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ABSTRACT ARTICLE HISTORY

The COVID-19 pandemic has caused major disruptions to international Received 29 July 2021
tourism and has stimulated research interest. This study examines links Accepted 27 December 2021
between COVID-19-induced tourism disruption and poverty in Tanzania.

Unlike previous studies linking COVID-19, tourism and poverty, this S .

R . . X K R . Tourism in Tanzania;
paper uses a social accounting matrix (SAM) microsimulation analysis tourism and poverty;
that allows decomposition of poverty indices by population subgroup COVID-19 pandemic;,
and assessment of the drivers of aggregate poverty. The results of the microsimulation: FGT
SAM multiplier analysis indicate that all households will experience poverty indices; poverty
reduced incomes, and that this effect will be more pronounced in urban decomposition
than rural households. The microsimulation results suggest that the
COVID-19-induced tourism crisis will exacerbate the poverty headcount,
poverty gap and poverty severity, with urban and rural non-farm house-
holds being most affected. The results of the poverty decomposition
show that the growth effect has a stronger impact than the inequality
effect on increased poverty. Poverty increases and inequality decreases
simultaneously. The paper suggests several demand- and supply-side
policies that may help to build tourism resilience and recovery and alle-
viate poverty in Tanzania in the post-COVID world.

KEYWORDS

Introduction

The first United Nations sustainable development goal (SDG) is to eradicate the incidence of
extreme poverty, measured using an extreme poverty line corresponding with the budget
required to satisfy minimum food requirements. Remarkable progress has been made over recent
decades to eradicate poverty in developing economies. However, the COVID-19 pandemic is
likely to hinder this progress. A year after its outbreak, the World Bank estimates that the pan-
demic has pushed more than 100 million people worldwide into extreme poverty (World Bank,
2020). Lakner et al. (2020) suggest that the number of extremely poor Africans may have
increased by 14 million in 2020. Prior to the pandemic, poverty as a percentage of Africa’s total
population was expected to decline from 36% to 33%, but poverty levels are now expected to
stabilize at around 35% at best, and slip to 37% at worst (Lakner et al, 2020). Tanzania has
reportedly been amongst the most successful countries in reducing poverty in recent years, with
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a reduction of 3.2% between 2000 and 2015 (Lakner et al., 2020). Of the current 14 million poor
people in Tanzania, an estimated 600,000 more are expected to fall into extreme poverty due to
the pandemic unless the government implements targeted support packages to mitigate its
impact on vulnerable groups (Akeel et al., 2021). This is partly because the tourism industry, a
key pillar of the Tanzanian economy, has been hardest hit by the pandemic (Boston Consulting
Group, 2020).

The tourism sector is an important component of Tanzania's economic development strategy,
having grown at a healthy rate over recent decades and contributed significantly to poverty
reduction (Yusuf & Ali, 2018). The travel and tourism sector is also Tanzania's primary foreign
exchange earner. According to the World Travel & Tourism Council (WTTC, 2020), tourism
accounts for 10.7% of Tanzanian GDP and supports 1.5 million jobs, or 11% of total employment,
with 5.8% growth in 2019 compared with 6.1% in 2018 (WTTC, 2020). In 2020, as a result of the
COVID-19 pandemic, the global economy shrank by 5.2% (World Bank, 2020), while the tourism
sector experienced a sharp decrease in arrivals and receipts worldwide (UNWTO, 2021). The
UNWTO reported a 70% decrease in international tourist arrivals in Tanzania in October 2020
compared with 2019, arguing that it will take two and a half to four years to return to 2019 lev-
els. According to the International Air Transport Association (IATA, 2020), airline demand, meas-
ured by revenue passenger-kilometers, fell globally by 66% in 2020, and is unlikely to recover to
pre-COVID levels before 2024.

While the economic and distributional impacts of the COVID-19-induced tourism crisis have
been well documented (e.g. Arndt et al., 2020a, 2020b; Diao et al., 2020; Gossling et al., 2021), its
impact on poverty has received little research attention. This paper contributes to the literature
by measuring the impact of the COVID-19-induced collapse in tourism on poverty using a social
accounting matrix (SAM) microsimulation approach. With its ability to capture the detailed struc-
ture of an economy and the various interdependencies within a socio-economic system, SAM
lends itself particularly well to analysis of the short-term, economy-wide impacts of sectoral
shocks. Thus, it is an important accounting tool for articulating the generation and distribution
of income between social and institutional groups (Round, 2003). This paper decomposes the
tourism shock’s impact on poverty into growth and redistribution components, which helps us
to examine the contributions of changes in income and inequality to poverty in Tanzania. This
study also measures the impact of the tourism crisis on poverty in subgroups of the population,
defined in terms of geographical, expenditure decile and other factors. Decomposing changes in
poverty indices over time into growth and inequality components allows us to determine
whether the changes are driven mainly by changes in mean income or by changes in the distri-
bution of income within the population (Haughton & Khandker, 2009).

In the remainder of the paper, following a review of the literature on tourism and poverty in
Africa, the impacts of COVID-19 on international tourism receipts in Tanzania are analyzed, the
SAM model and data are explained, and the results of the model simulation are presented. This
is followed by presentation of the methodology and data for the microsimulation, explanation of
the results, and discussion of the policy implications, before drawing some conclusions.

Tourism, income distribution and poverty

Most studies of the tourism sector’s potential as a source of income have focused on the impact
of tourism growth on income distribution and poverty reduction (e.g. Blake, 2008; Folarin &
Adeniyi, 2020; Kweka, 2004; Mitchell & Ashley, 2006; Njoya & Nikitas, 2020; Njoya & Seetaram,
2018; Saayman et al., 2012). Ashley and Roe (2003) argue that the sector connects with the con-
cept of pro-poor growth because it is labor-intensive, providing a range of jobs for skilled and
unskilled workers, migrants and informal workers, and is based on the cultural and natural assets
of the poor. The sector is also particularly important for women, who make up 55.5% of workers
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in tourism globally and 70% at a regional level, many of whom work in small and medium-sized
enterprises (Baum, 2013).

Kweka (2004) and Odhiambo (2011) show that tourism has contributed significantly to
Tanzania's economic growth. Kweka (2004) argues that tourism is a powerful tool for income dis-
tribution. However, unless accompanied by a tourism tax and infrastructural improvements, it
may accelerate income disparities between urban (higher-income) and rural (lower-income)
households. Blake (2008) concludes that despite strong links between tourism-related sectors
and the rest of the economy, the tourism industry provides substantially less income for poor
households than other export industries. Similarly, Njoya and Seetaram (2018) find that tourism
expansion in Kenya will modestly improve income distribution across urban and rural regions,
but that poor urban households will experience higher income increases than their rural counter-
parts. Overall, households in the middle- and upper-income deciles will gain more than those in
the lower deciles in both regions. Saayman et al. (2012) argue that although tourism receipts
can be used as a tool to alleviate poverty, tourism expansion will benefit the poor very little in
the short term unless supported by policies focusing on the labour market and human resource
development.

Njoya and Nikitas (2020) indicate that although tourism in Senegal may create opportunities
for farmers, capital income plays a more significant role than labour income in how changes in
tourism-related sectors affect households. Mitchell and Ashley (2006) and Folarin and Adeniyi
(2020) argue that the poor in sub-Saharan Africa may benefit from tourism, especially when
accompanied by equitable income distribution. Saayman et al. (2012) study of the impact on
poverty of tourism expansion in South Africa concludes that tourism benefits the poor, albeit to
a lesser extent than the non-poor. Folarin and Adeniyi’s (2019) evidence supports the positive
impact of tourism expansion in reducing poverty levels in Africa.

Focusing on employment and income, Adiyia et al. (2017) show that the incomes of workers
employed in the tourism sector are higher than those of the lowest 20 percentile. They conclude
that tourism employment contributes to poverty alleviation by improving households’ liveli-
hoods. Other studies focus on tourism earnings by gender. Signé (2018) observes that compared
with other industries, the tourism sector disproportionately employs women, who often find it
challenging to enter the formal employment market. According to UNCTAD (2017), 47% of hotel
and restaurant workers are women. In countries such as Ethiopia, Lesotho and Mali, women'’s
participation in the tourism sector workforce is particularly high, with 80% of employees in the
hospitality sector in 2014 being female, compared with only 17.4%, 27% and 24.1% in Algeria,
Morocco and Egypt, respectively (UNCTAD, 2017). The impact of tourism crises on poverty has
received little research attention. Most studies of the economic costs of tourism crises focus on
sectoral and macroeconomic impacts using computable general equilibrium models (e.g. Blake
et al., 2003; Blake & Sinclair, 2003; Dwyer et al., 2006).

Impacts of COVID-19 on tourism in Tanzania

The COVID-19 pandemic, a global crisis that began in Asia in late 2019, has forced the Tanzanian
government to make difficult choices about how to mitigate the risks and manage the economic
downturn. Mitigation measures include school and university closures, travel bans, hotel closures
in Zanzibar, screening practices at ports of entry and a stimulus package directed toward the pri-
vate sector (Deloitte, 2020). Unlike many countries around the world, the Tanzanian government,
like most African governments, did not implement lockdown measures. At a state level, some
African countries initially started to restrict entry and/or mandate quarantine for travelers from
‘high-risk’ countries around March 2020. By the end of March, this had swiftly progressed to clos-
ure of international borders and restrictions on domestic travel. However, the end of April and



804 (&) E. TCHOUAMOU NJOYA

20.0
15.0 ‘
10.0 ‘
- ‘ I | ‘ I ‘ ‘ Iﬁ H H |
T 1 0l | i H
. . n mae | L
@ S L 50 & $ LIS L Y S S > s s S
& v . & SRS | I SRS 9 S & Q) L& L&
s & W F o TS F N F S SR
) > O O R X 9 > S S Y (9 > G Q X,
F T FF FLIEIAST T TS F T
P SR I | "SNP F &
& N F & S > & &S & & S
»10\@9 K w® &Q Q&S" ‘b\\o\ \0\\0 Q‘E* ‘B‘% b‘)&\. <5 QQ%
S & < P K o &
@ /\\6\ < '\QQ S‘Q\ A 'Z}\& \\4 \\\\ ©
-15.0 &> \‘§ | %0\ & e
¥ & > S
N
> &
-20.0 v
a8
-25.0
-30.0

m2020 =2020 ®=2020

Figure 1. Economic activity growth rates, January to September 2020. Source: TNBS (2020).

beginning of May 2020 saw the disbandment of domestic travel restrictions within Ghana, the
Seychelles, Namibia and Tanzania.

Overall, early measures to mitigate the adverse health and economic effects of the pandemic
in Tanzania were moderate and shorter-lived than those in other countries in the region. Their
effectiveness has not been assessed owing to lack of official information on COVID-19 infection
and mortality rates. Compared with its regional peers, Tanzania has fared relatively well with
regard to the economic impact of the pandemic, but poverty is expected to have increased as a
result of slow economic growth. The economy grew by an estimated 2% in 2020, down from 6%
in 2019, and although a 3% to 5% rebound is projected in 2021, Tanzania's economic output is
expected to remain well below pre-pandemic levels over the medium term (Deloitte, 2020). In
2020, per capita growth became negative for the first time in over 25years (World Bank,2021).
The decline in GDP is attributable to two main factors: reduced tourism growth and the decline
in international trade. The global economic slowdown has adversely affected export-oriented sec-
tors, and especially tourism.

Figure 1 compares changes in the outputs of selected sectors by quarter. In the second and
third quarters of fiscal year 2019/2020, accommodation and food services and tax revenues suf-
fered huge declines (—25.1% in accommodation and restaurant activities in the third quarter),
while other sectors, such as agriculture and construction, experienced moderate declines or
slight increases (TNBS, 2020).

Figure 2 illustrates the impacts of COVID-19 on international tourism receipts in Tanzania. This
shows that global travel restrictions due to the COVID-19 pandemic adversely affected inter-
national tourism receipts, which declined by 0.9% in the first quarter of 2020 and by more than
75% between April and October 2020.

Recent data show that in 2018 and 2019, international tourism receipts rose by 8.8% and
6.3%, respectively, compared with previous years (Figure 3). This confirms the continuous growth
in international tourism receipts witnessed in East Africa over recent decades. In 2019, tourism
spending reached USD 2605 million, up from USD 2449 million in 2018. However, following the
COVID-19 outbreak, it decreased by 62.1% in Tanzania, 57.5% in Uganda and 59.8% in Rwanda
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Figure 2. International tourism receipts in Tanzania in 2020 (USD million). Source: UNWTO (2021).
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(UNWTO, 2021). Hotel occupancy rates reduced from between 49% and 60% in 2019 to just 9%
in mid-2020, and during the same period small enterprises, which account for 80% of Tanzanian
tourist firms, experienced sales decreases of as much as 85% (Deloitte, 2020; TNBS, 2020).

Methods

The short-term distributional and poverty impacts of this tourism crisis can be assessed using a
SAM microsimulation approach. In this study, two techniques were employed to measure the
impact on poverty of the COVID-19-induced tourism crisis. First, a SAM multiplier model was
used to estimate the socio-economic impact of a negative external shock to the tourism sector.
SAM multiplier analysis is an accounting framework for predicting changes in overall economic
activity resulting from some change in a given sector (Breisinger et al., 2009; Round, 2003). Its
ultimate goal is to document and explore interdependencies throughout the economy, and spe-
cifically intersectoral and inter-institutional linkages. Second, deviations from the baseline for
household income were linked with micro household data derived from the 2017/2018
Tanzanian Household Survey in order to examine the redistributive effects of tourism shocks
on poverty.

SAM multiplier model

SAM is an extension of input-output (IO) tables that adds other institutional accounts to the
framework. The I0/SAM framework is a useful tool for evaluating flows of goods between pro-
duction nodes, in terms of industries transforming various products into sector-specific outputs,
and market nodes distributing those outputs to other industries and final consumers (Miller &
Blair, 2009). SAM and 10 tables contain four main blocks: (1) value added (v), comprising capital
and labor inputs into different industries; (2) intermediate consumption (z), from industries pur-
chasing from other industries; (3) final demand (f) delivered by the industry to domestic and for-
eign agents; and (4) total output (x) from all sectors (Figure 4). The z matrix (see Figure 4) is an
array of flows from markets for specific commodities back to industries. From the IO table/SAM,
metrics of technical coefficients can be defined, which are inter-industry flows (z) normalized by
the1 respective sectoral outputs. In matrix notation this can be written as ZX (Eq. (1)), where
X indicates the inverse of each diagonal element and ZX = the A-matrix, with each column
of A containing the product requirements per unit of output for each sector (Miller & Blair,
2009). Thus:

A=z.X' Q)
In matrix form, these flows can be formulated as follows
X=Z-i+f )

We use i (Eq. (2)) to represent the summation vector, which is a column vector of 1s of
appropriate dimension, in this case n.

X Zyy o Zin fi
lex=| : [,Z=| : . . |and f= | : (3)
xn zn.l PN znn fn
Replacing Z in Eq. (3) by the definition of the A-matrix yields:
x=(A-X) i+f 4

where i is a summation vector that contains only 1s.
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Figure 4. Schematic illustration of flows of goods between production and market nodes.

This matrix (Eq. (4)) shows the relative input per unit of output for each industrial sector.
Having defined this A matrix, the IO model can be derived from the market equilibrium identity
(Miller & Blair, 2009). In matrix notation, the above equation can be written as:

x=A-X-D+f )

Replacing X - by (x) and rearranging the brackets in Eq. (5), we can specify the IO transac-
tion as follows

(I—Ax=f (6)
x=0—A)""-f
x=L-f

The L in Eq. (6) is the Leontief inverse.

To compute SAM multipliers, the first step is to separate the SAM into endogenous and
exogenous accounts. This is necessary for both economic and mathematical reasons.
Endogenous accounts are sets of variables determined within the SAM framework, whereas
endogenous accounts include variables taken as given within the model. Typically, endogenous
accounts include production and income, while exogenous accounts comprise the rest of the
world, government and capital accounts (Round, 2003). In a SAM matrix framework, exogenous
and endogenous factors are linked by two mechanisms, injections and leakages. The multiplier
approach builds on the assumption that changes resulting from an exogenous expenditure injec-
tion into an endogenous income account increase the income of the corresponding account and
reflect average propensities to spend. For the SAM, we estimate a matrix of average expenditure
propensities in a manner similar to the IO table by dividing SAM cells by the column sum totall. :

Following Miller and Blair (2009), we define the matrix of SAM coefficients as S=2-X
where, similar to the matrix of interindustry transactions in an 10 model, partitions of S corre-
sponding with partitions of Z are defined by Eq. (7)":

A 0 C
s=|v 7)
0

0 0
Y H
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where A is the matrix of interindustry technical coefficients, C is the matrix of endogenous final
expenditure coefficients, V is the matrix of endogenous value-added input shares, Y is the matrix
of endogenous coefficients distributing income to value-added categories and H is the matrix of
endogenous coefficients for distributing institution and household income.

We also define the vector:

X = (8)

<< X

where X is the vector of total interindustry sector outputs, V is the vector of total value-added
inputs, and Y is the vector of total household income. We can now specify the basic SAM model
as follows:

X=SX+f ©)
where
B f
f=|w (10)
h

and f is the vector of exogenously specified commodity demand, w is the vector of value-added
inputs that are exogenously specified and h is the vector of household income categories, the
levels of which we specify exogenously.

Equation (10) can be specified as:

I—S)X=F (a1

or

1

X=3U-5"f (12)

The SAM includes all economic transactions, and from Eq. (12) we define:
M=(1-5" (13)

as the matrix of SAM multipliers. The model is solved in SIMSIP, a tool for estimating 10 and
SAM models (Parra & Wodon, 2009).

The SAM multiplier has recently been used to assess the short-term economic impacts of the
COVID-19 pandemic. Breisinger et al. (2020) argue that the SAM approach lends itself particularly
well to determining short-term economic impacts of demand and supply shocks. They assess the
direct and indirect effects of the COVID-19-induced crisis on tourism spending and remittance
revenues in Egypt using a SAM multiplier model. They find that the economic loss due to
COVID-19 will be significant but will vary depending on the duration of the crisis, and that
although all household groups will be adversely affected by lower tourist expenditure, poor
households will be most affected. Other recent studies using SAM multiplier models to analyze
the economic impacts of the pandemic include Diao et al. (2020), Arndt et al. (2020a, 2020b),
Amewu et al. (2020) and Aragie et al. (2021). Similar to Breisinger et al. (2020) findings, Diao
et al. (2020) show that Myanmar will suffer substantial economic losses. Arndt et al. (2020a,
2020b) examine the impacts of COVID-19 on food insecurity in South Africa, concluding that the
pandemic’s adverse impacts on household income (both labor and transfer income) will be suffi-
ciently large to drive thousands of households into food insecurity. Applying a SAM multiplier
approach to Ghana, Amewu et al. (2020) find that the country’s GDP had fallen by 27.9% three
months after the lockdown measures were put in place, and an additional 3.8 million Ghanaians
had slipped into poverty. Aragie et al. (2021) combine a poverty module and the IFPRI-SAM
multiplier model to estimate the pandemic’s impact on poverty. The results of their simulations



JOURNAL OF SUSTAINABLE TOURISM @ 809

Table 1. Allocation of gross commodity sales by tourism types (billion TZS; 1TZS =0.00043 $US).
Tourism demand Total demand

Non-tourism ~ Tourism share

Economic activity Total output  Domestic  Foreign Total demand (%)
Agriculture and fishing 33,685.00 0.00 0.00 0.00 33,685.00 0.00
Industry and construction 45,883.00 0.00 0.00 0.00 45,883.00 0.00
Services 70,171 1,301.84 2,766.43 4,068.27 66,103 100.00
Wholesale and retail trade; repairs 17,150.22 53.68 114.08 167.76 16,982.45 4.00
Transport and storage 10,460.78 174.47 370.76 545.23 9,915.54 13.00
Accommodation and food services 6,586.99 818.69 1,739.71 2,558.40 4,028.59 61.00
Information and communication 3,506.17 0.00 0.00 0.00 3,506.17 0.00
Financial and insurance activities 3,803.06 0.00 0.00 0.00 3,803.06 0.00
Real estate and business services 2,776.76 0.00 0.00 0.00 2,776.76 0.00
Public administration and defense 8,952.05 0.00 0.00 0.00 8,952.05 0.00
Education 3,330.93 0.00 0.00 0.00 3,330.93 0.00
Human health and social work activities 2,135.55 0.00 0.00 2,135.55

Business services 9,782.73 161.05 342.24 503.29 9,279.44 12.00
Other services 1,685.84 93.95 199.64 293.59 1,392.25 7.00
Sales taxes 6,147.24 40.26 85.56 125.82 6,021.42 3.00
All economic activities 155,886.32  1,342.10 2,851.99 4,194.09 151,692.21 2.76

Source: Author’s estimates based on TNBS (2017) and WTTC (2016).

indicate that, assuming a COVID-19 shock duration of three months, the national poverty rate
increases by 1.8 percentage points, equating to 1.6 additional Ethiopians falling below the pov-
erty line.

2015 Tanzania Social Accounting Matrix

The model was calibrated to the most recent SAM for Tanzania, the 2015 Social Accounting
Matrix for Tanzania developed by the International Food Policy Research Institute (IFPRI). The
standard SAM, a square matrix relating to an economy over one year, comprises five main
accounts: factors of production, institutions, production, capital and a rest-of-the-world account.
The 2015 Tanzania SAM contains 70 activity and commodity accounts. The 13 factors of produc-
tion accounts comprise four education-based categories of labor further disaggregated across
rural and urban areas, four types of capital (crops, livestock, mining and other) and land.
Households are disaggregated into 15 sub-categories by location (rural and urban) and expend-
iture deciles. Rural households are further disaggregated into farm and non-farm households.
The SAM groups households into 15 groups, whereas we aggregate these categories into six
groups based on data provided in the 2017/2018 Tanzanian Household Survey. Other accounts
include trade margins, enterprise, government, various indirect taxes, saving and investments
and the rest of the world.

Tourism-based SAM

In the absence of a tourism satellite account (TSA), we construct a tourism-based SAM using
information from various sources, including the World Bank, the Tanzania National Bureau of
Statistics (2017) and the WTTC (2016). The procedure for building a tourism-based SAM is well-
documented (Pham et al., 2013). The allocation of commodity sales by tourism type (Table 1) is
based on data collected from the Tanzania Tourism Sector Survey (TNBS, 2017) and WTTC
Economic Impact Reports. According to the Tanzania Tourism Sector Survey (TNBS, 2017), of the
total tourism expenditure in mainland Tanzania in 2015, 46% was spent on accommodation, 15%
on food and drink, 13% on transport services, 12% on business services, 7% on other services,
4% on trade and 3% on taxes. The WTTC estimates that the direct contribution of travel and
tourism to Tanzanian GDP in 2014 was 2975.6 billion Tanzanian shillings (TZS), or 5.1% of GDP.
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Figure 5. Macroeconomic impacts of a 70% reduction in tourism spending.

According to TNBS (2017),% tourism spending in Tanzania reached TZS 4194.1 (USD 1902.0 mil-
lion) in 2015. The WTTC (2016) indicates that international spending accounted for 68% of total
tourism spending versus 32% for domestic tourism in 2015. The share of domestic tourism
increased from 31% in 2019 to 46% in 2020. In terms of spending by purpose of travel, leisure
spending accounted for 84% of total spending in 2019 and 82% in 2020, versus 16% and 18%
for business spending.

SAM multiplier simulation results

We simulate a 70% reduction in international tourism receipts. The results show that GDP falls
by 2.97%, whereas employment and production decrease by 3.07% and 5.2%, respectively
(Figure 5). The contraction of international tourist expenditure not only affects tourism-related
sectors such as hotels and restaurants, tourist guides and transport, but also impacts indirectly
on unrelated sectors such as food processing, agriculture and construction. Outputs from the
agricultural sector decrease on average by 5.66%, and manufacturing and construction by 4.91%,
while the services sector experiences a fall in outputs of 8.07%. The most affected activities are
accommodation and food services (—43.65%), beverages (—25.79%), livestock (—14.28%), food
processing (—12.83), real estate (—12.30%), electricity (—9.68%), water (—7.61%) and other serv-
ices (—6.02%).

The decrease in outputs from production activities impacts on production factors. All factor
incomes fall as a result of the decline in international tourism receipts. Rural uneducated
(—3.43%) and urban primary workers (—3.16%) are the most affected labor types, while rural sec-
ondary (—1.95%) and urban tertiary labor (—1.98) are least affected (Figure 6).

Similarly to labor, capital and enterprise incomes decrease following the fall in international
tourism receipts (Figure 7). However, on average, capital decreases faster than labor. The simula-
tion results indicate that mining capital is the least affected type of capital, while non-agricultural
capital (i.e. services and manufacturing) decreases slightly faster than agricultural capital. The
negative impact on agricultural crops and livestock is likely to affect food availability and, in
turn, food security. According to the World Bank’s COVID-19 Business Pulse Survey (World Bank,
2021), 36% of surveyed small and medium-sized enterprises experienced sales decreases in June
2020. The survey also reveals that 140,000 formal jobs were lost, and 2.2 million Tanzanians
employed in non-farm informal microenterprises experienced loss of income.

The falls in labour, capital and enterprise have varying income implications for different
households based on their main sources of income. Table 2 decomposes household income by
sources, expressed as the share of total income. The simulation results show that poor rural farm
households experience a 3.31% decrease in income, whereas the income of poor rural non-farm
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Figure 7. Impacts of a 70% reduction in tourism spending on capital demand.

Table 2. Households’ sources of income (% of total income).
Labor Capital Enterprise Government Rest of the world Total (billion TZS)

Rural farm poor 53.29 39.14 6.88 0.41 0.28 14,820.84
Rural farm non-poor 52.88 33.90 12.26 0.36 0.60 15,080.69
Rural non-farm poor 89.09 0.00 10.10 0.44 0.37 614.86
Rural non-farm non-poor 84.38 0.00 14.54 0.22 0.87 2148.22
Urban poor 68.66 16.62 13.87 0.61 0.24 1474.94
Urban non-poor 66.49 3.61 28.34 0.40 1.15 36,631.19

Source: 2015 Tanzania SAM.

households decreases by 3.38%. The income of urban poor households is 3.35% lower. The large
decreases for both rural and urban poor households can be ascribed to the sharp decrease in
capital and enterprise income relative to labor income. Thus, households that rely on self-
employment and informal micro-enterprises in rural and urban areas will witness substantial
decreases in income. Rural non-farm households receive a large share of their income from labor,
whereas poor rural farm and urban households have diversified sources of income. For instance,
poor rural farm households receive incomes from two main sources accounting for 92.43% of
their total income: capital, including land, and labor (Table 2).

The households most affected by the fall in international tourist spending are those with
larger shares of factors that experience the biggest decreases in returns. For instance, it can be
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assumed that non-poor urban households have larger proportions of income from secondary
and tertiary labor. As illustrated in Figure 6, these types of labor are less affected by the shock
than primary and uneducated labor. Poor rural households gain more of their income from
uneducated labor types, which decrease significantly as a result of the tourism shock. The weak-
est effect is observed among rural non-farm non-poor, whose income is projected to decrease
by 2.79%. They can be assumed to rely on a large proportion of rural secondary labor, which is
less affected by the shock than urban secondary labor and other types of labor (Figure 6). The
next sections examine the impact of decreases in income on poverty.

Foster-Greer-Thorbecke poverty indices

We apply the Foster-Greer-Thorbecke (FGT) poverty indices, the most common indices used to
measure poverty, to Tanzanian data. The general formula for FGT is given as follows:

FGT(a) :%ZL (z_y‘) a=0, 1, 2 (14)

z

where population y; is the income or consumption of individual i (adult equivalents); z is the
poverty line; N is the total population; k is the number of poor people; and o is a parameter
showing the degree of aversion to inequality among the poor (Haughton & Khandker, 2009).

This index is used to derive three poverty measures: poverty headcount, poverty gap and
poverty severity. When parameter o equals 0, the FGT index is the poverty headcount index (Py),
which is the most popular poverty index. This measures the proportion of individuals in the
population with income Y; below poverty line Z. Algebraically, P, is specified as follows:

Py, = §(1S)When o equals 1, the FGT index is the poverty gap index (P;). The poverty gap for
individual i is defined as the difference between the poverty line and the individual’s income.
Thus, the poverty gap index captures the extent to which the incomes of the poor fall below the
poverty line (Haughton & Khandker, 2009). The poverty gap corresponds with the minimum aver-
age transfer that would eliminate poverty. The general formula for P; is given as follows:

1 k z-Yy;
P (e

When o equals 2, we obtain the poverty severity index, which is a weighted average of nor-
malized poverty gaps, where the weighting is the normalized poverty gap itself. In other words,
the weighting is greater for poorer individuals (Haughton & Khandker, 2009). Algebraically, P, is
specified as follows:

1 k (z-Yy; 2
P2:N2i:1( z ) (7)

Poverty decomposition

The FGT poverty index has the property of being decomposable across population subgroups.
Between two periods t—1 and t we can decompose changes in total poverty into growth and
redistribution effects. The growth effect captures changes in poverty due to changes in average
incomes, and the redistribution effect identifies poverty changes due to redistributions of income
within the population. Understanding the sources of changes in poverty may inform policy-
makers on the degree of inclusiveness in growth patterns as well as how changes in the distribu-
tion of income or sectoral growth affect poverty.
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Decomposition across subgroups

The poverty decomposition employed in this paper is based on Kakwani’s (2000) methodology,
but differs in how it considers differential growth and inequality effects between groups. The
approach outlined below follows that of Parra and Wodon (2009), who adapt Kakwani’s approach
to how SIMSIP (a tool for analyzing SAM) computes changes in poverty.

A general poverty measure is given by:

P =P(z, u,L(v))(18)where z is the poverty line, p is the aggregate mean income and L(v) is
the Lorenz curve. Following Kakwani (2000), the change in poverty can be written as:

+ (AP) 1y

Growth effect
w! ——

Inequality effect
where (AP)g is the change in poverty if the mean income changes from p, ; in period t—1 to
1, in period t but the Lorenz curve remains fixed, and (AP), is the poverty change that would
have been observed if p, were equal to p,_;, or in other words if only the income distribution
rather than the level changed (Parra & Wodon, 2009).

We define the change in poverty between two periods t and t—1 as AP = P;_; — P;. Since this
is a class of additive decomposable measures, P, can be written as a weighted average of pov-
erty measures for the subgroups (Parra & Wodon, 2009). If we assume that we have k subgroups,
and Pi is the poverty incidence in group i in period t, then the change in poverty can be rewrit-
ten as:

AP (AP)gr (AP

— = == 20
P,P,+P, (20)

fori=1,2, 3, ...., k with

(AP)er =2 [P(z. bt 1)) ~ Pz b)) + P2 i) — P(z s )] 2D
and

(AP = % [P(z, y';,1,L';(v)) _ P(z, P (v)) n P(z, i, L';(v)) _ P(z, P (v))} 22)

In the above equations, L} ,(v) and Li(v) are the Lorenz curves in periods t—1 and t, respect-
ively. Note that in deriving the growth effect, we can fix the Lorenz curve for either the initial
period or the terminal period. Either period can be justified, and thus we take the average of the
two periods (Parra & Wodon, 2009). Similarly, the inequality component can be derived as in Eq.
(21). Equation (22) estimates the change in poverty if inequality measured by the Lorenz curve
changes between periods t—1 and t but the mean income is fixed between the two periods.

Tanzania’s poverty profile

We use the 2017/2018 Household Budget Survey (HBS) produced by the Tanzania National
Bureau of Statistics (TNBS) to establish Tanzania’s poverty profile. In the HBS, basic needs poverty
is measured by the household expenditure or consumption per adult required to satisfy basic
needs. The basic needs poverty line comprises household expenditure on non-food goods and
services, including transportation, education, clothes and health. It does not include housing-
related expenditure, rent, spending on exceptional events or larger consumer durable items. The
HBS also defines the extreme food poverty line as the monetary value of the minimum food
bundle per adult per month, including food produced by the households themselves. The HBS
reveals that in 2017/2018, the food and basic needs poverty lines were TZS 33,748 and 49,320
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Figure 8. Trends in poverty and inequality in Tanzania. Source: TNBS.

per adult equivalent per month, respectively. Three poverty indices are estimated in the HBS:
basic needs poverty (poverty headcount), poverty gap and poverty severity. According to the
HBS, 8% of the Tanzanian population fall below the food poverty line, with the incidence of
extreme poverty (food poverty) being less pronounced in urban regions (4.4%) than in rural
regions (9.7%). Similarly, the incidence of basic needs poverty in Tanzania is lower in urban
regions (15.8%) than in rural areas (31.3%). Moreover, the average monthly consumption spend-
ing per household ranges from TZS 720,946 in urban areas to TZS 268,041 in rural areas, with
the latter accounting for 65.5% of the total population in 2019 (World Bank Rural Population®).
Like the poverty headcount, the basic needs and food poverty gap and poverty severity are
higher in rural regions than in urban areas. All these poverty indices decreased steadily between
2007 and 2018 (Figure 8). According to the HBS, during this period, the national poverty rate
declined from 34.4% to 26.4%, the poverty gap from 10% to 6%, and poverty severity from 5%
to 2%, pointing to a reduction in inequality among the poor. A poverty gap of 0.1 in 2018
implies that the average income of poor households was about 90% of the poverty line
(1—0.1=0.9). In 2018, about 14 million people lived below the national poverty line of TZS
49,320 per adult equivalent per month, and about 26 million (around 49% of the population)
lived below the $1.90 per person per day international poverty line.

Poverty simulation results

Table 3 displays the simulated changes in poverty indices (headcount ratio, poverty gap and
poverty severity) for the basic needs and food poverty lines. The headcount ratios indicate that
basic needs poverty increases as a result of the tourism spending shortfall, particularly for rural
farm households. The simulation results also suggest that while 3.12 percentage points (pp)
more rural farm households and 2.72 pp more rural non-farm households slip into basic needs
poverty as a result of tourism contraction, basic needs poverty headcount ratios increase by 0.68
pp among urban households. Aggregate headcount ratios worsen, increasing by 1.34 pp from
28.74 to 30.08 for basic needs poverty and by 0.91 pp from 11.21 to 12.12 for food poverty. The
basic needs poverty gap and poverty severity ratios show a widening gap between the average
income of the poor and the poverty line. The poverty gaps increase faster among poor urban
and rural non-farm households than for poor farm households.

The percentage of the population below the food poverty line is also projected to increase,
with urban and rural non-farm households being most affected. Among rural households, the
highest impact is observed among poor rural non-farm households, with Py increasing by 2.52
pp from 61.78 to 64.30, suggesting that 4.08% of the poor rural farm population slip into
extreme poverty as a result of the tourism contraction.
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Table 3. Poverty analysis with baseline poverty levels (basic needs poverty line: TZS 49,320; food poverty line: TZS 33,748).

RURAL RURAL RURAL RURAL
FARM FARM NON-FARM NON-FARM URBAN
NON-POOR POOR NON-POOR POOR NON-POOR URBAN POOR AGGREGATE

ORIGINAL  Basic needs poverty line
distribution P, 0.00 100 0.00 100 0.00 100 28.74

P; 0.00 3412 0.00 36.82 0.00 28.56 11.08

23 0.00 15.71 0.00 17.65 0.00 11.32 5.05

Food poverty line

Py 0.00 61.78 0.00 68.23 0.00 52.55 11.21

P; 0.00 17.76 0.00 20.44 0.00 12.03 571

23 0.00 7.33 0.00 8.49 0.00 4.1 2.31
INCOME CHANGE (%) —3.31 —2.89 —-2.79 —3.38 -3.2 —-3.35 —3.20
AFTER Basic needs poverty line
INCOME Py 3.12 100 2.72 100 0.68 100 30.08 (1.34)
CHANGE P; 0.05 35.51 (1.39) 0.04 38.31 (1.49) 0.01 30.49 (1.93) 11.59 (0.51)

P, 0.00 16.51 (0.8) 0.00 18.57 (0.92) 0.00 12.29 (0.97) 5.33 (0.28)

Food (extreme) poverty line

Py 0.00 64.30 (2.52) 0.00 71.13 (2.90) 0.00 56.09 (3.54) 12.12 (0.91)

P; 0.00 18.71 (0.95) 0.00 21.61 (1.17) 0.00 13.17 (1.14)  6.05 (0.34)

P, 0.00 7.78 (0.45) 0.00 9.08 (0.59) 0.00 4.56 (0.45) 2.47 (0.16)

Note: numbers in brackets represent the change between the original distribution and the distribution after the change
in income.

The poverty gap ratios (Table 3, row 17, column 6) indicate that the depth of food poverty is
highest for rural non-farm households (1.17), followed by poor urban households (1.14) and rural
farm households (0.95). The increases in the poverty gap and poverty severity indicate that poor
households become more impoverished as a result of tourism contraction. Somewhat similar pat-
terns are observed for poverty severity ratios (Table 3, row 18). Overall, the poverty estimates
vary between the different poverty lines, with poverty increasing faster for the lower poverty line
(i.e. basic needs poverty line) than for the higher poverty line (i.e. food poverty line).

Various World Bank studies show that a high proportion of Tanzania's population is clustered
around the poverty line, with often limited savings making them highly vulnerable to adverse
economic shocks. A recent study (Akeel et al.,, 2021) shows that 600,000 Tanzanian are likely to
slip into poverty as a result of the COVID-19 pandemic, with the most vulnerable groups being
self-employed urban households and households employed in informal microenterprises in urban
areas.

Decomposition of growth and inequality change

Table 4 reports the contribution of inequality and income level to the aggregate poverty level.
As in Parra and Wodon (2009), the change in households’ poverty is measured assuming that
income growth is uniform at the aggregate rate for all households, and that the growth rate
may differ between households (Table 4, row 3).

The results for poverty decomposition show that the growth effect has a stronger impact
than the inequality effect on poverty increases (Table 4). This holds for all household groups. For
instance, of the total increase of 1.34 pp in the aggregate incidence of poverty, the total growth
effect (or change in income level) explains 1.54%, while the change in inequality (income redistri-
bution effect) contributes —0.2%. Note that there is a negative change in income distribution,
resulting in a decrease in inequality. The Gini coefficient decreases by 0.07 pp. This finding is in
line with Chitiga-Mabugu et al. (2021) results, which indicate that the pandemic will push more
of the South African population below the poverty line, while at the same time inequality
will decline.
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Table 4. Poverty decomposition.

BASIC NEEDS POVERTY FOOD POVERTY
Growth effect Inequality  Total Growth effect Inequality  Total
effect  change effect  change
Uniform Different Uniform Different
rate rates  Total rate rates  Total

RURAL FARM NON-POOR Pq 341 —0.29 3.12 0.00 3.12 0.00 0.00 0.00 0.00 0.00
Py 0.06 —0.01 0.05 0.00 0.05 0.00 0.00 0.00 0.00 0.00
P, 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
RURAL FARM POOR Po 0.00 0.00 0.00 0.00 0.00 3.77 —1.24 253 0.00 2.53
P, 2.1 —-0.72 139 0.00 1.39 1.47 —0.51 0.95 0.00 0.95
P, 123 —043 0.80 0.00 0.80 0.70 —0.25 046 0.00 0.46
RURAL NON-FARM Py 283 —-0.11 272 0.00 2.72 0.00 0.00 0.00 0.00 0.00
NON-POOR P, 0.04 0.00 0.04 0.00 0.04 0.00 0.00 0.00 0.00 0.00
P, 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
RURAL NON-FARM POOR P,  0.00 0.00 0.00 0.00 0.00 3.66 —0.75 290 0.00 2.90
P, 2.02 —054 148 0.00 1.48 1.60 —-043 1.16 0.00 1.16
P, 1.27 —035 093 0.00 0.93 0.80 —0.22 058 0.00 0.58
URBAN NON-POOR Po 0.54 0.14 0.68 0.00 0.68 0.00 0.00 0.00 0.00 0.00
P, 0.1 0.00 0.01 0.00 0.01 0.00 0.00 0.00 0.00 0.00
P, 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
URBAN POOR Po 0.00 0.00 0.00 0.00 0.00 4.84 —130 354 0.00 354
P, 2.28 —035 194 0.00 1.94 1.36 —-022 1.4 0.00 1.14
P, 1.6 —-0.18 097 0.00 0.97 0.54 —0.09 045 0.00 0.45

AGGREGATE Po 1.54 —0.20 1.34 130 -0.39 0.91

P, 0.72 -—0.21 0.51 048 -0.14 0.34

P, 040 —0.12 0.28 0.23 -—0.07 0.16

Policy implications

The findings of this study suggest that in the short term, social assistance from the government
will be needed to help poor households and those pushed below the poverty line to maintain
their pre-COVID-19 purchasing power. The analysis shows that the size of the basic needs pov-
erty gap, which is the minimum per capita cost of maintaining the pre-COVID-19 poverty level as
a share of the poverty line, is TZS 81.7 billion, and TZS 40.2 billion for the extreme poverty gap.
Thus, government support will be a key determinant for mitigating the disruptive effects of the
crisis and ensuring a swift recovery trajectory for firms and businesses negatively affected by the
COVID-19 pandemic. This might include cash transfers to households, tax deferrals for firms or
the creation of a tourism relief fund. In South Africa, the Tourism Relief Fund for Small, Medium-
sized and Micro Enterprises (SMMEs) was created as part of the government’'s overall relief
efforts, providing a grant to small entities in accommodation, hospitality and travel services sec-
tors capped at US$2700 per entity (South African Government®). SMMEs are the backbone of the
Tanzanian economy, accounting for 95% of all businesses and 35% of the country’s GDP,” and
are highly vulnerable to economic shocks. Moreover, SMMEs in Africa often have limited access
to financial support, especially from banks, which hinders their expansion (Nemasetoni &
Rogerson, 2005; Rogerson, 2004). Camilleri (2018) observes that travel and tourism SME owners
rely on their savings or on informal financing such as from friends and family to sustain
their businesses.

On the external policy side, tourism recovery hinges on vaccination rollout globally. While the
rollout of vaccinations in Tanzania’s key markets has progressed significantly (as of August 2021),
it is likely to be a year or more before Tanzanians themselves will have access to vaccines. The
Tanzanian tourism industry depends heavily on aviation, particularly long-haul travel. According
to IATA, the latter may recover more slowly than most of the global economy, as revenue pas-
senger kilometers (RPKs) may not recover to 2019 levels until 2023. Europe is Tanzania’s main
source market, while Australia, China, India and South Africa are major emerging markets. The
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country’s high dependence on inbound leisure tourism makes it exceptionally vulnerable to
external shocks, such as COVID-19, which has implications for the speed of recovery of the
Tanzanian tourism sector and poverty.

On the domestic policy side, recent measures announced by the Tanzanian government to
control the spread of the virus will also impact on the speed of recovery. These include proof of
a negative coronavirus test taken in the 72hours prior to arrival for all travelers entering
Tanzania, with mandatory 14-day quarantine at their own expense applying to travelers who
have visited a country with ‘new Covid-19 variants’ in the previous two weeks. Safety and
hygiene will play an important role in the short to medium term. Therefore, safety networks at
all levels, including hoteliers, airlines, tour operators and airports, will help to restore confidence
and facilitate recovery. Small group travel is an increasingly popular option, so small, customized
tours enabling people to travel with close family members or friends will be needed to help
tourism recovery and reduce poverty. Further innovations designed to suit customers’ needs in
this new environment, such as the provision of flexible packages with free cancellation and
changeable tickets, will be vital to Tanzania’s tourism recovery.

Some jobs might be saved by promoting domestic tourism to build recovery resilience. The
UNWTO (2020) notes that governments in various parts of the world have taken steps to pro-
mote domestic tourism. For example, the Malaysian government has provided travel vouchers
and tax relief for tourism-related expenditure, while the Italian government has launched market-
ing and promotion strategies to attract more domestic visitors and has given cash payments to
spend in hotel accommodation. The Tanzanian government has encouraged businesses to lower
entry fees to tourist attractions in order to increase domestic tourism. Melubo (2020) finds that
the high prices of tourism products, especially accommodation facilities, coupled with a lack of
financial resources or a culture of travelling for leisure, are among the main causes of the local
population’s low participation in Tanzania’s tourism industries. He suggests that diversification of
product offerings, awareness campaigns and tackling the affordability issue would help to over-
come the challenges facing the growth of domestic tourism in Tanzania.

Although domestic tourism may help to build tourism resilience and recovery, it is important
to note that the type of tourism matters for poverty alleviation. Using a sustainable livelihoods
framework, Ashley (2000) argues that the overall impact of tourism on the livelihoods of rural
dwellers in Namibia depends on the type of tourism and the extent to which the impact varies
within and between communities. Muhanna (2007) observes that local communities in South
Africa that participated actively in designing sustainable tourism developments were likely to
experience a higher impact of tourism in alleviating poverty. Spenceley and Goodwin (2007) sug-
gest that nature tourism helps to reduce poverty, mainly through its employment generation
effect, as well as through investment in community development. Saayman et al. (2012) argue
that although the poor benefit from tourism expansion, its impact is lower than on the non-
poor, and that the impact on the poor will be higher if tourism development is complemented
with policies that aim to both enhance human capital development and address labor market
imperfections.

Conclusions

One of the greatest concerns of the impact of COVID-19 is the expected rise in poverty, which
had declined over the previous two decades. Travel bans and the collapse of international tourist
travel during the COVID-19 pandemic have had profound impacts on poverty in tourism-depend-
ent developing countries, but have received little research attention. While some recent studies
have examined the distributional impacts of the COVID-19-induced tourism crisis using both
SAM analysis and computable general equilibrium models, very few have adopted a
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microsimulation approach to explore the link between the international tourism crisis and pov-
erty during the pandemic.

This study uses a SAM microsimulation approach to assess the economic and poverty impacts
of the COVID-19-induced tourism crisis in Tanzania. Small negative shocks may have significant
impacts on the very poor because of their low income and capabilities. Moreover, policymakers
are always interested in understanding not just the overall effect on the economy but also how
different groups in the population are affected. Poverty and inequality are rising around the
world as a result of the COVID-19 pandemic, so understanding how different groups are affected
may help to design policies that have a beneficial effect on income distribution. Examining
impacts on poverty within subgroups is useful from a policymaking perspective, as it allows effi-
cient targeting of policies for poverty reduction.

Our findings indicate that the contraction of international tourism brought about by the
COVID-19 pandemic will lead to decreased income and increased poverty. Its impact on house-
hold incomes will be significant. All households will experience a decrease in income, with more
pronounced effects on urban households (—3.27% on average) than on their rural counterparts
(—3.09% on average). The simulation results also suggest that the tourism crisis will widen the
poverty gap and worsen the severity of poverty because more households will be brought into
basic needs poverty, with deepening poverty among poor households. Increases in the FGT indi-
cators are observed in both urban and rural areas. Another major finding of this investigation is
that differences in poverty across households are due to differences in mean levels of income.
Thus, the main source of increasing poverty at the aggregate level is the change in
mean income.

Although the SAM multiplier model is very useful for assessing economic links, income elasti-
city of demand and socially relevant questions, it has some limitations. It assumes the availability
of inputs without constraints, fixed commodity structure and prices, constant return to scale and
homogeneous sector outputs. Tourism impacts often operate primarily through the price chan-
nel, while employment and wages are affected by factor supply elasticity. Further insights might
be gained by adopting a model capable of modelling price and quantity changes simultaneously,
such as CGE microsimulation modelling. Dynamic CGE modelling would also help to capture the
long-term implications of COVID-19 on poverty. The health and economic impacts of the pan-
demic, coupled with the government’s efforts to mitigate the effect of the crisis, will have signifi-
cant consequences for Tanzania's socio-economic trajectory.

Notes

1. The matrix Z in a SAM, like a Leontief model, is a square matrix for which the row and column sums are
identical, which we designate as x.
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https://www.gov.za/covid-19/companies-and-employees/support-business

Tanzaniainvest.com

upwN

Disclosure statement

The author declared no potential conflicts of interest with respect to the research, authorship, and/or publication
of this article.

References

Adiyia, B., Vanneste, D., & Van Rompaey, A. (2017). The poverty alleviation potential of tourism employment as an
off-farm activity on the local livelihoods surrounding Kibale National Park, Western Uganda. Tourism and


https://www.tanzaniainvest.com/tourism
https://data.worldbank.org/indicator/SP.RUR.TOTL.ZS
https://www.gov.za/covid-19/companies-and-employees/support-business
http://Tanzaniainvest.com

JOURNAL OF SUSTAINABLE TOURISM @ 819

Hospitality Research, 17(1), 34-51. https://doi.org/10.1177%2F1467358416634156  https://doi.org/10.1177/
1467358416634156

Akeel, R., Bakanova, M., Mungunasi, E. A, Okou, C. I. F., Saldarriaga, N., Angel, M., Swinkels, R. A,, & Teri, G. J. (2021).
Tanzania economic update: Raising the bar — Achieving Tanzania’s development vision. World Bank.

Amewu, S., Asante, S., Pauw, K, & Thurlow, J. (2020). The economic costs of COVID-19 in sub-Saharan Africa:
Insights from a simulation exercise for Ghana. The European Journal of Development Research, 32(5), 1353-1378.
https://doi.org/10.1057/s41287-020-00332-6

Aragie, E., Taffesse, A. S., & Thurlow, J. (2021). The short-term economywide impacts of COVID-19 in Africa: Insights
from Ethiopia. African Development Review, 33(S1), S152-5S164. https://doi.org/10.1111/1467-8268.12519

Arndt, C,, Davies, R., Gabriel, S., Harris, L., Makrelov, K., Robinson, S., Levy, S., Simbanegavi, W., Van Seventer, D., &
Anderson, L. (2020a). COVID-19 lockdowns, income distribution, and food security: An analysis for South Africa.
Global Food Security, 26, 100410. https://doi.org/10.1016/j.gfs.2020.100410

Arndt, C., Gabriel, S., & Robinson, S. (2020b). Assessing the toll of COVID-19 lockdown measures on the South
African economy. In J. Swinnen & J. McDermott (Eds.), COVID-19 and global food security, part one: Food security,
poverty, and inequality (pp. 31-32). International Food Policy Research Institute.

Ashley, C. (2000). The impacts of tourism on rural livelihoods: Namibia’s experience. Working Paper 128, Overseas
Development Institute.

Ashley, C., & Roe, D. (2003). Working with the private sector on pro-poor tourism: Opinions and experience from
two development practitioners. Working paper, Overseas Development Institute.

Baum, T. (2013). International perspectives on women and work in hotels, catering and tourism. Working Paper 1/
2013, Bureau for Gender Equality and Sectoral Activities Department, International Labour Office.

Blake, A. (2008). Tourism and income distribution in East Africa. International Journal of Tourism Research, 10(6),
511-524. https://doi.org/10.1002/jtr.702

Blake, A. T., & Sinclair, M. T. (2003). Tourism crisis management: US response to September 11. Annals of Tourism
Research, 30(4), 813-832. https://doi.org/10.1016/S0160-7383(03)00056-2

Blake, A., Sinclair, M. T., & Sugiyarto, G. (2003). Quantifying the impact of foot and mouth disease on tourism and
the UK economy. Tourism Economics, 9(4), 449-465. https://doi.org/10.5367%2F000000003322663221 https://doi.
0rg/10.5367/000000003322663221

Boston Consulting Group. (2020, 31 March). [Online]. Retrieved March 31, 2020, from https://www.bcg.com/publica-
tions/2020/post-COVID-airline-industry-strategy.aspx?utm_medium=Email&utm_source=esp&utm_campaign=
COVID&utm_description=ealert&utm_topic=none&utm_geo=global&utm_content=202004&utm_usertoken=CRM_
969be6cd6d23be6433d24a3823f56e4b36c77a45&redir=true

Breisinger, C,, Latif, A. A, Raouf, M., & Wiebelt, M. (2020). Economic impact of COVID-19 on tourism and remittan-
ces: Insights from Egypt. In J. Swinnen & J. McDermott (Eds.), COVID-19 and global food security, part three: Labor
restrictions and remittances (pp. 56-59). International Food Policy Research Institute.

Breisinger, C., Thomas, M., & Thurlow, J. (2009). Social accounting matrices and multiplier analysis: An introduction
with exercises. International Food Policy Research Institute.

Camilleri, M. A. (2018). Nurturing travel and tourism enterprises for economic growth and competitiveness. Tourism
and Hospitality Research, 18(1), 123-127. https://doi.org/10.1177/1467358415621947

Chitiga-Mabugu, M., Henseler, M., Mabugu, R, & Maisonnave, H. (2021). Economic and distributional impact of
COVID-19: Evidence from macro-micro modelling of the South African economy. South African Journal of
Economics, 89(1), 82-94. https://doi.org/10.1111/saje.12275

Deloitte. (2020). Economic impact of the COVID-19 pandemic on East African economies: Summary of government
intervention measures and Deloitte insights. Deloitte. https://www?2.deloitte.com/content/dam/Deloitte/tz/
Documents/finance/Economic_Impact_COVID-19_Pandemic_on_EastAfrican_Economies.pdf

Diao, X, Aung, N., Lwin, W. Y., Zone, P. P,, Nyunt, K. M., & Thurlow, J. (2020). Assessing the impacts of COVID-19 on
Myanmar's economy: A social accounting matrix (SAM) multiplier approach. Myanmar SSP Policy Note 5,
International Food Policy Research Institute.

Dwyer, L., Forsyth, P., Spurr, R, & Van Ho, T. (2006). Economic effects of the world tourism crisis on Australia.
Tourism Economics, 12(2), 171-186. https://doi.org/10.5367%2F000000006777637467

Folarin, O., & Adeniyi, O. (2020). Does tourism reduce poverty in sub-Saharan African countries? Journal of Travel
Research, 59(1), 140-155. https://doi.org/10.1177%2F0047287518821736

Gossling, S., Scott, D., & Hall, C. (2021). Pandemics, tourism and global change: A rapid assessment of COVID-19.
Journal of Sustainable Tourism, 29(1), 1-20. https://doi.org/10.1080/09669582.2020.1758708

Haughton, J., & Khandker, S. R. (2009). Handbook on poverty and inequality. World Bank.

IATA. (2020). Air passenger market analysis, December 2020. IATA.

Kakwani, N. (2000). On measuring growth and inequality components of poverty with application to Thailand.
Journal of Quantitative Economics, 16, 67-79.

Kweka, J. (2004). Tourism and the economy of Tanzania: A CGE analysis. Paper prepared for the CSAE Conference on
Growth, Poverty and Human Development in Africa, 21-22 March, Oxford, UK.


https://doi.org/10.1177%2F1467358416634156
https://doi.org/10.1177/1467358416634156
https://doi.org/10.1177/1467358416634156
https://doi.org/10.1057/s41287-020-00332-6
https://doi.org/10.1111/1467-8268.12519
https://doi.org/10.1016/j.gfs.2020.100410
https://doi.org/10.1002/jtr.702
https://doi.org/10.1016/S0160-7383(03)00056-2
https://doi.org/10.5367%2F000000003322663221
https://doi.org/10.5367/000000003322663221
https://doi.org/10.5367/000000003322663221
https://www.bcg.com/publications/2020/post-COVID-airline-industry-strategy.aspx?utm_medium=Email&utm_source=esp&utm_campaign=COVID&utm_description=ealert&utm_topic=none&utm_geo=global&utm_content=202004&utm_usertoken=CRM_969be6cd6d23be6433d24a3823f56e4b36c77a45&redir=true
https://www.bcg.com/publications/2020/post-COVID-airline-industry-strategy.aspx?utm_medium=Email&utm_source=esp&utm_campaign=COVID&utm_description=ealert&utm_topic=none&utm_geo=global&utm_content=202004&utm_usertoken=CRM_969be6cd6d23be6433d24a3823f56e4b36c77a45&redir=true
https://www.bcg.com/publications/2020/post-COVID-airline-industry-strategy.aspx?utm_medium=Email&utm_source=esp&utm_campaign=COVID&utm_description=ealert&utm_topic=none&utm_geo=global&utm_content=202004&utm_usertoken=CRM_969be6cd6d23be6433d24a3823f56e4b36c77a45&redir=true
https://www.bcg.com/publications/2020/post-COVID-airline-industry-strategy.aspx?utm_medium=Email&utm_source=esp&utm_campaign=COVID&utm_description=ealert&utm_topic=none&utm_geo=global&utm_content=202004&utm_usertoken=CRM_969be6cd6d23be6433d24a3823f56e4b36c77a45&redir=true
https://doi.org/10.1177/1467358415621947
https://doi.org/10.1111/saje.12275
https://www2.deloitte.com/content/dam/Deloitte/tz/Documents/finance/Economic_Impact_COVID-19_Pandemic_on_EastAfrican_Economies.pdf
https://www2.deloitte.com/content/dam/Deloitte/tz/Documents/finance/Economic_Impact_COVID-19_Pandemic_on_EastAfrican_Economies.pdf
https://doi.org/10.5367%2F000000006777637467
https://doi.org/10.1177%2F0047287518821736
https://doi.org/10.1080/09669582.2020.1758708

820 (&) E. TCHOUAMOU NJOYA

Lakner, C,, Yonzan, N., Mahler, D. G., Aguilar, R. A. C, Wu, H., & Fleury, M. (2020). Updated estimates of the impact
of COVID-19 on global poverty: The effect of new data. World Bank Blogs, 7 October. https://blogs.worldbank.
org/opendata/updated-estimates-impact-covid-19-global-poverty-effect-new-data

Melubo, K. (2020). Is there room for domestic tourism in Africa? The case of Tanzania. Journal of Ecotourism, 19(3),
248-265. https://doi.org/10.1080/14724049.2019.1689987

Miller, R. E., & Blair, P. D. (2009). Input-output analysis: Foundations and extensions. Cambridge University Press.

Mitchell, J., & Ashley, C. (2006). Can tourism help reduce poverty in Africa? ODI Briefing Paper, Overseas
Development Institute.

Muhanna, E. (2007). The contribution of sustainable tourism development in poverty alleviation of local commun-
ities in South Africa. Journal of Human Resources in Hospitality & Tourism, 6(1), 37-67. https://doi.org/10.1300/
J171v06n01_03

Nemasetoni, I, & C. M. Rogerson, (2005). Developing small firms in township tourism: Emerging tour operators in
Gauteng, South Africa. Urban Forum, 16(2-3), 196-213. https://doi.org/10.1007/512132-005-1005-9

Njoya, E. T., & A. Nikitas, (2020). Assessing agriculture-tourism linkages in Senegal: A structure path analysis.
GeoJournal, (5)85, 1469-1486. https://doi.org/10.1007/s10708-019-10033-1

Njoya, E. T., & N. Seetaram, (2018). Tourism contribution to poverty alleviation in Kenya: A dynamic computable
general equilibrium analysis. Journal of Travel Research, 57(4), 513-524. https://doi.org/10.1177%
2F0047287517700317

Odhiambo, N. M. (2011). Tourism development and economic growth in Tanzania: Empirical evidence from the
ARDL-bounds testing approach. Economic Computation and Economic Cybernetics Studies and Research, 45(3),
71-83. https://doi.org/10.1016/j.heliyon.2021.e06966

Parra, J. C,, & Wodon, Q. (2009). SimSIP SAM: A tool for the analysis of input—output tables and social accounting
matrices. World Bank.

Pham, T. D., Bailey, G., & Spurr, R. (2013). The positive and negative effects of the mining boom — a technical paper.
Tourism Research Australia, Canberra, June 2013.

Rogerson, C. M. (2004). Urban tourism and small tourism enterprise development in Johannesburg: The case of
township tourism. GeoJournal, 60(3), 249-257. https://doi.org/10.1023/B:GEJO.0000034732.58327.b6

Round, J. (2003). Social accounting matrices and SAM-based multiplier analysis. In F. Bourguignon & L. A. Pereira da
Silva (Eds.), Techniques and tools for evaluating the poverty impact of economic policies (pp. 301-324). Oxford
University Press.

Saayman, M., Rossouw, R, & Krugell, W. (2012). The impact of tourism on poverty in South Africa. Development
Southern Africa, 29(3), 462-487. https://doi.org/10.1080/0376835X.2012.706041

Signé, L. (2018). Africa’s tourism potential: Trends, drivers, opportunities, and strategies. Brookings Institution. https://
www.brookings.edu/wp-content/uploads/2018/12/Africas-tourism-potential_LandrySigne1.pdf

Spenceley, A., & Goodwin, H. (2007). Nature-based tourism and poverty alleviation: Impacts of private sector and
parastatal enterprises in and around Kruger National Park, South Africa. Current Issues in Tourism, 10(2-3),
255-277. https://doi.org/10.2167/cit305.0

TNBS. (2017). The 2017 international visitors’ exit survey report. Dodoma, Tanzania. Tanzania National Bureau of
Statistics. https://www.nbs.go.tz/nbs/takwimu/trade/International_Visitors_Exit_Survey_2017.pdf

TNBS. (2020). Highlights on the third quarter GDP (July-September) 2020. Tanzania National Bureau of Statistics.

UNCTAD. (2017). Economic development in Africa report 2017: Tourism for transformative and inclusive growth.
United Nations Conference on Trade and Development. https://unctad.org/en/PublicationsLibrary/aldcafr-
ica2017_en.pdf

UNWTO. (2020). UNWTO highlights potential of domestic tourism to help drive economic recovery in destinations
worldwide. UNWTO [website], 14 September. https://www.unwto.org/news/unwto-highlights-potential-of-domes-
tic-tourism-to-help-drive-economic-recovery-in-destinations-worldwide

UNWTO. (2021). UNWTO world tourism barometer, May 2021. United Nations World Tourism Organization.

World Bank. (2020). COVID-19 to add as many as 150 million extreme poor by 2021. World Bank Press Release, 7
October. https://www.worldbank.org/en/news/press-release/2020/10/07/covid-19-to-add-as-many-as-150-million-
extreme-poor-by-2021

World Bank. (2021). The World Bank in Tanzania. worldbank.org, 23 March. https://www.worldbank.org/en/country/
tanzania/overview

WTTC. (2016). Economic impact report, 2016. World Travel & Tourism Council.

WTTC. (2020). Travel & tourism global economic impact & trends. World Travel & Tourism Council.

Yusuf, S., & Ali, M. M. (2018). Tourism and poverty reduction: Evidence from Tanzania. International Journal of Asian
Social Science, 8(12), 1130-1138. https://doi.org/10.18488/journal.1.2018.812.1130.1138


https://blogs.worldbank.org/opendata/updated-estimates-impact-covid-19-global-poverty-effect-new-data
https://blogs.worldbank.org/opendata/updated-estimates-impact-covid-19-global-poverty-effect-new-data
https://doi.org/10.1080/14724049.2019.1689987
https://doi.org/10.1300/J171v06n01_03
https://doi.org/10.1300/J171v06n01_03
https://doi.org/10.1007/s12132-005-1005-9
https://doi.org/10.1007/s10708-019-10033-1
https://doi.org/10.1177%2F0047287517700317
https://doi.org/10.1177%2F0047287517700317
https://doi.org/10.1016/j.heliyon.2021.e06966
https://doi.org/10.1023/B:GEJO.0000034732.58327.b6
https://doi.org/10.1080/0376835X.2012.706041
https://www.brookings.edu/wp-content/uploads/2018/12/Africas-tourism-potential_LandrySigne1.pdf
https://www.brookings.edu/wp-content/uploads/2018/12/Africas-tourism-potential_LandrySigne1.pdf
https://doi.org/10.2167/cit305.0
https://www.nbs.go.tz/nbs/takwimu/trade/International_Visitors_Exit_Survey_2017.pdf
https://unctad.org/en/PublicationsLibrary/aldcafrica2017_en.pdf
https://unctad.org/en/PublicationsLibrary/aldcafrica2017_en.pdf
https://www.unwto.org/news/unwto-highlights-potential-of-domestic-tourism-to-help-drive-economic-recovery-in-destinations-worldwide
https://www.unwto.org/news/unwto-highlights-potential-of-domestic-tourism-to-help-drive-economic-recovery-in-destinations-worldwide
https://www.worldbank.org/en/news/press-release/2020/10/07/covid-19-to-add-as-many-as-150-million-extreme-poor-by-2021
https://www.worldbank.org/en/news/press-release/2020/10/07/covid-19-to-add-as-many-as-150-million-extreme-poor-by-2021
https://www.worldbank.org/en/country/tanzania/overview
https://www.worldbank.org/en/country/tanzania/overview
https://doi.org/10.18488/journal.1.2018.812.1130.1138

	Abstract
	Introduction
	Tourism, income distribution and poverty
	Impacts of COVID-19 on tourism in Tanzania
	Methods
	SAM multiplier model
	2015 Tanzania Social Accounting Matrix
	Tourism-based SAM

	SAM multiplier simulation results
	Foster-Greer-Thorbecke poverty indices
	Poverty decomposition
	Decomposition across subgroups
	Tanzania’s poverty profile
	Poverty simulation results
	Decomposition of growth and inequality change

	Policy implications
	Conclusions
	Disclosure statement
	References


