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Abstract

Multiword expressions (MWEs) remain a persistent challenge in neural machine 
translation (NMT), particularly when they appear in discontinuous forms. In this 
context, the present study evaluates the ability of general-purpose large language 
models (LLMs) to address these limitations by systematically comparing the 
performance of Google Translate, DeepL, and GPT-4o in translating Spanish-to-
English MWEs. A dataset of 600 examples—balanced between continuous and 
discontinuous MWEs—was machine translated and manually evaluated by two expert 
linguists. The results indicate that GPT-4o statistically significantly outperforms NMT 
systems in both forms of the MWEs, while DeepL and Google Translate exhibit 
substantial declines in performance for discontinuous MWEs. The results from this 
study show that general-purpose LLMs handle syntactic flexibility and idiomaticity 
more effectively than traditional NMT approaches. The study also contributes an 
open-source dataset and invites further research on LLM applications in MT.
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Resumen

Las expresiones pluriverbales (EP) siguen suponiendo un desafío para la traducción 
automática neuronal (TAN), especialmente en sus formas discontinuas. En este 
contexto, el presente estudio evalúa la capacidad de los modelos de lenguaje de 
gran tamaño (LLM, por sus siglas en inglés) de propósito general para abordar estas 
limitaciones, mediante una comparación sistemática del rendimiento de Google 
Translate, DeepL y GPT-4o en la traducción de EP del español al inglés. Para ello, 
se tradujo automáticamente y se evaluó manualmente, por lingüistas expertos, un 
conjunto de datos (de código abierto) compuesto por 600 ejemplos, equilibrado 
entre EP continuas y discontinuas. Los resultados indican que GPT-4o supera 
estadísticamente a los sistemas TAN para ambos tipos de EP, así como revelan que 
los LLM tratan la flexibilidad sintáctica y la idiomaticidad con mayor eficacia que la 
TAN, abriendo la puerta a nuevas investigaciones sobre las implicaciones de los LLM 
en la traducción automática.

Palabras clave: ChatGPT. DeepL. Google Translate. Expresiones Pluriverbales. Tra-
ducción Automática.

1. Introduction

Despite the advancements of neural machine translation (NMT) in the last 
decade and its establishment as the state-of-the-art machine translation 
(MT) paradigm, errors still persist and, in numerous instances, NMT output 
requires human edits before dissemination (Briva-Iglesias 2023; Kenny 
2022). For instance, multiword expressions (MWEs) remain one of the 
most persistent challenges for NMT systems. MWEs, such as the Spanish 
llevarse el gato al agua (literal translation, “to carry the cat to the water”; 
figurative meaning, “to win the day”), introduce unique difficulties, as they 
can appear both in their continuous (the constituents of the MWE occur 
together) or discontinuous form (the constituents of the MWE are split by 
other elements not belonging to the MWE, as in “take your brother’s advice 
into account”). The non-adjacent occurrence of MWEs’ constituents can 
hinder their automatic detection and translation by MT systems. Regardless 
of significant advances in NMT, the translation of discontinuous MWEs 
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continues to be one of their Achilles’ heels (Constant et al. 2017; Ramisch 
& Villavicencio 2022; Rohanian et al. 2019).

The emergence of large language models (LLMs) has introduced a new 
paradigm for MT (Hendy et al. 2023). Unlike traditional NMT systems 
trained exclusively for translation tasks, LLMs operate as a general-pur-
pose language model capable of direct translation through context-aware 
prompts (Wang et al. 2023), as well as many other tasks, such as summari-
sation, plain language editing, coding, etc. (Brown et al. 2020; Briva-Iglesias 
& Peñuelas Gil 2025). General-purpose LLMs’ potential for handling 
linguistic complexities such as MWEs requires a systematic evaluation, 
particularly in comparison to state-of-the-art NMT systems, as there is 
a paucity of literature in this regard due to the relative novelty of such 
systems.

In this context, this study aims to evaluate the performance of two 
state-of-the-art NMT systems (Google Translate and DeepL, in its classic 
NMT mode) against a state-of-the-art general-purpose LLM (GPT-4o) in 
translating Spanish-to-English MWEs. By focusing on both continuous 
and discontinuous forms of MWEs, we seek to determine the extent to 
which general-purpose LLMs can address the limitations of traditional 
NMT systems. To guide this investigation, we pose the following research 
questions:

	– RQ1. How do Google Translate, DeepL, and GPT-4o handle MWEs 
in their continuous and discontinuous forms from Spanish into 
English?

	– RQ2. Do LLMs outperform traditional NMT systems in translating 
MWEs?

The remainder of this paper is structured as follows. Section 2 reviews 
previous work on MWEs and their challenges in MT. Section 3 describes 
the methodology employed to evaluate the translation performance of the 
three systems under study. Section 4 presents and discusses the results of 
the evaluation. Finally, Section 5 concludes the paper with insights into the 
implications of this study, limitations, and directions for future research.
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2. Previous and Related Work

MWEs are an inherent feature of natural language, characterised by their 
varying degrees of non-compositionality, syntactic irregularity, and fix-
edness. These linguistic properties make MWEs particularly challenging 
for computational processing, including MT (Constant et al. 2017; Corpas 
Pastor 2013; Ramisch & Villavicencio 2022; Rohanian et al. 2019). In 
NMT, the problem is exacerbated by the nature of the models, which rely 
on large-scale parallel corpora (Pérez-Ortiz, Forcada & Sánchez-Martínez 
2022). Idioms often occur less frequently in such datasets, leading to 
insufficient representation in NMT training. Furthermore, discontinuous 
MWEs introduce structural variations that are difficult for NMT models 
to capture effectively, resulting in literal translations that fail to convey the 
intended meaning (Zaninello & Birch 2020), as we will be able to observe 
in Section 4 (see Tables 1, 2, and 3). Prior approaches to mitigate these 
issues have included pre-processing techniques, such as aligning MWEs in 
source and target languages or converting discontinuous MWEs into their 
continuous forms (e.g., Hidalgo-Ternero & Corpas Pastor 2020). Some tools 
for pre-processing MWEs before sending them to a NMT system have been 
developed, such as gApp, which can automatically convert discontinuous 
MWEs into their continuous forms (see Hidalgo-Ternero & Corpas Pastor 
2020; Hidalgo-Ternero & Zhou-Lian 2022), and Paidiom (Hidalgo-Ternero 
& Lima-Florido 2023), which, besides this conversion into the continuous 
form, can also translemmatise MWEs, i.e., to directly convert MWEs into 
their target-text equivalents to improve NMT. These tools have demon-
strated an average improvement in MT accuracy for MWEs, more specif-
ically an increase of 14.1 percentage points with gApp and 83 percentage 
points with Paidiom. However, they require extensive manual effort and 
often rely on language-specific heuristics that do not generalise well across 
languages, MWE typologies, or domains.

Despite the recent surge in popularity of LLMs, substantial research 
has already been conducted on their application to MT. Several studies 
have demonstrated that LLMs can function as highly accurate MT systems, 
achieving results comparable to those of NMT systems (Hendy et al. 2023; 
Jiao et al. 2023). The analysis of LLMs for MT has been diverse, covering a 
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wide range of applications and challenges. Researchers have explored how 
LLMs can be used as adaptive MT systems, capable of fine-tuning their 
outputs based on specific user needs or domain requirements (Moslem et 
al. 2023). Other studies have focused on the ability of LLMs to maintain 
contextual coherence across long documents, a task that has traditionally 
been challenging for NMT systems (Castilho et al. 2023; Karpinska & Iyyer 
2023; Wang et al. 2023). Additionally, LLMs have been evaluated for their 
performance in translating specialised texts, such as legal documents, 
across both major and minor language pairs, demonstrating their versatility 
and robustness in handling domain-specific terminology and complex lin-
guistic structures (Briva-Iglesias, Dogru & Camargo 2024). However, to the 
best of our knowledge, no study has yet investigated how general-purpose 
LLMs handle one of the most persistent challenges in MT: the translation 
of discontinuous MWEs. This raises a critical question: How will LLMs 
behave when faced with the translation of MWEs, particularly in their 
discontinuous forms? This study seeks to fill this gap by systematically 
evaluating the performance of general-purpose LLMs in comparison to tra-
ditional NMT systems when translating MWEs, with the aim of exploring 
whether LLMs can overcome one of the main limitations of NMT.

It is also worth stressing that evaluating the translation of MWEs 
remains a significant challenge in MT evaluation. While automatic metrics 
such as BLEU and METEOR are widely used to assess overall MT quality 
(Kocmi et al. 2021), they are often inadequate for capturing the complexi-
ties of MWEs, especially idioms:

Global metrics, such as BLEU (Papineni et al. 2001), consider the full 
translation, and thus, the effects of idiom translation are overshadowed. 
Previous efforts on targeted evaluation isolate the idiom translation using 
word alignments (Fadaee et al. 2018) or word edit distance (Zaninello & 
Birch 2020). These approaches measure the accuracy of idiom translation 
but do not account for literal translation errors. Shao et al. (2018) pro-
posed a method for estimating the frequency of such errors, but it requires 
the creation of language-specific handcrafted lists (i.e., blocklists) with 
words that correspond to literal translation errors. (Baziotis, Mathur & 
Hasler 2023)
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Given these limitations, manual evaluation by expert human annotators 
remains the most reliable method for exclusively assessing the phenome-
non of MWE translation. Human evaluators can consider factors such as 
idiomaticity, cultural appropriateness, and the preservation of meaning 
across languages, which automatic metrics cannot capture to the same 
extent. However, manual evaluation is resource-intensive and time-con-
suming. Creating representative datasets that include MWEs in their 
natural context adds another layer of complexity and requires a careful 
selection of examples, especially for discontinuous forms, which are 
often underrepresented in parallel corpora (Zhou-Lian, Corpas Pastor & 
Hidalgo-Ternero 2024).

3. Methodology

This section outlines the research methodology employed to evaluate 
the performance of Google Translate, DeepL, and GPT-4o in translating 
Spanish-to-English MWEs, with a focus on both continuous and discontin-
uous forms. To answer our Research Questions, we designed a systematic 
evaluation framework that combines corpus-based analysis with human 
evaluation. The methodology is structured into three main components: (1) 
the selection and preparation of the MWEs under study, (2) the description 
of the MT systems evaluated, and (3) the evaluation process itself.

3.1 The MWEs under study

For this study, we selected a set of six Spanish MWEs that are represent-
ative of the challenges posed by idiomatic expressions, particularly those 
involving non-compositionality and syntactic flexibility. The selected 
MWEs include:

1.	 Haber gato encerrado: literally, “there is a locked-up cat”; figura-
tively, “there’s something fishy going on.”

2.	 Ser cuatro gatos: literally, “to be four cats”; figuratively, “to be just a 
bunch of people.”

3.	 Llevarse el gato al agua: literally, “to carry the cat to the water”; 
figuratively, “to win the day.”
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4.	 Pagar el pato: literally, “to pay the duck”; figuratively, “to take the 
rap.”

5.	 Dormir la mona: literally, “to sleep the female monkey”; figuratively, 
“to sleep something off.”

6.	 Ganar/costar/pagar... cuatro perras: literally, “to earn/cost/pay... four 
female dogs”; figuratively, “to earn/cost/pay... peanuts.”

These MWEs were chosen because they exhibit a range of linguistic 
properties, including idiomaticity, cultural specificity, and the potential 
for both continuous and discontinuous forms. Replicating the collection 
methodology of Hidalgo-Ternero & Corpas Pastor (2020), the concord-
ances containing the discontinuous MWEs under study were retrieved 
from the Sketch Engine corpora esTenTen23 (over 33 billion tokens) and 
Timestamped JSI web corpus 2014-2021 Spanish (over 18 billion tokens), 
ensuring a representative sample of real-world usage (Kilgarriff et al. 2014). 
Despite the challenges still posed by ubiquitous source-text error, noise 
and out-of-vocabulary tokens in user-generated content (UGC) for even the 
most robust NMT systems (Belinkov & Bisk 2018; Lohar et al. 2019), a het-
erogeneous sample in terms of language varieties, text sources and types 
(including UGC) was selected for the analysis to alleviate sampling bias, 
which could otherwise originate from exclusively examining canonical 
NMT training data for these MWEs.

The final analysed dataset comprises 100 examples for each idiom 
(600 examples in total), including 50 continuous and 50 discontinuous 
examples for every idiom (in total, 300 continuous and 300 discontinuous 
examples). These examples did not only consist of the idiom by itself, but 
also the preceding and following sentences, so that the MT systems can 
have the context for translation (some examples are provided in Section 4, 
Tables 1, 2, and 3).1

In this context, the present study is designed as a controlled, explor-
atory investigation into the translation of discontinuous idioms, aiming 
to prioritise internal validity and methodological transparency over broad 

1. �The complete dataset, including the source texts, the different MT proposals and the 
human evaluation is shared open source in Zenodo to allow other researchers to further 
investigate the topic or replicate this study: <https://zenodo.org/records/18351134>.

https://zenodo.org/records/18351134


MonTI 18 (2026: 120-145)  |  ISSN-e: 1989-9335

ChatGPT vs. DeepL vs. Google Translate: a human evaluation of multiword…� 127

generalisation. To this end, the analysis is restricted to a limited number 
of idiom types while systematically varying their contextual realisations, 
allowing specific variables—such as syntactic discontinuity and contex-
tual sensitivity—to be examined in isolation. The focus on verbal idioms 
is motivated by their syntactic flexibility and their interaction with tense, 
aspect, and argument structure, which make them particularly challenging 
for machine translation systems and less comparable to nominal or adjec-
tival idioms (Hidalgo-Ternero 2020). Within this category, the study con-
centrates on zoologisms (MWEs containing lexemes that refer to animal 
names, so-called “zoonyms”) due to their high degree of conventionalisa-
tion, cross-linguistic availability, figurative autonomy and cohesion, and 
the existence of well-established idiomatic equivalents, which facilitate 
expert evaluation and reduce uncertainty regarding idiomatic status (see 
Kekić 2008; Luque Nadal 2012; Škvárová & Šlechta 2015, among others).

3.2 The MT systems

Three state-of-the-art MT systems were evaluated in this study. On the 
one hand, Google Translate (GT) was chosen, since it is one of the most 
widely-used NMT systems globally, especially in the English-Spanish lan-
guage pair (Rivera-Trigueros 2022). DeepL was also selected as one of the 
best-performing NMT systems to date (Kamaluddin et al. 2024). Since the 
API version of DeepL allows for selecting between the “Classic language 
model” (NMT, according to the company) and the “Next-gen language 
model” (a translation-specific LLM, according to the company) and we 
wanted to assess its NMT version for the sake of this study (i.e., contrast-
ing general-purpose LLMs vs. traditional NMT), we selected the “Classic 
language model” of DeepL. The translations of both GT and DeepL were 
generated through their commercial APIs, providing each of the examples 
at a time to ensure that the systems only considered the context for each 
of the examples. Then, MT results were pasted into a spreadsheet to create 
the dataset.

As per the general-purpose LLM, we generated the MT output through 
the gpt-4o-2024-11-20 model of OpenAI. This was the most recent model 
available at the time of writing (January 2025) and was ranked as the third 
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best closed model in the ChatBot Arena LLM Leaderboard (Chiang et al. 
2024) with an Arena score of 1365 in late January 2025. The prompt used in 
the API call was “Please translate the following text into English: [TEXT],” 
as per the results of Jiao et al. (2023). Even if using the same prompt may 
generate different results when using a specific LLM, we include the prompt 
here for replicability. Since the main goal of the paper was to evaluate a 
significant number of translations (600 examples) via human evaluation, 
we preferred to scale the number of examples with only one prompt.

These systems were selected to represent both traditional NMT 
approaches (GT and DeepL) and the emerging paradigm of general-purpose 
LLMs (GPT-4o). The goal was to compare their performance in handling 
the complexities of MWEs, particularly in their discontinuous forms.

3.3 The Evaluation and Analysis Process

Two professional Spanish-to-English translators with +5 years of experi-
ence were recruited to manually assess the translations. The evaluators 
used a binary scale (1 = good, 0 = bad) to rate the quality of each transla-
tion, focusing exclusively on the accurate rendering of the MWEs in the 
target text. The evaluators were instructed to pay particular attention to 
the translation of discontinuous MWEs, assessing whether the intervening 
elements were appropriately handled and whether the idiomatic meaning 
was preserved.

For MWEs in their continuous form, if the system identified and ade-
quately translated the Spanish MWE into an accepted and culturally valid 
English form, the score would be 1 (e.g., “Él gana cuatro perras.” > “He 
earns peanuts.”); otherwise, it would be 0 (e.g., “Él gana cuatro perras.” > 
“He earns four dogs.”).

For MWEs in their discontinuous form, only the MT outputs that iden-
tified the Spanish MWE and appropriately translated it into an accepted 
and culturally valid English form, while respecting the intervening 
element, were scored 1 (e.g., “Ellos se llevaron ayer el gato al agua.” > “They 
came out on top yesterday.”). If the MT systems identified and translated 
adequately an MWE, but the intervening element was omitted, the trans-
lation was considered as incorrect (score 0) (e.g., “Ellos se llevaron ayer el 
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gato al agua.” > “They came out on top.,” omitting the intervening element 
“ayer”/”yesterday”).

To ensure that the human evaluation results were reliable, inter-an-
notator agreement was measured with Cohen’s kappa, giving a result of 
1 (Artstein 2017). This result demonstrates that both reviewers entirely 
agreed with the scores for the different examples in the dataset, and even if 
this agreement is unusually high for MT evaluation methods such as MQM 
and/or Adequacy/Fluency ratings (Rossi & Carré 2022), achieving such a 
high agreement is easier with a binary evaluation scale.

Then, the results of the human evaluation were analysed using a 
mixed-methods approach. First, a 3x2 repeated measures ANOVA was con-
ducted to determine whether there were statistically significant differences 
in the performance of the three MT systems (three levels: DeepL, GT and 
GPT-4o) and the MWE form (two levels: continuous and discontinuous) 
(Mellinger and Hanson 2016). Second, two interesting examples were 
analysed through a qualitative perspective to illustrate the difficulties that 
the different systems were facing regarding MWEs, especially in their dis-
continuous forms (see Tables 1, 2, and 3 in Section 4).

4. Results and discussion

This section presents the results of the analysed MT systems when trans-
lating Spanish-to-English MWEs, focusing on both continuous (easier 
to detect and translate) and discontinuous (more difficult to detect and 
translate) forms. Consequently, the analysis is conducted independently 
for each of these MWE forms. The results are based on human evaluation, 
with scores ranging from 0 to 50, where higher scores indicate better trans-
lation accuracy. The findings are summarised in two box plot charts that 
showcase the average score that the MT systems achieved throughout the 
six MWEs analysed.
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Figure 1: Average performance of MT systems  
across MWEs (continuous)

The box plot for continuous MWEs (see Figure 1) illustrates the perfor-
mance of the three MT systems across the selected MWEs. GPT-4o con-
sistently achieved the highest scores, with a perfect score of 50 for the six 
MWEs under study. This indicates that GPT-4o excels in properly detect-
ing and translating the idiomatic meaning of these continuous MWEs. 
DeepL and GT showed more variability in their performance. DeepL scored 
moderately well for MWEs like “llevarse el gato al agua” (45 out of 50) 
and “pagar el pato” (50 out of 50) but struggled with “ganar/costar/pagar… 
cuatro perras,” scoring 0. GT performed better than DeepL for most MWEs, 
with scores ranging from 28 (“ser cuatro gatos”) to 49 (“pagar el pato”). 
However, GT also struggled with “ganar/costar/pagar… cuatro perras,” 
only obtaining a score of 7 out of 50.
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Figure 2: Average performance of MT systems  
across MWEs (discontinuous)

The box plot for discontinuous MWEs (see Figure 2) reveals a similar 
trend, with GPT-4o outperforming both DeepL and GT. GPT-4o achieved 
near-perfect scores for all MWEs, with the lowest score being 43 for “pagar 
el pato.” This suggests that GPT-4o is highly effective in handling the 
additional complexity introduced by discontinuous forms, maintaining 
the idiomatic meaning even when the MWE constituents are separated by 
intervening elements. This supports previous findings on MT conducted by 
LLMs, which discussed their strengths in respecting contextual coherence 
and understanding, if compared with NMT (Castilho et al. 2023; Karpinska 
& Iyyer 2023; Wang et al. 2023; Briva-Iglesias, Dogru & Camargo 2024, 
Briva-Iglesias 2025). DeepL and GT showed significant drops in per-
formance for discontinuous MWEs compared to their performance on 
continuous forms. DeepL’s scores ranged from 0 (ganar/costar/pagar… 
cuatro perras) to 42 (llevarse el gato al agua), while GT’s scores ranged from 
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1 (ganar/costar/pagar… cuatro perras) to 45 (pagar el pato). Both systems 
struggled particularly with ganar/costar/pagar… cuatro perras, indicating 
that this MWE, appearing in various forms, poses a significant challenge 
for traditional NMT systems, especially in its discontinuous form.

The ANOVA revealed a statistically significant main effect of MT 
systems on translation accuracy (F (2,36) = 45.72, p < .001). This indicates 
that the performance of the three MT systems differed statistically signifi-
cantly. Post-hoc comparisons using Tukey’s HSD test showed that GPT-4o 
(M = 48.67, SD = 2.05) outperformed both GT (M = 34.33, SD = 14.12) and 
DeepL (M = 24.17, SD = 18.12), with all pairwise comparisons reaching sta-
tistical significance (p < .001). GT also performed statistically significantly 
better than DeepL (p = .012).

There was also a statistically significant main effect of MWE form on 
translation accuracy (F (1,36) = 32.18, p < .001). This suggests that the 
form of the MWE (continuous vs. discontinuous) significantly influenced 
translation performance. On average, continuous MWEs (M = 41.25, SD = 
16.34) were translated more accurately than discontinuous MWEs (M = 
29.58, SD = 18.72).

The ANOVA also revealed a statistically significant interaction effect 
between MT system and MWE form (F (2,36) = 8.94, p < .001). This indi-
cates that the impact of MWE form on translation accuracy also varied 
depending on the MT system. Specifically, GPT-4o showed minimal 
variation in performance between continuous (M = 49.83, SD = 0.41) and 
discontinuous (M = 47.50, SD = 2.74) forms, suggesting its robustness in 
handling both types of MWEs. GT and DeepL, however, exhibited a more 
pronounced decline in performance for discontinuous MWEs compared to 
continuous forms. For GT, continuous MWEs obtained, on average, better 
results (M = 38.50, SD = 14.12) than discontinuous MWEs (M = 30.17, SD = 
15.34). Similarly, DeepL’s performance was better at translating continuous 
MWEs (M = 35.33, SD = 18.12) than at translating discontinuous MWEs 
(M = 13.00, SD = 15.67).

In order to illustrate the different performance of the MT systems, let 
us observe the following examples in Tables 1, 2, and 3 with the source-
text MWEs ser cuatro gatos, llevarse el gato al agua, and costar cuatro perras, 
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respectively, translated by DeepL, GT and GPT-4o (the whole sequence with 
the MWEs and their translation is underlined, for illustration purposes).

Source Text

En realidad, el éxito de la movilización de anoche -- acabemos con 
el Borbón antes de irnos a ver el fútbol-- fue equiparable al de la 
huelga general de la semana pasada, o sea, que fue un fiasco. Eran 
también cuatro gatos, pero muy molestos, los que estuvieron en 
Colliure martirizando al personal con sus consignas de primero de 
primaria.

DeepL

In reality, the success of last night’s mobilisation - let’s get rid of 
the Bourbon before we go and watch the football - was comparable 
to that of last week’s general strike, in other words, it was a fiasco. 
There were also four cats, but very annoying ones, who were in 
Collioure, martyring the staff with their first-grade slogans.

Google 
Translate

In reality, the success of last night’s mobilization -- let’s finish off 
the Bourbon before we go watch football -- was comparable to that 
of the general strike last week, that is, it was a fiasco. There were 
also a few cats, but very annoying, those who were in Colliure 
tormenting the staff with their first-grade slogans.

GPT-4o

The success of last night’s mobilization—*”let’s get rid of the 
Bourbon before heading out to watch the football game”*—was 
comparable to that of last week’s general strike, meaning it was 
a failure. It was, again, just a handful of very annoying people 
in Colliure, tormenting the public with their elementary-school 
slogans.

Table 1: example with a discontinuous case  
of the MWE ser cuatro gatos.

In Table 1, we can observe distinctly different results among the MT 
systems regarding the translation of a discontinuous instance of the MWE 
ser cuatro gatos: ...Eran también cuatro gatos… In DeepL, a fully literal 
translation was provided for that sequence: “…There were also four cats…” 
Nevertheless, the context (the “success” of two demonstrations being com-
pared) and cooccurrences such as ver un partido de fútbol [watch a football 
game], huelga [strike], fiasco and consignas [chants] allow us to clearly 
understand that the authors are not referring to any feline whatsoever, but 
they are reporting that just a bunch of people attended those strikes, which 
were hence unsuccessful according to the authors. GT’s proposal “…There 
were also a few cats…” seems to partially capture the idiomatic meaning of 
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“just a bunch of” evoked by “ser cuatro gatos”; however, it does not prop-
erly interpret the idiomatic meaning of “gatos” (figuratively, “people” here), 
providing a literal (and hence inadequate) translation for it. Only GPT-4o 
appears to properly identify the fully idiomatic meaning of that sequence 
and offer a translation accordingly: “…It was, again, just a handful of very 
annoying people…”

Source Text

Las chicas de la Usal se llevan la victoria en el derbi frente al Santa 
Marta (47-54) El equipo de baloncesto femenino de la Universidad 
de Salamanca se llevaba este sábado el gato al agua al superar al 
Santa Marta en el derbi disputado en tierras tormesinas y donde las 
universitarias se imponían por 47-54. De esta forma, el equipo de 
la Usal suma su tercer triunfo en cuatro partidos. A pesar de ello, el 
Santa Marta se mantiene segundo en la tabla con cuatro victorias y 
tan sólo dos derrotas en los seis encuentros que lleva disputados.

DeepL

The girls of the Usal take the victory in the derby against Santa 
Marta (47-54) The women’s basketball team of the University of 
Salamanca took the cat to the water on Saturday by beating Santa 
Marta in the derby played in lands tormesinas and where the 
university women won by 47-54. In this way, the Usal team adds its 
third win in four games. Despite this, Santa Marta remains second 
in the table with four wins and only two defeats in the six games 
played.

Google 
Translate

The Usal girls take the victory in the derby against Santa Marta 
(47-54) The women’s basketball team of the University of Salamanca 
took the cat out of the bag this Saturday by beating Santa Marta 
in the derby played in Tormes, where the university girls won by 
47-54. In this way, the Usal team has its third victory in four games. 
Despite this, Santa Marta remains second in the table with four 
victories and only two defeats in the six games it has played.

GPT-4o

The women’s basketball team from the University of Salamanca 
claimed victory in the derby against Santa Marta (47-54). The Usal 
team came out on top this Saturday, winning the derby played in 
Santa Marta’s home territory. This marks the team’s third victory 
in four games. Despite the loss, Santa Marta remains second in the 
standings, with four wins and just two losses in six games.

Table 2: example with a discontinuous case  
of the idiom llevarse el gato al agua.

In Table 2, we can once again observe markedly different outputs offered by 
the systems under study for the translation of a discontinuous case of the 
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MWE llevarse el gato al agua: …se llevaba este sábado el gato al agua… DeepL 
provides a literal (and hence inadequate) translation for the source-text 
idiom: “…took the cat to the water this Saturday…” In Google Translate’s 
proposal “…took the cat out of the bag this Saturday…,” it is possible to 
identify the idiom “take the cat out of the bag,” which is an infrequent 
variant (only 7 concordances in enTenTen21, i.e., <0.01 per million tokens) 
of the idiom “let the cat out of the bag” (5128 concordances in enTenTen21, 
i.e., 0.08 per million tokens) with the meaning of “to give away a secret” 
(Merriam Webster – Several authors 2025a). This idiom hence conveys a 
completely unrelated meaning to the one of the source-text idiom, i.e., “to 
be victorious in a fight, competition, argument, etc.” Finally, in GPT-4o’s 
outcome “…came out on top this Saturday…,” it is possible to detect the 
idiom “to come out on top” (“to win a competition,” Merriam Webster – 
Several authors 2025b), having an analogous meaning to the source-text 
MWE llevarse el gato al agua.

Source Text

La principal diferencia es que tenías que tener bastante más pasta 
para hacerlo y tenías que pagar visados y presentar el puto pasaporte 
hasta para cruzar los Pirineos. Hoy los chavales se van de erasmus 
un año y les cuesta todo cuatro perras con matrículas gratis total, 
y si España no te gusta te vas fuera sin dar explicaciones a nadie y 
te buscas un trabajo mejor o te montas tu propia empresa o te haces 
autónomo con todos los derechos del país donde vayas.

DeepL

The main difference is that you had to have a lot more money to do it 
and you had to pay visas and present your fucking passport even to 
cross the Pyrenees. Today kids go on erasmus for a year and it costs 
them four quid with free tuition, and if you don’t like Spain you go 
abroad without giving explanations to anyone and look for a better 
job or start your own company or become self-employed with all the 
rights of the country where you go.

Google 
Translate

The main difference is that you had to have a lot more money to do 
it and you had to pay for visas and present your fucking passport 
even to cross the Pyrenees. Today kids go on Erasmus for a year and 
everything costs them four cents with free tuition, and if you don’t 
like Spain you go abroad without giving anyone any explanation 
and you look for a better job or you set up your own company or you 
become self-employed with all the rights of the country where you 
go.
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GPT-4o

The main difference is that you used to need much more money to 
do it, and you had to pay for visas and present your damn passport 
even to cross the Pyrenees. Today, kids go on Erasmus for a year, and 
it costs them just a few pennies with completely free tuition. If you 
don’t like Spain, you can leave without explaining to anyone, find a 
better job, start your own business, or become self-employed with all 
the rights of the country you go to.

Table 3: example with a discontinuous case  
of the idiom costar cuatro perras.

In Table 3, it can be observed that all three systems fail to deliver an appro-
priate translation for ...cuesta todo cuatro perras..., either because they are 
unable to provide an adequate equivalent for the Spanish idiom costar cuatro 
perras (in the case of DeepL and Google Translate) or because they omit the 
intervening element within the discontinuous idiom, leading to a signifi-
cant change in the original meaning (in the case of DeepL and GPT-4o). The 
outputs produced by DeepL and Google Translate (“four quid” and “four 
cents”) preserve the numeral “four,” treating it as a compositional element 
rather than as part of a lexicalised idiom. In English, these expressions 
are interpreted literally as specific monetary amounts and do not function 
idiomatically with the meaning of “very cheap.” This literal transfer intro-
duces false precision and yields a pragmatically anomalous reading when 
applied to a complex experience such as a whole year abroad, which would 
not normally cost only “four quid” or “four cents.” In the case of DeepL 
and GPT-4o, the omission of todo [everything] in the target text introduces 
a different meaning from that of the source text, since todo emphasises 
that the entire package (the year abroad, fees, logistics, etc.) costs almost 
nothing. This use of todo strengthens the evaluative force of the idiom and 
contributes to the speaker’s slightly indignant, contrastive tone. Therefore, 
while GPT-4o’s proposal (“it costs them just a few pennies”) is closer to the 
figurative meaning of costar cuatro perras, it fails to include the intervening 
element todo (the translation should hence be “everything costs them just a 
few pennies”), resulting in a significant loss in the target text.
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5. Conclusion

This study set out to evaluate the performance of GT, DeepL, and GPT-4o 
when translating Spanish-to-English MWEs, with a particular focus on 
both continuous and discontinuous forms. The findings reveal statistically 
significant differences in the ability of these systems to handle the com-
plexities of MWEs, particularly those involving idiomaticity and syntactic 
flexibility.

GPT-4o consistently outperformed both GT and DeepL in translating 
the selected MWEs, achieving near-perfect scores for both continuous and 
discontinuous forms. These results demonstrate the robustness of LLMs 
in handling the non-compositional and syntactically flexible nature of 
these MWEs, supporting previous work that highlights the potential of 
LLMs for contextual-aware translations (Castilho et al. 2023; Karpinska 
& Iyyer 2023; Wang et al. 2023; Briva-Iglesias, Dogru & Camargo 2024, 
Briva-Iglesias 2025). While GT and DeepL showed moderate success in 
translating continuous MWEs, their performance declined significantly for 
discontinuous forms. This is particularly evident in the case of idioms such 
as ganar/costar/pagar… cuatro perras, for which both systems struggled to 
produce accurate translations. The results suggest that traditional NMT 
systems, despite their advancements, still face limitations in handling the 
syntactic and semantic complexities of MWEs.

In this context, the present study makes several important contribu-
tions to the field of MT. By systematically comparing the performance of 
traditional NMT systems and general-purpose LLMs in translating MWEs, 
this research provides new results into the capabilities and limitations of 
LLMs. The findings highlight LLMs’ potential to overcome the challenges 
posed by idiomatic expressions and contextual understanding, contribut-
ing to the ongoing discussion on the role of LLMs in MT. In this regard, 
the dataset is shared open source to invite the broader research community 
to study the topic further. The use of human evaluation addresses the 
limitations of automatic metrics when assessing MWE translation quality 
(Baziotis, Mathur & Hasler 2023), which often fail to capture the com-
plexities of idiomatic and non-compositional expressions. The study also 
demonstrates the value of combining corpus-based analysis with statistical 
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methods, such as ANOVA and Tukey’s HSD tests, to provide a comprehen-
sive evaluation of MT systems (Mellinger & Hanson 2016).

These findings can also have practical implications for professional 
translators and MT users. For instance, this study can open new avenues 
for future research evaluating whether the superior performance of GPT-4o 
regarding MWEs could also potentially reduce the need for extensive 
post-editing in translation workflows, particularly for texts rich in idiomatic 
expressions. Yet, while this study provides valuable results, it has some 
limitations that suggest other additional directions for future research. 
First, the study focused exclusively on Spanish-to-English translation. 
Future research could expand the analysis to other language pairs, particu-
larly those involving low-resource languages, to assess the generalisability 
and/or transferability of the findings. Secondly, the MWEs analysed in this 
study were primarily general-purpose idioms. Future work could explore 
the translation of domain-specific MWEs, such as those found in legal 
texts, to evaluate the performance of MT systems in specialised contexts. 
Another limitation of this study is the use of GPT-4o, a proprietary LLM, as 
the representative of LLMs. At the time of evaluation, no open-source LLM 
was ranked high enough to be considered a state-of-the-art system. While 
GPT-4o’s performance provides valuable information about the capabilities 
of LLMs, the reliance on a proprietary model limits the reproducibility and 
transparency of the research. For future work, open-source LLMs will be 
introduced to foster openness in research and enable broader access to the 
tools and methodologies used in this study. Finally, the dataset is limited 
to unambiguously idiomatic uses, excluding literal or ambiguous cases in 
order to isolate the systems’ ability to produce idiomatic translations when 
such interpretations are pragmatically licensed by context. While semantic 
disambiguation constitutes an important challenge in machine translation, 
addressing it would require a distinct experimental design and is therefore 
left for future research.

In conclusion, this study demonstrates that general-purpose LLMs like 
GPT-4o represent a significant advancement in MT technology, particularly 
in their ability to handle the complexities of the analysed MWEs. While 
traditional NMT systems like GT and DeepL continue to face challenges 
in translating discontinuous MWEs, GPT-4o’s consistent performance 
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suggests that LLMs can play a key role in improving the quality and con-
textual awareness of MT systems. These findings contribute to the growing 
body of research on the capabilities of general-purpose LLMs in MT and 
suggest some directions for future work in this area.
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