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Abstract

This paper presents a user study with 11
professional English-Spanish translators in
the legal domain. We analysed whether
negative or positive translators’ pre-task
perceptions of machine translation (MT)
being an aid or a threat had any relation-
ship with final translation quality and pro-
ductivity in a post-editing workflow. Pre-
task perceptions of MT were collected in a
questionnaire before translators conducted
post-editing tasks and were then correlated
with translation productivity and transla-
tion quality after an Adequacy-Fluency
evaluation. Each participant translated 13
texts over two consecutive weeks, account-
ing for 120,102 words in total. Results
show that translators who had higher lev-
els of trust in MT and thought that MT was
not a threat to the translation profession re-
ported higher translation quality and pro-
ductivity. These results have critical im-
plications: improving translator-computer
interactions and fostering MT literacy in
translation training may be crucial to re-
ducing negative translators’ pre-task per-
ceptions, resulting in better translation pro-
ductivity and quality, especially adequacy.

1 Introduction

MT has become an undisputed element of today’s
workflows in the language services industry (ELIS
Research, 2023). Different studies suggest that
improvements in these systems over time have al-
lowed translators to see their productivity increase
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without a negative impact on the quality produced
and, therefore, most research in the field of MT has
focused on estimating the productivity and qual-
ity of MT systems (Moorkens et al., 2018a; Rossi
and Carré, 2022). However, this adoption of MT is
not always accompanied by positive user feedback,
as some translators have shown little satisfaction
in working and interacting with MT through post-
editing workflows, either because of a reduction in
pay, a sense of dehumanisation of the translation
process, or the commodification and uberisation of
the language services industry (Moorkens, 2020;
Fırat, 2021; Cadwell et al., 2018).

In the Translation Studies and the MT fields, re-
search centered on analysing human factors in to-
day’s translator-computer interactions is still rel-
atively limited, and the perceptions, user expe-
riences (UX) or feelings of MT users, or even
whether these feelings and experiences have any
effect on their interactions, have been scarce (Ko-
ponen et al., 2020; Karakanta et al., 2022; Briva-
Iglesias and O’Brien, 2023; Briva-Iglesias et al.,
2023; Guerberof Arenas et al., 2021). In this con-
text, we present the results of a study (part of a
larger project) (Briva-Iglesias, 2024) that explores
whether translators’ pre-task perceptions of MT
have any relationship with final translation quality
and productivity. Below, we first present work re-
lated to our study, then we outline the methodology
and, finally, results are described and discussed.

2 Related Work

In the last decades of research in natural language
processing (NLP), the focus has been on mak-
ing technical advancements, mainly by increasing
the size of the language models and the computa-
tional power used to obtain better results (Brown
et al., 2020), but often neglecting the repercus-



sions or risks that this path has or may have on
humans (Bender et al., 2021; Shneiderman, 2022).
Research in translation technologies has followed
a parallel path to NLP research, and most stud-
ies have focused on evaluating the quality of MT
or comparing different MT paradigms (Drugan,
2013; Moorkens et al., 2018a; Rossi and Carré,
2022). Such research is necessary, but techni-
cal changes should also be accompanied by socio-
technical studies and their impact on users. Olo-
han (2011) criticized this path by commenting that
“the human and organisational aspects are not ad-
dressed at all, or only implicitly, [...] when the sys-
tem is being developed”.

This has meant that the study of human factors
and their interaction with technology has lagged
behind and received less attention in translation
technology research. However, it has not been
completely forgotten. For example, Gaspari et al.
(2014) analysed the perceptions of 438 users of
online MT systems, and the majority of partici-
pants commented that they were not happy with
the results, especially with the quality offered.
Moorkens et al. (2018b) studied the perception
of post-editing effort in the literary field, and col-
lected the data with questionnaires and short in-
terviews, which they then analysed qualitatively.
Through a questionnaire completed by 1850 peo-
ple, O’Brien et al. (2017) investigated how transla-
tors interacted with CAT tools, and found that there
were certain levels of cognitive friction and that
some functionalities of CAT tools irritated them.

Not only freelance or corporate translators have
received the attention of academia, but also trans-
lators in governmental organisations and interna-
tional institutions. Rossi and Chevrot (2019) sur-
veyed French translators at the European Commis-
sion to analyse the level of acceptance of MT, and
suggested that fear of the technology was the ele-
ment that hindered its adoption. Cadwell, O’Brien,
and Teixeira (2018) conducted a similar study,
comparing the level of MT uptake of in-house and
institutional translators, sharing similar results.

Translation in a migration context has also re-
ceived attention, as multilingual communication is
key in crisis scenarios (Piller et al., 2020), and
Pérez-Macı́as, Ramos, and Rico (2020) analysed
the perceptions of MT and post-editing of transla-
tors in a migration context, which were negative in
general terms.

In contrast, Koponen et al. (2020) focused on

the audiovisual domain and analysed what 12 pro-
fessional translators thought about MT and what
was their UX after post-editing subtitles. The re-
sulting comments ranged from negative to neutral.
These results are in line with other research on au-
diovisual translation, post-editing and UX, where
translators do not view post-editing in subtitling
projects favourably (Etchegoyhen et al., 2018; Ma-
tusov et al., 2019; Karakanta et al., 2022). In a
similar vein, Briva-Iglesias, O’Brien, and Cowan
(2023) analysed the MTUX of translators in the le-
gal domain to see what translators preferred from
two different post-editing modalities.

However, despite having found research on
the perceptions that translators have of MT, the
aforementioned studies are exclusively descriptive
of participant’s perceptions and did not analyse
whether these perceptions have any relationship
with the quality of the final text or the productivity
of translators. This is the gap that this article aims
to fill.

In cognitive science, multiple studies show that
past experiences and perceptions have a great im-
pact and are a determinant for future beliefs, at-
titudes and behaviours (Albarracı́n, 2021; Albar-
racı́n and Wyer, 2000). In Translation Studies,
de Almeida (2013) suggested that positive percep-
tions towards MT had an impact on post-editing
effort, and Stasimioti and Sosoni (2019) reported
that training in MT changed perceptions of MT and
post-editing.

Hence, if translators are not happy with their
past interactions with MT, and if, before starting a
post-editing assignment, they already have a nega-
tive opinion about that future interaction (pre-task
perceptions), what will the consequences be for the
final product (that is, the translation)? Are we in a
vicious circle in which translators’ negative pre-
task perceptions of MT affect the final quality of
the translation and/or their productivity?

3 Methodology

The research question we address in this paper is:
Do translators’ (positive or negative) pre-task per-
ceptions of MT have any statistically significant
relationship with the final translation quality or
productivity when doing MTPE tasks? To answer
this question from a novel point of view, we con-
ducted a human-computer interaction-informed
study, where we recruited 11 professional transla-
tors in the English-Spanish legal translation com-



bination and carried out a pre-task questionnaire
to examine their opinions, past experiences and at-
titudes towards MT. This questionnaire was fol-
lowed by the translation of 13 texts using an inter-
active MT workflow. Subsequently, a professional,
expert reviewer assessed the quality of the transla-
tions after ensuring consistent evaluation criteria
with three professional reviewers. We examined
the data obtained using different statistical analy-
sis methods to find out whether there was any cor-
relation between the past experiences and attitudes
of translators towards MT and their resulting trans-
lation quality and productivity. Our hypothesis is
that translators with negative pre-task perceptions
of MT may produce translations with lower qual-
ity than their peers with positive pre-task percep-
tions because their predisposal to interact with MT
will affect their translation processes. The follow-
ing sub-sections describe the methodology used in-
depth.

3.1 Participants

We recruited 11 professional translators in the
English-Spanish language combination at an
hourly rate of C20. To do this, we posted a job
advert on ProZ (one of the most prominent job
search platforms in the language services world)
and X (which also has a large translator commu-
nity). By posting on two different platforms and
hiring participants on a first-come, first-served ba-
sis, we wanted to reach a large number of peo-
ple without introducing any bias in the selection
of participants. Participants were hired as long as
they met the three basic conditions for participa-
tion: i) be native Spanish translators, ii) have pro-
fessional experience in legal translation, and iii)
have less than 5 years of professional experience.
We decided to include the experience limitation
because we wanted to minimise bias due to vari-
able levels of experience. In addition, the trans-
lators were to perform post-editing, and previous
studies suggested that people with more years of
experience tended to have more problems interact-
ing with technologies and were more likely to re-
ject their daily use (Alabau et al., 2016).

Translators performed thirteen post-editing ses-
sions of 45 minutes in Lilt (Green, 2016) over
ten consecutive days (two weeks). In these ses-
sions, three sessions were conducted through tra-
ditional post-editing, and ten sessions through in-
teractive post-editing. The tasks were divided this

way for reasons of the project in which the present
study is framed, but this has no impact on the data
shown here, as all translators worked with the same
texts, under the same conditions and had the same
amount of time to translate. Translators were in-
structed to “Perform a full post-editing of the text,
with the goal of achieving a perfectly fluent and
adequate translation for a client in the legal do-
main. Any mistranslation may have critical legal
consequences for the client, so ensure that you of-
fer a professional translation. There is no problem
if you do not finish the whole text in the allocated
time”.

3.2 Translators’ pre-task perceptions
In order to collect translators’ pre-task percep-
tions of MT, we created an online questionnaire to
be completed before starting the post-editing task.
This included the following questions.

• Experience in MTPE tasks: How long have
you engaged with MTPE tasks? Give an ap-
proximate time of use with months or years
and months (e.g., 1 year and 6 months).
[These experiences were then normalized to
the number of months].

• Do you like MTPE?: On a scale of 1-7, where
1 is “Strongly Dislike” and 7 is “Strongly
Like”, please rate your perception of do-
ing MTPE tasks in professional translation
projects.

• Do you trust MTPE?: On a scale of 1-7,
where 1 is “Not trustworthy at all” and 7
is “Very trustworthy”, please rate if you can
trust MTPE to help you successfully delivery
a professional translation project.

• MT as a threat: Please rate how much you
agree or disagree with this statement: “Ma-
chine Translation is a threat to the sustain-
ability of the translation profession (Score 1
is “Disagree”, Score 7 is “Agree”).

• Is MTPE boring?: Please rate the following
statement: “When I am doing MTPE tasks, I
find them [SCORE]”. (Score 1 is “Boring”,
Score 7 is “Engaging”).

The responses to the questionnaire were the
translators’ pre-task perceptions that we correlated
with final translation quality and productivity to
examine if there was any relationship between
them.



3.3 Translation Quality Evaluation

We worked with legal contracts in the English-
Spanish combination and controlled the difficulty
and length of the texts so that all translators worked
with thirteen equally complex texts. For each text,
a new task was set, and no translation memory was
added. Difficulty was controlled with the Flesch-
Kincaid index and the type-token ratio (Graesser
et al., 2004). The total number of words translated
and evaluated were 120,102. After obtaining the
translations, translation quality was evaluated via
human evaluation by using 1-4 Adequacy and Flu-
ency scores with a professional, expert evaluator.

Although there are many different methods for
evaluating translation quality (Moorkens et al.,
2018a; Drugan, 2013), to answer our research
question (Do translators’ (positive or negative)
pre-task perceptions of MT have any statistically
significant relationship with the final translation
quality or productivity when doing MTPE tasks?),
we needed to obtain a final score of the translation
quality of each translator. We considered the Ad-
equacy and Fluency assessment to be the most ap-
propriate method for our study, as it allowed us to
obtain very detailed quality scores for each trans-
lator from two different points of views and has
been extensively used in MT evaluation (Kocmi et
al., 2022; Barrault et al., 2020). We discarded the
MQM-based assessment (Freitag et al., 2021) be-
cause it focuses on the precise types of errors, and
we did not need such a granular translation quality
evaluation, plus it increased substantially the trans-
lation quality evaluation costs.

Best practices in human evaluation of transla-
tion quality recommend using several evaluators
to reduce any potential subjectivity (Freitag et al.,
2021). As an alternative, we have decided to fol-
low common best practices in the fields of Com-
puter Science and Information Retrieval (Artstein,
2017), also with recognised and widely-accepted
methods for reducing evaluator subjectivity, and
we have implemented the evaluation only with one
expert reviewer after refining the evaluation cri-
teria with a total of three reviewers through two
different iterations. The scoring guidelines were
updated after each iteration. The three reviewers
were recruited by following the same methodol-
ogy used for recruiting the translators, which can
be found in the section 3.1 above, and they had +5
years of professional exprience. The process fol-
lowed for the quality evaluation was as follows:

First, we created a document explaining in de-
tail the quality evaluation task to be carried out.
Detailed scoring guidelines were also designed, in
which each possible score (both for Adequacy and
Fluency) was described in detail, and two exam-
ples were included for each type of score. The aim
of these guidelines was to homogenise the evalu-
ation criteria, and thus make the study and the re-
sults reproducible and reliable, trying to reduce the
personal and subjective bias of each evaluator.

Once the first draft of the scoring guidelines was
devised (containing two examples for every type of
Adequacy and Fluency mistake), 50 translated seg-
ments were sent to the three reviewers. Texts eval-
uated in the iterations were fragments of English-
Spanish legal contracts, similar in content and dif-
ficulty to the bulk of translations. The three re-
viewers annotated the translations and evaluated
them according to the criteria of the scoring guide-
lines.

Subsequently, the Inter-Annotator Agreement
(IAA) was calculated using Fleiss’ Kappa. IAA
can range between 0 and 1 and, generally, an IAA
above 0.8 indicates that the consistency between
annotations is high (Artstein, 2017). The IAA
for our first round of annotations (Iteration 1) was
0.83, indicating that the scoring guidelines were
clear, that the annotation consistency of the eval-
uators was high, but that there was still room for
improvement.

Then, a Zoom meeting was held with the 3 re-
viewers to discuss the discrepancies of annotation
in Iteration 1, and the scoring guidelines were up-
dated with additional examples after some discus-
sion. The main changes included re-wording and
clarifying the annotation criteria, and more de-
tailed explanations of the annotation limits, with
the aim of improving the homogeneity of the anno-
tation and increasing the consistency of the eval-
uations. Iteration 2 was then prepared, with 50
new segments, to be annotated by following the
updated scoring guidelines in the same procedure
as in Iteration 1. The IAA of Iteration 2 increased
to 0.95, reflecting that the second version of the
guidelines was clearer and more concise, and that
a consistent evaluation could be obtained when
evaluating translations if the guidelines were fol-
lowed1.

We then evaluated all the translations (120,102

1Link to the final scoring guidelines:
https://zenodo.org/records/11091928



words; 13 translations per each of the 11 transla-
tors) with a single reviewer, who we considered
as the expert reviewer after the first two iterations,
the homogenisation of criteria, and the updating
of the scoring guidelines. To corroborate that the
expert reviewer was still maintaining the annota-
tion criteria halfway through the evaluation of the
texts, the other reviewers, who participated in the
earlier iterations, performed a cross-check evalu-
ation. For this cross-check evaluation, 250 seg-
ments were randomly selected for annotation and
the level of consistency was recalculated. The re-
sulting IAA from the cross-check was 0.88, which
also indicated a high consistency in the annotation
criteria according to the elaborated scoring guide-
lines.

The end result is an Adequacy and Fluency
score for each translator at the segment level.
However, after translators performed the post-
editing tasks, we observed that, in the allocated
time for translation, some translators finished the
texts, while others did not. Thus, the Adequacy
and Fluency results have been normalised by cal-
culating the average of all the segments translated
by each translator. This normalisation has been
carried out independently for both Adequacy and
Fluency. By doing this, we can compare the results
without any bias and independently for Adequacy
and Fluency. Thus, we have a global quality score
for each translator, ranging from 1 to 42.

3.4 Translation Productivity

Translation productivity was tracked in the CAT
tool through a word per hour (WPH) measurement.
In other words, we collected the translation pro-
ductivity of every translator in each of the texts in
WPH.

3.5 Statistical Analyses

First, we plotted every variable (translators’ pre-
task perceptions, fluency scores, adequacy scores
and productivity measurements) in histograms to
see whether the variables were normally dis-
tributed, and to strengthen our methodology we
also performed the Shapiro-Wilk’s test. As data
violated the assumptions of normal distribution
(p over .05), we conducted a Kendall’s T corre-
lation test for all the variables so as to explore

2The dataset including the source texts, the transla-
tions, the quality scores for fluency and adequacy, as
well as the productivity measures can be found in:
https://zenodo.org/records/11092027.

the relationships between the measures collected
(Mellinger and Hanson, 2016). Due to the number
of correlations performed increasing the likelihood
of type I error, we recommend interpreting corre-
lations at the .05 level with caution. In addition,
it is worth stressing that the strength of the corre-
lation coefficients vary according to the statistical
test conducted. Therefore, by following Schober,
Boer, and Schwarte (2018) advice, we interpret
Kendall T’s correlation coefficient strength in the
following form: Weak (0.06-0.25), Moderate (0.26
to 0.49), Strong (0.50 to 0.71), and Very strong
(0.71 to 1). Below, different heatmaps display the
correlation coefficients of every pre-task percep-
tion variable in relationship to adequacy, fluency,
and productivity. Variables containing an asterisk
“*” indicate a statistically significant correlation.
Also, the p-values are given for every variable in
the wording.

4 Results

This section presents the correlations of transla-
tors’ pre-task perceptions with fluency, adequacy
and productivity.

4.1 Translators’ pre-task perceptions of MT
and fluency

Figure 1 shows in a heatmap the correlation coeffi-
cients resulting from the statistical analysis by con-
sidering translators’ pre-task perceptions and final
fluency scores for each of the texts. By looking
at Figure 1, we can see that translators’ feeling of
boredom or engagement when performing MTPE
assignments in a professional environment (r (10)
= -.012, p = .85) showed no statistically signifi-
cantly correlation with Fluency scores.

However, all the other pre-task perceptions vari-
ables showed a statistically significant correlation
with Fluency. On the one hand, we can observe
two variables that show statistically significantly
weak correlations. Whether translators had more
or less experience in conducting MTPE tasks had
no particular relationship with fluency results (r
(10) = .12, p = .04). This means that, even if trans-
lators were new to interacting with MT in a profes-
sional environment, their fluency was not different
to those translators with experience in post-editing.
In a similar way, translators’ attitude towards lik-
ing or disliking post-editing tasks (r (10) = -.21,
p = .0007) showed a weak statistically significant
correlation; this means that we cannot claim a re-



Figure 1: Correlation of translators’ pre-task perceptions of MTPE with fluency, adequacy and productivity

lationship between the fact that translators liked
post-editing or not with the production of more
fluent translations. On the other hand, we can
observe two variables that show stronger relation-
ships. Translators’ pre-task perceptions of MT be-
ing a threat to the translation profession (r (10) =
-.37, p = .0001) and the level of trust they had on
MTPE (r (10) = .36, p = .0001) showed statistically
significant moderate correlations. In other words,
this means that translators who had higher levels
of trust in MTPE tasks as an aid in their profes-
sional translation projects tended to report higher
fluency scores. In a similar way, those translators
who thought that MT was a threat to their profes-
sion tended to produce less fluent translations.

4.2 Translators’ pre-task perceptions of MT
and adequacy

The correlation heatmap of Figure 1 provides a vi-
sual summary of the statistical analysis conducted
on translators’ pre-task perceptions of MTPE and
their translation quality results, specifically focus-
ing on translation adequacy.

One of the most notable results is that we ob-
served a strong statistically significant positive cor-
relation (r (10) = .58, p = 0.0001) between transla-
tors’ trust in MTPE and the adequacy scores, im-
plying that higher trust in the system is linked to
higher performance levels in producing adequate
translations. The other remarkable result is that
translators’ view of MT as a threat yielded a strong
statistically significant negative correlation (r (10)
= -.58, p = 0.0001), suggesting that apprehensions
about the technology’s impact on the profession
may undermine translation adequacy.

Factors such as the enjoyment of conducting

MTPE tasks (r (10) = -.31, p = 0.0001), and the
overall experience in MTPE (r (10) = .21, p =
0.0004), showed less pronounced yet statistically
significant correlations, indicating that these per-
ceptions might not be as critical in influencing the
adequacy of translation outcomes.

These insights contribute to the ongoing dis-
course on the human factors influencing con-
temporary translator-computer interactions, under-
scoring the complex interplay between subjective
perceptions and objective translation performance
metrics. These results indicate that translators’
lack of trust in MTPE tasks and the consideration
of MT as a threat to their profession may have a
strong effect on translation quality, especially ade-
quacy, even before the task has already started.

4.3 Translators’ pre-task perceptions of MT
and productivity

In terms of productivity, Figure 1 provides a quan-
titative depiction of the correlations between trans-
lators’ pre-task perceptions of MTPE and their
measured productivity in WPH. Here, the results
from every pre-task perception variable were sta-
tistically significant.

The data indicates that positive perceptions to-
wards MT, such as liking MTPE tasks as a pro-
fessional aid (r (10) = .43, p = 0.0001), finding
them engaging (r (10) = .38, p = 0.0001), or the
level of trust in MT (r (10) = .37, p = 0.0001)
are moderately correlated with higher productivity
scores. Conversely, the negative moderate corre-
lation with the perception of MT as a professional
threat (r (10) = -.33, p = 0.0001), although display-
ing a weaker association, highlights potential areas
of concern. These findings may reflect a complex-



ity in MTPE’s perceived impact on the translation
industry, which could influence translator produc-
tivity.

There is also a weak statistically significant neg-
ative correlation with MTPE experience (r (10) =
-.22, p = 0.0001).

5 Discussion of the results

After analysing the results, we can see that trans-
lators’ pre-task perceptions of MT have a higher
correlation with adequacy scores than with fluency
and productivity scores. Research by Castilho et
al. (2017) suggested that NMT systems produce
very fluent translations and, therefore, the effect of
translators’ pre-task perceptions may not be that
impactful on fluency scores if the system already
offers a fluent MT output. In terms of adequacy
scores, however, translators’ pre-task perceptions
have a bigger impact. These results indicate that,
in post-editing tasks with NMT systems that of-
fer good MT quality (English-Spanish in our case),
adequacy scores have a higher dependence on the
translator, while fluency scores have a lower de-
pendence on translators’ translation and/or post-
editing skills because the MT system already of-
fers higher quality MT output. The expert reviewer
assessed the MT output of the MT system used in
this study, which obtained a global score of 3.48/4
in terms of adequacy and 3.71/4 in terms of flu-
ency, showcasing good quality results. It may be
interesting to further validate this idea by replicat-
ing this study in a different language combination,
particularly in a case in which NMT systems of-
fer lower MT quality (i.e. a low-resource language
combination). In terms of productivity, in general
terms, we can see that translators who had posi-
tive pre-task perceptions of MT tended to trans-
late faster when conducting post-editing tasks than
their peers with negative pre-task perceptions of
MT.

Experience in MTPE tasks has no correlation
with final translation quality or productivity in the
data analysed. These results indicate that it is
the translator who matters. Results suggest that a
professional translator with good translation skills
will offer good quality translations and will work
equally faster when interacting with MT, regard-
less of their experience in providing MTPE lan-
guage solutions.

It is worth stressing that the most notable cor-
relation coefficients were observed in two specific

variables: translators’ level of trust in MTPE and
the perception of MT being a threat to the transla-
tion profession. The level of trust translators have
in MT shows a strong correlation with adequacy
and a moderate correlation with fluency and pro-
ductivity. This is interesting, as translators who
trust MT systems to help them work in their pro-
fessional, daily tasks offered higher final transla-
tion quality than those who did not trust MT sys-
tems. This is in line with previous research in cog-
nitive science (Albarracı́n, 2021), which indicated
that prior negative perceptions are an important
and crucial determinant for future attitudes and be-
haviours. In our case, translators’ pre-task percep-
tions of MTPE tasks had a strong negative correla-
tion with the quality of the final product, that is, the
translation. This may be because translators who
do not trust MT do not enjoy this interaction or
do not give their best when interacting with MT in
their regular, professional workflows. This also ap-
plies to productivity: translators with higher levels
of trust on MT translated faster, probably because
they were more enthusiastic about engaging with
MT. Those translators who did not trust MT were
probably more reluctant to engage with MT in the
best of their abilities.

This backs up the results of the second pre-
task perception variable with a strong negative cor-
relation in our study, that is, whether translators
consider MT as a threat to the translation pro-
fession. The perception of MT being a threat to
translators showed a strong association with final
translation quality, both in terms of Adequacy and
Fluency, and the results showed statistical signif-
icance. The correlation of this pre-task percep-
tion variable with productivity is weaker, but still
moderate and statistically significant. What these
correlations mean is that translators who, even be-
fore starting a post-editing task, think that MT is
a threat and harmful for the translation profession
are more likely to produce lower translation qual-
ity and to translate slower.

The study’s findings on the relationship between
translators’ pre-task perceptions and translation
quality and productivity have profound implica-
tions, offering novel insights into the dynamics of
modern translator-computer interactions. It is ev-
ident that the approach translators adopt towards
a task plays a critical role in determining the final
outcome, with varying degrees of influence on dif-
ferent aspects of translation performance (in terms



of quality or productivity). These results highlight
the problem of modern translator-computer inter-
actions, and suggest that we should give higher at-
tention to the improvement of these interactions,
probably by looking at the MTUX (Koponen et al.,
2020; Karakanta et al., 2022; Briva-Iglesias and
O’Brien, 2023), putting the human in the centre
of modern translator-computer interactions (Shnei-
derman, 2022), reducing recent complaints about
dehumanisation (Moorkens, 2020). Also, this has
great implications for the training of translators, as
it highlights the importance of MT literacy from
different points of view (Bowker and Ciro, 2019),
which are further detailed in the conclusions.

6 Conclusions

Since the emergence of language technologies, the
perceptions of those who interact with them have
been studied, ranging from professional translators
to gisting users (Nurminen, 2019). Particular at-
tention has been paid to the perceptions of profes-
sional translators, who saw their traditional work-
flows disrupted by these new technologies. How-
ever, most studies to date have been descriptive and
did not take into account the relationship between
perceptions and the quality of the translation or
the productivity of the translator. This article aims
to fill this gap in the literature with a longitudinal
study of 11 professional English-Spanish transla-
tors in the legal domain, to explore whether nega-
tive or positive translators’ pre-task perceptions of
MT have any relationship with the final translation
quality and productivity in a post-editing work-
flow. In terms of limitations, it would have been
better to increase the sample size of the translations
or the number of translators. However, we hired
11 professional translators who produced a total of
120,102 words over 10 consecutive days. It would
have also been ideal to have the three reviewers
assess all the translations, but due to budget con-
straints, we reduced the reviewer bias through dif-
ferent evaluation iterations, the measurement of
IAA, and the refinement of a set of quality scor-
ing guidelines. Exploring additional domains to
the legal field would have also been positive to
assess whether these results are generalisable to
other translation specialisations.

As a conclusion, the results suggest that transla-
tors with negative pre-task perceptions of MT tend
to deliver poorer quality translations, as well as
to translate slower, than their peers with positive

pre-task perceptions of MT. Specially, in our study,
we observed that translators who thought that MT
was a threat to their profession or distrusted MT
as an aid in their work obtained lower quality and
productivity scores. These were the two variables
with the highest correlation coefficients. By con-
trast, translators with positive pre-task perceptions
obtained better translation quality and productivity
scores. This may have happened because transla-
tors with negative pre-task perceptions of MT may
have not interacted with MT adequately or with an
open-minded point of view, impacting their final
translation quality and productivity.

This research opens up new questions: do these
results suggest that there is a direct relationship
between pre-task perceptions of translation tech-
nologies and final quality and productivity results?
Would translators with negative pre-task percep-
tions of MT obtain better quality results if they
translated without MT? And what would happen
if we trained these translators and taught them to
see MT as an aid to augment their skills and help
them in their professional tasks?

Although we now have new questions to answer,
what is clear is that the level of trust in MT and the
conception of MT as a threat to the translation pro-
fession have a strong correlation with final quality
results, especially Adequacy, and a moderate cor-
relation with productivity. These correlations have
important implications. Translators fearing MT, or
those who are more reluctant to trust their interac-
tions with MT, may not be leveraging the advan-
tages and benefits MT offers them. Therefore, the
results call for multiple actions to be taken in order
to:

• Increase translators’ confidence in their inter-
actions with MT as a tool that can be useful
and support them in professional projects, al-
ways bearing in mind that translators are the
ones controlling the interaction, and that MT
functions as a support that can offer alter-
native terminology solutions or facilitate un-
derstanding of the source text, among other
forms of assistance. The main goal of tech-
nologies should be to augment translators
and reduce their human cognitive limitations
(O’Brien, 2023; Raisamo et al., 2019; Al-
icea, 2018; Shneiderman, 2022), pursuing
human-centered, augmented machine transla-
tion (Briva-Iglesias, 2024), not to replace and
substitute them.



• Present MT as a tool that can facilitate trans-
lators’ work, either to increase productivity
or to open doors to new professional markets
and domains, as is the case of language engi-
neers (Briva-Iglesias and O’Brien, 2022). As
Stasimioti and Sosoni (2019) reported, train-
ing translators on MT will change their per-
ceptions of MT because they will learn what
MT allows them to do or not. Translators’
technological and MT literacy is now more
important than ever in the AI age (Bowker
and Ciro, 2019).

These two elements would increase the adop-
tion and use of MT as assistance, as well as re-
duce the negativity of translators’ pre-task percep-
tions of MT. However, it is vital to stress that this
MT literacy must be accompanied by a broad and
holistic view of MT, including its limitations, so
that translators acquire a critical view of when it is
appropriate and when not to use MT, as it may also
involve important ethical issues (Moorkens, 2022).
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