative work la@four and need satisfaction. Thus autonomous forms

of motivational regulation appear to prompt proactive work behaviandsmay themselves be

enhanced by these behaviaurs

With regard to controlled forms of motivatidB,t r au s s , P a r2R1g)exaraimedtheO6 Shea (
interplay of controlled and autonomous motivation and its impact on the effect of proactive
behaviour on job strain, applying principles of proactive goal regulation processes and self
regulatory depletion effect8indl, Parker, Totterdell, &aggerJohnson, 2012; Bolino,

Valcea, & Harvey, 2010; Hahn, Frese, Binnewies, & Schmitt, 201#y found that when
controlled motivation is high and not buffered by similar or higher levels of autonomous
motivation, proactive work behaviour will resiitjob strain. Proactive behaviours require
energy, effort and exertiqifray & Huttges, 2016)ut can be initiated under a range of
motivational states. They highlight the depleting nature of the behaviour under controlled
motivational states, due to thequirement for sel€ontrol They did not find any anticipated
relationship between autonomous dominated or balanced profiles and job strain due to the
buffering effect of autonomous motivation. This buffering effect is based on related positive
emotions proactive goal regulation, and reduced resource expenditure. Similarly, the group
with low autonomous and low controlled motivation did hot demonstrated a relationship to job
strain as, in their view, individuals did not expend a lot of energy in proaetikebehaviours.

It is worth noting however, that low levels of motivation reflect low levels of intention to act
which is distinct from intention not to act as reflected in amotivation in SDT tliBgan &

Deci, 2017)and therefore amotivated groups,igthwere not included in this research, may
demonstrate different relationships. They highlight the need for longitudinal research into the
role of motivation in proactive work behaviours suggesting examining diffeqees of

proactive behaviour. Theitudy utilised the MWMS, with the exclusion of the measure of
amotivation, and used composite measures of autonomous and controlled motivation. Further
insight may be gained by including all forms of motivational regulation individually. For
example, in vatlating the MWMS Gagné et al. (2015pund consistent significant correlations

between identified regulation and proactivity.

Job crafting represents a unique form of proactive work behaviour in that it involves the
employee making proactive changeshe tlesign of their job@Vrzesniewski & Dutton, 2001)
The conceptualisation of job crafting as how individuals adjust the resources and demands

within their job(Tims & Bakker, 201Q)provides a direct semantic link to the conceptualisation
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of motivationas the internal regulation of behaviour relating to external dematiuds ®DT.
Chapter 3xamines job crafting in more detail a@tapter 4oresents a new theorizing and

related hypotheses on its relationship with work motivation profiles.

Research cditms that situational factors such as job design can, in certain circumstances,
support the internalization of motivation at work and that the experience of autonomous forms
of motivation can in turn predict effort and proactive work behaviours. Withidegdhe latter,
when people experience controlled forms of motivation, the simultaneous experience of
autonomous motivation helps to prevent job strain related to engagement in proactive work
behaviours. This is because forms of motivation can interiditteach other in ways that are
beyond what additive theories of motivation have proposed. Recent work on motivation profiles
exploring the withirperson levels of various forms of motivati@toward et al., 2016has

shown that where levels of the varioiorms of autonomous motivation experienced by an
individual are greater than controlled forms of motivation, performance outcomes are positive.
Future research in this area will helpful to further examine what behaviours individuals with
different motivaion profiles enact that may lead to these differences in performance

assessments and outcomes. This prbfiised research is examineakt

2.3.2Motivation profiles

It is well established in both theorizing and related research findings within the SDThatld,
numerous forms of motivational regulation can be experienced by an individual at the same
time (Chemolli & Gagné, 2014; Gagné & Deci, 200B)r example, tsidies in educational
domains have reported that rather than being on a single dimensioimtbogiic and extrinsic
motivation are endorsed by 50% of studdhtarter & Jackson, 1992As evidenced by the
above review, variable centred research designs dominate the field of SDT research at work,
meaning that it is not possible to know if an indixal who endorsed, for example, intrinsic
motivation also endorsed external regulatiResearch in the field of SDT at work has begun to
focus on patterns ohotivationwithin individuals. Persoitentred analysiallows for the
interaction between diffent type of motivation to be examingansteenkiste et al., 2009)

and for naturally occurring withiperson patterns to be identified rather than those based on
proposed dimensional relationshipsoran et al., 2012) It also allows researclsto testthe
impact of quality of motivation versus quantity of motivation atcomes of interest. This final
subsection presents a critical review of motivation profile research to date, a proposed
classification model for application in future motivation pmfiesearch to aid comparisons
across studies, and a number of propositions related to the exploratory examination of

motivation profiles in th@resent studpopulation.
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2.3.2.1. Motivation profile s: Researchfindings

In examining existing motivation profile resehrin detail, this reviewdentifies,in each study,

the degree to which comparable forms of motivation were measured, the nature of profiles
identified and their relative size, the different roles of quality of motivation and quantity or
motivation therai, and any covariates or outcomes associated with these profiles. Gap or
weaknesses of the studies are highlighted. This information provides the basis for the synthesis
of these findings into the comprehensive classification model for motivation prefilel

follows and for propositions about the types of profiles which might emerge pnebent

study.

One of the earlier pieces of withjperson research on motivation profiles wasducted in
CanaddRatelle et al., 2007Jsing the Academic MotivatioBcale (AMSVallerand et al.,

1992) researchers measured intrinsic motivation, identified, introjected and external regulation
and amotivation among high school and third level students. Their analysis sought to identify
naturally occurring patterns ugigroup based finite mixture modelligiyagin, 2005yather

than apriori categories (e.g/ansteenkiste et al., 2009 two studies ohigh school students

(n = 4498942), they identified three groups within the samples: High controlled and
amotivationwhere amotivation was higher than controlled motivatiamgtivated;5.9%/7.3%

of sample respectively) moderate autonomous and controlled with low amoti\bderately
Motivated;45.9%/59.4%); and high autonomous and controlled with low amotivatiiglfy
Motivated;48.2%/33.3%). The latter two groups had the best school functioning outcomes in
both studies compared to the first group in both samplesHigidy Motivatedgroup

performed better thakloderately Motivatedroup and thémotivatedgroup wa the strongest
predictor of school dreput. In study 1, more girls were in thiighly Motivatedgroup, more

boys were in thémotivatedout this finding was not replicated in study 2the thirdstudy of

410 college students, only thiighly Motivatedprofile was replicated (38.6%). Two additional
profiles emerged: low to moderate on all forms of regulati@w(Motivation;25.1%) and an
autonomously motivated group with low levels of controlled motivation and amotivation
(Autonomously Regulatp86.3%) TheLow Motivationgroup performed worse on grades
achieved and persistence; thetonomously Regulatepioup were twice as likely to persist as
theHighly Motivatedgroup. More women were in thaitonomously Regulateptoup with

more men in th&ow Motivationgroup.

The findings, among influences of gender and, potentially, age, highlight a role for the social
environment in the motivation profiles that arise therein. For exarptetivatedorofiles
emerged in school settings where students are regaitee there, but not in university settings

where at least some students will have chosen to go. In addition, it was of interest that profiles
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combining autonomous and controlled motivation performed just as well on some measures as
more autonomously ddmant profiles suggesting that quantity and quality matters, at least

when autonomous motivation levels are equal or dominant. Finally, the study confirmed the
theorized simultaneous experience of different forms of motivattioh has subsequently

been eflected in academic settings in later reseélcdhalien, Gillet, Gagné, Ratelle, & Morin,

2019)

Vansteenkiste et al. (200p)esented perserentred, crossectional research on motivation
profiles of 887 high school students and 484 cellsiydents using the Academic Self
Regulation ScaléRyan & Connell, 1989)They identified four aoriori profiles via cluster
analysis,good quality high autonomous, low controllegdpor quality low autonomous, high
controlled;high quantity high autommous, high controlled; adw quantity low autonomous
low controlled. They noted that thégh qualitygroup performed best on education related
outcomes followed bhigh guantity low quantityand finallylow quality.The study did not
include a measarof amotivation. While the simple, intuitive structure of thiari profilesin

this studymay be useful from the perspective of diagnostics and interverftfansteenkiste et
al., 2009)it is questionable in light of similar research which founéedént naturally

occurring profileqRatelle et al., 20079nd subsequent analysis which suggests that composite
measures of autonomous and controlled motivation may be confounded due to the alignment
that introjected motivation demonstrates with both mommoous and controlled forms of

motivation(Howardet al., 2017.

To the best of tNoeaneaalt(2002vad the fikshstudydt exatinipe
naturally occurring motivation profiles in the work domain using exploratory cluster analysis. In
a relatively small sample of 225 employees (62 supervisors) from across 12 organisations
varying by industry and location within China, researchers identified five motivation profiles
from measures of intrinsic motivation, integrated, identified, intrepbaind external regulation;
amotivation was not included. They were as follows: low on introjected and moderate on all
other regulationslLow Introjected;16%); moderate on all forms of regulatidvidderately
Motivated;30. 2%); low on intrinsic motivatioand integrated regulation and moderate on
identified, introjected and external regulatiduoyv Autonomy12%); high autonomous and low
controlled motivationseltDetermined;15%); and high on all forms of motivatiollétivated,;
26.2%). TheSeltDetermiredandMotivatedgroups had the most favourable correlates with
need satisfaction, performance and work environment perceptionsofh&utonomyroup

had the least favourable.

While the study was limited by the omission of amotivation, the use of atideted measure

written specifically for this research, and the small sample size, it replicated profiles which
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emerged in other domains (eRptelle et al., 2007)hese included the existence of quantity
based profiles (high, moderate or low on alhisrof motivation) and the existence of quality

based profiles (dominant on controlled or autonomous forms of motivation). The authors also
proposed that profiles may differ based on work context. While they found no differences in
motivation profilebasedon age, gender or length of time in role, 8efDeterminedand
Motivatedgroups reported experiencing highest levels of need supportive environments (e.g.
social support and job characteristics) and need satisfaction suggesting that when autonomous
motivation is present, controlled motivation does not have detrimental impact on individual

outcomes.

Focussing on naturally occurrimgotivation profiles using composite measures of autonomous
and controlled motivation, a Belgian/Dutch stutan den Broeclet al., 2013ppplied

exploratory cluster analysis to find four profiles: High autonomous and controlled motivation
(HA/HC), high autonomous and low controlled motivation (HA/LC), low autonomous and high
controlled (LA/HC), and low autonomous and contrliactivation (LA/LC). The findings

were based on a representative sampte 1797 via street interview) and two additional

samples from divergent organisations (Belgian public sexter287) and Dutch call centre
agentsi = 270)). The HA/HC and HA/LCnofiles reported highest levels of job satisfaction,
work engagement, enthusiasm and lowest levels of burnout and strain; the LA/HC and LA/LC

reported the opposite.

The study was limited by the fact that it used abridged 4 item composite measures of
autoromous and controlled motivation rather than measures for each individual form of
motivational regulation; amotivation was excluded. The groups differed by demographics: more
males and temporary workers were in the HA/HC group; more females, those in secure
employment, and those with strong educational backgrounds were in the HA/LC group; more
temporary, blueollar, and lower educated individuals were in the LA/HC group; and more
male, moderately educated, rsranagement and agency workers were in the LAJtdLip.

The groups did not differ by age or ptimhe status. Profiles with high autonomous motivation
were consistently associated with high job satisfaction, high engagement/enthusiasm and low
burnout and job strain regardless of levels of controlledvaiidn. Among the profiles, the

impact of levels of controlled motivation on wellbeing and satisfaction outcomes could not be
established consistently. However, the ambiguity around findimg®ntrolled motivation is
potentially related to oversimpiéfd, abridged, composite measures of motivation, confounded
by the inclusion of introjection within controlled motivation and lacking a measure of
amotivation(Chemolli & Gagné, 2014; Howasd d., 2017)
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Graves et al., (201®xamined motivation profieamong 321 well educated, primarily white,
private sector managers measuring external motivation, introjected motivation, identified
motivation, and intrinsic motivation only (MAWSagne et al., 2010Applying latent profile
analysis, 6 profiles emergedery Low Internal, Low Internal, Moderately Low Internal,
Moderately High, High Internal and Sdlfetermined Increases in perceived supervisor support
decreased the likelihood of being in thevandVery Low Internaprofiles instead of th&8elf
Deterninedprofile. Increases in perceptions of organizational politics increased likelihood of
being in theModerately Low Interngprofile. SeltDeterminedprofile was higher than all other
profiles exceptigh Internalin job satisfaction and commitmeitigh Internal profile was

higher than the three low internal profiles in satisfaction and commitment and higher than the
Moderately Internaprofile in satisfaction. Th¥ery Low Internaprofile had significantly

higher intent to turnover than tiself Deternined, High InternabndModerately Highprofiles.

Overall, the internalization of motivation was beneficial for outcomes in this study.

The profilesof this studyincluded two that recur in almost all of motivation profile based

studies to date: a veryMddamotivated profile and a highly motivated profile. It is also

noteworthy that emergent profiles were both quantity based\edgrately High and quality

based (e.gSelfDetermined reflecting outcomes in other motivation profile research. Finally, it
is interesting to note that there are two autonomous dominated profiles identified: high internal
and seldetermined which may be reflective the sample of highly educated private sector

managers.

Valero and Hirsch{2016)applied an integrative model ofotivation based oRarker et al.'s
(2010)model of proactive motivation in research involving samples of adolescent students (n =
577, 15 years old) and apprentices (n = 949, 17 years old). They used autonomous goals,
positive affect and occupational sefficacy as latent profile indicators. While the study did not
apply SDT, the findings amoteworthy They found five consistent profiles: low positive affect
(4%/12%), unmotivated (9%/6%), slightly unmotivated (30%/23%), moderately motivated
(42%/54%) motivated (14%/6%).

Due to the theoretical basis of the study, controlled forms of motivation or amotiwegtiemot
included. However, botguantity based (e.gnoderately motivated) and quality based (e.g. lo

positive affect) profileemerged.

Howard,Gagné and colleagues (20Hyuably take a much more detailed and rigorous
approach to withigperson motivation research than any of their predecessors by a) identifying
motivation profiles using advanced LPA techniques rather than cluster analyssigp) u

reliable and welestablished measured (i.e. MWMSagné et al., 2015%) reflecting the
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complexity of experienced motivation by including all demonstrably distinct forms of
motivation within SDT (i.e. including amotivation and excluding integratetivation (see

recent metanalysis findingsHowardet al., 2017); d) relying on strong theoretical

foundations (i.e. SDT)ynd,e) applying the autonomous and controlled framework as a post hoc
analytical framework rather than a measure; and f) foegssi a large heterogeneous group of
working adults in two countries (Canada n=723, Belgium n=286), from technology,
government and manufacturing sectors. Four profiles emerged from the analysis. Two reflected
those that emerge among the majority of naiton profile studiesAmotivatecandHighly

Motivated TheAmotivatedorofile was associated with distinctly low wékking outcomes. This
highlights the importance of including amotivation as a specific measure, rather than just
reporting low levels of wtivational regulation. Balancedprofile emerged reflecting average
levels of all forms of motivation/amotivation. FinallyModerately Autonomoysrofile

emerged with above average levels of intrinsic motivation and below average on all other forms.

Once more theeprofiles reflect both quality based profildddgderately Autonomolisnd

guantity based profiledHighly Motivated. The key finding of the analysis was that as long as
the profile shape is dominated by autonomous rather than controlles| fwathbeing and
performance outcomes appear to be positive, thus that quality of motivaticsupergede
guantity of motivation in predicting worknd employee outcomes. This wdemonstrated by

the fact that th8alancedprofile, which was similar inwerall levels of motivation to the
Moderately Autonomoywrofile demonstrated significantly lower levels of performance and
well being. The authors highl i ghvhichmighatie r esear ch
found everywhere and othemhich are nore peripheral and may be specific to working
contexts or types of employegolinger, Olffen, Roe, & Hofmans, 2013)here was also
evidencehat profile membershipgasa function of job categorfHoward et al., 2016) The

study was marginally limitedybhaving just three job categories which may have missed some

of the nuance associated with samples with different work and organisational characteristics.

2.3.3Motivation profile classification modeland study propositions

With six individual forms of motivadnal regulation, numerous profiles can be anticipated to
naturally occur across all organisations. As evident from the above review, studies to date have
used diverse naming conventions to describe motivation profiles which can make it difficult to
differentiate or compare profiles across studies. The current research aims to rectify this
situation by proposing a classification model that can be applied to emergent motivation
profiles.Figure 2A outlines thismodel, which is based on motivation profilsearch to date
and the premises of saletermination theory. It reflects the consistent emergence in research of
profiles either characterised by their dominant quality of motivation (qedien) or those
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without a dominant quality of motivation, claaterised instead by the quantity of overall
motivation (quantitydriven). This distinction is not novel to the current proposal: previous
profile studies have attengatto identify the different impact of quality versus quantity in
motivation profiles (. Van den Broeck et al., 2013 owever, to date, these characteristics

have ot yet been used to create a coherent classification modabtoration profiles.

. Highly Autonomous Legend:
High Autonomous Dominant
Dominant
Autonomous
AUtONOMOUS | \10darate Dominant Controlled .
ivati i uantitydriven profiles
Motivation Moderate Dominant Q ¥ p
Controlled Highly |:| Quality-driven profiles
Low Dominant Contrdled
Moderate Dominant
Amotivation Moderate High
Dominant
Controlled Motivation

Figure 2-A Proposed Classification Model for QuantiBriven and QualityDriven Motivation Profiles

These categories of profile demonstrate predictable outcomes iretagulie within and across
categores (see Table 2.1). Withguality-driven profiles Autonomous Dominamirofiles are
consistently associated with more positive outcomes@aantrolled Dominanbr Amotivation
Dominantprofiles. Within quantity driven pfides, Balanced Higlprofiles are associated with
more positive outcomes th&@alanced Moderater Balanced Lowprofiles. Across these profile
categoriesBalanced HigrandAutonomous Dominamirofiles (incl. high or moderate) are
associated with similargsitive outcomes and more positive outcomes than all other profiles
(Controlled DominantAmotivation Dominanor Balanced Moderater Balanced Low: In

other words, unless autonomous motivation is high (8alanced High, Autonomous
Dominantprofiles gpear to outperform all other profiles with regard to positive outcomes. For
example, with similar levels of overall motivatichtonomous Dominant Modergbeofiles

lead to more positive outcomes thBalanced Moderaterofiles (Howard et al., 2016)
Amdivation Dominanprofiles are related to the lowest levels of positive outcomes. These
distinct outcomes associatedth quantity and qualitydriven profiles support the validity of

the proposed nomenclature.

The model is applied, and the appropriasgessification is identified by examining the relative

average levels of autonomous motivation (Intrinsic, Identified) and controlled motivation

(Introjected, External Regulation) within a population as indicated by standardized means.
42




Amotivation Dominanis indicated when Amotivation is high and all other types of motivation
are at or below average as describesvard, Gagné, Morin and Van den Broeck (2016)
Further details of the application of the model inghesent studgre provided in the relevant

data analysis section in Chapter

It can be expected the presence these profiles in a population may be related to nationality,
culture, organisational context and job characteristics. The present study seeks to explore the
impact on these by examining mattion profiles among a lowkilled worker group in a single

highly engineered UK based organisation. As this research will seek to identify naturally
occurring profiles, the nomenclature is applied here as an a posteriori classification, as opposed
to ana priori prediction.

Table 2.1 Examinations of Naturally Occurring Motivation Profilés Differences in Outcomes of
Quality-Driven and Quantity Driven Profiles

Study Population Quality -driven Quantity -driven
Ratelle et al.2007 High School Amotivation Dominant Balanced ModeratandBalanced High
Study 1 & 2 Students predicted school drop out predicted best school functioning
outcomes, with the latter outperforming
the former
Ratelle et al., 2007 College Students | Autonomous Dominarivice Balanced Lovwvorst on grade
Study 3 as likely to persist as achievement and persistence
Balanced High
Moran et al., 2012 Employees/Workery Autonomous Dominamhost Balanced Higtmost favourable
favourable correlates with correlates with need satisfaction,
need satisfaction, performanq performance and work environment
and work envirament perceptions (no differece with
perceptions Autonomous Dominant

Controlled Dominanteast
favourable correlates with
need satisfaction, performang
and work environment

perceptions

Van den Broeck et al., 2013 | Employees/Workers Autonomous Dominant Balanced Highhad highest levels of job
highest levels of job satisfaction, work engagement,
satisfaction, work enthusiasm, lowest levels of burnout a
engagement, enthusiasm, strain (no difference witlhutonomous
lowest levels of burnout and | Dominan)
strain Balanced Lovhad lowest leval of job
Controlled Dominanhad satisfaction, work engagement,
lowest levels of job enthusiasm, highest levels of burnout
satisfactionwork and strain (no difference witBontrolled
engagement, enthusiasm, Dominan)
highest levels of burnout and
strain

Graves et al., 2015 Managers Autonomous Dominant Balanced Moderatprofile had lower
profiles were higher than intent to turnover tha@ontrolled
Controlled Dominanprofiles | Dominantprofiles and lower satisfactior
on satisfaction and and commitment thaAutonomous
commitment Dominantprofiles

Howard et al., 2016 Employees/Workerd AmotivationDominant Balanced Moderatgrofile
associated with lowesbhp demorstrated significantly lower
satisfaction and engagement| performance and wellbeing outcomes
and highest burnout of all thanAutonomous Dominant Moderate
profiles Balanced Highprofile demonstrated
Autonomous Dominant significantly higher performance and
Moderatedemonstrated wellbeing outcomes thaBalanced
significantly higher Moderate

performance and wellbeing
outcomes thaBalanced
Moderateand no difference
with Balanced High
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2.3.3.1.  Propositions regarding motivation profiles

Given the exploratory nature of this analysis, explicit hypotheses are not prasehted
present studyNeverthelesshased on findings from other examinations of naturally occurring
motivation profiles, especially those where individual forms ofile#gon have been measured
(Graves et al., 2015; Howard et al., 2016; Moran et al., 2012; Ratelle et al., i2@0@)oposed
that twod c¢ oproélés will emergeAmotivation DominanandBalanced HighA number of
profile studies have also seeBalanced Lowprofile emerggRatelle et al., 2007; Van den
Broeck et al., 2013Howard, Gagné, Morin and Van den Broeck (20dd)ate this profile with
their Amotivation Dominant profileTherefore it is of interest to see if this profile emerges

distinctly oronly Amotivation Dominanémerges.

The nature of the population and working environment in this study allows for a further
proposition.Van den Broeck et al. (2018)und that bluecollar, lower educated workers were
dominant in a high controlled, low tmnomous motivation profile; the population for the
present studgare comprised of blue collar, leskilled workers. In addition, their working
environment is highly engineered, including close monitoring, a focus on errors and error
resolution, and repeive piecemeal tasks and therefore, job characteristics may not be
supportive of autonomy and competence needs. Thus, it can be proposed that one or more
Controlled Dominantnotivation profiles maye present. These propositions, displayed in

Figure 2B, are discussed again in the Chapteimvlight of the results presented in Chapter 6

Propositon 1: Two ficor e pr o fAmbtigasioh DominandndBalemeedHjgd. ]

Proposition 2: One or moreControlled Dominanmotivation profiles will be present.

Figure 2B Study Propositions

In summary, esearch applying the tenets of s#dtermination theory to the work domain has
consistently demairated the role of basic need supports and the design of the job in positive
individual and organizational outcomes via autonomous motivation. Different forms of
motivational regulation predict, not just outcomes like performance and job satisfaction, but
also behavioural mediators of these outcomes such as how individuals invest effort at work and
the extent and forms of proactive behaviour in which they engage. These findings have been
made possible by the development of a range of quantitative meatuoresvational

regulation, among which the MWM$&agné et al., 20158 the most comprehensive measure
available in terms of the forms of regulation it measures and the extent of its validation. The

long standing tenet of SDT theory that different formotivation can be experienced
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simultaneously by the same individual has finally been fully supported by a recent stream of
research into motivation profiles. Theesent studpuilds on this existing research by applying
latent motivation profile analysito a lowskilled worker population. It further contributes to

this field of research by proposing a comprehensive classification model for motivation profiles

to allow profiles to be easily compared across different studies in the future.

2.4.Conclusion

With its focus on creating optimal conditions for the satisfaction of basic psychological needs,
SDT has the potential to improve all domains of life for individuals, including working life.
Numerous forms of motivational regulation exist on a continuum ohaaty from

autonomous (selfegulatedYo controlled (externally regulatg(Deci & Ryan, 2008h)Reasons

to engage in work can be intrinsic or extrinsic and these extrinsic forms of motivation differ in
the degree to which they are internalized. The fafmotivation that people experience at

work are determined by the extent to which the work meets their basic needs for autonomy,
competence and relatedn¢&sagné et al., 2010)f work satisfies these needs, it impacts work
motivation in different way$Gagné & Deci, 2005)Satisfaction of needs for competence and
relatedness allows experienced motivation to become internalized, as evidenced in increasingly
autonomous forms of motivational regulation. If work satisfies needs for autonomy, it can
determne the extent to which these forms become internalized. If needs are fully satisfied at
work, even where work isat intrinsically enjoyableindividuals can experience identified or
integrated motivatiofiGagné & Deci, 2005and experience optimal outcomi@ wellbeing and

performance.

Work is unique from other domains because, with the possible exception of unpaid workers,
extrinsic reward is integral to work. Individuals receive monetary reward in return for work
completed. Indeed, for the vast majowtyworkers who lack financial independence, getting
paid is one of their primary reasons for coming to work. If this were the only reason to work,
external regulation would dominate their motivational experience. However, because
individuals can experiena#fferent forms of motivation simultaneously, many organizations
successfully focus on creating working environments which facilitate the internalization of
motivation, creating other reasons for coming to work beyond pay. These include recognition
and pomotions which feed ego needs and act as a buffer against lesstagm (introjected
motivation), highlighting the value of the work (identified regulation), and fostering deep
connection between the individual and the organization such that the workdsepart of who
they are (integrated regulation). Alongside autonomous and controlled formsidtiont
organizations musinderstand how to address amotivation, or the intent not act. The experience
of amotivation and how it impacts behavioural outesrat work has been largely absent from
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the work motivation research to date. Thus, it becomes clear why \pithéion research is so
important to allow researchers to understand the full picture of experienced work motivation
within an individual. Recentsearch looking at the motivation profiles of individuals, found
that autonomous motivation predicts performance and wellbeing even where controlled
motivation exist§Moran et al., 20124nd that as long as the profile is dominated by
autonomous motivain, positive outcomes can be predictedward et al., 2016)t is where
autonomy is low in the profile and controlled motivation dominates, that positive outcomes
suffer(Howard et al., 2016; Moran et al., 201Buture research needs to explore thereatii
motivation profiles at work, including the role of amotivation therein, and the circumstances in
which they arise (specific jobs, specific sectors etc.), a goal whigirésent studgims to

contribute by focussing on legkilled workers in a lowaonomy environment.

While their antecedents and distal outcomes have been examined in detail, an identification of
the proximal behavioural enactments resulting from various forms of motivational regulation
has been lacking from the variafglentred resarch in SDT(De Cooman et al., 2012nd is

almost entirely absent from the limited range of persemtred research. Research relating to
different types proactive work behaviours holds great promise in revealing howotivation

profile of an individudimpacts their behaviours at work, particularly over time. The current
research will examine the impaadtwithin-person motivation profile on the level and trajectory

of their proactive behaviour over time. As the next chapter will explore, job craftmfprm of
proactive work behaviour measured in this study is well suited to the study of motives because
it has been conceptualised as a range of empldyeen behaviours that change the resources
and demands within a jq#ims et al., 2012and becase these changes reflect the needs of the
employee rather than the organisatj@dfrzesniewski & Dutton, 2001)n examining the

concept of job crafting, this study provilasights into theole of motivation in employeked

job design and the investmeofteffort.

Finally, in addressing the above points the current research responds to a number of calls among
SDT authors and researchesgecifically the call for longitudinal desigria SDT (Deci et al.,

2017)and proactive behaviour reseaftiu, Tangrala, Lee, & Parker, 2019%he call for work

on motivation and proactivitiKanfer et al., 2017)a call for contextualisation in organisational
researci{Howard et al., 2016; Rousseau & Fried, 20814 the call for further exploration of
amotivation(Howardet al., 2017) The next chapter examines job crafting, the form of

proactive work behaviour measured as a longitudinal outcome in this study.
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CHAPTER 3
Job Crafting Theory and Research

3.1. Infroduction

3.2. SECTION A: Job Crafting Theory

Theoretical Foundations Forms of job crafting

3.3. SECTION B: Job Crafting Research

|¢

Cross-sectional job crafting research Longitudinal job crafting research

3.4. Conclusion

|¢

3.1.Introduction

How do the work activities of individuals déf based on their motivation profiles as described

in the previous chapter? One of the concepts which may help to answer this question is the
concept of job crafting. Job crafting is a proactive work behaviour in which individuals
deliberately change thesglign of their jobs to create meaniiwgrzesniewski & Dutton, 2001)

The concept is based on two core ideas: that employees are agentic and therefore will engage in
activities not prescribed by the organization such as job crafting; and that the jab aself

social construct and therefore subject to alteration through job crafting. It is a thriving field of
research. In the laswb years alone, there have beeell over 100research articles published

relating to job crafting

Much theorizing in the &a has focussed on defining forms of job crafting actiVityo
predominantpproaches have been posited. The firdaMogesniewski & Dutton (2001)

2, aSR 2y aSINODK 2y G2LAO 2F a220 ONI FiMgréhé o0SGoSSy
2019 (www.webofknowledge.com)
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Chapter3 Job Crafting Theory anResearch

suggests that job crafting can be either oriented toward chathgitagsk boundaries, relational
boundarie®r cognitive boundaries of a job. The second, based on the Job DeResuisce
Model (JD-R Model; Demerouti, Bakker, Nachreiner, & Schaufeli, 2080igests that job

crafting can be oriented towards increasing or decreasing demands or resourcegjelithin a
(Tims & Bakker, 201Q)The plethora of recent research studies has primarily sought to test the

occurrence of these various forms of job crafting and identify their covariates.

Wrzesniewski and Dutton (200fjoposed specific links between craftinglanotivation
suggesting that forms of motivation experienced by an individual impact the nature of crafting
activities in which they engagelowever, viherejob craftingresearch studies have examined
motivational factors, they have often treated them &souwe variablesNrzesniewski and

Dutton (2001 )lso proposed that job crafting is dynamic and that both levels and types of job
crafting change over time within individuakéet, in-depth theoretical development of the links
between motivation, time andlj crafting has been limitethdeed researchersontinue to call

for further theorizing and research about the role of tinveider field of proactive work
behaviourqLiu et al., 2019)The present studgeeks to addressebegaps by presenting and
testing new theory which seeks to answer a number of questions. Are job crafting activities
inherentlydynamic in nature? Can we expect to see changes in crafting activity over the
medium term (i.e. months) even when the environment remains relatively?stablevels of

job crafting and their trajectoriesl i f f er based on an individual 6s

This chapter is organized iwo sections. The first section presents the wider theoretical and
research context for the application of job craftimghis studyincluding its theoretical
foundations and assumptions, a descriptiofowhs of job crafting and a review of the relevant
crosssectional research in the fielthe second sectiqoresents a criticakview oftime in job

crafting theory andesearchA model of job crafting over time is then proposed in Chapter 4.

3.2.SECTION A: Job Crafting Theory

In order to provide context for the application of job crafting ingiesent studythis section
presents an overview of job crafting theory aneaesh. It begins by outlining the theoretical
context of job crafting, highlighting the relationships between job crafting and other proactive
work behaviours and outlining the assumptions of agency and social constructionism
underpinning the concept oftjaerafting. It proceeds to examine forms of job crafting,
describing and comparing two theoretical models of job craftiNgzesniewski and Dutton's
(2001)job crafting model and the Job DemaiRissource Model of job craftin@ims &

Bakker, 2010)Finally, it discussegheir operationalisation in the field, and justifies the

application of the JER model of job crafting in thpresent study
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3.2.1. Theoretical foundations and assumptions of job crafting

Job crafting theory sits within the wider field of proaetivork behaviours which have a long
history in industrialorganizational psychology. Fifty years af@tz and Kahn (1966)

highlighted the importance of activities engaged in by employees which are outside the job as
designed. Because there is no waylamfor and design every aspect of a role, organisations

need individuals to complete activities that are outside of standard role beh#Siams

Boettger,1990) During the 197006s and 19M@l@kelsavicussear che

byidentifi ng si tuational contexts in which they
shifted its gaze toward the individual by looking at personality and behalieadencies

around proactive work behaviour§he primary reason for this adjustment in oeas that,

despite research demonstrating the impact of situational and job characteristics on employee
behaviourgHackman & Oldham, 1976jt was clear that individuals in similar jobs who
experience similar situational variables, still enact thoseijotsferent wayqBiddle, 1979;

Graen, 1976; Katz & Kahn, 1978)nd, whilepositioned as positive in the literature, these
proactive work behaviours could theoretically be counterproductive and have a negative impact

on the organisatiofCrant, 2000)

Thus the focus of theory development within proactive work behaviours began to shift from
situational drivers and organizational benefits to reframe them from the perspective of the
individual. In a seminal article representing this sH#ll and Staw (289)suggested that an
individual sé6 proactive regulation of their
traits, influence work outcomes. From this point, the individual became the focal point within
proactivity research. Constructs developetthiv the field included those which viewed
proactivity as an individual disposition, such as proactive persof@htygman & Crant, 1993)

as a behavioural tendency like personal initia({ese, Fay, Hilburger, Leng, & Tag, I99as

an individual st like rolebreadth selefficacy (Parker, 1998)as a context specific behaviour,
such as voicévan Dyne & LePine, 1998and as an innovation behaviour such as task revision
(Staw & Boettger, 1990)t was in this context thdligen and Hollenbeck (1992lescribe how
emergent task elements can be created by the job holder and incorporated into their role to
increase their job satisfaction. These empleyéecn activities, which change the design of the

job, are the foundations of the construct of jodiftomg.

Job crafting is a specific form of proactive behaviour which changes the design of a job or tasks
therein and is characterised by being motivated by individual needs, and by contributing to
individual meaning and identifyVrzesniewski & Dutton, 201). The emphasis here is on the

dominance of the internal psychological experience and employee needs: individuals are
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Chapter3 Job Crafting Theory anResearch

motivated by theibasicneeds to craft their jobs; external factors such as job and work
characteristics may moderate this activity thety do not drive it. There are examples of other
proactive work behaviours which can be classified as job crafting. Personal initiative is a
behavioural tendency characterised by being consistent with the organizational needs rather than
individual needgFrese et al., 19971t the same timeyhere organisational and individual

needs overlap, individual instances of personal initiative could be correctly categorized as job
crafting. Other contexspecific proactive behaviours, such as coigpinwall & Taylor,

1997)are motivated by individual needs and enhance individual meaning and identity and can

be categorized as forms of job crafting.

An underlying assumptioof job crafting is that employees are active agents. This assumption
challengesalonpe | d vi ews within organisational researc
is a passive recipient of the job as designed, a lump of clay to be sculpted by socialisation for
organisational ends. Tle®ncept oemployee agendg supported inwider orgatizational

theory and researéhcludingpsychologicakontract theorySeeck & Parzefall, 2008he Job
DemandsResources model of employee stré&akker & Demerouti, 2007; Tims et al., 2012)

and models of employded job desigr{Fried, Grant, Levi, Haahi, & Slowik, 2007) In the

latter area, thengoing uniqueinteraction betweeanindividual and their jolvesults in

changes to that jobver time. This reflects the second assumption of job crafting theory: that the

job is a social construct.

Within job crafting theory, Wrzesniewski and Dutton (2001) propose that there is no such thing
as an objective jolRreflecting observations tsarlier scholars (e.&anchez & Levine, 2000;
Weick, 1979) they argue that individuals have socially constructed kridgel®f their jobs
Socially constructed knowledge of a jiitendirects the activities in which employees engage at
work, including their crafting endeavours, and it is these activities which reflect the job in
reality. Thus, @& a socially embedded procegs) crafting is not an isolated instance of

proactive work behaviour. It is a combination of proactive and adaptive processes where
individuals who wish to engage ijob crafting, adapt to the barriers that might exist within their
working environmen{Berg, Wrzesniewski, & Dutton, 2010Hence job crafting resulis a
continuous evolution of the job over titm@sed on proactive and adaptive procefBer,
Wrzesniewski, et al., 2010; Fried et al., 200/4) date, there have been limited longitudinal
studies in job crafting research which would allow this evolution to be demonstrated, a gap

which the current research will address.

Finally, work meaning and identity is linked to social constructionfgfrzesniewski & Dutton,

2001) In thinking and speakingbout work, and in their actions at work, individuals construct a
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work identity and give meaning to the role of work in their lives. Research has shown that even
within a single professionyork meaning and identity can vary widdline, 1996) These
forms of meaning can be reflected in the motives for doing agdbscribed in SDTRyan &
Deci, 2017) For examplewherethe primarymotive for doing a jolis to get paid, as reflected
in the experience aghateriatdrivenexternalregulation(Gagné et aJ.2015)or whereit is
becausef identificationwith the value and canbution of thework as reflected in the
experience of identified regulatigRyan & Deci, 2017)This meaning can in turn impact how
individuals think and act at work to impact thigib design(Wrzesniewski & Dutton, 2001)
More specifically, in relation to thigresent studyit can impact the forms of job crafting
which they engagend their persistence in thesetivities over timeThe next suisection
examines these forms ailj crafting in more detail.

3.2.2. Forms of job crafting activities

There are many ways in which an employee can alter the boundaries of their roles to reflect the
meaning of their work or their work identity. These alterations can be made individually, or
collectively with team members or managemgrgana, Appelbaum, & Shevchuk, 2008ey
can be visible or invisible to peers or manadey®ns, 2008; Tims et al., 2012nd they may
be radical or incremental adjustments over tiBerg, Wrzesniewski, et a2010) Given the
potential range and vastness of forms of job crafting, authors have sought tayjasiogies
whichidentify and classifforms of job crafting activities. In this stdectionthe two
predominant approachase examined and comparece fbb crafting modelWrzesniewski &
Dutton, 2001)and an alternative classification of job crafting activities applying the Job
DemandsResources (HR) model which is utilised in theresent studyTims & Bakker, 2010;
Tims et al., 2012)

3.2.2.1. Wrzesniewski amd Duttonos (2001) Job
(JCM)

Wrzesniewski & Dutton (2001) proposed that all job crafting activities can be classified as one
of three types: changing task boundaries, changing relational boundaries or changing cognitive
boundaries. The firghcludes changing the type or quantity of job tasks. The second includes
changing the nature of existing relationships, and adding or removing relationships. The final
type refers to an employee changing their perception of their work as discrete parts or
whole.While a number of studies have found evidence of all three types of job c(&ftirg

Grant, & Johnson, 2010; Berg, Wrzesniewski, et al., 2010; Hornung & Rousseau, 2007; Leana
et al., 2009; Lyons, 2006, 2008me model has been criticised fbe generic nature of its

classificationgBakker, Tims, & Derks, 2012Berg, Wrzesriewski, et al. (2010have
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addressed this critiqgue to some extent by applying qualitative findings to further delireate

classification into six types of job craftjin

However Wrzesniewski and Dutton (2001) acknowledge that there mayheetypes of job
crafting activities for which their model does not acco8utbsequemntesearch reveals job
crafting as a form of career setfanagementL_yons, 2006, 2008; Simmieg, Colquitt, Noe, &
Porter, 2003)and identifies crafting of leisure time in response to missed callBeyg,(Grant

& colleagues2010)or to misalignmerg between work and work identity as a result of a merger
(Kira, Balkin & San,2013) Other idenfied forms of job crafting include organizational
craftingwhere high level executives changed the organisation to align with their own work
identities(Kira & Balkin, 2014)andforms of crafting that are directed towards interests and
strengthsuse Kooij, van Woerkom, Wilkenloh, Dorenbos&hDenissen2017) Finally,

specific types of physical job crafting have emerged from qualitek@eninations including
temporal craftingwhereindividuals deliberately determine how they spend their time to align
with their personal workfe balance needs, such as skipping lunch to leave veotiee and
locational craftingwhere individuals manage where work time is spent, such as working from

home to facilitate workife balancegSturges, 2012)

WrzesniewskandDut t on ( 2 0dOe% nobesplamwhire how and why different types
of job crafting are related to each other. In their qualitative sBelg, Wrzesniewski, et al.
(2010)explored the relationships between the three proposed types of job craftifauad
evidence that task and relational changes are connected to each other, and that cognitive
changes may prempt changes to tasks and relationships. The job crafting model also fails to
specify how the antecedent variables within the model relatado type of crafting activity

even though the types of job crafting activities they highlight are distinct from each other and
likely to have different antecedents. Furthere while suggesting that relational crafting

affects work identity, the modebds not provide any further explanation of how different types

of job crafting relate to these proposed outcomes of identity and meaning.

The stream of research that draws on Wrzesni ews
dominated by qualitativeesearch. This has provided rich examples of job crafting. These

include an ethnographic qualitative study of a team of 20 pattern makers ioalsaly or800

hours of observations, document analysis and interviBerdlotti, Macri, & Tagliaventi,

2005) semistructured interviews with 33 employees from +profit and forprofit

organisation in the UBgrg et al., 2010)and qualitative study in Finland Ib§ira et al. (2013

examined crafting during a change period and how it relates to personal velue=eds,

referred to as authenticity. Quantitative studi
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have been more limited in number and relatively disparate in their attempts to operationalize the
model ino a comprehensive quantitative measure @hitulescu, 2006Leana et al., 2009;

Slemp & Vellabrodrick, 2013L.u, Wang, Lu, Du, & Bakker, 2014; Niessen, Weseler, &

Kostova, 2016)Neverthelesghe most recent of thepeesent good opportunities to develop
guantitative research within this concepization of job crafting. An alternative classification

model, the JER model of job craftingTims & Bakker, 2010jvhich includes a relatively

consistent approach to quantitative reseérams et al., 2012js discussed next.

3.2.2.2. The Job DemandsResources Mdel & Job Crafting

While referring to tle original job crafting model[ims and colleagugdims & Bakker, 2010;
Tims et al., 2012yreated an alternativ@oceptualisatioty applying the JER model to job
crafting activities. As a theory of employeeess, the JER model(Bakker & Demerouti,

2007; Demerouti et al., 200t@lyaws on balance models of employee wellbeing such as the
demandcontrol mode(Karasek, 1979and the effort reward imbalance mo@®iegrist, 1996)

It argues that a job can be viadvas a range of demands and resoui¢as den Broeck, de
Cuyper, et al., 2010)Demands require an investment of effort or energy from the employee
and require skillsandresources in order to be fulfilleBesources help employees to meet or
reduce demads and support the completion of work gd&8akker & Demerouti, 2007,

Demerouti et al., 2001)obs that are poorly designed, for example where demands exceed
resources, can lead to employee burnout; jobs that are well designed can enhance work
motivation and meet basic needs for autonomy, competence and relati®hides &

Demerouti, 2007; Demerouti et al., 200Qyhile demands can drain energy, resources can
provide support and act as a buffer against the potentially negative impact of demands,
partiaularly in high demand job@akker & Demerouti, 2007; Demerouti et al., 2001)

However, not all demands are draining. While hindrance demands may drain energy by
directing attention away from personal goals, often resulting in negative emotions, chgllengin
demands are stimulating, create positive affect and lead to personal growth, despite requiring an

investment of energfv/an den Broeck, de Cuyper, et al., 2010)

Tims et al. (2012)dentified four dimensions of crafting activities rooted in theRIModel

increasing challenging job demands (CD), increasing structural job resource (SR), increasing
social job resources (SS) and decreasing hindering job demands (HD). Increasing challenging
job demands is where employees alter the boundaries of their ilntedase challenges for
stimulating, motivating outcomes as well as the chance to experience ¢fawshet al.,

2012) Challenges can include anything from a chef deciding to invest time in sourcing seasonal

produce to a project manager taking the oppoty to expandh project to improve an aspect of
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a new IT system. Seeking resources incorporates two dimensions of increasing structural job
resources and increasing social job resouftiess et al., 2012)Increasing structural resources

is where emplgee seek to add resources within the structure of their job, such as broader
decision making scope or additional training. Increasing social resources is where employees
seek additional relationship support, such as advice from a colleague or feedbattiefrom
managerDecreasing hindering demands is where employee reduce the demands of their job by,
for example, dclining a request to help on an extra task or minimizing contact with people who

are emotionally demanding.

Bakker et al. (2012)escribes thérst three dimensionaboveas positive job crafting but they

can also be identified @&xpansiven nature as they aim to increase both demands and resources
within the job(Peeters, Arts, & Demerouti, 2016hcreasing challenging demands and seeking
social and structural resources are positively related to situational and individual factors such as
job autonomy(Petrou, Demerouti, Peeters, Schaufeli, & Hetland, 2@E2¥sonal initiative

(Tims et al., 2012)and proactive personalifiBakker et al., 202), and to work outcomes like
colleaguerated performance and engagem@akker et al., 2012; Petrou et al., 2012; Tims et

al., 2012; Tims, Bakker, Derks, & van Rhenen, 20TBgy are negatively related to negative

work attitudes like individual cynicm (Tims et al., 2012)Of the three dimensions, recent

findings suggest that increasing structural resoufiess et al., 2012and increasing

challenging demand®akker et al., 2012are most important for work engagement and ether
rated performancéRudolph et al., 2017)While seeking social resources has demonstrated
significant, positive correlations with engagement, these are weaker than the other two
dimensiongTims et al., 2012)and it has demonstrated mixed relationships with eted
perfomance(Bakker et al., 2012; Rudolph et al., 2017; Tims et al., 2012)

The final dimension, decreasing hindering job dem#&Hfly, may be important for employees

when demands become overwhelming or threaten burnout or when demands interfere or conflict
with more meaningful work goaldims et al., 2012)This type of crafting behaviour has been
describedas the negative side of job craftiffRetrou et al., 2012ndhas demonstratetbn

significant negative correlatigmwith work outcomes like performan€€&ims et al., 2012and
engagemengPetrou et al., 2012; Tims et al., 201Research has also shown that this type of
crafting behaviour has a negative relationship with proposed antecedents of job crafting such as
autonomy(Tims et al., 2012)Thus, the vaables and outcomes relating to this fourth

dimension are demonstrably different than those of the positive job crafting dimefi$inast

al., 2012 Rudolph et al., 2017)t can be identified asrastrictiveform of job crafting, as it

reduces demaisdwithin the job.
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By applying the JER model to thestour forms of job crafting, thenodel suggests ways in

which these forms of job crafting can interact in a way that the Wrzesniewski and Dutton (2001)
model does not. For example, it can be hypotheslzskd on the model, that individuals might
increase resources to allow them to increase demands and therefore that these forms of job
crafting may be aligned and occur at the same time. The current research draws on this
principle, as described later @hapter 4Furthermorethis stream of job crafting researichs

helped to explain how demand and resources interact within therdbdel over timée.g.

Dikkers, Jansen, Lange, Vinkenburg, & Kooij, 200@hile the JBR model focusses on

available resowes and the demands placed on employees, classifying job crafting activities by
applying the JER model suggests that employees can influence demands and resources as well
as be impacted by thefBakker & Demerouti, 2007)This reciprocal relationship hasce

been supported by recent evide(@Bakker, Tims, & Derks, 2012; Dikkers et al., 2010; Petrou,
Demerouti, Peeters, Schaufeli, & Hetland, 2012; Tims, Bakker, Derks, & van Rhenen, 2013;
Tims, Bakker, & Derks, 2012, 2013)

There are other advantagesaasated with this conceptualisation of job crafting. TheRID

based model is based on a model of employee stress and therefore linked to the needs of the
employee as opposed ta generic list of proactive behaviours whinly or may not be driven

by emplo/eeneedsIn addition,Tims, Bakker, & Derks (2012)ave developed a quantitative
measure of this conceptualisation of job crafting, the Job Crafting Scale (JCS) which has been
widely used and weNalidated(Rudolph et al., 2017nd, as described laterthis chapter, has
allowed researchers to examine a wide range of situational and individual covariates. This

measure is utilised in th@esent studgand is discased in more detail in Chapter 5

A distinctdisadvantagef theJD-R classification of jb craftingis thatexcludes cognitive job
crafting (Bakker et al., 2012)The authors of the classification suggest that cognitive crafting is
essentially a form of adaptive reframing in response to an external situation. Job crafting is a
proactive work ativity, therefore as an adaptive activity it is argued that cognitive crafting does
notmeet the boundary conditions of the const(Beikker et al., 2012)A second reasogiven

for the exclusion of cognitive crafting is that job crafting in this classibn is limited to

changes in aspects of the jaftask leve(Tims et al., 2012)not about redesigning the job as a
whole, as can be the case within cognitive crafting. By excluding cognitive job crafting,-the JD
R classification is slightly removddom the social constructionist origins of job crafting theory,
which suggests that the individual act of creating the idea of a job, as social construct, can be
considered a form of cognitive job crafting (Wrzesniewski & Dutton, 2001). Indi=ed,
Wrzesiiewski, et alb €010)view of cognitive job crafting includes reframing the job as a

meaningful whole. They found evidence of this activity andgest thgbb crafting can be
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made up of a series of adaptive and proactive steps, particularly wheoyeespheed to adapt
their job crafting intention® organizational constraintResearchers have recently begun
attempts to resolve this issue and provide theoretical clarity about the role of cognitive job
crafting and the boundaries oktbonstructe g. Zhang & Parker, 2019 azazzara, Tims, &
Gennaro, 2019; Lichtenthaler & Fischbach, 20¥@)ich although beyond the scope of this
study, is much needed in the field

Since the original classification of job crafting Wrzesniewski and Dutton (200tyas
published, ithasitself been expandeand an alternative classification of forms of crafting has
been proposed that applies theRDnodel This latter classificatiohas been utilised in the
present studyThese twoapproachediffer in a number of areas. The -HDbased classification
of job crafting, while excluding cognitive job crafting, is particularly helpful in explaining to
explain how forms of job crafting interact. From a methodological perspective, {RebdiSed
classification has led to the development of the most widely validatdd in job crafting
research and a plethora of quantitative studies. In contrast, research that applies the
Wrzesniewski and Dutton (2001) classification has been predominantly qualitative. This
distinction is reflective of these two parallel approadbgeb crafting research, each using a
different classification approach and, to a certain degree, a distinct research methodology. While
the development of the construct and the wider theory has benefited from these different
perspectives, the lack of cgensus on the inclusion of cognitive job crafting is important to
resolveand recent attempts to do so in the literature are timely and we({@bmeg & Parker,
2019) Thesecondsectionof this chaptepresents moverview ofjob crafting researctelevan

to the present study
3.3.SECTION B: Job Crafting Research

In recent years, there has been an explosion of publications in the field of job crafting. The vast
majority of this research is variablecussed, examining antecedents, ontes, mediators and
mocerators ofob crafting without the use of repeated meas(Re®, 2008)The present study
expand this bank of research with the addition of a persentredlongitudinal research

design.This sectionopens with drief review ofjob craftingcovariatesanda more detailed

review of two specific areas directly relevanptesent studyapproach and avoidance

behaviours, and work meaning and motivatieor. the purposes of the remainder of this chapter
and later chapters, job crafting activitee® desdbed aseither expansive or restrictive

reflecting the extent to which they either increase or dectbagask, relationalracognitive

boundaries of a jolinally, considering that job crafting was proposed as a dynamic construct
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over 15 years agWrzesniewski & Dutton, 2001}he role of time in job crafting research has

been limited to datéhus, ths sectionconcludes with aetailed review of time in job crafting

|l iterature, applying Roebs (2008) ssarashtasgor i zat i «
frame of referencand establishing the state of the field before the temporal of model of job

crafting is presented in Chapter 4.
3.3.1. Cross-sectional job crafting research

Job crafting occurs regardless of the type of work (e.g. call centre nw@keClelland et al.,
2014) blue collar workerg¢Nielsen & Abildgaard, 2012)sales professiona(kyons, 2006 and
teachergLeana et al., 200®)across all levels of the organizati@erg, Wrzesniewski, et al.,
2010)and in stable or changing envimants(Demerouti, Xanthopoulou, Petrou, &
Karagkounis, 2017; Kira et al., 2013; Petrou, 20E®)wever Wrzesniewski and Duttor2(01)
suggesthat the impact of individuals needs on job crafismoderated by perceived
opportunities to crafasindicatal by the features of the job or working environment. There is
evidence of increased levels of job crafting in environments with supportive supervision (e.g.
Radstaak & Hennes, 2017%york place autonomy (e.g. Petrou et al., 2012) and within
environments tht support team level decision making (Cullinane, Bosak, Flood, & Demerouti,
2017).

Job crafting has demonstrated relationships with a long list of individual factors such as
education leve{Leana et al., 2009¢alling orientatior{Leana et al., 2009)vork identity (Kira

et al., 2013)individual competitivenesd.yons, 2006) readiness to changeyons, 2008)
conscientiousness and neurotici€ Bell & Njoli, 2016) dark personality traitdjpczniewska

& Bakker 2016) selfefficacy (Miraglia, Cencioti, Alessandri, & Borgogni, 2017; Tims,
Bakker, & Derks, 2014apnd proactive personalifakker et al., 2012)ndeedBakker et al.
(2012)found evidace that expansive job craftingediates the relationships between proactive
personality and peeatal job performance providing the first evidence that job crafting
activitiescan be the means through whiolividual factors, such as proactive personality,
impact performance as originally proposed by Wrzesniewski and Dutton in 2001. However, a
metaanalsis byRudolph et al., (20174h summarizing results from numerous studies,
highlights a key finding noted earlier in this chapter. Expansive and restrictive job crafting
differ significantly in their relationships with individual covariates. Expansivag$oof job
crafting are consistently linked with individual factors such as big five personality traits and
proactive personality and promotion focus; restrictive job crafting is linked with prevention

focus.
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With regard to outcomes, these differencesigerPositive outcomes are primarily linked to
expansive forms of job crafting. These outcomes include need satisfaction (Slemp-& Vella
Brodrick, 2013)wellbeing (Gordon et al., 2018; Hakanen, Seppala, & Peeters, 2017), job
satisfactionNielsen & Abildgaard, 2012)personjob fit (Lu et al., 2014and reciprocal
relationships with commitmeriQi et al., 2014and engageme(Tims, Bakker, & Derks,
2014b) Converselyrestrictive job crafting iinked with turnover intentiongRudolph et al.,
2017) The= differences arereflected in the temporal rdel of job crafting presented in the
nextchapter.

3.3.1.1. Approach and avoidance

It is hypothesizedh the following chaptethat specific patterns of behaviour are linked

specific forms of job craftingBipp & Demerouti(2014) appliedElliot and Thrash's (2010)
approach and avoidance temperament to job crafting actigitiesng gpopulation of

international employees studying a masters at a Dutch university. Approach temperament
demonstrated links to seeking irased resources and increased demands. Avoidance
temperament demonstrated links to crafting for reduced demands. A subsequent intervention
study among 89 Dutch employees, in which employees were directed to pursue either approach
goals or avoidance goafsund that those who focussed on avowagoals engaged in more
demandreducing crafting behaviour. Interestingly, those who were asked to focus on approach
goals demonstrated less crafting to increase demands or resources, perhaps due to the prior
commiiments to focus on specific goals or due to the fact that the goals were perfermance
approach goals rather than mastapproach goals his researclsuggest that specific types of

job crafting may be aligned with specific behavioural orientations, spaityfi approach

behaviours with expansive job crafting and avoidance behaviours with restrictive job crafting.
This has subsequently been explored in recent-gygineses of qualitative job crafting
researcl{Lazazzara et al., 2018)d theoretical reviews of job craftiighang & Parker, 2019)
These findingsre applied within the temporal model of job craftprgsented in Chapter 4

3.3.1.2. Meaning and motivation

The present study, by examining motives behind job craeeks texplain why restrictive
job crafting does not consistently demonstrate wahatiips with positive outcomeal/ork
motivation and motivational orientation havesheproposed to predict different crafting
activities from the earliest iteration of job crafting the@ijrzesniewski & Dutton, 2001yet
this contention remains to be directly tested. Specifically, job crafting theory suggests that
intrinsic motivationalbrientation results in more expansive andré&aching crafting activities

than extrinsiqWrzesniewski & Dutton, 2001 5imilarly, SelfDetermination theory (SDT)
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suggests that when our basic needs are met at werkxperience more autonomous

motivation which predicts proactivity, an autonomous behaviByat & Deci, 2017)

According to SDT, we all experience the same level of basic needs so having them does not
necessarily provide a reason to act at work; they can be met in other ddRadlives having

them met at work by supportive environments, fosters specific types and profiles of experienced
motivation to act at work. As outlined the next chaptethese resultingctionsinclude types,

levels and patterns of job crafting over time. While atrehship between theithin-person
experience omotivational regulation outlined in SDT and the proactive behaviour of job

crafting has not yet been fully elucidated or tested, a number of studies have begun to explore
motivational factors and job crafg.

Research in the wider area of proactivity at work has found that the personal initiative activities
engaged in by those who experienced intrinsic work motivation were more likely to be
positively associated with performance than similar activitiethbye who experienced

extrinsic work motivatior{Grant et al., 2011)lhe authors suggest that this is because these
activities are more expansive and more persistent for individuals who are intrinsically motivated

by their work.

With regard to studies wolving job crafting, motivatioal constructs have demonstrated
antecedent relationships with job crafting. For example, spirituality has been found to be related
to increases in intrinsic motivation leading in turn to increasgb crafting and perforance

(Moon, Youn, Hur, & Kim, 2018)Wrznesniewski and Duttqi2001)proposed three needs as
antecedent motivations for job crafting: need for control over work and work meaning, need for
positive selfimage and need for human connection with othdiess®n, Weseler, & Kostova,

(2016) in their two wave study of 118 workers from Germdaaged organizations,

operationalised thessiir eason t oo forms of motivati-on. They
image at T1 predicted relational and cognitive crgfah T2, two weeks later, and sefficacy
moderated the relationship between need for human connection and relational crafting.
Conversely, Tims et al. 20¥8undthat work motivationspecifically engagemerig an

outcome of job crafting. Aubsequerdtudy byTims et al., (2016)ncluded a measure of

greater good motivations within a meaningfulness measure (Work and Meaning Inventory
Steger, Dik, & Duffy, 2012as an outcome of job crafting. While the three scales of positive
meaning, meaning makinga greater good motivations were collapsed into one latent factor

for the analysis, making it difficult to identify the role of motivations specifically, they did find
support for a relationship between job crafting and meaningfulness through deabdnigs fit

among 114 heterogeneous employees.
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Research demonstrates that crafting can either enhance the importance of work in our lives
(Kira et al., 2013; Sturges, 201@) reduce the meaningfulness of work to achieve a better
personal balance betweennk@nd other domain&turges, 2012)ndeed,Tims et al., (2016)
found that the relationship between job crafting as a latent factor and the work and
meanindulnessscale as latent factors was mediated by demabiisies person job fit.

However, they di not find a significant path from job crafting to work and medhingss

using these latent measures. In addition, when testing alternative models, they did not test for
work meaninfulnessas an antecedent of job crafting activitieémally, a recentrsall study
among 165 employees recent demonstrated a positive relationship béweef Jung, 2019)
autonomous motivation and job craftialipeit compromised by usingeighted composite
measurs of motivation and a restriaemeasurgof job crafting.The present studgan help to
expand upon thedadings by examining job crafting among those with different motivation
profileswhich reflect bottwork meaningfuhess (identified regulation) amdeaninglessness

(amotivation).

To summarize, wsssectional esearch findings go far beyond the original propositions of
Wrzesniewski & Dutton, (2001p include a wide range of individual and situational covariates
and outcomes, and an alternative perspective on forms of job ci@fing & Bakker, 2010;

Tims et al., 2012)It is clear that expansive and restrictive forms of job crafting demonstrate
different relationship with variablesthere are a number of specific gaps in theory and research
which this study seeks to fill inclirth exploring meaning and motives in job crafting
(Wrzesniewski et al., 2012)nd the role of motivational orientation as an antecedent of job
crafting activities, as conceptualised within theREnodel of job craftingTims et al., 2012)

The nextsubsection presents a review of the longitudinal research in the field of job crafting to
date, focussing on the role of time in job crafting, a focal concept within this study. The need for
fully temporaj personcentredlongitudinal designs is highlighted tinderstand the nuances of
how factorsrelated to job crafting vary within subjects rather than relying on the broad sweeps

of averages.

3.3.2. Longitudinal job crafting r esearch

Roe (2008describes four categories of organizational research models. Treafegory is
timeless research, which is cresectional in design. It makes up the vast majority of research
the job crafting field talate andhas been briefly reviewed abovéhe next three categories
(methodologically temporal, conceptually tempoaaid fully temporal) include some element

of time. Methodologically temporaésearchs conducted over time rather than at a single point
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in time but the variables are static and there is no theorizing about the role of time. Conceptually
temporal modelglescribe how a phenomenon might occur over time although do not apply
temporal methodologies to testHinally, fully temporalmodelsdescribe and test the role of

time within a phenomenon get of phenomena. This secti@mviews existing longitudinabjp

crafting researchvith reference to these three categories.

A search of online databases reveatse thar0 published studies described as longitudinal
within the job crafting literature. For the purposes o thviewthese are growgalinto three
sub-sections as followsdiary studiesvhich examine relationships between variables on a daily
basis across a number of datygo or three wave studie®nducted using longer time intervals
that, for example, model the impact of an independent variable @b & dependent variable at
T2 andlongitudinal investigations of job craftinghich contribute, either directly or indirectly,

to our understanding of change in job crafting over time. These studies are reviewed in detalil
belowwith an emphasis on theghee to which theinform the study of job crafting over time

3.3.2.1. Diary studies

A number of diary studieis the fieldexamine withinperson job crafting but do not examine
change in job crafting over time. Although they measure job crafting over multipksyaill
examine the withisperson stability of relationships between job crafting and other variables
over these waves, rather than iafirdit change in job craftindexamples include a three wave
study byPetrou and Demerouti (201&8jnang 81 heterogenesWNetherlanddased employees
which foundthat weekievel promotion focus was related to wdelel seeking resources and
challengesand weeKevel prevention focus was related to wéekel reducingdemands and
seeking resources; a four day diary stugyChllinane et al. (2017among 64 employees with
themanufacturing division of an organisationlistng lean manufacturing (LM) whictfound

that skill utilization was positively associated with seeking resopacekincreases in seeking
resources anchallenges were asso@dtwith increases in engagement; a five day diary study
by Tims et al. (2014admong a convenience sample of 47 IT sector employbieh found

support for positive associations between-effitacy, crafting increased resourcesrk
enjoyment and work performance, with crafting and work enjoyment as sequential mediators in
the relationship between sefficacy and performancanda three day diary study [Beeters

et al. (2016pn the crossover of expansive job crafting aceegitbetween 55 dyads of wkers

from a convenience sample whildund evidence of crossover between seeking challenges but
thatseeking resources only demonstrated crossover thlegpartner was high in empathy
Numerous similar study designs explore dgly crafting and engagement, performance,

autonomy, need satisfactiacgunterproductive work behavioupsitive affect and self
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efficacy among individuals and teaif@akker & Oerlemans, 2018; Demerouti, Bakker, &
Halbesleben, 2015; Makikangas, Bakk&iSchaufeli, 2017; Petrou et al., 2012)

As is clear from the descriptions abowdile methodologically tempor@Roe, 2008)none of
these diary studies focus on changes in job crafting ove(@inly, Sonnentag, Niessen, &
Zapf, 2010) Insteadthey facus oty on the relationships between transigatiables (within

level), andstable variables (betwedevel), in a given day.

3.3.2.2.  Twolthree wave designs

A second set of studi@s the literatureutilise twoor threewaves of data and, while described
as langitudinal by authors, reveal little about change in job crafting over imsmme of these
studies, job crafting is just measured once (dagju, Schaufeli, & Hakanen, 2018; Kim &
Beehr, 2018; Tims, Bakker, & Derks, 2013; Tims et al., 20Lfbbelt, Demerouti, & Rispens,
2019)

In othersthe job crafting measure is repeatedthetdesign examines interunit relationships
between the variables across time, rather tharrimitachanges wvthin variablesThese include
atwo wave variablecentred study of the relationship between engagement and {eipsfiin
through relational job crafting conducted lby et al. (2014among 246 Chinese technology
workers with a three anth time laga twowave variablecentred study bfPetrou et al. (2015)
conducted study among 580 police officers based in the Netherlands undergoing an
organizational changa two wavecross laggedvariablecentred study with a time interval of
three years among 16&@ghly educated Finnish workeby Harju et al., (2016Yvhich
measured expansive job crafting along with boredom and work engagerivemtyvave
variablecentred study of 349 managevkich examined the relationships between
psychological capital and caremrccess and expansive job crafti@gnciotti, Alessandri, &
Borgogni, 2017)and a two wave study biraglia et al. (2017among 465 Italian workers
whichfound evidence of a reciprocal relationships betweeresitfacy and expansive job
crafting andhat job crafting mediates the relationship betweeneféitfacy and supervisory

performance ratings.

Finally, Vogt et al. (2016usedathree wavevariablecentred crosslaggeddesign tostudy the
impact of expansive job crafting on psychological ta@nd engagement among 940 European
employeesJob crafting was measured in all three waves and means at each time point were
reported. An eyeballing of the means reported in job crafémagals that the ranges of mean
differences across the three tingoints were relatively low (0.1 for SR, 0.11 for SS and 0.05 for

CD) although theedifferences were not tested for significan@ather, he crosdagged design
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meant the analysis focussed on the impact of variable x at T1 on variable y at T2, ancthe imp
of variable x at T2 on variable y at T®/hile the authorgrgue that including three time points
meets guidelines for longitudinal researchPbgyhart and Vandenberg (2008)is is debatable
based on the design and analysis apprdadeed, whiledll of the above studies include more
than one wave of data collection, and may be presented as longitudinal, none provide any

significant data regarding change in job craft over time.

3.3.2.3.  Longitudinal investigations of change within job crafting

The final sebf studies included in this review, test for and report change in job crafting in some

form and warrant a more detailed description

Kira et al. (2013puthored a longitudinal qualitative study conducted during organizational
change which provided rich amples of how individuals realigned their identities at work in

the wake of organizational change, by engaging in job crafting. It did not report on patterns of
change in job crafting over time but rather implies this change by examining the unique nature
of job crafting activities after a merger. The study reports the impact of the merger on the
alignment of workand identity andubsequent job craftirgfforts to addresthis need for

alignment resulting in either authentic work and positive individuglcomes oafailure to

align and inauthenticity.

Nielsen and Abildgaard (2012pnducted a two wave variabtentred study among 284 Danish

mail delivery workers as part of a validation of an adapted version Girtigeet al. (2012job

crafting scale @RQ) designed for blue collar workers. Here they used job crafting as the
independent variable at T1 and engagement, job satisfaction and burnout as dependent variables
at T2, a year later, but found that the variance in outcome variables at T2 waseexplaiheir

levels at T1. They did find some variability in job crafting over time based on an examination of
correlation coefficients to verify the stability of measures between T1 and T2. Specifically,

while all testretest correlations were significanhanges to social job resources and hindering
demands appeared demonstrated more variability (r = .49, r = .55) than increasing challenging
demands (r = 0.77). However, this study was limited in having just two Ri@dart &

MacKenzie Jr., 20159nd dd not explicitly conceptualize change in job crafting over time.

In a twostudy paper, a fivelay diary study (n = 164) and a three wave study among Spanish
workers with two month intervals (n = 191) were conducted to validate a job crafting
measuremertbol (Nielsen, Antino, San¥ergel, & RodrigueaMufioz, 2017) The three wave
study found acceptable tegtest reliability across the three waves suggesting stability in the

measure over time at a variable level but did not go further to explicitly agaime nature of
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change within or between forms of job crafting. However it can be observed that there may be
different levels of stability in forms of job crafting: increasing challenged demands
demonstrated higher int@rrelations (r = 0.70.76) tharincreasing social resources (r = 0.60
0.70) and decreasing hindering demands (r =-0.62). The diary study found factor loadings
were lower at a withiperson rather than betweparson level suggesting that job crafting
behaviours can fluctuate fromydto day. Thus these two studies, while methodologically
temporal and providing some interesting findings relating to change in job crafting, do not
attempt to describe or predict change in job crafting in any detail.

Petrou, Demerouti and SchauféD{8) conducted a three wave varialglentred study with

one year time intervals among 368 police officers undergoing organizational change. It
examined the relationship between quality of change communication, job crafting and work
engagement and adaptivigs well as a moderating role for promotion/prevention focus in the
relationships between quality of change communication and job crafting. All variables were
measured at all three time points. Latent change scores for variables were calculated based on
T1 and T2 for change communication, promotion focus and prevention focus, T2 and T3 for
engagement and adaptivity and all three time points focijafting. Change scores provide

measures of the changedwariable between two time pointdence each ohe three types of

job crafting (seeking challenge, seeking resources and reducing demands) had two latent change
scores eactResearcherund that T1 promotion focus strengthened the relationship between
guality of change communication at T1 and increaseseeking resources and challenges

between T1 and T2 and that increases in seeking resources and seeking challenges between T2
and T3 were positively associated with concurrent increases in adaptivity and engagement. They
also found that T2 preventiondus strengthened the relationship between low quality of change
communications and increases in seeking challenges between T2 and T3. From a motivational
perspective, the influence of regulatory focus is explained as reflecting different reasons for
crafting: as motivating for promotion focussed employees and coping for prevention focussed
employees. From a longitudinal design perspective, the study represents a step beyond others in
the field by examining the impact of variables on a change in a depesadiafiie rather than

simply that dependent variable at a different time point. However, it does not focus on the

nature of change within the variable.

Van Wingerden et al. (201 pyesentda three wave study examining the impact of a job

crafting intervation at T1 on job crafting at T2 (9 weeks later) and T3 (1 year later). The study
was useful in demonstrating that the intervention was linked to changing levels of job crafting at
T2 and T3 and increased sefficacy and job perfonance ongear laterinterestingly, the

changes were not all positive @arntinuousbut the participant group were consistently higher
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than the control group. For example, increasing challenging demands increased from T1 to T2
but did not change from T2 to T3 for the participgroup; the control group demonstrated no
change from T1 to T2 and a decline from T2 to T3. This suggests that job crafting can change
over themedium andong termand that this may occur even where there is no deliberate

intervention.

Another intereshg study examined change in job craftikgoij, Tims, & Akkermans, 2017)

used a two wave design with a one year time lag to test the relationships between change in
future time perspective (FTP) and change in expansive and restrictive job crafting and
ergagement. They found that change in epaded FTP was related to change in expansive job
crafting but did not find a significant relationship with restrictive job crafting or between limited
FTP and job crafting. They also found that change in restrictafing was negatively related

to change in performance and engagement.

The latterthreedesigns repoed change in a job crafting viable over time and hypothesized

why change might occuihus theymeet the requirement of a conceptually temporaigtesi

(Kooij, Tims, et al., 2017; Petrou, Demerouti, & Schaufeli, 2016; van Wingerden et al., 2017)
Their limitation is methodological: the use of change scores captures only the change between
two adjacent time points, that is, linear change, rather tha@ dymamic patterns of change

across more than three tipeints(Ployhart & MacKenzie Jr., 2015\t the same time,

although limited by number of waves, these studies make a contribution towards longitudinal

research by including change in job craftingaaariable.

In critically examining tiese studies, this reviegauge their contribution to ouunderstanding

of how job crafting changes over tinleis important to note thalhé majority of these studies

do not claim to make significant contributiottsthis understandinghey are focussed on other
equally interesting questiondlonethelesst is essential that they are reviewed because,
althoughlimited, they are all we have available in the figkbe (2008Qifferentiates between
studies that @& methodologically temporal which identify the instance of measurements (e.g.
T1, T2), conceptually temporal studies that represent time as part of a theoretical model, and
fully temporalstudies that do both. As outlinedove, the vast majority of jobadting research

to date has been cressctional and the longitudinal studies listed above are dominated by
methodologically temporal approaches without explicit elucidation on the role of time. Among
those do that report change in job crafting, ther® detailed theory building around the role of
time in job crafting nor any use of optimal methodologiegreking trajectories over time
Therefore, while some studies may mee's (2008griteria for fully temporal research, some

of the simplest quéiens about crafting job demands and resources over time remain to be
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explored. For example, is job crafting truly dynamic over time? If so, in what ways does it
change over time? Are there differences in the trajectories over time such that some jobms of

crafting are more stable or more dynamic that others? Why might that be?

The current research seeks to make a significant contribution toward improving this situation.
As a fully temporal study, it includes both a conceptual model of the impacteobtirdifferent
forms of job craftingn Chapter 4and a methodological approach that tests this model via four
wave latent growth modelling comparing interunit differences in-mtiachanggPloyhart &
Vandenberg, 2009n Chapters 5 and 6.

To recap, esearch into covariates of job crafting has been vast and fruitful, albeit predominantly
crosssectional. From a review of the findings, a number of key points emerge that are central to
the current research. Firstly, expansive and restrictive forms of@diing demonstrate distinct
relationships with covariates and outcomes. Secondly, approach temperament demonstrates
significant relationships with expansive job crafting; avoidance temperament demonstrates
significant relationships with restrictive japafting. Thirdly, studies examining meaning and
motives behind job crafting behaviours are limited despite calls for more research in this area
(e.g.Wrzesniewski, Lobuglio, Dutton and Berg 2018)ch investigations have the potential to
shine a light onwhy relationships between forms of job crafting and individual and situational
covariatesnight vary within and across individuaiinally, and most importantlyyithin
longitudinalresearch desigiit is clear that very few studies to date contributeddliy to our

understanding of intranit change in forms of job craftimyer time
3.4.Conclusion

Job crafting is a deliberate, employaven, proactive work behaviour, which can alter the
demands and resources of the job, as well as its meaning, factimekientThe idea that
individuals engage proactively in activities to change their working environment in response to
their own needs, to create their own unique meaning and identity at work, is poWeefiilst
section of this chapter presented thedretical and philosophical assumptions underpinning job
crafting theory and then examined and compared two alternative conceptualizations:
Wrzesniewski and Dutton (200jbb crafting model and thd2dR model of job craftingTims

& Bakker, 2010)While research in the area has been experiencing a boom in recent years
consensus has not been reached on the definition and boundaries of the cortstraetond
sectionoutlined the variables that have demonstrated significant relationships with jobggraftin

with a particular emphasis on the limited findings relating to work motivafioajob crafting
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construct may be uniquely suited to explain how work motivation is made manifest in tloe day t
day activities of an employee, yet this reviewvealed thatelationship between job crafting and
the internal psychological experience of motivational regulation has not yedioeetty
explored.Finally, a detailed critical review of longitudinal research in the fieés presented
highlighting a gap in the search literature with regard to fully temporal witpiersons

longitudinal designsThis gap is addresd by the temporal model of job crafting presented in
Chapter 4 antkestedn the chapters that follow.
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CHAPTER 4

A Model ofJob Crafting over Time

4.1 Introduction

4.2 Expansive job crafting over time: Hypotheses

Increasing challenging job demands Increasing social and structural job resources

A 4

4.3 Restrictive job crafting over time: Hypotheses

4 4. Person-level variance in job crafting: Hypotheses

4.5. Motivation profiles and job crafting over time: Hypotheses

4.5 Conclusion

4.1 .Introduction

The current researdhst one of the earliest propositions of job crafting theory: that job crafting
is dynamic(Wrzesniewski & Dutton, 2001Job crafting is embedded in time: it occurs at
specific time and takes time; as a proactivebaetite behaviour, it requires the decision to make
an investment of time as a resource; and it is situated in the context of previous acts of job
crafting, linked to future acts of job crafting, and occurs simultaneously with other acts of job
crafting.

This chapterpresentsa new temporal model of job craftirdrawing onSelf-Determination
theory (SDT Ryan & Deci, 2017)the Job DemaneResources (JMR) model of burnout
(Demerouti et al., 2001 onversation of Resources (COR) thetpbfoll, 2001)and
Fredr i c ks eandBusild tBeorg @ positive emotion$redrickson, 2001)t opens with
a model of expansive job crafting over time followed by one for restrictive job craiing.

number of hypotheses about the patterns of change over time @eteagrajectorie within
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types of job crafting, and the interdependency of these patterns across types of job crafting are
presentedhroughout Finally, an extension of the model is presengegblaininghow levels and

trajectories of job craihg varyby motivation profile along witla set of related hypotheses.

4.2.Expansive job crafting over time: Hypotheses

Expansive and restrictive forms of job crafting are fundamentally different but both change the
nature of the jobExpansive job crafting, includinincreasing challenging job demands,
increasing structural job resources and increasing social job resources, is proactive in that it
involves actively seeking out demands and resources, whbeeesstrictive fornof job
crafting,decreasing hinderingb demands, can be somewhat reactive or adaptive to demands
in the environmen(This distinction reflects chacteristics in these behaviours which suggest
theirtrajectoriediffer over time. In addition, research has demonstrated that crafting efforts ar
generally effective; they change the levels resources and demands in(fberjadrouti,

Bakker, & Halbesleben, 2015; Tims, Bakker, & Derks, 20B&jng able to infer changes to
demands and resources as outcomes of these acts of job crafting protesrsights into

the trajectory of these behaviours over tifieis section reviewsvidence fojob crafting
trajectories and presents specific hypotheses about thegmenswith an overview osome

key considerations when theorizing about timbrief introduction of the theetical

perspectives relied updar a temporal model of job craftingnd then appliethese tadheory

and hypotheseregardindrajectories of expansive forms first, followed by restrictive job

crafting

Tackling time can & adauntingprospect for researchers. There are complexities of data
accessibility and methodological approaches. But beyond thisishitie challenge of

theorizing about time. It is fair to say that thiy@limited theorizing about the role of time
organizational behaviour researfgioyhart & Vandenberg, 2009; Roe, 2008)here it does
appear isn studes that examine the impact of a significame¢nt such aanorganizational
changge.g.Solinger, Hofmans, Bal, & Jansen, 2016; Weick & Quirg89) or joining an
organization in newcomer studi@sg. Solinger et al., 2013; Vandenberghe, Panaccio, Bentein,
Mignonac, & Roussel, 2011; Werff, 20173ignificant events are useful because they provide a
clear reason why the level of a psychologigdbehavioural phenomenon might changehin
absence of significant eventiary studes examining incremental fluctuatioimsthe

relationships between variables provide useful insights into shoretgraerience relatively
stable workingenvironmeis (Demerouti, Bakker, & Halbesleben, 2015; llies, Scott, & Judge,
2006; Ohly et al., 2010)n the latter genre of studies, and otrarsh as theresent study

which examineincremental change over longer peridids. months)it is necessarto specify
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why a phenomenon might changebersustained over tinas well as to predict what the
trajectory over timanight be(e.g. continuouglinear) ornorrcontinuous (no#linear);, positive
or negativg and whether that predicted trajectory is evident at thiabla level or person level
(Ployhart & Vandenberg, 2009; Roe, 2008)ven that examinations of trajectories of job
crafting over time have not appeared in the literatnigate the temporal moddielow starts at
the beginning, iescriptive mode, wita description ojob crafting over timeind arguing that
characteristics of the aof job crafting itself suggesnherent trajectories at variable levil
then moves to a deepexplanatory modwith a persorevel approachproposing motivation
profiles as a prdictor of levels and trajectorie$job crafting(Ployhart & Vandenberg, 2009)

A number of theoretical perspectivasplied incrosssectionajob crafting researchncluding

the Job DemandResources model describedrlier,canbe applied to the prediction of

trajectoies of job craftingover time Selfdetermination theory has been applied in research
suggesting thatxpansivgob crafting is related to the satisfaction of basic néadautonomy,
competence and relatednéBakker & Oalemans, 2018; Tims et al., 201&)d therefore to the
internalization of motivation toward autonomous forfvian den Broeck et al., 2016)
Conservations of resources the@@OR theoryHobfoll, 1989, 2001jhas been applied to job
crafting research to glain why individuals engage in specific types of job crafting behaviours;
for example, based on their levels of available resources to meet dgiDantsouti, Bakker,

& Halbesleben, 2015; Petrou et al., 2Q1R&)addition, the broadeandbuild theory ofpositive
emotiongFredrickson, 2001has been applied in research demonstrating that the positive affect
associated with expansive job crafting results in creative and proactive performance outcomes
(Demerouti, Bakker, & Gevers, 201&)d work familyenichment(Rastogi & Chaudhary,

2018) Finally, recent research in the domain of persorigibtive relied orboth broaderand

build theory andCORtheory to explain how levels of the resource of perceived organizational
support moderates the relationshgivkeen increases in personal initiative and changes in mood
(Zacher & Rudolph, 2019 hese theories are relied upimoughout the remainder of this

section to support the generation of specific trajectory related hypotbeses various forms

of job aaftingwhere thevorking environment is relatively stable

4.2.1.The trajectory of increasing challenging job demand

Jobdemands vary in naturdob Demand&esourcesasearchers suggest ttia¢y can be
classifiedas job hindrances or job challeng€sawfordet al., 2010; Van den Broeck, de

Cuyper, et al., 2010)J0b hindrances, such as job constraints and interpersonal conflicts, drain
energy and are associated with negative emotions. Conversely, job challenges, such as work
pressure and cognitive demandsijles still requiring the investment of energy, can be

stimulating and provide opportunities for development. The differentiation is based on the
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di stinct between positiveeykecoBdytherebotiare and negat i
activating but the faner is a positive motivating forakiving approach patterns of behaviour

and the latter can result in avoidance and withdré\ah den Broeck, de Cuyper, et al., 2010).

From the perspective of SDT, job challenges by their nature can provide oppatianibasic

needs to be met, but job hindrances can thwart the satisfaction of basic needs.-vamiabte

research has found that job challenges are positively associated engggegméirawford et

al., 2010)but often unrelated or negatively assasiaivith job strainburnout and exhaustion

(Rudolph et al., 2017; Tims, Bakker, & Derks, 2013; Van den Broeck, de Cuyper, et al., 2010)

Thus challenging demands are enjoyable, rewarding and motivating. They are an opportunity to
utilize skills and, as s meet basic psychological needs for competence. The crafting act of
increasing them is an autonomous exercise which meets basic psychological need for autonomy.
Therefore, according to salietermination theorgRyan & Deci, 2017,)we can expect that the
satisfaction of these needs for competence and autonomy will help to internalize motivation to
increase challenging demandtsdividuals with internalized motivation toward an activity are

more likely to persist at {Ryan & Deci, 2017¥uggesting thahts behaviour may be

sustainabl®ver time

Taking on and meeting challenging demands increases personal resaattas skills
confidence and engagement ley@an den Broeck, de Cuyper, et al., 201®)ch resource
gains are argued to predict futwesources by giving employees the capacity to engage in
proactive coping over tim@gHobfoll, 1989, 2001)These proactive coping belwaursincluding
those which enhan@xistingresourcessuch asraftingfor increaseahallenging demands.
Thus the acof increaing challenging job demands corm part of a resource gain spiral over

time.

The positive affect associated with challenging demands, related to vitality, engagement and
autonomous motivation, sti mul amaivagontoengage vi dual ¢
in, future job crafting opportunities to increase challenging dem@mddrickson, 2001)r his
includes approach patterns of behaviour which are outward loakihghere the rewarding
experience of psitive affect motivatesdividuals toactively take oriurther challenging
demandsilt also enhances their capacity to identify these opportunities through a broadened
momentary thoughkaction repertoir¢Fredrickson, 2001)Neverthelesswhile we might expect

a positive gain spiravhere positive affect drivesicreasing challenging demands over time
(Fredrickson, 2001; S. K. Parker et al., 2016¢re are limitsLevels of increasing challenging
demands cannot continue to rise exponentially; individuals are limited by resourceycapacit
particularly time, to meet demands. Therefore, while, we might expect the act of increasing

challenging demands to be sustained due to its impact on need satisfastonce leveland
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its positive individual outcomes (e.qg. vitality), it can be dpéited that the rate of increase may
slow over time, and while still reflecting a positive upward trend, may be relatively stabke.
in a stable working environmentgtkrajectory of increasing challenging demaatia variable

levelis proposed toeflect a continuous trajectory over time in a positive direction

4.2.2.The trajectories ofincreasing job resources

Individuals naturally strive towards the protection and enhancement of resaveesme
throughout their livegHobfoll, 1989, 2001)One reaon for thigs that the value of resources
decreases over time and therefore repeated striving is necessary to maintain or enhance them
(Hobfoll, 1989, 2001)Anotheris that resources satisfy our basic ng@sn & Deci, 2017)

The crafting act of incising structural job resources predicts the satisfaction of needs for
autonomy and competen{Bakker & Oerlemans, 2018Jhe crafting act of increasing social

job resources predicts the satisfaction of the need for relatedness. The satisfaction af needs i
associated with the internalization of motivation toward that activity and therefore irtrease
persistence and effort direct toward it over tifbe Cooman et al., 2013; Van den Broeck et al.,
2016) In addition,high levels of need satisfactiontgndividuals in positions of resource

plenty, whichstimulate approach typeroactive copingatternsof behaviour as individuals

have confidence to invest their resources in behaviours that acquire further resources over time,
leadng to resource gain spirafsiobfoll, 1989, 2001) Furthermore, the positive affect

associated with internalized forms of motivation broadens the thatjbn repertoire

including opportunities that individuals perceive for further increasing their resources
(Fredrickson, 2001)Thus, in a stable environment, resource seeking behaviours can become
self-perpetuating ovetime. Therefore | expect that, at a variable letred,trajectories of

increasing structural job resources and increasing social job resources demands wil reflec

continuous trajectory over time in a positive direction.
Alignment across forms ofexpansivejob crafting

Resources are activated by the exertion of effort and the existence of high demands motivates
resource seeking behavigiremerouti et al., 200Hobfoll, 1989, 2001)Therefore it is

anticipated that, as indicated by previous resedaldolph et al., 2017gvels of increasing
challenging demands and increasing resources are correlated, with trajectories that are aligned

over time. Related theosupports this proposition.

As outlined in the previous chapter, the Job Demdresource model describes job
characteristics as demands or resoufBesnerouti et al., 2001 As a stress model, it suggests
that job demands require effort and that thisréfis associated with

physiological/psychological coéBakker & Demerouti, 2007)t proposes that job demands and
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resources are interrelated such that |job demanct

(Schaufeli & Bakker, 2004p. 296), while job reources are necessary to reduce job demands

and achieve work goals by allowing things to get done. Job resources can provide a buffer for
job demands by reducing stress or burnout effects and increasing enga@akkeat &

Demerouti, 2007and when demaisdare high or increasing, the positive impact of job

resources becomes stronger. In other words, job demands and resources interact to create
personal and work outcomes and individuals are motivated to seek resources when meeting or

taking on increased demds.

Just like challenge stressors, job resources can stimulate growth and development and
engagementConverselywhile job resources can lead to positive outcomes independently, the
positive outcomes of challenge stressors appear to be linked tosetresources. Indeed

Tims and Bakkef2010)suggest that individuals will only increase challenging demands when
they have sufficient resources to meet thBetrou, Demerouti, Peeters, Schaufeli, and Hetland,
(2012)found evidence that high levels ofrdands were associated with the crafting activity of
seeking resources on a given day. This was subsequently supported in a recanaiysia

which suggests that tleample size weightezbrrelation between CD and SRF0.521;

Rudolph et al., 20173} by far the strongest among the job crafting dimensions, with the next
highest correlation between SS and €B (0.390). Thus we can expect that where individuals
take on additional challenging demands thksp seek additional resourc@&sis supports th

idea that job crafting can be a series of related behaviours jeimdlstedoward a specific goal
(Rudolph et al., 2017and suggests that this is particularly the case where expansive crafting

activities are considered.

Thereforethe first hypotheés in this studyregarding expansive job crafting over timan be

summarized as follows

Hypothesis 1 The trajectories of all forms of expansive job crafting a) reflect a continuous

positive trend over time and b) arertiere aligned with each other

4.3.Restrictive job crafting over time: Hypotheses

The demonstrated correlatesrestrictive job craftingndicatethat it canrepresent reaction to
an episode oéxhaustioror burnout Decreasing imdering job demands restrictive job
crafting behavioy isthe strongest predictor of turnover intentions and job strain among the
dimensions of job craftinfRudolph et al., 2017 his suggests thahose who engage in acs
decreasindninderingjob demands may be threatened with burnout or exhaustioagh job
strain Burnout and exhaustion are not permanent situations but refeateaof resource lack
(Hobfoll, 2001) Individuals in situations of resource lack adopt accommodative coping
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strategiegHobfoll, 1989, 2001)These employees choose betwehe demands placed upon
them, reducing some job demands, and selecting only the most important in which to invest
limited resourcegDemerouti, Bakker, & Leiter, 2014; Freund & Baltes, 1988) its nature,

this selection processvolves reacting to deands in the environment rather than the more
proactive act of seeking out challenges or resources. Asdwritg periods of burnout or
exhaustionit canoccurat particular timesvhen demands become perceived as hindering

suggesting it igpisodic andhon-continuous in nature.

Evidencealsosuggests thahotivational states and more enduring behavioural tendencies may
play a role in restrictive job crafting over time. The crafting act of reducing hindering job
demands has demonstrated negative reighiips with basic need satisfaction for autonomy,
competence and relatednébg Cooman et al., 2013} his implies that individuals engaging in
hindering job demands may have lower levels of autonomous motivation. Autonomous
motivation is associated wittigher levels of effort and persisten@eci & Ryan, 2008a)This
suggests that on average those who engaging in high levels of reducing hindering job demands
may beless abldo sustain these effort over time. Similarly, decreasing hindering job demands
demonstrates negative relationship with proactive personality at a variabléRedelph et al.,
2017) For individuals low in proactive personality, engagement in proactive behaviours
requires higher levels of selfegulation. The act of setegulationreduces the capacity of
individuals to sustain behaviours over tiBaumeister et al., 1998ven where these efforts

are directed toward decreasing burdensome demands.

In addition, here may be varying motives for decreasing hindgdhglemandsUnlike

expansive job crafting behaviours which reflect of the positive work experiences of resource
acquisition, need satisfaction and positive affect, restrictive job crafting is not necessarily
indicative of whether an individual experiences work as a pesiti\negative. While

exhaustion and burnodb suggeshegativework experienceghere are alternative scenarfos
engaging in restrictive job craftinghich maybe evident at a person level. For instancis, i

likely that some idividuals may be engadand motivatect work butoccasionallyreduce
demands they perceive as either unnecessary or negatively impacting task completion or goal
achievement in more important areas of the job, including meeting challenging demands that
have themselves been fteal (Tims et al., 2012)Others may reduce hindering demands
because they are amotivated at work and have no intereseitingthem(Schaufeli & Bakker,
2004) This lack of a consistent motive for action sugg#sitconsistent ocontinuous trends

in the trajectory of restrictive craftingver timeareunlikely at a variable levednd instead that

non-continuous patterrsremore likelyin the population as a whole.
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Finally, it can be argued thegstrictive job crafting is inherently nesontinuousContrary to
expansive job crafting behaviours which generate their own rewards in the form of need
satisfaction, resource acquisition and positive affead arehereforeself-perpetuating, there
areno suchrewarda linked to theongoingreduction of hindering job demands. Once effectively
reduced or removed, demand isi0 longer demanding, allowing resources to be conserved.
There is no incentive to continually seek out new hindering demands to reduce. Rather, wh
new demands present themselves, iiddials musthendetermine their response to them based

on their resource status at that tifhbis suggests that it is inherently rRoontinuous over time.

Therefore in consideration of situational, motivational and personality basesidaemations as

well as the inherent characteristics of the behaviour itéelfn be hypothesized that:

Hypothesis2: The trajectory of the restrictive job crafting act of decreasing hindering job
demands a) reflects a nopntinuous trajectory over time and b) therefdatiffers from

trajectaies of expansive job crafting.

4.4 Personlevel variance in job crafting: Hypotheses
A number of findings relating @b demands and resourc@gygest thawvhat occurs at a

variable level may differ significantly from what occursagterson levele.g.Parker,
Jimmieson, & Amiot, 2010 In this sectionthe variabldevel model preseat aboveis
extended to persdevel. Rationale and related hypothessboutpersonlevel variance in

trajectories (and starting levels) of job cradtiof demands and resourca® presented

From the perspective of crafting demandsueber of researche¢€rawford et al., 2010;

Schaufeli & Bakker, 2004; Tims et al., 2012; Van den Broeck, de Cuyper, et al. s2gpekst

that there may be subjectidéferences in how job demands are experienced, sucththatme

demands can bexperienced as challeing or hincderingd e pendi ng on the empl oye
perspectivelFor example, job demandgpear to be related to increased health complaints

(Parker, Jimmiesn, & Amiot, 2010)or those high in controlled motivation but not for those

high in autonomous motivation.

Furthermore, there is variation evident in individéalsr e s ponses t o job resour
suggest that when individuals who experienced highreumhous motivation perceived higher

levels of autonomy they had higher levels of engagement, than those high in controlled
motivation(Parker et al., 2010)n another example, the resource of job control increased the

relationship between job demands amskense of accomplishment, and btagainst

emotional exhaustion but only for those high in autonomous motiviemet et al., 2004)

Drawingon SDT(Ryan & Deci, 2017andCOR theoryHobfoll, 1989, 2001)it can be

inferredthat the level of avkable resources as indicated&dyn i n d iexpariehcedvbrks 6
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motivation(via the satisfaction of basic needs) may be behind these differing responses to
demands and resourceEhis includes whether demands are taken on and enjoyed without
excessive dpletion of resources, and with the potential to further enhance resources, or whether
they present an unwelcome threat to resources, which must be defended against by avoiding or

reducingthese demands.

It can baeasonablexpected that related job ctiafy efforts to change resource and demands

will vary accordinglybased on the individlas 6 ex per i en c andedourdesice se de man
example crosssectionaffindings suggest that individuals high in autonomous motivation and
therefore personal resames may benefit more from the buffering effect of resources, allowing
them to take on higher levels of challenging demands and to continue to take on demands over
time (Fernet et al., 2004)Conversely, those high in controlled motivateme likely totake on

lower levels of challenging demands and be unahiek them orontinuousy due tohealth
complaints related to burnoissueqParker et al., 2010Moreover, grsonlevel research on
motivation profilesconfirmsthat there is significant varian in the experience of motivation at
work among individuals anghatmultiple profiles arise within working populatiofidoward et

al., 2016) even where these populations are relatively homogd@rases et al., 2015)
Thereforebased onthe joinhf | ue nc e s ouniqueaxpblierceddnotavdtien @nd

resource statug,is hypothesizd that:

Hypothesis3: a) Levels and b) trajectories of all forms of job crafting vary significantly across

individuals.

If thelevel of personatlesourcess knownand information abowgxperienced positiverork
affect among individuals availableit is possible to extrapolate more specific predictions
regarding persotevel variation in levels of job crafting activities and their patterns of change

over time. Mdivation profilescan provide this information.

4.5 Motivation profiles and job crafting over time: Hypotheses

In thisfinal subsectionmotivation profiles based on the classification model presented in
Chapter 2are applied tgob crafting over timeThesdanclude he following motivation profile
groups:Autonomous Dominant, Controlled Dominant, Amotivation Dominant, Balanced
Moderate/HighandBalanced LowThese profiles imply personal resource statizssneed
satisfaction and related conservation of teee behaviours, experienced affect in relation to
work, and resulting approacand avoidance behaviours. Thhgrefore allowpredictions about
relativelevels and trajectories of job crafting over tirfidis section open with a brief review of
the appliation of SDT to job crafting over time. This is followed by a description of lewels
and trajectories of job crafting vary as a function of motivation prcfileting withBalanced
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Low andAmotivationDominantprofiles, and proceeding witBontrolled,Balanced
(Moderate/HighlandAutonomous DominanRelated hypotheses are then outlined and

summarized imable 3.1.

4.5.1The application of SDT to job crafting over time

There are two primary reasomgy motivation profilespredict job crafting activity. First,
applying SDT(Ryan & Deci, 2017)o the resource related propositions of COR Theory
(Hobfoll, 1989, 2001)we can view the satisfaction of basic psychological needs for autonomy,
competence and relatedness at work as evidence of resources suchieexdpear& based
autonomy, skill utilization opportunities, confidence and mastery, and supportive work
relationshipgBakker & Demerouti, 2007; Ryan & Deci, 201The satisfaction of basic needs
predicts individual forms of motivatiahregulation\Van den Broeck et al., 201&nd a range

of motivation profile{Howard et al., 2016)Thus level of work resources is indicated by
experiencedvork motivation profile. Resource levedn in turn predict the way in which
individuals engage in proactive work laafiours such as job crafting. Secondly, applying SDT
(Ryan & Deci, 2017jo theaffect related propositions of broadendbuild theory

(Fredrickson, 2001and COR theoryHobfoll, 1989, 2001)experienced affect related to
motivation profile can influencthe way individuals view their working environment and the
extent to which they caidentify opportunities to craft. These two drivers are explored in more

detail below before the effect of specific motivation profile groups on job crafting is discussed.

With regard to the first driver, employees proactively take on job demands, secure the necessary
resources to complete them, and thereby impact performance oufeogdsakker, Tims, &
Derks, 2012)From a proactive behaviour peestive,those with higer levels of internalized
motivation have a bank of internal resouredsch allows them to take on more demands and
seek more resources. Conversely, those with higher levels of externalized regulation have
relatively lower levels of internal resources dnérefore are more selea about demands
taken on. Theiselectionprocesss based on the degree to which job demands are linked to
either securing external reward or avoidmmishment. We would expect these individdals

be active in taking on cetih jobdemands, and motivated to secure aeyessary external
resource$o meet thembut alsao beactive in reducing demands that do not provide any
external benefittndividuals who are amotivated workor experience low levels of all forms of
motivation may experience low levels of resources relating to work and act to defend those
resources. This may include expending lesx@y than their peers in taking on job demands
andcreativelyavoidingrequirements to inveseésourceseven wherg¢hoseinvestments might

have secured additional resourcBserefore individualsicect their energy at work toward
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specific proactive behaviours that reflect their work motivation profile, rather than those that

necessarily reflect the objectives of the orgaiogat

With regard to the second driver, motivation profiles and related expediafieet at work, can

be viewed as primers for behaviour leading to negative or positivédaatoppo & Gardner,

1999; Fredrickson, 2001ndividuals may frame an experienwith a non-conscious tendency

to overweigh ounderweighnegative or threatening information and to generally appraise
situations more positively or negativéi@acioppo & Gardner, 1999; Fredrickson, 2Q01)

leading to different behavioural responses ewvkare the environment is objectively uniform.
Indeed, positive and negative motivational processes are neurologically distinct and have been
shown to lead to very different outconm{@acioppo & Gardner, 1999; Hobfoll, 2001;

Kahneman, Knetsch, & Thaler, 948, Ryan & Deci, 2017)Positive affect and related bias

appears tderelated to outgoing exploratory behaviour and persistence in these behaviours
(Cacioppo & Gardner, 1999 onversely, negative affect and related bias appears to limit
perceptions of gportunities in the environment and be linked to defensive actions such as
avoidance or withdrawdCacioppo & Gardner, 1999; Fredrickson, 2001; Hobfoll, 1989, 2001)
While both positive and negativdases can be experienced by individuialis, suggestetiere

that experenced motivation profile indicatesdominant work related affecthisaffectcolours

the individual s appraisal of job demands, job
demands and resources, and therefore influences formis, devkpatterns of job crafting

behaviour over time.

Based on the aboveniquerelationships between motivation profile groups and forms of job

crafting are specified below.

4.5.2.Balanced Low and Amotivation Dominant profiles

According to SDT, those with lowverall motivation or high levels of amotivation do not have
their needs for autonomy, competence or relatedness met at work. Thus, they lack these
personal resources at work and experience low positive affect; in the case of amotivated
individuals, theymay also experience negative affect related to work. These groups may
experience resource loss spirals and the experiences of resource loss may be accelerated as
compared to resource gaiffobfoll, 2001) Indeed, COR theory posits that that the trajgctor

of change in resources for those with low resources is characterised by a lack of action to seek
new resource@obfoll, 1989, 2001)These groups are likely to adopt a defensive position to
retain the existing resources by decreasing hindering derepisdslicallyas they ariseas

described in the temporal model abovkeY are also likely to invest fewer resources in crafting
increases to resources or demands. The negative bias of amotivation primes individuals to view

their environment as more threiteg (Cacioppo & Gardner, 1999)n addition, the negative
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affect associated with amotivation may narrow the opportunities these individuals see to

crafting their jobs over tim@redrickson, 2001).ow levels of positive affect associated with

both low notivation and amotivation may alsontribute to a reduction iperceived

opportunities to crafyhile also reducinghe rewarding effect of positive affect that crafting

activities may generate for other groups, tretefore he degree to which individils are

motivated to persist ijob crafting Therefore, gperiencing low motivation or amotivation,

these individuals are | i kel y.Thayaredessliketmi ng t hr ot
identify opportunities for crafting or to sustain craftimghaviour over timeRelative to others,

individuals in these profiles can be expected to engage &rlevels of expansive job crafting

reflecting continuous downward trends (i.e. loss spirals) over time aner fegbls of

decreasing hindering job damds with horcontinuous trajectories.

4.5.3Controlled Dominant profiles

Individuals with profiles including moderate or high controlled motivation with lower levels of
autonomous motivation, whilgot having their needs for autonomy fully met at wanle

having their needs for competence met and potentially, needs for relatédadssojected
motivation) Therefore we can surmise that they have higher levels of resources than those who
experience overall low motivation or dominant amotivation and may iexper some positive

affect related to receiving external material or social rewards. We can expect that these
individuals will primarily take on demands for instrumental objectives to secure external
rewards or boosts to ego atwdavoid punishment. Similly, they are likely taoeduce demands

that do not generate external rewards or ego boo#itaitwisk punishment. This may result in
higher levels of increasing challenging job demands Amaativation Dominant/Balanced Low
groups and moderate levelsrefiucing hindering job demands. Over time we can expect that
these individuals will craft to increase resources to meet the challenging demands they take on
and therefore we can expect that the trajectories of expansive job crafting will be aligned over
time.For individuals high in controlled motivation and low in autonomous motivation,

resources such as job control can provide a useful buffer agains{Badss et al., 2010)

However, the act of controlling behaviour means that effort can be diffacsitstain over time
(Baumeister et al., 1998Fonsidering the dominance of controlled sources of motivation in
these profiles, these groups may be unable to sustain the effort of job crafting over time and as
such expansive job crafting may be rmmtinuous. Indeed, we can anticipate that for these
groups, all forms of crafting may be more opportunistic depending on when external rewards
are available or when hindering demands appear. Therefore oveallifoems ofjob crafting
areepisodic and nogontinuous especially when compared with individuals who experience

internalized, autonomous forms of motivation.
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4.5.4Balanced (Moderate/High) profiles

Individuals with moderate or high overall motivation but similar levels of controlled and
autonomous motivain are having their needs for autonomy, relatedness and competence met to
some degree and therefore they have rmpersonatesources thaBalanced Low, Amotivation
DominantandControlled Dominanprofiles groups. They are also more likely to experience
positive affect, not just through shéited external rewards, but also through the ongoing
experience of meaningful or enjoyable work. GivenlihBering impact of resourcegjainst

burnout related to controlled motivation, we can expect that patteexpansive job crafting

will be moderate to high and sustainable over time. Therefore trajectories should be aligned and
stable within expansive job crafting, with the possibility of a slow positive gain spiral that

reflects the slow process of resourcgusition for theBalanced Highgroup(Hobfoll, 2001)

While restrictivgjob crafting may occur, the variety of sources of motivation within these

profile groups may mean that fewer demands are perceived as hindering as they have the
potential to serve wider range of motives from seeking external rewards, to ego boost,
meaningfulness and intrinsic enjoyment. However, dependent on the nature of the demand,
restrictive job crafting may be occasionally required. Therefore we can expect that levels of

restrctive hindering demands will be low and roontinuous.

4.5.5Autonomous Dominant profiles

Finally, individuals with profiles including moderate or high autonomous motivation with less
controlled motivation should experience satisfaction of all three basibgegical needs, with
higher levels of atonomy than all other profiles. Therefore ttapuld have the mopersonal
resourcesmongmotivation profile groupand more experiences of weridated positive

affect. These profiles provide a positive primaféect(Cacioppo & Gardner, 1998 rough

which individuals can identify a broader range of opportunities for job crdfmgirickson,

2001) Individuals in these groups should feel free to invest energy in crafting behaviours such
as increasing resourc@nd taking on demands without fear of excessive resource depletion.
According to COR theorfHobfoll, 1989, 2001)these investments will be reflected in resource
gain spirals characterised by action to seek new resources, albeit at a slower paseuhea re
loss spirals. Thereforéhis group will demonstratine highest levels of expansive job crafting

of all profiles demonstrating a slow but positive gain spiral over time which is more
pronounced in direction than that®élanced Highgroups. Howeegr, given that individuals
engage in their work for enjoyment or meaningfulness, job demands that do not attend to these
motives are likely to be perceived as hindering and reduced accordingly. While the protection
against burnout provided by high levefsaisting resources may allow for continuous

investment of effort in resource gain, related findings suggest that intrinsic motivational work
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orientation boosts the effect of job demands on the relationship between job resources and
engagement but doestrmost the effect of increased job resources on the relationship between
job demands and exhaustif/an den Broeck et al., 2011hdeed, even volitional engagement

in meaningful tasks leads to depletion of resou(Basimeister et al., 1998)herefore

individuals in these groups may occasionally need to reduce hindering demands to avoid
exhaustion related to high levels of challenging demands. Therefore moderate-but non

continuous patterns of decreasing hindering demands over time are anticipated.

4.5.6Hypotheses

Based on the abova,number of relationships between motivation profile and job crafting over
time can be hypothesize@hese areaummarizedilongside their theoretical basasTable 3.1

With regard to the trajectories predicted, the shape ofgehisnpredicted asontinuousor non
continuous. For the purposes of thisdy, continuous means tHatels of job crafting over

time are either continually stable, continually increasing (positive) or continually decreasing
(negative). Thus, the direon of change ialsospecified where continuous trajectories are
hypothezed Non-continuous means that levels of job craftoango up and down over time,

so a particular direction of change is not specified.
For expansive job crafting, the hypothesegarding motivation profiles are as follows:

Hypothesis4: Levels (a) and trajectories (b) of expansive forms of job crafting vary by

motivation profile

More specifically, regarding the nature of variation in levels and trajectories in expansive job

crafting within motivation profiles:

Hypothesis5: Amotivation Dominant/Balanced Lgwofiles will demonstrate

a) the lowest starting levels of expansive crafting among all motivation profiles
b) in a negativeontinuoudrajectory over time.

Hypothesis6: Controlled Dominanimotivation profiles will demonstrate

a) higher starting levels of expansive crafting tAamotivation Dominant/Balanced Low
profiles and lower levels thaBalanced oderate/High or Autonomous Dominamhotivation

profiles,
b) in a noRcontinuous trajectory over time.

Hypothesis7: Balanced(Moderate/High)motivation profiles will demonstrate
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a) higher levels of expansive crafting thamotivation Dominant/Balanced LaandControlled
Dominantmotivation profiles and lower levels th&utonomous Dominantotivation profiles
b) in a flat/positve continuoudrajectory over time.

Hypothesis8: Autonomous Dominamhotivation profiles will demonstrate

a) the highest levels of expansive crafting among all motivation profiles

b) in a positve continuoudrajectory over time.

For restrictive job crafting, the hypotheses regarding motivation profildstaegbelow:

Hypothesis9: Levels (a) and trajectories (b) of restrictive forms of job crafting vary by

motivation profile

Regarding thenature of variation in levels and trajectories in restrictive job crafting within

motivation profiles:

Hypothesis10: Amotivation Dominant/Balanced Layvoups will demonstrate
a) the highest levels of restrictive crafting among all motivation profiles

b) in a noncontinuous trgectory over time.

Hypothesis11: Controlled Dominanmotivation profiles will demonstrate

a) lower levels of restrictive crafting th&motivation Dominant/Balanced Lgwofiles and

higher levels thaBalanced (Moderate/Highor Autonomous Dominamnhotivation profiles
b) in a noRcontinuous trajectory over time

Hypothesis12: Balanced (Moderate/Highmotivation profiles will demonstrate

a) the lowest levels of restrictive crafting among all motivation profiles

b) in a norconinuous trajectory over time

Hypothesis13: Autonomous Dominamhotivation profiles will demonstrate

a) lower levels of restrictive crafting th&motivation Dominant/Balanced LaamdControlled
Dominantmotivation profiles and higher levels thBalancedModerate/High motivation

profiles,

b) in a noRcontinuous trajectory over time
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Table 4.1 Summary of relevant theoretical propositions and related hypotheses for job crafting over time by motivation profile

Relevant theoretical tenets and findings Hypotheses
Inferred Inferred Inferred Behavioural Pattern of Motives for crafting Effort Levels of Levels of
Experienced Resource patterns resource demands and resources | invested | crafting crafting
Affect and level (Fredrickson, 2001; change/relaed (Bakker & Demerouti, over time | Expansive | Restrictive | Expansive Expansive
related bias (Hobfoll, Hobfoll, 2001) affect 2007; Demerouti et al., (Ryan & crafting crafting crafting crafting
(Fredrickson, 2001; Ryan (Fredrickson, 2001; Ryan & Deci, 2017;| Deci, 2017)
2001; Cacioppo| & Deci, 2001;Cacioppo & | Tims et al., 2019)
& Gardner, 2017) Gardner, 1999
1999) Hobfoll, 2001)
Amotivated/ Negative Low Avoidance of Accelerated loss | Avoid demands; defend | Not Low High Negative linear | Nor-
Balanced Low punishment; withdrawal] spiral resources. sustained trend continuous
Controlled Low Positive Moderate Selective avoidance of | Combination of Secure extera reward or | Effort Moderate | Moderate | Non- Non-
Dominant punishment and resource gains an{ recognition; boost ego. sustained continuous continuous
withdrawal; losses episodically
Selective approach to
reward and engagemen
Balanced Moderate High Approach to reward and Stable/Slow gain | Secure external reward or| Sustained | Moderate | Low Stable Non-
(Moderate/High) Positive engagement. spiral recogntion; boost ego; effort (Balanced (Balanced continuous
contribute to meaningful Moderate) Moderate)or
work; complete enjoyable High Positive
work. (Balanced (Balanced
High) High) linear
trend
Autonomous High Positive Very High Approach and Gain spiral Contribute to meaningful | Sustained | High Moderate | Positive linear | Non-
Dominant engagement. work; complete enjoyable| effort trend continuous
work.
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4.6.Conclusion

This chaptepresented new theorizing on a temporabel®f jabo crafting at variabland
personlevel. At the persottevel, the model wasxtendedo includea role for motivation

profile in persorevel variance in levels and trajectories of job crafting over time. Study
hypotheses were presented in full. The follggwchapter outlines the research design employed
to test these hypotheses, along with the propositions relating the motiwatfibes presented in
Chapter 2. This ifollowed by full details of datarelyses and results in Chapteaéd, to

close, a dicussion the findings of this study aheéir implications in Chapter. 7
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CHAPTER 5
Research Methodology

5.1. Introduction

5.2. Research Philosophy

5.3. Research Design
Design Characteristics Research Participants Research Procedures

A 4

5.4. Measures and related considerations

5.5. Data Preparation

5.6. Data Analysis Strategy

5.7. Conclusions

5.1.Introduction
This chapter describes the research design used to test the both exploratory propositions and
predictive hypothges outlined in Chagpts 2 and 4The chapter presents relevant aspects of the
research design by moving from the abstract, general design approaches underpinning this
study, to the particular research characteristics and practices applied herein. As such, it opens
with a highlevel overview of the philosophical approach adopted within the current research. It
proceeds to highlight the design characteristics of the present study. The specific research
context and participants, the procedures applied and response rates ategirébe measures
used, their reliability and related independence and invariance considerations are described.
Data preparation and screening steps conducted in advance of data analysis are outlined.
Finally, the data analysis strategy applied in thislgis presented pending a more detailed
description of steps taken and relatesults in Chapter.6

5.2.Research Philosophy
This research utilises a quantitative design which is rooted in the positivist scientific tradition
(Kerlinger, 1992)The principlesof positivism originate from the writings of August Comte and
emphasize the importance of scientific knowledge gathering through rigorous scientific method
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(Benton & Craib, 2011)The positivist quantitative approach is widely used in organization
studiesand dominates the fields of selétermination theorgHowardet al., 2017)and job

crafting researcfRudolph et al., 2017However, it is tempered by the acknowledgment of
socially constructed phenomena and a pragmatic approach to the applicate@aothreThe
following section outlines the ontological, epistemological and methodological impacts of this

approach on the present study.

From an ontological perspective, the positivist approach combines rationalism, the application
of logic to explain angredict phenomena, and empiricism, the requirement that scientific
knowledge be based on observable phenomena and measurable evidence. It suggests that we
can only have knowledge of explicit phenomena and the relationships between them, and that
hypotheical inferences should not be asseftddssard, 1993Mill, a positivist, presented
principles of induction and deduction of logic suggesting that to progress scientific knowledge,
general theories can be inferred from known facts (induction) and spaeitiictions can be

made from general laws (deductidrjassard, 1993 Positivists therefore apply a hypothetico
deductive model to generate theory and propose hypothesized relatig@sbgsell, 2009)

These theories organize knowledge through indacind good examples reduce everyday
phenomena into comprehensive, explanatory and predictive models. However, extreme
reductionism and empiricism can be problematic in the field of psychology as many of the
phenomena of interest to psychologist, inclgdinose described within seletermination

theory, are internal and unobservafi3em & Looren de Jong, 2006; Ryan & Deci, 2Q17)

Therefore, in practice, psychologists often apply a less strict form of positivism. Quantitative
psychological research oft@pplies an empirical cycle, collecting available data and
information about a phenomena (e.g. in a literature review), using induction, including
abduction, to infer the best explanation or theory from hypothetical knowledge about causes,
then deductingpecific testable hypotheses and predictions, often by operationalizing the
measurement of unobservable internal constructs, which can then be tested and ¢smated

& Looren de Jong, 2006; DeGroot, 1968his approach applies to the present study.

Epistemology refers to the nature, limitations and evaluation of know(&#ge & Looren de

Jong, 2006)The epistemology of the positive approach in organization studies includes gaining
objective, verifiable knowledge by objectively describing observaldagiena, identifying

sets of principles underlying observable phenomena, and by applying scientific methods to
support test and validate that knowled@gécks & Freeman, 1998 ositivism includes a

position of scientific realism: that knowledge correspotadreality and that we can know what
really is(Bem & Looren de Jong, 2006Jhus, psychology, as a science, strives to understand

real but internal psychological phenomena. However, much of the time our work is in the
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domain of socially constructed plemena, including, for example, the concept of a job in job
crafting theory. Therefore, while organizational psychology may be dominated by a positivist
epistemology, it incorporates elements of constructionist viewpoints. In addition, almost all
studies irthe field of organizational psychology, including the current research study,
incorporate an element of pragmatism, where the researcher, if not explicitly driven to gain
knowledge that addresses a practical problem for organization, at least suggtis& pra
applications of that knowledd®lartela, 2015; Wicks & Freeman, 1998) self determination
theory and job crafting research, this approach goes beyond pragmatic applications which aim to
enhance the effectiveness of organization, to focus ocaétiwals such as creating
opportunities for meaningfulness and human flourishing in workingWfeks & Freeman,

1998, Ryan & Deci, 2017; Wrzesniewski & Dutton, 2Q01)

The selection of an appropriate methodological approach is linked to these oataadic
epistemological perspectives. Quantitative methodology with its roots in objectivism, positivism
and critical rationalism aims to predict behaviour with generalizable find®el®,

Braakmann, & Benetka, 20Q8h the positivist tradition, scientif method can be described as

a systematic and reductionist approach to knowledge building usingefigled methods to
generate clear, objective, generalizable knowledge which is open to retesting and (Beision

& Looren de Jong, 20067 he strictestorms of positivist methodology are evident in early

strict experimental research in sddtermination theorge.g. Deci, 1975)However the

majority of studies, in both setfetermination theory and job crafting research employ-field
based methods, using selfreport questionnaires to gather data, reflecting the typical approach
of organizational resear¢Mantere & Ketokivi, 2013)Seltreport questionnaires are best

placed to capture motivational regulation as an internal psychological expéfznoe et al.,
2015)and job crafting activities which can often go unnoticed by peers or supeiffisosset

al., 2012)

Within job crafting research, a number of qualitative studies have been conducted which have
sought to identify patterns of job crafgimctivitieswithin participants Berg, Wrzesniewski, et

al., 2010; Kira, Eijnatten, & Balkin, 2010lowever, quantitative methods can also address this
need to identify patterns of behaviour within individuals or groups by using a ypithgons
designsThis is particularly relevant to the study of sééftermination theory, which

emphasizes the subjective internal nature of the experience o{Ryak & Deci, 2017and

job crafting which suggests that that jobs are a social congiizesniewski & Dtton, 2001)

From this perspective, for example, the objective assessment of autonomy in the environment is
less predictive of individual outcomes than the reported subjective experience of autonomy need

satisfaction. Furthermore, the relationship betwtbermverage subjective experience of
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autonomy need satisfaction and average outcomes is less predictive than thpesdhin

relationship between these two.

In conclusion, the current research design is based on the ontological and epistemological
prindples of a positivist philosophical perspective, tempered by the recognition of jobs as a
social construct, the subjective experience of working life reflected in experience motivation,
and the goal of pragmatic applicable findings which enhance workinghe methodological
implications of these principles include a quantitative research design utilising it
measures and a withpersons approach. The next section explains the application of these
principles by presenting an overview of thereat research design characteristics (longitudinal,
within-persons, repeated seffport measures), along with a description of participants and

procedures.

5.3.Research Design
This study can be characterised as a longitudinal, repeated measurespsvibimesign. It
includes 4 waves of data collection from 992 workers across a 9 month period (3 month
intervals) within a field setting. This section opens by describing each of these design
characteristics and the reason for their selection in relation ortigeof the study, and then
proceeds describe the participants. Finally, the research procedures are outlined including a how
a number of key operational issues raised by the design (e.g. the risk of attrition) were

addressed.

5.3.1Design characteristics
Repeted measures designs bring clarity to the relationship between varialdles kyifi nvdy a @
happenso r at h@®oe, 2008, 87)hisstudytapplies adrépeated measures
design to examine the theorized relationship between work motivation accftbg by
asking not only if these two constructs are correlated or associated but also by asking if a
particular motivational orientation toward work affects how an individual crafts their job over
the course of 9 months. The repeated measuremerii ofgéting within the design means that
the relationship between motivation profile and levels of job crafting is examined at four time
points rather than one and, most significantly, that the impact of motivation profile on the
trajectory of job craftingan be tested, and the stability or dynamism of that trajectory can be

measured.

A longitudinal research design, and more particularly a repeated measures design, is appropriate
where the variables being repeatedly measured are expected to change tovefrdrae of the
study(Ployhart & Vandenberg, 2009} he relevant dynamic variables in the present study are

acts of crafting job demands or resources. The proposed dynamism of these variables supported

by two theoretical tenets: first, that the job iugd, dynamic social constru¢Wrzesniewski &
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Dutton, 2001)and second, that the nature of, and interaction between, job demands and
resources results in an inherently dynamic system. With regard to the latter, job demands can be
motivational but can eate burnout over time, as a result job demands are proactively decreased
and/or resources are proactively sought to provide a buffer against burnout; those resources lose
value over time and related demands may be met or removed over time, prompting more
demands to be proactively sought, along with more buffering resources an{Csnwarouti et

al., 2001; Hobfoll, 2001; Schaufeli & Bakker, 2004)longitudinal, repeated measures design

is best way to capture this dynamism.

The selection of appropriatire intervals in longitudinal research is critical for the detection of
change over timéRoe, 2008) Evidence suggests that job crafting occurs daily at a micro level
(e.g. Demerouti, Bakker, & Halbesleben, 2015; Petrou, Demerouti, Peeters, Schaufeli, &
Hetland, 2012; Tims, B. Bakker, & Derks, 2014pwever qualitative research suggests that

job crafting efforts can take time to enact and can occur over the course of weeks or months and
even over the course of a working year due to the dynamic nature déjnands and job

resources and the dynamic nature of working life over a year (e.g. changes in customers,
products, technologies/equipment, team structure, managers/colleaguekfenmi@rities etc.;

Berg et al., 2010; Kira, Balkin, & San, 2013; $es, 2012)The selected 3 month intervals in

the present study allow sufficient time for these rrlesel job crafting efforts to be captured,

and for the effects of crafting efforts to be experienced.

Finally, persorcentred designs provide researcheith ¥he opportunity to examine within

person variance in a sample, to explore possible subpopulations, and examine their
characteristics and interactions with related variafiesin, Bujacz, & Gagné, 2018There

have been recent calls for perstentredresearch within the field of job craftirfyogt et al.,

2016) Crosssectional variablkeentred research suggests that levels of increasing challenging
job demands and increasing structural resources are consistently higher than those of increasing
socialresources and decreasing hindering job demands. Regatred approaches can shed

light on these findings by examining the relationships between these various forms of job
crafting and their cmccurrence within individuals as well as how levels anedtaries of

different forms job crafting vary across individuals. In practice, pecgoitred research helps to
identify individuals who are likely to engage in high levels of expansive job crafting which is
generally link to higher performance and tontiy individuals who are more likely to engage

in job crafting consistently over time as opposed to episodically. The present study utilizes both

latent profile analysis and latent growth modelling to explore these issues.
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5.3.2Research participants
This field-based research was based on a sample of 992ad&d blue collar employees from
across 39 locations within a single multinational services organisation @gean38.4 years,
females =12.9%). Participants were engage in low skilled work with 72.6% digipants
engaged in manual work, and a smaller proportion engaged in relatsdiltad clerical work
(20.1%) or lowl e v e | supervisory roles (7.3%). Par ti
6.6 years.

The nature of the work was of particularargst in this study, given that the limited research

field is dominated by white collar samples. While the-kkilled work context reduces
generalizability across the wider working population, it increases our understanding of similar
working environmentand of workers involves in similar work who make up over 80% of the
global working populatiofinternational Labour Organisation, 201&jven the nature of the

work, a number of participants had limited access to computers in their daily work so a paper
survey option was provided to ensure full opportunity to participate. In addition, as the work
itself did not require strong literacy skills, the wording of survey items was reviewed in advance
of the study by a number of ngrarticipating employees to atieit was clear and

comprehensible for all participants. An annual online employee survey programme is run by the
organization, therefore all participants had some experience of completing a cobaseter

survey in the past.

5.3.3Research procedures
The researth was conducted as part of a wider project regarding performance management
practices within the organisation. The survey was piloted among a small convenience sample of

employed adults within and outside the focal organisation. Based on feedback renaieed

ci

adjustments were made to items to reduce report

my capabilitiesd changed to Al try to devel
3 month intervals from September 2014 to June 2015 ssifigeport surveys. Participation

was voluntary and confidentiality was assufehployeewere askedio provide their unique
employeenumber to link responses across wald® survey required participants to complete

a range of questions related to Wider organizational performance management process
including responding to items used in the present study measuring job crafting and work
motivation. Demographic and control measures included age, gender, job type, length of time in
role and use of paper online survey. All items, excluding the demographic and control
measures, were randomised across waves in the paper and online versions of the survey to

minimize method bias.
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Individuals who chose to complete the online version were invited to doreaafprivately
located computer within their workplace to allow them to complete the survey confidentially.
Those who chose to complete the paper version were provided with a sealable preaddressed

envelope to allow them to seal and submit their responsgientially.

Table5.1 Demographic VariablesNumerical

N Minimum  Maximum Mean Std. Deviation
Age 990 17 75 38.43 12.40
Yeas in Job 974 0 30 6.62 6.15

Note.n = sample size

Table5.2 Demographic VariablesCategorical

Frequency Valid Percent Cumulative Percent
Gender Male 783 87.1 87.1
Female 116 12.9 100.0
Job Type Manual 461 46.5 46.5
Manual Driver 260 26.2 72.7
Clerical 199 20.1 92.7
Supervisory 72 7.3 100.0

With regard to responses, research should be designed and data naihectamed to avoid any
missing datgAllison, 2001) In reality, this is challenging to achieve especially in longitudinal
research. Missing data can occur at Henel, where boredom increases towards the end of the
survey and items are skipped or whangarticular item is unclear or causes embarrassment. In
longitudinal research, this is compounded by missing data at wave level where a participant is
unavailable to complete a specific wave of the study or where survey fatigue sets in after

multiple waves.

The present study adopted a number of procedural strategies to minimize attrition and related
missing data. Firstly, as participants were based in multiple locations, written communications
between the researcher and participants were utilised asasydssible. Advanced notice of

the surveys was provided along with regular follow up reminders and updates on response rates
after each wave. Questions were encouraged and a range of contacts were provided including
the researcher, the company HR team,|tital manager and the research organisation (Dublin

City University). In addition, anonymity was assured and a summary of the results was
distributed to those who participated at the end of the study. To maximise the collection of
observed data, parti@pts were invited to participate at all waves, regardless of whether they

had participated in the previous wgidewman, 2014)

A key section of the online survey required participants to complete it in full. Specifically, the

survey was split into thregections: a series of questions about the participant demographic
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characteristics, a series of items relating to the constructs being studied, and a final section
containingopen text fields for any further comments. In the online version of the survey,
paticipants were required to complete the middle section in full before proceeding to the next
section. If participants chose not to complete all items, any demographic information provided
in the first section was retained. The primary aim of this appreas to gather as complete a
data set as possible at each wave teseffexpected attrition over the course of the four wave
study. A number of contextwual and design fact
annual employee feedback surveyuiegs participants to complete all items in the

questionnaire and therefore this approach was expected by participants. The requirement to
complete the survey in full was explained in the introduction to the survey, along with the
option to stop participatg at any time, and an expected time to complete was provided.
Anonymity was assured. In addition, the pilot of the survey verified that it did not included

items that were difficult to understand, highly sensitive or embarrassing.

The approach of requirg respondents to complete all items in a section before proceeding has
been criticisedNewman, 2014)It has been argued that requiring individuals to complete all

items before proceeding maguse them tabandon the survey rather than complefBdaynter,
2010)and that a reactance effect may influence the quality of resp(@tseger, Reips, &

Voracek, 2007)However, findings have been mixed. One study among over 4000 graduates
found no impact of forced response on the dvoprate or quality ofgsponses in the attitudinal
nature of responses with the exception of questions requesting sensitive personal financial
information(Leach, 2013)Stieger, Reips, & Voracek, (200@¢monstrated a reactance effect

in a survey on the emotive issues of jealgsexuality and higher draput rate among males in

a study of over 3000 university students. Response rates from the present study show that less
than 10% of those who responded online abandoned the survey. In addition, as the focal areas of
the study vere not highly sensitive or emotive, the research to date suggests that a reactance
effect may be less likelft.each, 2013)In support of this, an analysis of standardized residuals

in a cross tabulation of survey format and missing data revealed tloetlithee survey (with

forced response) did not have a higher than expected rate of missing data when compared with

the paper version (no forced response).

In the present study, the average survey level response rate across the waves was 46%. This is
relatively aligned to reported average response rates in organizational sciences(AhSaet,
Lievens, Schollaert, & Choragwicka, 2010118 individuals were contacted to participate in

the study. 992 participants completed the survey correctly in at leastae of the four wave

study resulting in a persdavel response rate of 89%. This perdevel response rate is

comprised of 8% full respondents and 92% partial respondents. The partial respondents
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completed between one and three waves of the four stadg. This resulted in 1818 time
specific ratingsNl = 1.83 timespecific ratings per pershrirhe pattern of wavkevel
missingness by person in the present study is available in Table 4.3 based on a format in
Graham (2009)

Table5.3 Wave level missingess

Wave(s) Completed # of participants % participants Cumulative
Percent
1 only 138 13.9 13.9
2 only 142 14.3 28.2
3 only 117 11.8 40.0
4 only 91 9.2 49.2
land?2 69 7.0 56.1
land3 26 2.6 58.8
land 4 17 1.7 60.5
2and 3 69 7.0 67.4
2 and 4 29 2.9 70.4
3and 4 47 4.7 75.1
1,2and 3 48 4.8 79.9
1,2and 4 21 2.1 82.1
1,3and 4 34 3.4 85.5
2,3and 4 69 7.0 92.4
1,2,3,and 4 75 7.6 100.0
Total 992 100.0

5.4.Measures and related considerations
This research utilised measures within aesedf selreport surveys. This section outlines the
measures and control variables utilized, taking each in turn and closes with a description of how

related issues such as measurement independence and invariance were addressed.

5.4.1Work motivation measures
The research utilised the Multidimensional Work Motivation SQdM/MS; Gagné et al.,
2015)to identify themotivation profiless among participants. In a wesktting, it is the most
complete and widely validated measure of motivational regulation. t9sitem measure
which has demonstrated factorial validity among 3435 workers in seven languages and nine
countries. It has been cited almost 60 times in published rededasgite being a relatively
recent measure. It includes individual measures ohsitrimotivation, identified regulation,
introjected regulation, external regulation social, external regulation material and amotivation
and as such is closely aligned to s#dtermination theory. It demonstrates theoretically
predicted relationships tabic needs for autonomy, competence and relatedness, autonomy
supportive management and leadership styles, enriched job design and work outcomes
(commitment, welbeing, performance and turnover intention). It improves on earlier versions
of the scaldGage et al., 2010, Blais 199@jith the addition of amotivation and validated

subcategories of external regulation. It has s@sthblished validity compared to other recent

3 Citation search on Web of Science datééiNay 2018 (www.webofknowledge.com
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measures designed for use in identifying motivation profiles in a work ségtind/oran et al.,
2012)and allows for the measurement of individual forms of motivation, as well as composite
scores for controlled and autonomous motivation {éagsteenkiste, Sierens, Soenens, Luyckx,
& Lens, 2009) which can provide greater insight irttee interaction of varying forms of

motivational regulation.

The present study uses all six subscales of motivational regulation within MWMS, individually
and in full; this approach is relatively unusual in the research to date. The majority of studies
have applied the scales in part or by using composite measures from across the six subscales
(e.g. Bidee, Vantilborgh, Pepermans, Griep, & Hofmans, 2016; Gillet, Fouquereau, Lafreniere,
& Huyghebaert, 2016; Olafsen, Deci, & Halvari, 2018; Yam, Klotz, HRe¥nolds, 2017)All

of the above examples, and others (B..r au s s , Par k ewhie pr&vid@p Shea, 2017
interesting insights, use some form of composite measures from MWMS and exclude
amotivation. To the best of toddiechasaiseddior 6 s knowl ¢

measures of motivational regulation from the sddtmyvard and collagues (201&pplied all

measures in the scale to identify motivation profiles among a heterogeneous group of employees

and to test their relationships to creestional work outcomes including performance, job

satisfaction, engagement and burnout. The present study mirrors this comprehensive approach.

Respondents were asked to indicate the degree to which each statement was true for them on a 5

point Likert scale fromi (not at all true) to 5 (very true). The 19 items in the scale represent six

individual motivation measures: intrinsic motivation (3 items, lepgit efforts into my job

because the work Idoisinterestng U = 0. 84) : i dentglputeffotsr egul at i

into my job because putting efforts into this job aligns with my personalvaluds = 0. 7 8)
introjected motivation (4 items, e .lgout efforts into my job because it makes me feel proud of
myself, U = 0. 73); ienateria(B items, e.gl putgetiortsairttoimy job because |

risk losing my job if | don't put enough effortinit U = 0. 604) ; i soiat(@ r n a |

items, e.gl put efforts into my job because others will respect me more (e.g. supervisor,

colleaguesfamily); U = 0.75 ) a mo t lidwlittle beaause I(d@'t think ¢hiss e.

work is worth putting efforts into U =WHile the @Xternal regulatiematerial scale was
below the widely accepted rule of thumb of O(R@inally, 1978) alpha valies above 0.6 are
acceptable where the factor has a small number of fidais Black, Babin, Anderson, &
Tatham, 2006)

5.4.2Job crafting measures
The Job Crafting Scale (JCBms, Bakker, & Derks, 2012¥as used to measure four types of
job crafting behaviors at each of the four waves of data collection. It is the most widely used

and wellvalidated within quantitative job crafting research. It has been widely applied in
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studies from Finlan@Harju et al., 20160 Japar(Eguchi et al., 2016}t has also ben adapted
for use in team§Tims, Bakker, Derks, et al., 2018hd for diary studgesign Petrou et al.,
2012)

Respondents were asked to indicate the degree to which each statement was true for them over

the past 3 months on a 5 point Likert scalenfrb (not at all true) to 5 (very true). The scale

included 14 items measuring three types of expansive job crafting. Increasing challenging

demands is a 5 i tem meaWhemae interésiingtask comeshlond,es it er
| offer myself proactiely as ataskcwo r k ea e (afT4U&s 0TZ5 O U 00.77)
I ncreasing structural job resources is also a !
how | do thingsd) demonstrated | ow factor | oadi
Reliability analysis showed consistent improvement across waves without this item so it was
removed. The 4 item measure demdAstratsd Qobd i
0O0.84). The final expansive |job ccesddgtaskng meas ur
others for feedback on my job performancea n ge o6Tf4 U6s0.T715 O U OO0. 82) .
also included 5 items measuring a restrictive type of job crafting: Decreasing hindering job

demands (e.d.organize my work so as to minimize caat with people whose expectations are
unrealistic).One item from this 6 item measure was omitted in error from the first wave of data
collection so the 5 item version wasi4dused for ¢
0.710 U 00.80).

5.4.3Controls
Control variables were limited to demographic information to ensure maximum power for
statistical analysiéMeade, Behrend, & Lance, 2009)ge, gender, job type and length of time
in role have demonstrated relationships with forms of job crafting anigiation profiles in
previous researcfRatelle et al., 2007; Rudolph et al., 2017; Van den Broeck et al.,.2013)
While capturing demographic variables, this research does not explicitly control for situational
variables. However, being conducted amondatively homogenous group of low skilled
workers in a single, stable, structured organization provides a degree of control of situational
variables such as autonomy, rank and organizational uncertainty. In addition, motivational
regulation, the antecedevdriable in the present study, has been found to mediate the effects of

situational variables on work outcom@®rnet et al., 2012; Trépanier et al., 2013)

5.4.4The use of selreport measures
The decision to use quantitative sedport measures was basedaomumber of considerations.
Selfreport measures are best placed to accurately measure variables that are experienced
internally or not always observable by reglf-report method¢Chan, 2009) Therefore they are

appropriate for use in the present studgtivation is an internal unobservable psychological
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experience can only be described by the indivi§@algné et al., 2015)ob crafting is in a
proactive work behaviour which, while partially observable by peers and managers, includes
invisible or unokerved acts and therefore can only be fully known and reported by the
individual (Tims et al., 2012)This research aims to quantify and compare levels and
trajectories in job crafting over time, and empirically identify naturally occurring motivation
profile groups. Quantitative measures allow these aims to be met as they allow for complex

modelling of latent classes and growth trajectories over time.

By using selreport surveys which include quantitative measurement scales comprised of a
number of itemsthis study makes a number of assumptions. Firstly, it assumes that the survey
method and measures are independent such that results would be replicated regardless of the
researcher. Secondly, it assumes that participants in research have a shaged, stabl
understanding of relevant measured phenomena. In longitudinal research, these assumptions can
be tested by determiningttie same scale items measure the same construct at each time wave
(i.e. configural invariance) andftifie strength of the relationiphbetween each item and that

construct remains stable at each time wave (i.e. metric invaridrgelly, it assumes that these
phenomena can be measured (quantified) accurately in a survey, without significant bias, using
an appropriate scale. #dumberof strategies were employed in the design to ensure each of

these assumptions held.

Firstly, to protect the independence of the research, a standardized survey format was used with
validated unambiguous measures and consistent language and instruobiogisatit. In

addition, a fivepoint Likert scale was used for scale measures with a distinct midpoint and clear
descriptors of each point. Participants were unknown to the researcher, were independently

recruited, and participation was voluntary.

Secondly measurement invariance was tested and demonstrated to metric level for all variables
with the exception of a single small instance of differential item functioning in the increasing
social resources measure in T1. This partial invariance was subseqoetblied for in latent

growth modelling

The third assumption raises wider issues around the use-ofgeit surveys. As psychologists,

we require insight into individual perceptions and unobserved/unobservable behaviours that no
other method can pvide and yet, this method may be biased by factors influencing the
construct validity of the measure such as social desirability and by use of a common method
negatively impacting the validity of relationships between vari@@an, 2009; Podsakoff,
MacKenzie, & Podsakoff, 2012With regard to social desirability issues, findingd_lpgns
(2008)suggest that individuals may be more reluctant to report job crafting activities that do not

positively impact the organizatiditims et al., 2012)However, fimings in organizational
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research have yet to support the occurrence of significant levels of faking responses or social
desirability bias even if surveys are not anonym@lsan, 2009)This is the particularly the

case where there are no significant ouies at stake (as there may be in, for example,
recruitment settings) and where there no transparently desirable norm t6Gkach2009)

The present study does not include any significant outcomes for participants. Risk of bias is
further mitigated byhe fact that the items within both MWMS and JCS have been well
validated, unambiguous and are not vdaden(Gagné et al., 2015; Podsakoff et al., 2012;

Tims et al., 2012)and because the working environment in the present study is not one that
explicitly rewards proactive behaviours like job crafting, which can indicate an organizational

norm; rather it is highly controlled, ruteased and structured.

The issue of common method variance is argued to inflate the correlations betweepastdf]
measues(Chan, 2009)lt is, of course, important that any variance in the data is based on the
relationship between relevant-gariates (in this casejotivation profileand job crafting)

rather than a function of the survey method itself. In this studyrrdo@uof design

characteristics mitigate this risk. Motivation profile information was gathered at the time of the
participants first response to questions about job crafting but the remainder of the job crafting
data was gathered at later waves. This plesvia buffer against method bias affecting the
relationship between motivation profile and trajectory of job crafting over(ffadsakoff et

al., 2012) The order of the items in the survey was randomised across participants and between
time points to redce any priming effect of items measured earlier in the sy{Regsakoff,
MacKenzie, Lee, & Podsakoff, 20037 he measurement occasions in this study were also
separated by 3 month intervals. Although the selection of these intervals were determided base
on theoretical considerations of the degree of change in job crafting over time, the time lags
provide the added benefit of minimizing method bias which might occur in asgosenal
study(Ployhart & MacKenzie Jr., 2015finally, there was limitedvidence of inflated

correlations across all variables in the study: correlations varied as a function of the construct
being measured and as predicted by theory. For example, at T1 expansive forms of job crafting
demonstrate high intercorrelations0.37i 0.42 and low correlations with restrictive job

crafting f = 0.671 0.25).

5.5.Data Preparation
Data were prepared for the analysis phase by assessing missing data, screening for errors,
outliers and multicollinearity, and reviewing the distribution ofdaéa via checks for skewness

and kurtosis.
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5.5.1Handling missing data
Whatever the level and rate of missing data, the researcher must decide how this missing data
should be handle@Newman, 2014)Recent literature on the area of missing data emphasizes
the reed for social and behavioural science researchers to carefully consider their choice of
methods to address missing d@&aaham, 2009; Newman, 2014; Schafer & Graham, 2002)
The first consideration is to identify, where possible, the nature of the misimgStaticians

classify missing data in three ways

missing completely at random (MCAR) is rarely the case in practice;
missing at random (MAR) is missingness of the data related to missing data values
which is no longer the case when other obskradues are controlled:;

1 and missing not at random (MNAR) is missingness related to the missing data values
which cannot be demonstrated as the data are missing.

It is not intended that researchers classify their data as one or the other above;taygmsb
even be possible. We can instead assume that missingness exists on a scale somewhere between
MAR and MNAR (Graham, 2009)This assumption is useful in determining the best approach

to handle missing data.

A number of approaches to handling misdilaga are summarized in Newman (2009, 2014) and
includelist wisedeletion, pairwise deletion, single imputation, multiple imputation (MI) and

maximum likelihood estimation (ML). While the latter two approaches, Ml and ML, are the

most sophisticated anddst biased methods availabl&raham, 2003, 2009)pcial scientists

have been slow to adopt thdsel e | i c i . Phel ps, & tesultingimthe 2009 ;
selection of methods such let wiseor pairwise deletion or single imputation. In a revief

57 studies in top tier journals in the field of development psychology, 82% of studies used either

list wiseor pairwise deletion as their missing data techniguee | i ci | .Jaesteightl . , 2009)
studies (12%) used the recommended ML or M| approaghesa missing data exceedd @6

(Graham, 2009; Newman, 201%his trend appears to be replicated in some longitudinal

research in the job crafting research field which utligewisedeletion(e.g. Lu, Wang, Lu, Du,

& Bakker, 2014; Nielsen & Abildgadr 2012; Tims, Bakker, & Derks, 2013, 2014; Vogt et al.,

2016)

However, a handful of recently published papers in the fields eflstfmination theory and

job crafting adopt either MI or ML suggesting that researchers are beginning to tune into the
benefits of these approach@ipp & Demerouti, 2014; Howard et al., 2016; Valero & Hirschi,
2016)such as reducing the risk of inaccuracy and bias. Newman recommends using ML or Ml

when more than 10% of the sample is made ygadfal respondentsvhere thee is missing

98



Chapter6 Data Analysis and Results

data for one or more constructs. Given the profile of missingness in the current dataset, this
recommendation has been followed by the utilisation of the full information maximum
likelihood (FIML) default inMplusin both latent profile anages and the majority of latent
growth analyses in this study.

5.5.2Data screening
The raw data, frequencies and descriptive statistics were examined for evidence of errors

including duplicates, missing identifier across waves, outliers and invalid responses.

High correlations between study variables is indicative of multicollinearity, suggesting that
gathering separate data for the two variables is redundant and highlighting potential constructive
validity or method bias issues. A rule of thumb provided\blyford and Tsui (19913uggests

that correlations below 0.75 indicate that multicollinearity will not influence the validity of data
analysis. Correlations between variables in the present study did not exceed 0.75 and therefore

the requirement for the absenaf multicollinearity was met.

Traditional tests of normality are overly sensitive in large samples and are likely to be
significant even where the data are relatively noffild, 2009) In such cases it is advised to
review the skewness and kurtodiatistics as well as the histograms. In the current sample all
variables (with the exception of Amotivation) had skewness and kurtosis within a rafdge of

+1 and the relevant histograms for these variables displayed curves approximating normal
distribution. Amotivation was positively skewed, although normality and skewness were within
a range of2 to 2 which is acceptable in larger samg&sorge & Mallery, 2010)However,

skew may impact the latent profile analysis (LPA) to identifytivation profikes, specifically

the statistical test that indicate the optimal number of prdidasier & Curran, 2003b, 2003a;
Nylund, Asparouhov, & Muthén, 20Q7Yherefore a log transformation was applied to the
Amotivation variable which brought the skewness andosis within the acceptable range-bf

to +1(Field, 2009) As log transformation has been argued to impesailts(Feng et al., 2014)
latent profile analysis was run Mplususing both the original variable data and transformed
variable data and ressllcompared on the relevant statistics, statistical indicators and tests. No
differences were detected and therefore results presented in Ghaptbased on the original

variable data.

5.6.Data Analysis Strategy
This section outlines the data analysisrapph and key considerations therein. As the analyses
in this study are substantial and complex, this section begins with a high level introduction of
the six phases of the analysis. It proceeds to present the key considerations around statistical
power réevant to all phases of the analysis, followed by a description of the general approach

taken to the estimation of models and model fit. It then presents further detail on each of the six
99



Chapter6 Data Analysis and Results

analysis phases in turn: Confirmatory factor analysis (CFA), latefite analysis (LPA),
univariate second order factor latent growth modelling (SOF LGM), 1grdtip firstorder

factor latent growth modelling (FOF LGM), 3 step LPA with auxiliary variables, and growth
parameter analysis from FOF LGM (Mugiioup and BCH As required, additional detail is
included in relevant sections such as latent class enumeration guidelines in LPA and specific
considerations around the available approaches for using latent classes in subsequent
longitudinal analyses (i.e. FOF LGM).

5.6.1Phases of analysis
The data analysis strategy involved six phases. First, the measurement model was tested by
applying confirmatory factor analysis to determine how well the scale items measured each
construct, at each wave as applicable. Second, latgile@nalysis was used to identify
naturally occurring motivation profiles within the sample and multinomial logistic regression
was used to examine relationships with demographic covariates (age, gender, length of time in
role and job type). Third, secdiorder factor latent growth modelling (SOF LGM) was
completed to test hypotheses relating to changes in job crafting over time in three steps:
measurement invariance testing, seeorakr factor growth trajectory modelling, and the
addition of demographieariables. Fourth, firsbrder factor latent growth modelling (FOF
LGM) was completed to test hypotheses relating to variation in starting point and trajectories in
job crafting as a function of motivation profile group. The fifth step included an asalyall
job crafting variables as distal outcomes of latent profile analysis for motivation profiles
(Asparouhov & Muthen, 2014d test how levels of job crafting vary as a function of
motivation profile. Finally, a review of growth parameters and mphots was complete based
on multigroup FOF LGM and the application of the BCH approach to latent profile analysis
with an arbitrary secondary model; in this case, FOF L@kparouhov & Muthen, 2018 his
is referred to as BCH approach with LGM for theneender of this documenMplus7.3 was
utilised to complete the above analyses, applying the maximum likelihood estimator and, as
outlined above, utilising full information maximum likelihood (FIML) to handle missing data in
all analysesvith theexcepton of the BCH approactvith LGM which requiredlist wise
deletion(Muthén & Muthén, 19982017) The implications of the analysis approach for
statistical power, and the model estimation method and fit statistics utilised, are described in the

next two subsctions.

5.6.2Statistical power
The question of statistical power is an important consideration when determining the
appropriateness of a data analysis strategy. A lack of statistical power can lead to Type Il errors

where the null hypothesis is accepted inectly and where relationships that exist in the
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sample are not detect@durphy, 2008) Statistical power is influenced by the sample size, the
effect size and the statistical threshold selected for a relationship to be determined as significant.
This theeshold is usually set at 0.05 or more stringently at 0.01 in the organizational sciences
(Aguinis & Harden, 2009)both thresholds are reported in the present study. Sample size

impacts statistical power because it impacts the number of data pointg $amntle reason,

missing data can also negatively impact po(wman, 2009)Conversely, in longitudinal

data analysis, the number of waves can increase the number of data points and therefore

increase statistical pow@éWanstrom, 2009)

In order to deterime statistical power, an analysis can be completed. A number of guidelines
and rules of thumb exist in relation to this analy8iguinis & Vandenberg, 2013; Murphy,
2008) Davey and Savla (200pyesent a series of power analysis steps designed spbcffica
situations involving the application of advanced missing data techniques such as maximum
likelihood which is applied in the present study. They apply these to longitudinal data analysis
such as latent growth modelling. Their analysis suggestwitiamissingness of 50%, samples
sizes of approximately 250 are required to allow statistical power to meet the widely accepted
threshold of 0.8QCohen, 1992)o detect variance and covariances when data is MAR. The
sample of 992 in the current sample ltent profile analysis. Therefore univariate latent
growth modelling easily meets the power requirement, despite missingness of 54%. However, in
the final set of analyses, sample sizes for ngritiup LGM and the BCH approawtith LGM
are determined bthe motivation profile groups that emerge from latent profile analysis. It was
anticipated based on previous findiriggy. Howard et al., 201&)at at least 4 profiles may
emerge and therefore at least some of these groups would have a sample biae RS t
Further analyses of sample sizes required to achieve 0.8 statistical power-igrougtiatent
growth modelling suggests that, where reliability of measures is greater than 0.7, group samples
greater than 300 are required to detect effect siz@ (Wanstrém, 2009)Therefore the
results for smaller groups are likely to suffer from Type Il errors: a failure to detect effects that
exist. Two analysis strategies were adopted to address this issue. Firstly, the additional analysis
of latent profie analysis repeated with the addition of all job crafting variables at each time
point as distal outcomes allows means plots of trajectories to be generated. These were reviewed
for each motivation profile group to observe visible change, and meangultiésrtests were
completed to compare levels of job crafting across motivation profile groups. Secondly, the
results of LGM (multigroup and BCH) were crosslidated, to offset the impact of reduced
power due tdist wisedeletion required ithe BCH appioach Both results were reviewed
against standard error rates of 0.01 and 0.05 but also against a higher a priori Type | error rate of
0.1 for groups with n < 30(Aguinis & Harden, 2009) The decision to increase the risk of
making a Type | error by adjting this threshold was weighed against the expected likelihood
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of Type Il errordMarsh et al., 2004described above, and the additional information provided

by supporting analyses, and determined to be appropriate in this instance.

5.6.3Model estimation andfit
In predictive statistical modelling tools, including confirmatory factor analysis, measurement
invariance testing and latent growth modelling, researchers must identify the best predictive
model from a number of alternative models. In the presedy stoaximum likelihood (ML)
estimation was used to estimate model parameters that maximize prolfgialidy 2009) It is
well established and widely us@@eauducel & Herzberg, 2006hd the default estimation tool
in most statistical software includimddplus 7 which was employed in the present study. In
order to assess the extent to which models estimated fit the data, fit indices are reviewed. The
current research utilises four absolute and incremental fit indices. Comparative Fit Index (CFI;
Hu & Benter, 1999)is a goodness of fit incremental index which assesses the fit of a model
compared to the null model by indicating a fit on a range between 0 and 1, with 0 indicating
lack of fit and 1 indicating perfect ffFan, Thompson, & Wang, 1999)FI greater than 0.90
indicates an acceptable level of(fline, 2005) Three well established absolute indices with
thresholds which indicate the size of levels of badneBsweére utilised. These wereot mean
square error of approximation less than RBISEA; (Steiger and Lind, 1980; Hu & Bentler,
1999; West, Taylor, & Wu, 20123tandardized root mean squared residual (SRMR) less than
0.08(Marsh, Hau, & Wen, 2004; West, Taylor, & Wu, 2012)d chisquare degrees of
freedom ratio ¢/df) less that §West et al., 2012)Chisquare test of exact fit was not included
in the present study (n = 992) as it is susceptible to Type 1 error with larger sample sizes
approaching 100(Marsh et al., 2004)These statistics were applied as apgede in the phases

of the analysis described below.

5.6.4Phase 1: Confirmatory factor analysis

Factor analysis involves testing the extent to which individual scale items relate to the relevant
latent factor with sufficient strength (factor loading), and @oasistent structure (model fit).
Confirmatory factor analysis is based on a priori hypotheses about the relationship between
items and latent factors. These hypotheses can be based on previous findings about these
relationships. Ensuring the items act¢algand consistently reflect the latent factor structure is

a foundational step in quantitative social science to allow accurate hypothesis(festkspn,
Gillaspy, & PureStephenson, 2009 the present study, confirmatory factor analysis is used

to validate the applicability of wektstablished measurement scales within the research to allow

latent profile analysis and hypothesis testing to proceed.
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5.6.5Phase 2: Latent profile analysis
Latent profile analysis is a persoantred classification basedadysis that classifies individuals
to a profile group based on their responses on a set of continuous variables, while also
generating probabilities for that classificatidwiarsh, Ludtke, Trautwein, & Morin, 2009;
Vermunt & Magidson, 2002) T h e r edntifies grouipg of p@ople who are similar to each
ot her and di ff er(plB3, Mafsh ai ah, 2009)hefact th@trit & mpdsl O
based brings a number of advantages over cluster analysis techniques including the ability to
compare differentnodels during class enumeration, providing useful data to inform the final
decision on the appropriate number of classes. The procedure also allows for covariates to be
added to the model and tested via multinomial logistic regression. The presentsssithtent
profile analysis to identify group individuals based on their responses to measures of various
forms of work motivation, thereby identifying motivation profiles that naturally occur within the

population.

To identify the optimal number of prids in latent profile analysis (i.e. the best model), a
multifaceted approach is necess@lyng & Wickrama, 2008; Nylund et al., 2001 the

present study, models were reviewed for theoretical congruency, statistical integrity (e.g. means,
variances, babilities, group sizes, entropy, log likelihood value plots) and relevant statistical
tests and information criter{&ylund et al., 2007)vere employed to detern@ithe optimal

number of profiles. The available statistical tests and information cni@ryain performance
basednthe characteristics of the data set (e.g. sample size, number of items, entropy).
Research suggests that LMR, BLRT and ABIC will be the best indicators based on the large
sample size (n = 992), and relatively small numbeatgfrit indicators (6) in our latent profile
analysis (Nylund et al., 2007and therefore these have been emphasized in deciding on the

final number of profiles. However, it was anticipated that, due to the large sample size, some
statistical indicators (geifically AIC, CAIC, BIC and ABIC) may to fail reach a minimum as

in previous similar resear¢roward et al., 2016; Marsh et al., 200®) addition LMR has
demonstrated inconsistent results in clearly indicating the best number of groups in previous
similar research and were therefore interpreted with caution and with reference to the theoretical
basis of the modeldHoward et al., 2016; Marsh et al., 2009; Nylund et al., 208iAglly,

where possible, models with fewer classes should be preferreditbl@asal likelihood maxima
(Geiser, 2013)Based on these considerations, the above indicators were critically assessed
alongside considerations of theoretical congruency and an analysis of graphical representations

of the class enumeration statistics wiaketermining the optimal number of profiles.

In the present study, multinomial logistic regression was used to compare differences in age,

gender, job type and length of time in role between pairs of motivation profiles. Multinomial
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logistic regressionampletes pairwise comparisons of profiles, and tests if levels of the
covariate are significantly different within each p#&ield, 2009) For each unit of increase in

the predictor or covariate, it generates a regression coefficient that indicatesdrmrdacrease
likelihood of membership in one profile from the pair. As it generates the output in a log metric
the output is converted to create an odds ratio which provides the odds of membership in a

profile based on the predictor variable (e.g. genaige etc.)

5.6.6Phase 3: Seconarder factor latent growth modelling
The third phase involved the analysis of longitudinal job crafting data using latent growth
modelling. In longitudinal research, it is important that the same construct is being measured at
each time point to allow for meaningful comparisons across time and related modelling of
trajectoriegdKim & Willson, 2014; Ployhart & Vandenberg, 2009; Vandenberg & Lance, 2000)
Measurement invariance testing allows the researcher to ensure this reqtisamet before
hypothesis testing begins. There are a number of steps in testing measurement invariance, each
with increasingly restrictive requirements. It is expected that measurement equivalence will be
demonstrated such that the same items loackteame latent factors over time (configural
invariance), that the factor loadings of these items is consistent over time (metric invariance)
and, finally, that item intercepts are consistent over time (scalar invarisaagenberg &
Lance, 200Q)Where ivariance to the scalar level is not demonstrated, results can be examined
to identify specific items which might impact invariance tests and in some cases constraint can
be relaxed, to confirm that partial invariance. Where partial invariance arisestahec#
differential item functioning can be reviewed and a decision made on how to p(Eo®etd
Willson, 2014) In the current research the use of seemnur factor latent growth modelling
means that where a decision is made to proceed, partiakinearcan be controlled for within
the subsequent latent growth model. The present study includes the above steps to meet the
requirement for scalar invariance along with additional tests for full invariance by fixing item

variances and intrilem correlabns.

In order to model change over time, latent growth modelling (LGM), a form of structural
equation modellingdackson, 2010)as utilised to test the study hypotheses. LGM generates
starting levels and slope factors for a variable over time and aitowesntrols, covariates and
outcomes to be added to the modelnce, Vandenberg, & Self, 200@y number of models

can be run and compared to identify the best fitting. Models vary by factors such as
homoscedasticity and change trajectories (lineanmgbtand quadratic). In selecting LGM over
alternatives such as longitudinal md#vel modelling (MLM), a number of factors were

considered. Firstly, the study only includes two levels (e.g. time nested within individuals) so
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does not necessitate the wd&LM (Jackson, 20105econdly, the LGM allows for the

incorporation of the measurement model and therefore reduces measurement error.

In the present study, univariate secamder factor latent growth modelling was used to test
hypotheses regardingvels and trajectories of job crafting over time. Secordkr factor
modelling includes the full measurement model for the relevant variglaase et al., 2000)

Control variables (age, gender, length of time in role, job type) were added to the filedd.mo

5.6.7Phases 46: The application of latent classes in longitudinal analysis
The final set of hypotheses in this study suggests that levels and trajectories of job crafting vary
as a function of motivation profile. To test the hypotheses that levelsaggctdries of job
crafting change over time as a function of class membership, three interdependent phases of
analyses were completed: mudtioup firstorder factor latent growth modellifgance et al.,
2000; L.K. Muthén & Muthén, 2017 test if leves and trajectories of job crafting vary by
motivation profile; 3 step latent profile analysis (LPA) with auxiliary variapdeparouhov &
Muthen, 2014jo test how levels vary; and growth parameter analysis offidgr factor
latent growth modellingFOF LGM; Lance et al., 2000; L.K. Muthén & Muthén, 20fréym
the multi group approach and the BCH approach to latent profile analysis with a secondary
latent growth modglAsparouhov & Muthen, 2018p test how trajectories vary. The rationale
for the ug of three sets of analyses is based on the fact that no ideal solution applies to the
application of latent class profiles in subsequent complex models. The key characteristics of
each approach are presented in Table 4.4. An outline of each phase, ididhg Wwenefits and
disadvantages of each, and how they each support cross validation of results, is presented

below.

Phase four of the analysis involved running ragitbup latent growth modelling (LGM)

treating latent classes as known groups. feirger factor LGM was used (as opposed to
secondorder factor) to ensure sufficient power for within group levels and trajectories to be
mapped given the design constraint of 4 waves. The-gnaltip method allows trajectories to

be modelled, the best fittirtgajectory to be identified and a test of the hypotheses that levels
and trajectories of vary as a function of motivation profile to be completed. However,
motivation profiles that emerge from LPA are not absolute or known groups. Rather class
membershipd based on probabilities less than 100%; there is an error term associated with the
classification of each observation. The higher the level of entropy in class enumeration, the
lower the level of error. This approach is viable only where entropy is ibégh»(0.8) to ensure

that error levels are as low as possible. The benefit of this approach is that it applies FIML to
estimate missing data so that all available data points are utilised. This approach minimizes bias

and increases statistical powBlewman, 2009)Yo improve the chances of meaningful group
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analyses. Results can also be validated with an analysis that does accounefoorthise
BCH approach with LGMas in the final phase of analysis described below. This allows related
growth parametrs within each group to be tested for significance, and thereby testing

hypotheses regarding patterns of change.

Phase five involved adding all job crafting variables at all time points individually as distal
outcomes to latent profile analysis in the@®d phase of the analyses by applying a 3 step
approach for auxiliary variablégésparouhov & Muthen, 2014Means difference tests which
compared group means within T1 were run thus testing hypotheses about how levels of job
crafting vary by motivationpfile. This approach has a number of advantages beyond the fact
that it effectively tests the hypotheses that there are significant differences in the levels of job
crafting across groups at T1. The approach generates means scores for each grotipat each
point which allows trajectories to be plotted and notable trends over time to be observed. It is
also relatively successful in preserving the integrity of classes with the addition of distal
outcome variableAsparouhov & Muthen, 2018Jinally, theapproach allows for missing data

to be estimated using FIML, meaning that all available data is ut(lé&gman, 2014)

The final sixth phase involved a review of the significance of growth parameters from FOF
LGM so it could be determined if hypothesizeatterns have occurred. It compared the growth
parameters from the muigroup FOF LGM in phase four with those of a second similar
analysis: the BCHBolck, Croon, & Hagenaars, 200dianual method with an arbitrary
secondary model from latent profileaysis. In this case, the arbitrary secondary models were
the final latent growth models from mutiroup LGM(Asparouhov & Muthen, 2018Yhe

reason for this duplication was to validate the results of rgudtip F@- LGM which used the
motivation profileghat emerge from LPA are not absolute or known groups and therefore

introduced error.

The BCH method accounts for the measurement errors in the latent class variables by using
weights. However, the method has limitations. In certain circumstances, B@htiwgs can be
negative, which can, although not always, result in inadmissible estimates such as negative
variance. Solutions for this issue concerning models that go beyond a basic distal outcome
model are not yet available. The B@Hdproactalso usedi st wisedeletion for missing data;

FIML estimation is not possible. In the present study, as in all longitudinal datasets, attrition
occurred over all waves. In such a situatlt,wisedeletion can lead to the removal of
significant amounts of particgmt data. This deletion of data can lead to biased results
(Newman, 2009)In addition, with regard to group analysis, the loss of participant data points
can reduce group sizes to the point where there is not sufficient statistical power to test

hypothese (Newman, 2009)However, because they account for emoelassification, results
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from the BCH approach with LGMre usefully applied in the current study to validate the

direction of significant growth parameters identified in the rgridiupLGM.

Table 5.4 Comparison of approaches for using latent profile classes in subsequent analyses

Handling Handling variance ~ Handling Statistical Comparing Comparing
missing data measurement power levels of trajectories of
error considerations  outcome outcome variable
variable

Latent profile Utilises full Variances are not Classification Utilises all Generates means Generates means
analysis with information held equal across probabilities are available data  difference tests to plots across time
distal outcomes ~ maximum groups as default estimated to keep group  test for points by
(Asparouhov & likelihood (recommended) size high significant classification group
Muthen, 2014) estimation as increasing differences

default reducing power between groups

likelihood of at eachtime point

bias(Newman, Incorporating

2009) missing data

reduces power

Multi -group Utilises full Low variances can  Does not account Utilises all Generates mode  Generates model fit
latent growth information be fixed at zeroto  for measurement available data fit statistics and statistics and
modelling maximum prevent negative error associated to keep group identifies best identifies best
(L.K. Muthén & likelihood as variance issues with group size high fitting change fitting change
Muthén, 2017) default during modelling classification increasing model. model.

estimation power Generates and test:

reducing Homoscedastic and High entropy will Generates and significance of

likelihood of heteroscedastic reduce e of error  Incorporating tests significance variarce in change

bias(Newman, models can be run missing data of variance in parameters (i.e.

2009) and compared reduces power levels (i.e. slopes) across

intercepts) across
groups

Generates
intercept
parameters
(slopes) and tests
if within- group
slopes differ
significantly from
zero

groups

Generates change
parameters (slopes,
and tests if within
group slopes differ
significantly from
zero

BCH approach
to latent profile
analysis with
arbitrary
secondary
model (in this
case, a latent
growth model)
(Asparouhov &
Muthen, 2018)

Utiliseslist wise
deletion
increasing
likelihood of
bias(Newman,
2009

Low entropy can
lead to negative
variance

Variance in growth

parameters is fixed

as equal across
groups

Accounts for

measurement error

associate with

group classification
by the application of

weightings

Utiliseslist
wisedeletion
reduces group
size and,
therefore,
power

No missing
data increases
power

Generates
intercept
parameters
(slopes) and tests
if within- group
slopes differ
significartly from
zero

Generates change
parameters (slopes,
and tests if within
group slopes differ
significantly from
zero

5.7.Conclusion

This chapter outlined the philosophical and methodological principles underpinning this

research as a longituding@ersorcentred quantitative study rooted in the positivist tradition.

The design of the study including design selection, participants, procedures and measures

utilised were discussed. The data preparation steps and data analysis strategy were ipresented

some detail. The following chapter describes the data analysis steps taken and presents the

results found.
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CHAPTER 6

Data Analysis and Result

6.1. Introduction

6.2. Phase 1: Preliminary Statistics

Confirmatory Factor Analysis Descriptive Statistics

6.3. Phase 2: Identifying Latent Motivation Profiles

6.4. Phase 3: Trajectories of Job Crafting

Measurement Invariance Testing Univariate Second-Order Factor Latent Growth Modelling

6.5. Phase 4: Variance in Levels and Trajectories of Job Crafting

Multi-group First-Order Factor Latent Growth Modelling

A 4

6.6. Phase 5: Levels of Job Crafting by Motivation Profile

3 Step Latent Profile Analysis with Awiliary Variables

A 4

6.7. Phase 6: Trajectories of Job Crafting by Motivation Profile

Growth Parameters from First-Order Factor Latent Growth Modelling

(Multi-group & BCH approach)

Means Plot Observations

6.8 Conclusion

6.1.Introduction
This chapter expands on the data analgsiategy outlined in Chapteb§ presenting a dailed
description of the application and results of data analysis tools used in the present study. This
study involved an extensive range of analyses. For clarity, these are grouped in six overarching
phases but it is important to note that each phasenchutle a series of analyses. Thapds are
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presented in sections 6627 of the chapter with each section structured in a consistent format
using the following generic headings:

Analysis: a description of the data analysis steps applied,
PropositionsHypothesesa recap of any relevant propositions/hypotheses, as
appropriate,

Resultsa presentation of the results of the analysis,

Outcomesrelevant outcomes for propositions or hypothesis testing, as appropriate.

The first of these sections, Secti6.2, does not include hypothesis testing as it describes the
confirmatory factor analysis and results. This tool examines the factor structure of the
measurement model. In the present study, this involves testing a six factor structure of work
motivation(Gagné et al., 201%)nd a four factor structure of job craftii@ms et al., 2012)

Once the factor structure has been validated, the section proceeds to present the descriptive
statistics and correlational analyses of the variables in this studyors@&tipresents a series of
latent profile analyses based on the cismtional variable of work motivation to identify the
optimal number of naturally occurring profiles among the-hilled bluecollar population in

this study and applies the proposeposteriori classification model outlined in Chapter 2 to

label these. This section includes propositions related to expected emergent profiles outlined in
Chapter 2. Section.4 presents a longitudinal analysis utilising latent growth modelling to test
hypotheses relating to levels and trajectories of job crafting over time. It opens with the analysis
and results of measurement invariance testing within the job crafting variables and then
describes univariate firsirder factor latent growth modelling dysis and related hypotheses. It
proceeds to present the results and outcomes for hypotheses testing in a series of subsections for
each form of job craftingSection & applies multgroup seconarder factor latent growth
modelling (SOF LGM) to test hyptheses relating to whether levels and trajectories of each

form of job crafting vary as a functiaf motivation profile. Section.6 applies 3 step latent

profile analysis with auxiliary variables to test how levels of job crafting vary as a function of
motiveion profile. Finally, Section & includes an analysis and comparison of means plots

along with growth paameters from both muigroup FOF LGM and the BCH approach to

latent profile analysis with a®F LGM model to test hypotheses regarding hoyettaries of

job crafting vary as function of motivation profile.
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6.2.Phase 1: Preliminary Statistics
6.2.1.Analysis: Confirmatory factor analysis

Confirmatory factor analysis (CFA) was used to validate how well the scale items measured
each construct within theeasurement models used in this study. The measures utilised in this
study to test for work motivation and job crafting are well established and have been widely
validated(Gagné et al., 2015; Rudolph et al., 204/}l therefore confirmatory, rather than
exploratory, factor analysis was appropriate to validate the structure for the purposes of this
study. The measurement models tested included a model of the structure of the work motivation
for the purposes of the latent profile analysis in the second ph#fse analysis, and
measurement models for each time point-T®) for subsequent analyses which included both
work motivation andob crafting items (See Figure&y. The analysis was completedMplus
7 using the default maximum likelihood estimatolfR) with FIML estimation. To determine
model fit, a number of indices were employed using the following thresteldes5 (West et
al., 2012) comparative fit index >.90 (CHHu & Bentler, 1999)root mean square error of
approximation 06 (RMSEA,; Steiger, 2016and standardized root mean squared residual
(SRMR Marsh et al., 20043.08. The standardized regressicoefficients (factor loadings)
were reviewed to ensure loadings above 0.4. Where model fit indices are acceptable and factor
loadings are above 0.4, it indicates that the measurement model is a good fit to (Reldhta
2009) In specific circumstares, where sample sizes are larger as in the present study, a
threshold of 0.350 is acceptalfidair, Black, Babin, Anderson, & Tatham, 2006)

The initial CFA tested the MWM85agné et al., 2014%jsed in the latent profile analysis. Four

additional CFA modis were run, one for each wave of data, to test the structure of the MWMS

and the job crafting scal@ims et al., 2012)vhich were used first orddactor LGM (multk

group and BCHapproachand in LPA with distal continuous outcomes. This was completed in

addition to measurement invariance testing for univariate latent growth modelling described in

section 5.4 of this chapter. Factors loadings for all items exceeded 0.38 except the third item in

the Increasing Structural Job Resources measure of the ditingscale which was below 0.3

at T1 and T2 (range of factor loadingsT¥ = 0. 103 O U 00.343). The it

the measure without any negative impact on reliability or measurement model fit.
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Multi-dimensional Motivation at Work Scale Job Crafting Scale
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Figure 6-A Confirmatory Factor Analysis Miels 25 (T1-T4)

Notes.IN = intrinsic motivation; ID = identified regulation; IT = introjected regulation; ES = external regulatooial; EM = external regulatidn
material; AM = amotivation; CD = increasing challenging job demands; SR = incre#sicyisal job resources; SS = increasing social job resources;
HD = increasing hindering job demané®r clarity,covariance paths between latent factors within each scale are not represented

6.2.2Results: Confirmatory factor analysis
Overall, the modelswen acceptabl e fit %Hdarstiewaslessthandst i ndi

for all models except model 1 where it was 5.6. However, in this case it was most likely related
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to the combined effect of the inflation of the-sljuared value due to the larger géarsize (n =
992) and the simplicity of the model resulting in lower degrees of fre¢darkin, 1995)
RMSEA was considerably less than or close to 0.06 for all modleR’&0.068); SRMR was
below 0.08 for all models (0.088061). CFl was at or aboved0 and therefore an appropriate
fit the data(Marsh et al., 2004)A very slight dip below 0.9 in TLI for Models 1 and 2 (0.89)
may be due to the fact the null RMSEA for the remaining models is very low {0.088). As
highlighted byKenny (2015) whenthe null model RMSEA is less than 0.158, incremental fit
indices such as TLI can dip below 0.9. (Seble 61). Based on an assessment of the

remaining indices and factor loadings, the measurement model fit was determined acceptable.

Table6.1 Measuremeniodels CFA for MWMS with job crafting scale (T14)

Measurement Model N & df pvalue &/df CFI  TLI NULL RMSEA  RMSEA Cl SRMR
1. MWMS only 992 769 137 <0.0001 561 0.91 0.89 0.21 0.07  0.06-0.07 0.06
2.MWMS and T1 JCS 992 1671.42 620 <0.0001 2.70 0.90 0.89 0.12 0.04 0.04-0.04 0.06
3.MWMS and T2 JCS 992 1645.11 620 <0.0001 265 0.91 0.90 0.13 0.04 0.04-0.04 0.05
4. MWMS and T3 JCS 992 1621.11 620 <0.0001 2.62 0.91 0.90 0.13 0.04 0.04-0.04 0.05
5.MWMS and T4 JCS 992 1499.40 620 <0.0001 242 0.92 0.90 0.12 0.04 0.04-0.04 0.05

Notes.JCS = Job Crafting Sca{@ims et al., 202); MWMS = Multi-dimensional Work Motivatiorscale Gagné et al., 2015Y = study populationg
= chisquared statistic; df = degrees of freedom; CFl = comparative fit index; RMSEA = root mean squared error of approximatimmfjdeince
interval; SRMR = standardized root mean squared residual.

6.2.3Descriptive statistics and correlations

Means, rahbilities and correlations are presented a@ble 62.

Cronbachoés alpha reliability statistics for
Mean levels of job crafting this studymirrored levels reported in a recent matalysis

(Rudolph et al., 2017)Increasing structural job resources (SR) demonstrated the highest levels,
followed by increasing challenging job demands (CD), then increasing social job resources (SS)
and finally decreasing hindering job demands (HD). Of the work mimivaneasures,
identifiedregulation levels were highesilowed by introjected regulation, intrinsic motivation,
external social regulation, external material regulation and amotivation. Job crafting and work
motivation measures were generally positivayrelated with the exception of amotivation

with job crafting and decreasing hindering job demands with identified regulation. Amotivation
was negatively correlated with all other forms of motivational regulation. Decreasing hindering
job demands demomated inconsistent correlations with other forms of job crafting. All forms

of job crafting demonstrated significant intarrelations across the four time points suggesting

stability in the measure over time at a variable level.
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Table6.2 Descriptive Stastics, Reliabilities and Correlations

n U € 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23
1. Age 990 38.43
2. Years in Job 974 6.62 .50"
3. Intrinsic 992 .84 3.37 -.02 -.03
Motivation
4. |dentified 991 .78 3.98 .09" .01 55"
Regulation
5. Introjected 992 .73 3.65 -.02 -.08 .46 61"
Regulation
6. External Social 992 .75 332 -13° -117 47 .39” 57"
Regulation
7. External Material 991 .60 291 -08" -.06 34" .28" ik 57"
Regulation
8. Amotivation 992 .77 149 .001 .01 -28" -4 -227 -12° -01
9. SRT1 428 .80 390 -12 -.06 50" .65" 49" .36" 220 34
10SR T2 522 .82 3.90 -.06 -.08 49" 52" 42" .38" 23" -28" 50"
11SR T3 485 .84 3.90 -.15" -.09 43" 43" 42" 33" A7 -.25" 42" 48"
12SR T4 383 .84 3.97 -13" -.20" 42" 45" 34" 25" 18" -.33" 46" 52" 62"
13SST1 428 .75 3.03 -.09 -14 49" .357 .39" AT 337 -12 40" 24" 27 21
14SS T2 522 .82 3.08 -.10 -12" 52" 37" 37" 51" 37" -.16" .30" 42 26" .37 67"
15SS T3 485 .81 3.15 -.18" -.18" .39" 23" 26" 37" 28" -.05 24" 29" 417 .36" 54" 69"
16SS T4 383 .80 3.23 -.08 -20" 467 317 29" 407 33" -18° 260 29" 35 40" 527 61" .66"
17CDT1 428 .76 345 -.06 -.01 52" 53" 457 .38" 19" =217 67" 42" .36" 45" 48" .36" .28" .39”
18CD T2 522 .75 345 -.09 -.09 55" 49" 43" 447 28" =217 AT 63" 448" 46" 42" 55" .40" 448" .60"
19CD T3 485 .76 351 -2 -13" 48" 48" 407 .38" 19" =17 46”7 44" .66" 56" .39" 37 53" .50" 52" 64"
20CD T4 383 .77 353 -.10 -19° 507 457 .357 29" 23" -28" 46" 40" 56" .68 297 42" 41" 54 53 59" .69
21HD T1 428 .71 279 -.02 -.01 13" .04 28" 317 .38" 167 12 .09 .07 -.05 25" 20" .16 11 .05 .07 .13 .04
22HD T2 522 .75 3.01 -.06 .00 25" AT 26" .357 417 .08 .09 27" 20" .04 15 .30" .26" .18 .06 24" .10 09 .56"
23HD T3 485 .80 3.01 -.09 -.08 29" 15" 27" .36" 36" .05 .03 13 327 .16 .08 200 347 27 -04 12 .30” 19" 53" 69
24HD T4 383 .80 293 -14 -.16" 217 .07 20" 34" .36" 12 -.03 A7 19" 15" 11 22" 19" 29" -.09 19" 20" 20" .50" 57" 59"

Notes.n =sample size{) Gr onbachds

demands.

& | pFh a'e<sDd; t*ip s 0.01cSR = increasing structural job resources; SS = increasing social job resources; CD = increasigmghall demands; HD = decreasing hindering job
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6.3.Phase 2: Identif/ing Latent Motivation Profiles
6.3.1Analysis: Latent profile analysis

The Maximum Likelihood Estimator iMplus7 was used to identify lateolasses representing
motivationprofiles based on participant responses to the six motivation dimensions within the
MWMS (Gagné et al., 2015T his approach replicates a recent analysisidayard et al
(2016) Based on the enumerated motivation profiles from that study, and those of similar
studiegGraves et al., 2015}t was anticipated that at least 4 motivatioafies would be
identified in the current samp(eloward et al., 2016 However, given the unique occupational
profile of the sample in this study (leskilled from a single organisation), it was possible that
profiles would differ or indeed more profilesuld appear. Indeed, as outlined in Chapter 2, it
was anticipated that profiles may reflect low autonomy need satisfaction levels due to the
manual, repetitive nature of job tasks for participants and highly controlled nature of the
working environment. fierefore, models with-& profiles were estimated. To avoid local
likelihood maximaMplusdefaults were adjusted to 2000 random sets of start values, 300
iterations for each random start and 200 solut{@weiser, 2013; L.K. Muthén & Muthén,
2017) Best bg likelihood values were replicated for all models. In addition, adjusted Lo
MendellRubin test (TECH 11 OUTPUT) and the bootstrapped likelihood test (TECH 14
OUTPUT) were utilised iMplusto identify the optimal class number along with the
OPTSEED command to check that the selected model represented a global solution
(Asparouhov & Mut h®n, 2012 ; Wi ckr.ama, Lee, Wa l |

Emergent profiles were classified a posteriori using the modiéheditn Chapter 2 (see Figure
6-B) and applyig principles adopted iHoward et al(2016) Profiles were first identified as
eitherBalanced, Autonomous, ControlledAmotivation Dominanbased on a review of
standardized means.Balancedprofile can be said to exist when all types of motivati@nadr
similar levels as suggestedHoward et al. (2016)An Autonomous Dominamtrofile can be

said to exist when average levels of autonomous forms of motivation (intrinsic, identified)
exceed those of controlled forms (external Regulatioraterial/sol, introjected) Controlled
Dominantprofiles can be said to exist when average levels of controlled forms of motivation
exceed those of autonomous forms of motivathanotivation Dominanprofiles can be said to
exist when Amotivation is above averagad all other types of motivation are at or below

average as described(iHoward et al., 2016)

Once the general classification was identified, this was reviewed to determine the relative
strength of autonomous and controlled motivation in the profitc#tive relative levels in the
present study were determined based on the following guidelines extrapolatédbinard et
al., (2016)
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Low: estimated as standardised mean at or belo®.6f
Moderate:estimated as standardised mean abOMebut below b

High: estimated as standardised mean at or above of 0.5.

This review resulted in a refinement of the general classification; for exampl&atamcedo

Balanced Low

Highly Legend:
High Autonomous Agfr:?nrgﬁtjs
Dominant
Autonomous
Autonomous Moderate Dominant Controlled -
ivati i uantitydriven profiles
Motivation Moderate Dominant Q ¥ p

Contr_olled Highly |:| Quality-driven profiles

Low Dominant Controlled
Moderate Dominant

Amotivation Moderate High

Dominant
Controlled Motivation

Figure 6-B Proposed classification model for quantityiven and qualitydriven motivation profiles
6.3.2.Propositions: Latent profile analysis

Due to the exploratoryature of latent profile analyses, explicit hypotheses were not made.

However, the following propositions were outlined in Chapter 2:
T I't is proposed that tAmotivaboo DammanangBalanted!| es wi |
High
1 Itis proposed that one or mo@®ntrolled Dominantnotivation profiles may be present

in the study population.
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6.3.3.Results: Latent profile analysis

Table6.3 Latent class analysisclass enumeration

N =992 Log likelihood fp scaling AlC CAIC BIC ABIC Entropy  VLMR LMR BLRT
1 profile -7913.88 12 1.02 15851.77 15922.56 15910.56 15872.45 n/a

2 profiles -7323.34 19 1.22 14684.68 14796.78 14777.78 14717.43 0.78 0 0 0
3 profiles -7093.11 26 1.36  14238.22 14391.62 14365.62 14283.04 0.84 0 0 0
4 profiles -6950.33 33 1.48 13966.66 1416135 14128.35 14023.54 0.86 0.04 0.05 0
5 profiles -6823.18 40 156 13726.37 13962.36 13922.36 13795.31 0.83 0.08 0.09 0
6 profiles -6704.08 47 1.65 13502.15 13779.44 13732.44 13583.17 0.91 0.40 0.40 0
7 profiles -6574.50 54 157 13256.99 13575.58 1352158  13350.07 0.92 0.26 0.26 0
8 profiles -6498.49 61 1.97 13118.97 13478.85 13417.85 13224.11 0.88 0.67 0.67 0

Notes fp = free parameters; AIC = Akaike Information Criteria; CAIC = Constant AIC; BIC = Bayesian Information Criteria; ABIQstektiBIC;
LMR = p value associated with tdendeltRubin likelihood ratio test; BLRT = p value associated with bootstrap likelihood ratio test

When the models were run, class sizes for those whtprbfiles were well above 5% of the
sample each. Classes starteddtlapse at 6 profiles with a class size below 2%, and below 1%
for models with 7 and 8 profileMpluswarned that models with 7 or 8 profiles may not be
well-identified. Entropy was high for all models (from 0.782 to 0.92). BLRT was significant for
all models at p<0.01. LMR was significant at p < 0.05 for the 3 and 4 profile models. AIC,
CAIC, BIC and ABIC continued to improve with each additional profile and, as expected, did

not reach a minimum level by 8 profiles (Seable 63).

ABIC/BIC Elbow Plot
16500

16000

15000
14500

14000

1 profile 2 profiles 3 profiles 4 profiles 5 profiles 6 profiles 7 profiles 8 profiles

=@=ABIC BIC

Figure 6-C ABIC/BIC Elbow Plot during class enumeration

Notes BIC = Bayesian Information Criteria; ABIC = Adjusted BIC;
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ABIC/BIC k-1/rate of decline

2500
2000
1500

1000

— e
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=== ABIC k-1 BIC k-1

Figure 6-D BIC k-1/rate of decline during class enumeration

NotesBIC = Bayesian Information Cetia; ABIC = Adjusted BIC;

Two elbow plots, reesenting BIC and ABIC (Figure®), and drop off in marginal gain in
BIC/ABIC asclasses are added (See Figw2)6demonstrated a levellindgfat 4-5 profiles

with Figure 6D suggesting the rate of decsedan BIC/ABIC lessens dramatically from 4

profiles onward. Average posterior probabilities exceeded the threshold of >.70 for the 3, 4 and
5 profilemodels Nagin, 2005)Across those three models, classification probabilities for the
most likely latentlass membership in the dominant profile ranged from 608836 with low

crossprobabilities ranging from 0 to .101.

Table6.4 Classification probabilitie®r latent 4 profile model

Amotivated Balanced High Balanced Low Controlled Dominant
Amotivated 0.93 0 0.04 0.04
Balanced Low 0.01 0.10 0.89 0.003
Controlled Dominant 0.07 0.05 0.02 0.86
Balanced High 0 0.94 0.05 0.006

The three best class models (3, 4, and 5 classes respectively) were compared using the Lo
MendellRubin test. The likelihoodt@chis quar e test i s not appropri at
loglikelihood differenceisnotcki quar e di st r i b Aspuhov& Muthén,s si t uat
2012,p. 3). Instead to test 3 versus 4 classes, BEH 11 LMR test is appropriate. It generates

a pvalue based on comparison of k class (in this case, 4 classes) vdrsiesk model (in this

case, 3 classes). A lowvalue rejects the-k class model in favour of the k class model. In the

4 class model in the present study, the LMR adjusted test4{8lasses) generated a significant
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p-value of p >0.05 (0.045uggesting that the 3 class model should be rejected in favour of the

4 class model. However, thevalue from the LMR adjusted test of 4 vs 5 ofsswas not

significant at 0.08%herefore thel class model was not rejected. Thus, the LMR adjusted test
indicates that the 4 class model is best. As a final check, the OPTSEED option can be used with
the LMR adjusted. Once the best loglikelihood value has been replicated in the 5 class model,
the O SEED value 49221 from that model is used in a 5 class model that uses START = 0: as
we have the best loglikelihood there is no need to include random perturbation of the starting
values. The ECH 11 output shows thedtbglikelihood valie is the 4 class odel -6950.33

The pvalue generatedas still not significant 0.086uggesting that the 4 class model should

not be rejecte@dAsparouhov & Muthén, 2012)

The bootstrapped likelihood test uses both real and generated data to telscthsskmodel
agairst the k model by calculating 2 times the loglikelihood difference for both models
repeatedly resulting in the bootstrap distribution of two times the long likelihood difference
which is then used to compare the models and generatalagi{Asparouhov &Muthén,

2012) Again, rejection of the-t model is indicated by a low\mlue. The pvalues for BLRT
were zero throughout, including with the OPTSEED TECH 14 output on the 5 class model,
meaning that it is of limited use in determining the optimal nurobelasses in this study. This
may be related to the high levels of entropy for the 4 and 5 class models (Ba8@0);Morin,

& Lu, 2017)

Thus, the 4 profile model was retained based on the significant LMR indicator, high entropy
(0.857), a review oflbow charts, and the consideration that it was the simplest theoretically

congruent mdel. (See Table 6.5 and Figurd=@or classsizes and standardized means).
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4 profiles
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Amotivation Dominant  Balanced Low Controlled Dominant Balanced High
Motivational Profile

Figure 6-E Standardized Means of Final Four Profile Model

Notes.IN = intrinsic motivation;ID = identified regulation; IT = introjected regulation; ES = external regulatisocial; EM = external regulatidn
material; AM = amotivation.

6.3.4.0utcomes: Latent profile analysis
The final 4 class model contained two motivation profiksmétivation Dommant, Balanced

High) t hat were consistent with fAcore profileso

mixed occupational backgrounds (eAgnotivated, Highly Motivategrofiles inHoward et al.

(2016) TheBalanced Highprofile was the closest to antanomously regulated profile. A

review of standardized means in this profile suggested that the composite level of autonomous
motivation (IN, ID; 0.53) was marginally higher than the composite of controlled motivation

(IT, ES, EM; 0.52) (Sedable 65). However, introjected motivation was higher than all forms

of autonomous motivation, and extersakial regulation exceeded intrinsic motivation. Thus it
was concluded that this was a balanced profile and thatieimomous Dominamirofile did

not emerge ithis population.

The third profile had below average levels of all forms of motivation and amotiv8adanced

Loww . Although not previously identified as

reflect the limited need satisfaction reld job characteristics of the sample in this study.
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Table6.5 Estimatedclass countand standardized means for forms of motivation by job profile (4 profile model)

Final Average Average Average

class IN ID IT ES EM Autonon?ous Control?e d Overall Amotivation

counts Motivation
Amotivation Dominant 119 -091 -1.25 -09 -0.65 -0.39 -1.08 -0.65 -0.82 1.85
Balanced Low 305 -0.49 -044 -0.77 -0.73 -0.61 -0.47 -0.70 -0.61 -0.35
Controlled Dominant 82 0.25 0.17 044 048 0.64 0.21 0.52 0.40 1.60
BalancedHigh 486 05 056 064 055 0.37 0.53 0.52 0.52 -0.52

Notes.Final class counts for classes are based on their most likely latent class membérsinrinsic motivation; ID = identified regulation; IT =

introjected regulation; ES = external regulatiosocial; EM = external regulatidnmaterial.

The final profile reflected average levels of autonomous regulation, with identified motivation
scoring lowest of all motivation types, and higher levels of controlled regulation and
amotivation. This reflds the SDT continuum of setfetermination within forms of motivation
within a profile: from lower levis of autonomousegulation to higher levels of controlled and
external regulation. It also validates the idea that amotivation exists at the endhtihauro of
behavioural regulation and can be experienced simultaneously with other forms of motivation
(Howard, Gagné, Morin, & Forest, 2018)

It is noteworthy that 5 class model had included a small profile group (86) which appeared to
split theBalancedHigh group into those reporting average levels of all external and
autonomous forms of motivation with low amotivation to creéBalanced Moderaterofile.
Although not supported by class enumeration guidelines in the present study, this latter profile
was similar to théalancedprofile reported irHoward, Gagné, Morin and Van den Broeck
(2016)

All of the profiles in the final 4 class model were consistent with-Betermination Theory
(SDT) which posits that multiple types of motivation, includingéiwation, can be

experienced simultaneously. An examination of the standardized measljtée€5) shows

the profiles reflected patterns of experienced motivation, reflecting the SDT contention that
motivation types exists on a continuum of increasilffregulation(Ryan & Deci, 2017)

Finally the SDT distinction between autonomous and controlled forms of motivation was
reflected in the profiles. Autonomous forms of motivation like intrinsic and identified
motivation often stood apart from the coniiedl forms of motivation. Trends of increasing or
decreasing experiences of sedfjulation were reflected in increasingly lower or higher levels of
internal forms of motivation from introjected motivation to intrinsic motivation within profiles.
Similarly, all motivation profiles displayed either increasingly higher or lower levels of
controlled forms of regulation, trending up or down from introjected motivation to external

regulation material.
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6.3.5Analysis: Multinomial logistic regression with demographic coariates
Applying the 3 step approach iplus (Asparouhov & Muthen, 2014jnultinomial logistic
regression was used to test if levels of demographic covariates differed significantly within each
pair of motivation profilegField, 2009) The following coariates were added to the retained
profile model using th@3STERunction inMplus age, length of time in role, gender and job
type. To capture the 4 job types, three dummy variables were created with the supervisor job
type as the comparison group, épresent membership in the manual, sekilled manual and
clerical job types versus all other job types. The relationship betivesa covariates and
motivationprofile was then tested using multinomial logistic regression. A significant
relationship, rpresented by a p value below 0.05, indicates that individuals with the relevant

demographic characteristic are more likely to be in one group over another.

6.3.6Results: Multinomial logistic regression with demographic covariates
The results from multinomial pstic regression analyses suggested demographics variables of
gender, length of time in role and job type did not have a significant impact on profile
membership with one exception. Age has a small but significant effegbtivation profile
group suchhat older participants were more likely to be in #motivation Dominanprofile
than either thd&alanced Lowor Controlled Dominanprofiles (Seelable 66).

Table6.6 Multinomial logistic regression for demographic covariateggnificant differencesi age related to group
membership

Covariate Estimate SE pvalue ORlowerCl ORupperCl Odds Ratio
Amotivation Dominant vs Age 0.027 0.012 0.025 1.003 1.051 1.027
Balanced Low
Amotivation Dominant vs Age 0.033 0.015 0.03 1.003 1.064 1.034

Controlled Dominant

Notes.SE = standard erro@R = Odds ratio; Cl = confidence interval.
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6.4.Phase 3: Trajectories of Job Crafting
The univariate latent growth modelling process was completed in three stages: a) measurement
invariance testing was completed for eatfoom of job crafting, b) secondrder factor growth
trajectories were modelled for each form of job crafting, and c) control variables were added to
the final univariate LGM models.

6.4.1Analysis: Measurement invariance
Measurement invariance testing folladvine forward LR test model for longitudinal détam
& Willson, 2014; Lance et al., 2000¥or the configural invariance modelNplus, factor
loadings, intercepts, residual variance and correlations are freed to vary across time. Model fit
indices argeviewed to ensure acceptable fit is achieved. For metric invariance, factor and item
loadings are fixed incrementally and the model is run again and tested to see if fit is impacted
using a chisquared difference test. If the model is not worse, this tslthat the factor loadings
of the same items on the same factor are not different enough at each time for fixing them to
have a negative impact on the model fit and therefore metric invariance is demonstrated. Scalar
invariance is then tested by fixitige intercepts and running the model again to check it is not
significantly worse than the metric model, again usingscjuiared difference test. Scalar
invariance is generally accepted as a sufficient level of measurement invariance for longitudinal
analyses(Cheung & Lau, 2012)tem variances and intitem correlations can also be fixed in
turn to test for strict and full measurement invariance respectively. Measurement invariance
testing was completed felach form of job craftingpllowing the CFA comleted for data

collected at each time point as outlined earlier in this chapter.

6.4.2.Results: Measurement invariance
Full measurement invariance was confirmed for the increasing challenging job demands and

increasing structural job resources scales. (See3 &bl and 5.8).

Table6.7 Measurement invariance for increasing challenging demands

Step  Model n & df Aldf e ?c edf @& p CFl  RMSEA Cl SRMR
1 Configural Invariance 992 198.34 134 1.48 n/a n/a Vallri/ea 0.98 0.02 0.015-0.028 0.05
2 Metric Invariance 992 21439 146 1.49 16.05 12 0.19 0.97 0.02 0.015-0.028 0.05
3 Scalar Invariance 992 230.15 158 146 15.76 12 0.20 0.97 0.02 0.015-0.027 0.05
4 Strict Invariance 992 246.46 173 1.42 16.31 15 0.36 0.97 0.02 0.014-0.026 0.06
5 Full Invariance 992 26575 188 141 19.30 15 0.20 0.97 0.02 0.014-0.026 0.06

Notes.N = study populationg®= chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence interval; SRMR = standardized root mean squared residual.
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Table6.8 Measurement invariance for increasstguctural resources

Step  Model n &? df cYdf ® 26 ed f @ p CFI RMSEA Cl SRMR
1 Configural Invariance 992 139.90 74 1.89 n/a n/a Val?ﬁa 0.98 0.3 0.022-0.038 0.04
2 Metric Invariance 992 154.93 83 1.87 15.03 9 0.09 0.98 0.03 0.022-0.037 0.06
3 Scdar Invariance 992 163.18 92 1.77 8.25 9 0.51 0.98 0.03 0.021-0.035 0.06
4 Strict Invariance 992 183.07 104 1.76 19.89 12 0.07 0.98 0.03 0.021-0.034 0.07
5 Full Invariance 992 201.43 116 1.74 18.35 12 0.11 0.97 0.03 0.021-0.033 0.07

Notes.N = stuly populationg®= chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence interval; SRMR = standardized root mean squared residual.

For the increasing social job resources scakectimfigural model was a good fit to the data.
Measurement invariance testing showed small but significant differencessquaried

difference tests comparing the metric, scalar and strict models. Further analysis revealed just
four instances of differaial item functioning during all modelling stages contributed to the
model fit differences. The factor loadings of item 3 at T1 (metric model) showed a 0.19
difference which can be classified as snidim & Willson, 2014) The intercepts of item 4 at

T1 and item 5 at T4 (scalar model) demonstrating a difference of 0.18 and 0.26 respectively,
both of which can also be classified as sriilin & Willson, 2014) The residual variance of
item 3 at T1 (strict) demonstrated a difference of 0.33. To test féalgaktariance these items
were freed at the relevant step. There were no significant differences in model fit, therefore
partial measurement invariance was confirmed {@dxe 69). The adjustetlll variance

model was used at the basis for SOF LGM Bnéich allowed these parameters to be

controlled.

Table6.9 Measurement Invariance for Increasing Social Resources

Step Model n & df c%/df ®?6 wdf a2 p CFl RMSEA ] SRMR
1 Configural Invariance 992 23432 134 1.75 n/a n/a V?/:e 0.97 0.03 0.022- 0.033 0.05
2 Metric Invariance (Partial) 992  247.64 145 1.71 13.37 11 0.27 0.97 0.03 0.021- 0.032 0.05
3 Scalar Invariance (Partial) 992  256.72 155 1.66 9.08 10 0.52 0.97 0.03 0.020- 0.031 0.05
4 Strict Invariance (Partial) 992 272.33 169  1.61 1561 14 0.34 0.97 0.03 0.019- 0.030 0.05
5 Full Invariance 992 29463 184 1.60 22.30 15 0.10 0.97 0.03 0.019- 0.030 0.05

Notes.N = study populationg® = chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence interval; SRMR = standardized root mean squared residual.

For the decreasing hindering job demands moldelconfigural and metric models were a good
fit to the data without significant differences between them. Measurement invariance testing
showed small but significant differences in the scalar, strict and full invariance models. Further

analysis revealed tw parameters impacting the model fit: intercept of item 1 at T1 (scalar)
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demonstrated a 0.334 difference, which can be classified as(Kinalk Willson, 2014)

residual variance of item 1 at T3 and T4 (strict) showed a difference of 0.32 and 0.21
respetively and the correlation between item 1 at T1 and T2 (full) showed a difference of 0.26.
To confirm partial invariance these items were freed at the relevant step. There were no
significant differences in model fit, therefore partial measurement inearias confirmed
(SeeTable 610). The adjusted model was used at the basis for LGM for HD.

Table6.10 Measurement Invariance for Decreasing Hindering Job Demands

Step Model n & df df = ?c edf @ p CF RMSEA Cl SRMR
1 Configural Invariance 992 233.69 134 1.74 n/a n/a \é?allue 0.96 0.03 0.021- 0.033 0.05
2 Metric Invariance 992 24374 146 167 1005 12 061 0.96 0.03 0.020- 0.032 0.05
3 Scalar Invariance (Partial, 992 258.30 157 1.65 1455 11 0.20 0.96 0.02 0.020- 0.031 0.05
4 Strict Invariance (Partial) 992  276.58 171 162 1828 14 019 0.96 0.03 0.019- 0.030 0.05
5 Full Invariance (Partial) 992  293.75 186 158 1717 15 031 0.96 0.02 0.019- 0.029 0.05

Notes.n = study populationg®= chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence interval; SRMR = standardized root mean squared residual.

6.4.3.Analysis: Univariate secondorder factor latent growth modelling to examine
trajectories of job crafting
Variance in starting points and levels of change in job crafting over the medium term (four
waves within 9 months), along with trajectories, were tested using secdedfactor latent
growth modellhg (SOF LGM). Secondrder factor latent growth modelling of longitudinal
change allows for full or partial invariance to be incorporated into the modelling of a variable
trajectory so inequivalences can be controflezhce et al., 20005tarting with tle final
measurement model, with the latent variable intercepts freed to vary, the process of modelling
change takes account of various scenarios: firstly, whether the variance of observed variables is
homoscedastic (HOM; i.e. that it is equal over timeleteroscedastic (HET; i.e. that it varies
over time) and secondly, the pattern of longitudinal change. With these options incorporated,
trajectories can therefore be modelled as: a) no change over time (NHET/NHOM), b) an optimal
change trajectory whichlalvs the trajectory to be freely estimatedMplusat the fourth time
point (OHET/OHOM) c) a strictly linear change trajectory (LHET/LHOM), d) a strictly
quadratic change trajectory (QHET/QHOM). Including a model constraint for homoscedasticity
may seemedundant in a nechange model but it results in slight differences in outputs in
Mplus Modelling both homoscedastic and heteroscedastthange models allows the change
models to be compared with their counterpart when it comes to homoscedasticiforEyene
researcher can be assured that significaralpes in chisquared difference tests reflect the
trajectories rather than small variations due to the addition of constraints of homoscedasticity.
All scenarios (ad) were modelled, running the hosoedastic and heteroscedastic model for
each, resulting in up to 8 models per type of job crafting.
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The best fitting model was then determined by comparing models viasgudnied difference

test in three stages as outlined.ance et al., (2000Firstthe homoscedastic and

heteroscedastic models for each change trajectory are compared. If there are no differences, the
homoscedastic model is selected for the next stage as the most parsimonious model. Second, to
test for change over time, the relevantamange model is compared to the preferred model

from each of the change trajectories. If thechange model is not significantly worse then

there is no change over time. Finally, if theai@ange model is worse, the optimal, linear and
guadratic trajectgrmodelsare comparedlhe best model reflects the best fitting trajectory. If

there is no difference between two or more models, the strictest model with acceptable fit
indices is selected as the most parsimonious (i.e. in order: quadratic, linear|)optimdit

indices are review based on the following threshotl® /< &;fCFI: >0.90; RMSEA <0.06;

SRMR <0.08. The pattern and significance of change can then be confirmed by examining the
means plot and final model growth factors (e.g. intercept mean, slope means). As LGM allows
for within-person analysis, the vari@anof growth factors can also be examined to determine if
individuals vary significantly in both the starting point and trajectory of change. Residual
variances/Rsquared output can be examined to determine how much of the variance in the focal
variable isaccounted for by the model. In a final step, control variables were added to the final
model. During the analysidplusoccasionally generated negative variance warnings where
variance approached or dipped below zero. In these instances, the relaaactvaarameter

was fixed at zer@Muthén & Muthén, 19982017)

6.4.4Hypotheses: Trajectories of job crafting
The following three hypotheses regarding trajectories in job crafting over time at the variable
level, and variance in levels and trajectories amodiyiituals, were tested using seceordler
factor latent growth models. These included models for each form of job crafting, specifically
expansive forms: increasing challenging job demands (CD), increasing structural job resources
(SR) and increasing sotjab resources (SS); and the restrictive form of decreasing hindering
job demands (HD).

1 H1: The trajectories of all forms of expansive job crafting a) reflect a continuous positive
trend over time and b) are tie¢ore aligned with each other.

I H2: The tragctory of the restrictive job crafting act of decreasing hindering job demands a)
reflects a norcontinuous trajectory over time and b) therefore, differs from trajectories of
expansive job crafting.

I H3: a) Levels and b) trajectories of all forms of jolaftng vary significantly among

employees.
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6.4.5Results and Outcomes: Trajectories of job crafting
The preliminary means plot observations (B&ggire 6F) show that SR is the most frequently
reported type of job crafting followed by CD, SS and HD. SS andhéi similar levels of job
crafting. SR and CD appear to be relatively flat over course of 9 months suggesting their
trajectories may be continuous and stable. However, SS shows an overall increase over the year.
While levels differ, the trajectories of Cihd SS can be observed to be relatively aligned. HD
also shows an increase over the year with a peak at T2 and the trajectory does not appear to be

aligned those with expansive forms of job crafting.

Expansive Job Crafting Trajectories Restrictive Job Crafting Trajectory
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Figure 6-F Mean Latent Growth Curves for Expansiveldestrictive Job Crafting

Notes CD = increasing challenging job demands; SR = increasing structural job resources; SS = increasing social job resourzesabkibg=
hindering job demands

To test the hypotheses, latent growth models with secohetfactors were modelled
individually for each form of job crafting (CD, SR, SS and HD). Therefore the results and
related outcomes of hypothesis testing are extensive. In the interests of clarity they are presented

in five subsections:

Results and Outcomedsicreasing challenging job demands
Results and Outcomes: Increasing structural job resources
Results and Outcomes: Increasing social job resources
Results and Outcomes: Decreasing hindering job demands

Outcomes: Alignment between trajectories of jaddtang.

There is one subection for each form of job crafting beginning with expansive job crafting
(CD, SR, SS) and ending with restrictive job crafting (HD). In these four sections, results of
model fit tests are presented along with outcomes for hggest regarding the patterns of
change within each form of crafting (H1a for expansive job crafting and H2a for restrictive job

crafting) and the variance in level and trajectory for each form of job crafting (H3a, H3b). The
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fifth sub-section presents tlmitcomes for hypotheses testing based on the trajectories

identified within each form of crafting to determine the extent to which the trajectories are

aligned within expansive job crafting (H1b) and differ between expansive and restrictive job

crafting (H2b). A summary of the hypotheses and related results is preseifisolét11.

Table6.11 Summary of Results for Hypothese8 1

Hypotheses

H1la The trajectories of all formg
of expansive job crafting reflect

H1b The trajectories of expansi
forms of job crafting are aligned

H3: a) Levels and b
trajectories of all forms of

continuous positive trend ovg with each other job crafting vary
time significantly among
H2b The trajectory of thg employees
H2a The trajectory of the restrictive job crafting act of
restrictive job crafting act off decreasing hindering jok
decreasing hindering joll demands differs from trajectorie
demands reflects a ner| of expansive job crafting
continuous trajectory over time
Alignment of
Categories of Forms of | Trajectory of trajectory
ob craftin job change Result across forms Results Results
J 9 crafting identified of job
crafting
Expansive CD Continuous Hla partially | Aligned with | H1b supported | H3a Supported
trajectory, no| supported SR and SS
change. H3b Supported
SR Continwus Hla partially | Aligned with | H1b supported | H3a Supported
trajectory, no| supported CD and SS
change. H3b supported
SS Continuous Hla partially | Aligned with | H1b supported | H3a Supported
trajectory, no| supported CD and SR
change. H3b Supported
Restrictive HD Non-continuous | H2a Non | Not Aligned to | H2b supported | H3a Supported
change continuous expansive job
(positive linear,| change crafting H3b Supported
negative supported
quadratic)
6.4.5.1. Increasing challenging job demands

For increasing challenging demands rowe (CD), there were no significant differences

between the heteroscedastic and homoscedastic models for the optimal and linear trajectories so

the homoscedastic models were preferred for these two trajectories (Models 4 & 6). The

homoscedastic quadratnodel was significantly better than the heteroscedastic model so this

was preferred (Model 8). However, chi squared tests revealed that the change models were not

significantly better than the relevant-nobange models (sdable 612) so the final prefeed

model was the nohange homoscedastic model (NHOM; Model 1). The fit indices for this
model were acceptable: CFl = 69 RMSEA = 0.021, SRMR = 0.063. The final model
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accounted for 73.7% of the variance in CD. The fact that that NHOM model was tffiitihgs
suggests that there is no change in CD over time. However, the optimal change homoscedastic
model (OHOM; Model 4) which did not significantly differ from the NHOM model, was

reviewed to explicitly test change related hypotheses by an examinhtjoowth parameters.

This model demonstrated acceptable fit indices (CFI = 0.969; RMSEA = 0.021; SRMR =
0.061). Intercept variance was significaiit£ 0.427, p<0.01). This suggests that intercept

levels vary across employees: H3a is supported for CD. Slope mean was positive and not
significant € = 0.02; p < 0.31) therefore the trajectory is continuous but flat. H1a is partially
supported. Slope viance was significantif = 0.036, p<0.05). Therefore there is variation

among employees in trajectories of increasing challenging demands and H3b is supported.
Thus, individuals within the sample vary in their starting level and slope of change in CD.

These results provided a good basis to investigate how these variances are related to motivation
profile group. Intercept slope covariance was not signifiaant= -0.036,p =0.102) suggesting

that there is no relationship between starting levels of ChOtandte of change over time and
therefore no ceiling or floor effects in the data.

Table6.12Increasing challenging demands SOF LGM includiamparison with relevant no change model

Model N G 2 df G2/ ®2 @& &ep CFI RMSE (¢]] SRM
f DF value A R

1.  No Change, 992 27853 196 1.42 0.97 0.02 0.015-0.026 0.06
Heteroscedastic Model

2. No Change, 992 284.36 199 1.43 Change vs Nd€Change 0.97 0.02 0.015-0.026 0.06
Homoscedastic Model
(FINAL)

3. Optimal Change 992 269.25 192 1.40 9.27 4 0.06 0.97 0.02 0.014-0.026 0.06
Heteroscedastic Model

4. Optimal Change 992 276.81 195 1.42 7.55 4 0.11 0.97 0.02 0.015-0.026 0.06
Homoscedastic Model

5. Linear Change 992 273.17 193 1.42 5.35 3 0.15 0.97 0.02 0.015-0.026 0.06
Heteroscedastic Model

6.  Linear Change 992 280.36 196 143 4.00 3 0.26 0.97 0.02 0.015-0.026 0.06
Homoscedastic Model

7. Quadratic Change 992 286.23 190 1.51 7.70 6 0.26 0.97 0.02 0.014-0.026 0.06
Heteroscedastic Model

8.  Quadratic Change 992 27374 192 143 10.61 7 0.16 0.97 0.02 0.015-0.026 0.06

Homoscedastt Model

Notes.N = study populations®= chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence intely® RMR = standardized root mean squared residual.

6.4.5.2. Increasing structural job resources
Model fit results from latent growth modelling of second order factors for increasing structural
job resources (SR) are presented@atle 613. SR demonstrated full mgurement invariance

and these constraints were included in all models.
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Table6.13Increasing structural job resources SOF LGM including comparison with relevant no change model

Model N G2 df G2/ &6 2 @& &ep CFI RMSEA Cl SRMR
DF  value

1. No Change, 992 215.80 124 1.74 0.97 0.03 0.021-0.033 0.08
Heteroscedastic
Model

2. No Change, 992 219.00 127 1.72
Homoscedastic
Model

3. Optimal Change 992 203.78 120 1.70 12.02 4 0.02 0.97 0.03 0.020-0.033 0.07
Heteroscedastic
Model

4. Optimal Change 992 207.76 123 1.69 11.24 4 0.02 0.97 0.03  0.020-0.032 0.08
Homoscedastic
Model FINAL

5. Linear Change 992 206.59 121 1.71 9.20 3 0.03 0.97 0.03  0.020-0.033 0.07
Heteroscedastic
Model

6. Linear Change 992 216.78 124 1.75 2.22 3 053 0.97 0.03 0.021-0.033 0.09
Homoscedastic
Model

7. Quadratic Change 992 202.93 118 1.72 12.87 6 0.045 0.97 0.03 0.021-0.033 0.07
Heteroscedastic
Model

8. Quadratic Change 992 215.76 123 1.75 3.24 4 052 0.97 0.03 0.021-0.034 0.09
Homoscedatic
Model

Change vs N€Change ) o7 003 0.021-0.033 0.09

Notes.N = study populationg®= chi-squared statistic; df = degrees of freedom; CFI = comparative fit index; RMSEA = root mean squared error of
approximation; ClI = confidence intexly SRMR = standardized root mean squared residual.

The optimal change models (Models 3 & 4) along with the heteroscedastic linear and quadratic
models (Models 5 & 7) were significantly better fit that the change model. Comparison of these
four models regaled no significant differences so the optimal homoscedastic model was
selected as the most parsimonious model (OHOM Tabte 613). The fit indices for this

model were acceptable: CFl = 0.97, RMSEA = 0.03, SRMR = 0.08. The final model accounted
for 73.3%- 76.9% of the variance in SR. The intercept variance in this model was significant

(% = 0.41,p < 0.01) suggesting that the levels of SR vary significantly among respondents. H3a
is supported for SR. Unsurprisingly, based on the means plot obseyvaéslope, was

negative and not significant € -0.02, p = 0.29), confirming no change was detected. The
trajectory of SR is continuous and flat. H1a is partially supported for SR. However, slope varies
significantly across individual€if= 0.05, p <01), thus H3b is supported for SR. As with other
forms of job crafting, some of this variance may be explained by exammmatigation profile

groups. Intercept slope covariance was analysed but no evidence of ceiling effects was detected
(-0.03, p=0.23).

Table6.14 Comparison of change models for increasing structuralgsburces SOF LGM

Comparison of Change Models ®2c e & p Comparison of Change Models ®?c e & p
DF value DF value
3vs4 3.99 3 026 4vs5 117 2 0.56
3vs5 2.82 1 0.09 4vs7 4.83 5 0.44
3vs7 0.85 2 0.65 5vs7 3.66 3 0.30

Notes.¢’= chi-squared statistic; df = degrees of freedom.
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6.4.5.3. Increasing social job resources
Model fit results from latent growth curve modelling of second order factors for increasing
social job resources (SS) are presentelhinle 615. SS demonstrated partial measurement
invariance and four parameters which demoredrdifferential item functioning were freed
while all remaining invariance parameters were constrained (i.e. factor loadings, intercepts,

residual variances and correlations) and included in all models.

Table6.15Increasing social job resources SOF L@Mluding comparison with relevant no change model

Model N G2 df G2/ @&62 ES) &p CFI RMSEA (¢]] SRMR
df DF value

1. No Change, 992 322.86 192 1.68 0.96 0.03  0.021-0.031 0.06
Heteroscedastic Model Change vs NeChange

2. No Change, 992 324.64 195 1.66 0.96 0.03  0.021-0.031 0.06
Homoscedastic Model

3. Optimal Change 992 302.44 188 1.61 20.42 4 0.00 0.97 0.03  0.019-0.030 0.06
Heteroscedastic Model

4. Optimal Change 992 304.36 191 1.59 20.28 4 0.00 0.97 0.02  0.019-0.030 0.06
Homoscedastic Model

5. Linear Change 992 305.74 189 1.62 17.12 3 0.00 0.97 0.03  0.020- 0.030 0.06
Heteroscedastic Model

6. Linear Change 992 306.75 192 1.60 17.89 3 0.00 0.97 0.03  0.019-0.030 0.06
Homoscedastic Model

7. Quadratic Change 992 294.99 186 1.59 27.87 6 0.00 0.97 0.02  0.019- 0.029 0.05
Heteroscedastic Model

8. Quadratic Change 992 296.95 188 1.58 27.68 7 0.00 0.97 0.02  0.019- 0.029 0.05
Homoscedastic Model
(FINAL)

Notes.N = study populationg®= chi-squared statistic; df = degrees of freedom; CFl = comparative fit index; RMSE# mean squared error of
approximation; ClI = confidence interval; SRMR = standardized root mean squared residual.

Change models (Models& were significantly better than no change models suggesting

change may occur in SS over time. Both quadratic magisial were significantly better than

the optimal or linear heteroscedastic models and the quadratic homoscedastic model was
significantly better than the linear homoscedastic model. There were no other significant
differences between the models (Sedle 6.16). Therefore in the interests of parsimony, the
homoscedastic quadratic trajectory model (QHOM; Model 8) was selected as the final model. It
demonstrated a good fit to the data (CFl = 0.97; RMSEA = 0.02; SRMR = 0.05). The final
model explained 79.7%31.4% of the variance in SS across the four time points. The intercept
variance was significanfi{ = 0.73, p<0.01) suggesting that the levels of SS vary significantly
among respondents. Thus H3a is supported for SS. The linear slope mean was positive but not
significant at p < 0.05 but siditant at a threshold of p <D(e = 0.10, p = 0.095); lirer slope
variance was significanéi{ = 0.37, p <0.05). The quadratic slope means was negative and not
significant € =-0.01, p = 0.53) but again variance was significéf#t 0.03, p < 0.05). As the

slopes were not significant at p < 0.05, Hla is refefiie SS as no change was detected.
However, as both linear and quadratic slopes vary among individuals H3b is supported for SS
and this provides a good basis for investigating the impact of motivation profile group on this
variance. Intercept slope covamice was analysed but no evidence of ceiling effects was

detected (cov =0.10, p=0.21).
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